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			Preface

			The world generates ~2.5 quintillion bytes of data every single day (and growing!). As a result, understanding and managing the data created becomes more complex every single day. It’s our job to drive simplicity, understanding, and ease of use to make accessing and using data as easy and understandable as possible.

			As a data professional, our role is to ensure we can govern data and empower our businesses with the right data, at the right time, with the right controls. This book is a comprehensive guide on how to better understand what data governance is, its key components, and how to successfully position solutions in a way that translates into real, understandable business results. After reading this book, you will be able to successfully pitch and gain support for a data governance program, with measured outcomes in terms the business will understand and deeply value.

			We will move from establishing a Chief Data and Analytics Office and building a business case to successfully implementing the more technical capabilities that any CDAO will need to deliver to drive successful data management. You will notice in this book that I emphasize the “why” behind these capabilities. In my experience, simply explaining what the capabilities are without being able to see how they can impact a business is a recipe for failure.

			There are many more technical books available on each of these topics, and where I hope this book will provide a variance from what is already available is that: business value. I will spend time explaining the technical capabilities in terms your business stakeholders can understand, with the aim of creating a business-led program.

			Ultimately, if you want to get into details about a specific tool or technical implementation, there are loads of other great resources (including books) you can head to drive your implementation, including a wonderful inventory from the publisher of this book, Packt.

			Who this book is for

			This book is for chief data officers, data governance leaders, data stewards, engineers who want to understand the business value of their work. It is also for IT professionals seeking further understanding of data management. Any business leader who wants to better understand data governance would also benefit from learning the basics, as well as any executive finding themselves managing a chief data and analytics officer who wants to better understand the discipline at a higher level. You should have a basic understanding of working with data and understand the basic needs of a business and how to meet those needs with data solutions. You do not need to have the knowledge or skills needed to sell solutions to executives, nor coding experience.

			What you will learn:

			
					Exactly how to position data governance to obtain executive buy-in

					How to launch a governance program at scale with measured impact

					Real-world use cases that enable you to take action quickly

					How to obtain support for data governance-led digital transformations

					How to launch strong, with confidence

					A detailed step-by-step guide from ideation to delivery and beyond

			

			What this book covers

			Chapter 1, What Is Data Governance?, introduces you to data governance. At face value, data governance may seem like a cost center, if not approached with value generation in mind. Many companies start a data governance program without the right support, structure, or funding model. First, you will learn the basics of what data governance is and how it relates to adjacent capabilities. Then, you will learn the components of data governance programs, why each component matters, and finally, why to treat data governance as an enabler for business value.

			Chapter 2, How to Build a Coalition of Advocates, explores gaining support for your program, which is arguably the most important part of launching a data governance program that drives impact. First, you will learn why and how to identify and secure the right executive sponsor for the data program, and then how to bring in additional leadership support. Lastly, you will learn how to engage and energize the entire company to collaborate toward value-based outcomes that matter to them.

			Chapter 3, Building a High-Performing Team, focuses on establishing a high-performing data governance team, which is a critical and long-term investment in the success of a company’s use of data. First, you will be introduced to the key roles in a successful data governance function, how they should optimally structure for results, and finally, how to establish routines and rhythms to support the operations of the team.

			Chapter 4, Baseline Your Organization, teaches you the importance of defining a baseline, not only for the organization as a whole but also for individual projects. A key component of measuring success is measuring where you start. You will learn how to capture a baseline and who to communicate it to. Finally, we will discuss how to ensure agreement on the baseline before beginning work.

			Chapter 5, Define Success and Align on Outcomes, focuses on the area where many data transformations fall flat – aligning on outcomes that matter to a business. Most data transformations stop with data outcomes and fail to reach the final mile – where the business uses the delivered data capabilities to drive operational efficiency, increased revenues, and better insights. In this chapter, you will learn why defining success beyond data and with the business matters, how to successfully map all relevant stakeholders (including secondary and tertiary stakeholders), and how to translate results into business terms.

			Chapter 6, Metadata Management, delves into establishing a high-value, high-return metadata management capability, which is required for any data governance program. The success or failure of a chief data and analytics officer hinges on being able to answer a few fundamental, core questions. Where is my data? Who owns it? How is it classified? Is it safe and secure? Can I leverage it for value? Do I know how to reduce risk? You will learn the answers to these questions and be guided through how to tactically set up a metadata management capability for success.

			Chapter 7, Technical Metadata and Data Lineage, explores establishing a high-value, high-return data lineage capability, which is a core capability for any data governance program. Following on from Chapter 6, this chapter focuses on the data supply chain. You will learn the answers to the questions in Chapter 6, with a focus on data lineage, and will be guided through how to set up data lineage for success.

			Chapter 8, Data Quality, examines understanding the quality of data and being able to have a defendable stance when it comes to “Can I trust it?”, which is key for any user of data or information that is used to make decisions. Establishing a data quality capability enables the CDO/CDAO and their teams to stand behind their data, being able to defend the quality of the information. This solution can also, when coupled with metadata management and data lineage, lead to a data certification process. You will learn the answers to the questions and be guided through how to tactically set up a data quality capability.

			Chapter 9, Data Architecture, delves into data architecture. Designing the patterns and optimal flow of information throughout an organization is sometimes more art than science. With data architecture, you will learn just that. First, you will be grounded in what good data architecture is, when and how it should be applied to an organization, why perfection is not the goal, and when not to involve data architects in a program.

			Chapter 10, Primary Data Management, focuses on primary data. One of the core capabilities of any organization is the ability to standardize and conform its most critical information – customer, product, and reference data. By nature, rationalized data provides a solution, whereas data used by multiple divisions for many uses is standardized and cleansed for the benefit of the organization as a whole. First, you will understand what primary data is and is not, clarifying misconceptions. Then, you will be guided through the various types of primary data, how to prioritize, and how to implement a strong and centralized primary data solution that will impact and elevate the power of data into a strategic asset. All the capabilities introduced so far will be woven into this powerful capability to tie them together.

			Chapter 11, Data Operations, explores how to run the operations of a data organization, including support for the running of primary data management, data warehouses, data lakes, and other authorized provisioning points managed by the data organization. First, you will learn what data operations are, how to scale effectively, and when to pull in engineering. Lastly, you will learn how to optimize DataOps as a core capability and what opportunities there are to automate.

			Chapter 12, Launch Powerfully, examines how to launch a good data governance program, which can quickly lose impact if not launched properly. The importance of the launch cannot be underscored enough. You will learn how to create simple and strong core messaging to engage and clearly articulate to the stakeholder community what and how delivery will be accomplished. Then, you will be led through the creation of a launch plan, a design of feedback loops to ensure continuous improvement, and finally, how to report on an ongoing basis for impact.

			Chapter 13, Delivering Quick Wins with Impact, delves into the post-launch period, when the data governance team must quickly begin to deliver results. The time to first value metric should be as short as possible while producing impacts that matter to the business. You will learn how to create momentum through the delivery of quick wins, how to communicate the wins to the business, and how to ensure that the business not only understands the results but also becomes an advocate for the future success of the data governance program.

			Chapter 14, Data Automation for Impact and More Powerful Results, focuses on automation, which is a lever that can be pulled to expedite data product deliveries. First, you will be introduced to what automation techniques can be applied to data governance. Second, you will learn how to select the right automation solutions for their transformation. Finally, you will learn how to power their transformation with automation across all solutions.

			Chapter 15, Adoption That Drives Business Results, explores business adoption. Now that you have learned what data governance is, how to gather support, design a program, baseline the organization, launch, and deliver against the plan, you need to be able to ensure that your solutions are used by the business. Building an adoption roadmap, you will be able to articulate to your stakeholders how to use the solutions, ensuring a lasting impact of the solutions provided to the organization. Lastly, you will double the impact by ensuring ongoing supports are in place.

			Chapter 16, Delivering Trusted Results with Outcomes That Matter, teaches you how to ensure consistency in what was promised to stakeholders versus what was actually delivered. As the implementation of data governance occurs, the chief data/analytics officer and their leadership team must keep all messaging focused on results. You will be guided through how to explain variances in expected delivery versus real results, and how that builds trust. Finally, you will learn how to message back to stakeholders powerfully, during delivery for impact.

			Chapter 17, Case Study – Financial Institution, walks you through how to apply the topics covered in this book to an organization with a high degree of regulation (i.e., a financial institution). First, you will find use cases that are unique to this type of entity. Second, you will learn how to pull out the unique requirements and how to adjust messaging, sequencing, and results to accommodate the special needs of a highly regulated organization.

			To get the most out of this book

			You will learn how to design trust in data governance, starting with a fundamental understanding of what data governance is and the path to align an organization around the need for data governance. You will learn about the subcomponents of data governance, how to implement them, and how to drive adoption within the organization that creates value and ease of use for the business. To get the most out of this book, you should embrace a beginner’s mind, allowing you to relearn your approach to data concepts with fresh perspectives.

			Get in touch

			Feedback from our readers is always welcome.

			General feedback: If you have questions about any aspect of this book, email us at customercare@packtpub.com and mention the book title in the subject of your message.

			Errata: Although we have taken every care to ensure the accuracy of our content, mistakes do happen. If you have found a mistake in this book, we would be grateful if you would report this to us. Please visit www.packtpub.com/support/errata and fill in the form.

			Piracy: If you come across any illegal copies of our works in any form on the internet, we would be grateful if you would provide us with the location address or website name. Please contact us at copyright@packtpub.com with a link to the material.

			If you are interested in becoming an author: If there is a topic that you have expertise in and you are interested in either writing or contributing to a book, please visit authors.packtpub.com.

			Share Your Thoughts

			Once you’ve read Data Governance Handbook, we’d love to hear your thoughts! Please click here to go straight to the Amazon review page for this book and share your feedback.

			Your review is important to us and the tech community and will help us make sure we’re delivering excellent quality content.

			Download a free PDF copy of this book

			Thanks for purchasing this book!

			Do you like to read on the go but are unable to carry your print books everywhere?

			Is your eBook purchase not compatible with the device of your choice?

			Don’t worry, now with every Packt book you get a DRM-free PDF version of that book at no cost.

			Read anywhere, any place, on any device. Search, copy, and paste code from your favorite technical books directly into your application.

			The perks don’t stop there, you can get exclusive access to discounts, newsletters, and great free content in your inbox daily.

			Follow these simple steps to get the benefits:

			
					Scan the QR code or visit the link below
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			https://packt.link/free-ebook/978-1-80324-072-5

			
					Submit your proof of purchase

					That’s it! We’ll send your free PDF and other benefits to your email directly

			

		

	
		
			Part 1:Designing the Path to Trusted Data

			In this part, you will get an overview of how to design a data governance program, starting with the basic definitions, how to design a successful and scalable team, how to gain support, and how to define what success for your team and your company will be when it comes to data governance.

			This part contains the following chapters:

			
					Chapter 1, What Is Data Governance?

					Chapter 2, How to Build a Coalition of Advocates

					Chapter 3, Building a High-Performing Team

					Chapter 4, Baseline Your Organization

					Chapter 5, Define Success and Align on Outcomes

			

		

		
			
			

		

		
			
			

		

	
		
			1

			What Is Data Governance?

			As a data professional, some of the most frustrating conversations you will have about data governance will be about data programs feeling like a series of constraints versus a strategic enabler and that you are slowing business down vs. enabling excellence. Having led data transformations in three Fortune 500 companies, I have heard my fair share of these same messages. In my humble opinion, this is feedback; feedback that we are speaking in “data speak” and have not created a business case that is centered on value generation from the lens of our stakeholders. Rather, we have delivered a business case that is focused on data needs vs. business needs.

			From a stakeholder’s perspective, there are a plethora of forces at stake in driving business: generating revenue through the sales teams, marketing to existing and potential customers, economic factors, and supply chain challenges. Data is a part of all of these critical business components, but it is not the first thing that comes to mind for our stakeholders. It is embedded in how business runs. It is a part of the day-to-day. It does not and should not feel like a standalone function.

			Therefore, it’s our job to serve the business and to make it feel seamless to the business stakeholders we enable. When things feel like friction, it’s not necessarily because we’re not supported; it’s because we are one of many problems leaders are facing. Often, this comes in the form of a lack of buy-in or pushback, a seemingly endless number of questions, or simply a lack of engagement. For data professionals, conversations like this often end in frustration and the underfunding of the data governance program. I have seen this scenario over and over again in organizations firsthand and have heard it from data executives in every single industry. Far too often, it ultimately ends in the failure of a chief data & analytics officer to survive in the organization.

			The question is, why?

			Over the course of the next 17 chapters, I will explain why Chief Data and Analytics Officers fail to establish themselves as strategic business partners in their organizations and how you can overcome these common pitfalls and succeed. I will cover everything you need to know to build a case for data governance, rally your organization to support you, deploy a strong data governance program, leverage core data governance solutions, and apply all of this in a case study for a fictitious financial institution. Let’s dive in.

			What you can expect to learn

			Throughout this book, I promise to be transparent and direct about my experiences, and we’re going to start strong: governance programs fail because we have failed. We have failed to explain data governance in a way that makes sense to our business stakeholders. We have failed to deeply and intimately understand how our solutions will drive business success. In short, we have failed to explain in terms of business value. Conversely, the most successful data executives I have had the opportunity to work with have been successful because they deeply understand their company. They have spent the time to intimately understand the business, have crafted data solutions that enable business success and have successfully explained the benefits in terms of business results vs. data results.

			As we go deep into these topics, I will not make assumptions about your experience implementing a successful data governance program. I will start with the basics by grounding you in definitions and the foundational capabilities and will build on how to launch a successful and impactful program, complete with the measures for success that will resonate with executive management and, ultimately, the board of directors for your organization. In the end, we will complete a case study to bring it all together. By the end of this book, you will have all you need to launch a program and deliver with excellence in your own organization. No longer will your organization be overwhelmed by data and underwhelmed by insight. We will change the narrative together.

			In this chapter, we will ground ourselves in the basics of data governance and how it relates to adjacent capabilities. Then, we will define the components of a data governance program, why each component matters, and why we treat data governance as an enabler for business value. Subsequent chapters will dive deeper into the fundamental capabilities of a data governance program and how to implement them.

			We will cover the following main topics:

			
					What is data governance?

					What’s driving the increasing need for data governance?

					A brief overview of the data governance components

					Data governance as a strategic enabler

					Building a business case for your company

					When and why to launch a data governance program

			

			What’s driving the increasing need for data governance?

			As I meet with data professionals across industries, it is abundantly clear that data governance is more important than ever. Executives are expecting more from data, but without the proper investment, it is harder than ever to respond at the speed of business.

			So why is it increasingly difficult to respond to our executives at the pace of the business? There are a number of key factors, including the continuous rise in the following:

			
					Data volume: We have more data today than yesterday (everyday!). In fact, the amount of data doubles every two years. Yet, we cannot expect to double our efforts or double our staffing or technology spend.

					Regulation: The regulatory landscape is evolving, increasing expectations for how data is handled. In the United States, at the time of this writing, six states had signed privacy and data protection legislation into law. This increases the complexity of compliance for data handling.

					Expectations: Executives’ expectations are rising, but our use of data is not. In a recent Tableau survey, >80% of CEOs wanted their organizations to be data driven, but less than 35% percent of employees felt their data was used in decision making.

					User base: More individuals than ever are engaging in data, wanting it for their own use but needing to trust it. It puts our governance professionals in a position to add tremendous value by providing trusted, well-governed data to our organizations.

			

			We have to become more innovative and more embedded, leveraging more technologies (e.g., automation and AI) than ever before. We talk about what that means for our customers. But what does it mean for us? If it’s difficult to answer key, basic business questions today, how do we expect to do it in two–three years with more data than ever? We must take this sense of urgency and build capabilities that will scale and last as our volume, complexity, expectations, and user base continue to grow at an unprecedented rate.

			What is data governance?

			Before we dive in, it’s important that we ground ourselves in basic definitions. During my first role in data management, we made the mistake of assuming that our stakeholders around the organization were aligned on what data we were referring to when we were discussing a particular domain of data. After several months of having difficult conversations on scope (if a particular data element, report, or system were in scope), we realized that we needed to go back and ground all stakeholders in a few very simple questions.

			Data governance is the formal orchestration of people, processes, and technology by which an organization brings together the right data at the right time with the right controls to enable the company to drive efficient and effective business results. This formal orchestration should control, protect, deliver, and further enhance the value of data and create equity for an organization. Data governance is active and is delivered through capabilities, including the following:

			
					Metadata management

					Data lineage

					Data quality

					Data architecture

					Mastering data

					Data operations

			

			We will explore these core capabilities, among other methods, in detail in subsequent chapters. The capabilities that make up a successful data governance program are defined slightly differently in just about every organization. Therefore, it is important that we define them here for the purposes of this book. Feel free to use the vocabulary in this text within your organization or the common language of your business.

			Important note

			Take the time to build a quick reference guide that defines the most basic terms used around your data governance program (e.g., data, governance, metadata, and so on). Make it accessible to the whole organization as a quick reference guide. Add to it as needed.

			Data versus information

			I want to point out that there is a passion for the use of data versus information terminology among industry veterans. Some practitioners are firm in their beliefs that these terms are not the same and should not be used interchangeably. Others use them synonymously without much thought. In my humble opinion, either can be appropriate for your organization. The important point is to distinguish between the two so that your organization understands the definitions and how to use them appropriately in your organization. Personally, I do not believe either position is correct or incorrect. It is far more important that you meet your stakeholders where they are and that your organization agrees on the alignment you choose to use. For the purpose of this book, I will use the term “data” primarily, and I will be sure to be specific about what that means.

			Use case – financial services company

			In my very first data governance position, we launched a robust and multi-million dollar transformation to comply with a regulatory requirement around data management and regulatory reporting. About six months into the effort, we found we were really struggling to define what was “in” vs. “out” of the scope of the program. After several curricular and passionate conversations, we learned that we were not able to scope well because, ultimately, our stakeholders had differing views about what constituted “data” vs. “metrics.” We ended up building a full-blown methodology to ground the company and our regulators on how we thought about the reports so as to be in scope, built a full list of all reports, and documented whether each one either met the criteria or did not meet the criteria, and this was to be available for a credible challenge to anyone or any group interested. Instead of debating it theoretically, we documented the criteria with specificity and then clearly articulated the justification.

			What I learned in this experience was two-fold: you cannot make assumptions regarding what people know or don’t know when scoping a data program, and that you must have grounding definitions that can be socialized, agreed to, and documented so that all involved could remain grounded.

			I’ll ask us to do the same throughout this book. Please come back to these definitions as needed so we can be aligned.

			What data governance is not

			Too often, companies have a tendency to blame problems on the data and/or the data team. Data governance (team or program) is not the solution to every problem. Data, like air, is everywhere in an organization, and it truly takes the entire organization to manage it well. Similar to the quality of air when a fire breaks out, poor data moves through an organization like smoke moves from a fire. The strong management of data requires prevention, detection, and correction, and to manage data well requires the entire company to be on board. A single data team cannot unilaterally solve every data problem. It will take the involvement and action of the organization at large to drive change and manage data effectively.

			Secondly, data will never be perfect. If you or your executive team is expecting perfection from data governance, I would urge you to adjust your expectations. To ensure we align on what the appropriate expectations and objectives of a successful data governance program are, we must define success. To do that, we must start with the objective of data governance.

			The objective of data governance – create business value

			To put it simply, companies exist to increase value for stakeholders. When it comes to data, there is one very important objective of data to increase equity for stakeholders. Managing data effectively is one of the ways companies can increase value for their organization.
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			Figure 1.1 – A simple value equation

			An asset is something of economic value that is owned by an organization. A liability is an obligation (either current or future) that decreases the overall value of the organization. Thus, when assets minus liabilities result in a positive value, the organization has an increase in value (i.e., has created equity), whereas when assets minus liabilities results in a negative value, the organization has a decrease in value (i.e., has reduced equity).

			The same mindset can be applied to data. Data can impact equity in a number of ways. Equity can be created through addressing and minimizing operational risks by sustaining regulatory compliance, avoiding fines and penalties, and increasing or creating revenue. I break this concept down into two key subcomponents to manage data governance more specifically. These two subcomponents (assets and liabilities) are directly influenced by my formal training as an accountant and IT auditor, and this tends to resonate well with management when they translate data solutions into measurable value (ideally, monetary value, but may also consider the time value of employees).

			Important note

			Data is an asset when it creates value for the organization.

			A few examples include:

			
					Curated datasets that are used for multiple purposes

					Customer health scoring

					An authorized provisioning point

					A data model used for predictive modeling

			

			Important note

			Data is a liability when it creates risk for the organization. Data can be both of these things but cannot be either (for example, a data solution may create value and reduce risk).

			A few examples include:

			
					Non-cataloged data

					Data that has not been classified and, therefore, not appropriately secured

					Data leaks/breached data

			

			Ideally, organizations should manage the liability of data while maximizing data as a strategic asset, such that data equity is created. Depending on your business and the maturity of your data governance practices, either asset management or liability management may be a bigger priority.

			Data governance should create data equity by increasing the value of data as an asset and minimizing data liabilities. I encourage you to come back to this framing as you apply the principles in this book to your own organization. As you pitch data solutions, consider this:

			How is this solution increasing the value of my data (increasing the asset) and/or decreasing the liability?

			Both are of value. The momentum created by delivery should translate directly to an increase in data equity over time.

			An example of a data asset might be a curated dataset that is reliable because it has clear ownership, is of high quality, and can be leveraged for multiple business purposes organization-wide. An example of a data liability might be as simple as an organization not knowing what data it has, where it lives, or what to do with it. This carries a risk to the company from a security perspective, but also, the lack of accountability means that individuals may be using the data inappropriately for decisions that it is not fit for, increasing the company’s risk of making a decision that it shouldn’t be based on data that were never intended to be used for that particular purpose.

			The measurement of the value of an asset is unique to each organization, but in short, being able to tie back the impact to the organization is a good guiding principle. The following are a few example questions to consider as you attempt to value the data asset:

			
					Does this asset enable additional revenue? How much?

					Does this asset save time? Can you calculate the hours saved by an hourly rate for an individual to calculate the person-hours saved?

					Does this asset improve customer satisfaction? Can this satisfaction be translated or calculated into value for the organization in terms of additional spending or increased customer retention?
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			Figure 1.2 – Data assets, liabilities, and equity formula

			Data assets may provide value across these components, and value should be calculated accordingly. The most important part of this valuation exercise is not the calculation itself; rather, it is the alignment and agreement with the business. Once you have calculated the value, it is important to go to the business and ask for their feedback. Do they agree with your assessment? If yes, then you have a fully vetted value for your data asset. If not, work with the business to iterate on your data asset valuation until you reach an agreement. If you skip this important step (vetting the value), data teams often are seen to be overselling their value to the organization. This immediately undermines your credibility in the organization. Agreeing on the value of the business supports a strong business relationship and provides credibility of past success when seeking future investment into data solutions.

			The measure of the liability portion of the equation is of equal importance. Like data assets, the measurement of the liability carried by an organization’s data will vary based on your organization.

			Important note

			It is not as simple as more data equals more liability.

			Rather, the less the data is managed, the higher the liability. When data is unmanaged, the risk to the organization is higher.

			A great example is security risk. When an organization does not understand where data is, it cannot effectively or adequately protect it. This comes at a high risk (liability) to the organization and could result in a data leak or, worse, a data breach. Here are a few questions to consider when calculating your organization’s data liability:

			
					Do data liabilities increase the risk to the organization? How much? Are there fines or regulatory penalties we could be subjected to as a result of this liability?

					Does liability drive inefficiencies in our business? Can you calculate the hours incurred by an hourly rate for an individual to calculate the person-hours impacted due to the inefficiency (for example, a manual process vs. an automated one)?

					Does this liability impact customer satisfaction? Can this satisfaction be translated or calculated into a decrease in value for the organization in terms of additional spending or decreased customer attrition?

			

			Once you have assessed your data asset value and data liability value, you can apply this to calculate data equity. The idea is to increase the equity over time. This initial calculation can serve as your baseline by which to calculate progress over time. Organizations also may like to leverage a data maturity model to measure progress; however, these models can be interpreted widely in an organization and do not take into account the business value associated with data solutions. Instead, they focus on the development of data capabilities, which do not always translate well for executive management. I prefer to focus on business value rather than an organization vs. a maturity model.

			We will not dive into data monetization efforts in this book. The economics of the monetization of data is expertly described in Doug Laney’s book, Infonomics, and I would highly recommend his book to anyone looking to dive into the monetization of data further.

			A brief overview of the data governance components

			Now that we have classified data solutions into assets and liabilities and defined how to calculate value, let’s dive into the components in further detail. I prefer to group the components of data governance into building blocks. The reason I prefer this approach and have leveraged this framing in several companies is because it allows the organization to directly tie each building block to specific and straightforward outcomes. The first building block, policy and standards, is relatively basic and can be designed with a small team. This is a great place to get started in developing a data governance program.

			Policy and standards

			The purpose of this building block is to define data ownership and the structures needed to design accountability to manage your organization’s data as an asset. This building block will ensure effective, sustainable, and standardized data governance on which the company can depend. This building block is a prerequisite for future building blocks because it defines what is required to drive effective data governance and who needs to be involved. Additionally, the components of this building block can be created in a simplified way and can be expanded as the company matures in its data journey.

			An easy place to start is to draft a simple and straightforward data governance policy. The purpose of a data governance policy is to tell the company what they need to do, why, and who is accountable.

			The objectives of a strong data policy include the following:

			
					Establishing a single policy and set of standards for data management

					Establish the capabilities and data assets that are in scope for the policy and, in turn, for the office of the Chief Data and Analytics Officer

					Define the accountability and responsibilities for the implementation of the policy and the operationalization of data management capabilities

					Set minimum standards for data management, specifically for governance, quality, and meta- and master data management

					Define the procedures and usage requirements for tools to drive the consistent and robust adoption of minimum standards in a consistent manner

					Enable flexibility where appropriate to allow for ease of implementation where possible

					Define what is out of the scope of the policy

			

			As with any policy, it is important to identify the owner of the data governance policy, who will be accountable for managing the policy by refreshing it at least annually, updating the content, and evangelizing it to the company. It is also the owner’s responsibility to ensure buy-in from key stakeholders across the company. Ideally, this owner would be a chief data officer, head of data governance, or similar role. If your company does not have a data leader in the role yet, another option would be a chief information officer, chief information security officer, chief privacy officer, or even a general council.

			A policy does not need to be lengthy to be effective. Ideally, the policy would set forth the basics and would be supported by more specific and topically focused data standards. This approach often allows the policy to go through a more formalized corporate governance approval process while allowing for slightly easier updates to the data standards as your organization matures. I recommend implementing a data standard for each of the core capabilities addressed in Part 2 of this book, plus any specific to your business requires additional guidance for data stakeholders. Remember, the policy sets forth the minimum expectations for the company.

			To get started in developing your data governance policy, a suggested data governance policy outline may contain the following:

			
					Purpose and scope statement (for example, to transform how the company utilizes data by creating additional revenue streams and simultaneously reducing data risk)

					The owner (for example, a Chief Data Officer)

					Reviewers/contributors and titles (for example, Head of IT, COO, and data stewards)

					Sign-off/approval (For example, CEO, CFO, and so on)

					Data governance requirements

					Roles and responsibilities for implementation

					Feedback loops for improvements and/or additions

					Measures of success

					Compliance/audit expectations and frequency

					Glossary of terms

			

			Data governance policy example

			The following is an example of an enterprise data governance policy:

			Owner: Chief Data & Analytics Officer

			Last Approval: 12/31/2023

			Policy Leader: Head of Data Governance

			Contributors:

			
					Head of Information Technology/CIO

					Head of Human Resources/CHRO

					Head of Marketing/CMO

					Head of Sales/CRO

					Product/Business Unit Leaders

					Product/Business Unit Data Stewards

			

			Purpose and scope

			This data management policy applies to all data held or processed by the company, which may include customer data, transactional data, financial information, regulatory and risk reporting, and any other data related to the business of the company. This data may be first-party data, derived data, or data acquired from another company (third-party data). The outcomes of this policy are the following:

			
					Reduce risk

					Unlock revenue opportunities

					Drive operational efficiencies

			

			Introduction

			The company is responsible for ensuring all data is accurate, complete, secure, and accessible only to those who require access to fulfill their job responsibilities. This policy sets for the requirements for the enterprise to deliver on the outcomes established above.

			Data governance

			Data governance establishes the requirements and standards for all corporate data deemed “in scope” of this policy in the aforementioned policy and scoping section. The purpose of the data governance capabilities established within this policy are to drive enhanced transparency and accountability for our company’s data and to drive improved consistency, control, and oversight for how data is managed, stored, and used going forward.

			Roles and responsibilities

			
					Enterprise Data Committee: An Enterprise Data Committee will be established, chaired by the Chief Data & Analytics Officer, to provide an oversight and prioritization body to manage data and analytics initiatives and issue remediation enterprise-wide. A Data Domain Executive will be required to sit on this committee to ensure appropriate prioritization across all data domains.

					The Chief Information Officer will partner with the Chief Data & Analytics Officer to ensure technical requirements and systems are provided in support of the data and analytical needs of the organization, both for the Office of the Chief Data & Analytics Officer, but also for all functional data domains enterprise-wide.

					A Data Domain Executive will be established for each functional area to ensure the appropriate focus, funding, and resourcing is established and maintained to manage data in accordance with both this policy and the needs of the business.

					Data Stewards will be assigned by each Data Domain Executive to ensure the day-to-day execution of data requirements is completed in accordance with policy and the needs of the business. Data Stewards will also be required to work with the Office of the Chief Data & Analytics Officer to ensure that transparency of progress and ongoing operational effectiveness is maintained for leadership, regulators, and across domains.

			

			Requirements

			This section provides the minimum expectations for compliance.

			Data Governance

			Each data domain will develop a plan to drive compliance with this policy to operationalize the requirements within their data domain. The Data Domain Executive will ensure appropriate prioritization, whereas the Data Stewards will execute the plan on behalf of the Data Domain Executive. Additionally, Technical Data Stewards will support the delivery of all technical requirements to ensure compliance with this policy and the broader needs of the business. The minimum requirements are the following:

			
					Identify all data assets and systems

					Identify all data and technical data stewards for each asset and system

					Assign each asset and system to the appropriate data domain

					Develop a plan to meet the requirements for each asset and system and maintain compliance going forward

			

			Data Cataloging

			The purpose of data cataloging is to centrally manage and publish business and technical metadata across the organization to enable accelerated discovery of the data available across the organization in a clear, transparent manner. As data cataloging is implemented, the Chief Data & Analytics Office will evaluate metadata to determine the best source of truth for a given data asset and identify opportunities to reduce proliferation and redundancy across the company. This will further simplify our data ecosystem over time and reduce the costs of duplicate data handling/management and storage. The minimum requirements to be published in the Enterprise Data Catalog are the following:

			
					Description of the data asset/system

					Technical metadata

					Description of schemas and tables

					Identification of critical data elements (CDEs)

					Business definitions for CDEs

					Data classification for all data elements within the asset/system in accordance with the company data classification policy

			

			Data Quality

			The purpose of data quality is to ensure the data is fit for use. The following requirements have been set forth with the aim to centrally develop data quality rules, provide profiling resources and tooling, and monitor data hygiene to ensure the data can be trusted for analytical and business use and identify issues requiring disclosure and/or remediation. The minimum requirements are the following:

			
					Define the data quality rules for each CDE and enter this into the enterprise data quality tool

					Enable CDEs for data quality monitoring

					Provide data quality dashboards to transparently report on current quality levels

					Identify data quality issues and create plans to address material data quality issues

			

			Policy Management

			
					Feedback Loops: Feedback about the policy and/or questions about policy implementation should be directed to the Policy Leader defined above.

					Measures of Success: A robust Enterprise data governance scorecard will be established for each data domain and at the corporate level. Periodic reporting of the progress of complying with this policy will be reported to the Office of the Chief Data & Analytics Officer and to the Enterprise Data Committee. Further measures of success may be required.

					Compliance/Audit: Internal audits, external audits, and regulatory bodies may audit this policy for compliance on a regular basis. All requests for audit should be disclosed to the Office of the Chief Data & Analytics Officer so that requests can be co-ordinated and driven through the Enterprise Data Committee.

					Frequency: This policy will be reviewed, updated, and re-approved at least annually.

			

			Now that we’ve reviewed what makes up a great policy, let’s pivot into the key roles and responsibilities for a data governance program.

			Roles and responsibilities

			Any data governance expert will tell you that people are the key to a successful data governance program. People are responsible for caring for the data and ensuring its accuracy, that it is fit for use, and how to improve it to make it better. This concept is called data stewardship. Data stewardship requires collaboration to drive success. The executive identified for each data domain appoints a data steward to drive day-to-day activities for the data domain.

			The key responsibilities of data stewards include the following:

			
					Serve as the single point of leadership for their data domain

					Ensure the data domain executive is kept informed on key activities

					Ensure the funding necessary for adequate data management is secured and allocated properly to data management activities

					Collect data requirements for the data domain and execute the data management requirements across the data domain

			

			The key responsibilities of the office of the Chief Data and Analytics Officer include the following:

			
					Define data policy, publish the policy, and review for updates at least annually

					Lead data domain executives and data stewards through requirements, ensuring a comprehensive understanding

					Provide data tooling to drive the enterprise-wide enablement of data management

					Streamline, to the extent possible, compliance with the policy

					Report regularly to the executive team and, when required, to regulators and the board of directors

			

			Important note

			One of the hardest parts of data governance is gaining the collaboration required to drive the outcomes the organization needs to leverage its data for results.

			In every company I have worked in, the intention was almost always good: the people wanted to collaborate. Data governance experts wanted to collaborate to drive success; however, competing priorities, a lack of a clear vision, and difficulty measuring the impact of a data governance program often led to data stewardship being deprioritized. Ultimately, organizations that drive successful data governance initiatives recognize the importance of good data governance and that it is more than just understanding records, fields, and tables. They recognize that it is more than just building another data warehouse. They recognize that people are the center of success and that identifying the individuals responsible and accountable for strong data is the cornerstone of any data governance program.

			For data to be good, stewards must be good. Good stewards take accountability for their data’s quality, access, and overall management. The best data stewards I have worked with ensure the buy-in of the business users is achieved in every step of the governance process because the goal of data governance is not just clean data; it’s enabling the users of the data to confidently and easily use data in pursuit of their business objectives.

			Let’s compare two examples to illustrate this:

			
					Example 1: A business user, person A, needs data X to report to a regulator. In a well-governed data environment, person A goes to the enterprise data catalog, where person A can search for data X. Person A finds the metric they need to report to the regulator, but they have a few questions. In the catalog, person B is identified as the data steward. Person A can reach out to person B to ask questions and learn more about data X to confirm it is the appropriate metric to share with the regulator.

					Example 2: Here is a company with little to no data governance. A business User, person A, needs to get data X for the regulator, but does not know where to start. There is no catalog for the data, so they ask the person they think might know about the data, person C. Person C suggests person A calls person D. Person A calls person D, and so on. Days or even months go by, and person A does not feel confident they have the right information for the regulator but provides the best information they know of. Ultimately, the regulator does not have confidence in the data because person A does not have confidence in the data.

			

			Often, aligning data stewards in an organization is easier said than done. One of the easiest approaches to getting started is to begin at the executive level. I refer to these individuals as data domain executives. These are the individuals who are ultimately accountable for the data their division of the organization is accountable for. An example would be a Chief People Officer (CPO) being assigned the data domain executive for human resources data. This would make the CHRO ultimately accountable for human resources data. The CPO would delegate the day-to-day activities to their data steward, who would be responsible for ensuring human resources data is managed according to data governance policy and standards.

			As a part of your data governance program, one of the first activities should be to identify the data domain executive for the organization. In my experience, defining the logical types of data into data domains and assigning a data domain executive is the best place to start. Upon defining the data domains and data domain executive, you will have the executives responsible for the data of the entire organization named. These individuals should make up your sponsors, and should you choose to start an enterprise data committee or council, they should become your voting members:
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			Figure 1.3 – Identification of data domain executives and data/technical data stewards

			Depending on the size of your organization, you may have a third key role in the business side of data management. For larger organizations, you may consider establishing a more senior-level person to be a data domain manager. This person would have the role of the data steward, as described in the preceding section, and would likely have a 1:M relationship with data stewards who either report to them or have a dotted-line relationship with the business. In one organization I worked for, we had a data domain manager for the division of the organization, and for each sub-group, a data steward was defined. It looked like this:
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			Figure 1.4 – Example of data domain appointments

			Governance forums

			An enterprise data committee is an effective way to align an organization around a data strategy and a data governance program, and it serves as a prioritization and escalation body. Each data domain executive who participates in the committee should assign a data steward to drive activities within their data domain. Often, organizations establish sub-groups (e.g., human resources data councils or human resources data working groups) to carry out the implementation and ongoing governance of the respective domain. This allows data governance activities to be implemented more deeply within the organization. The Chief Data Officer (or equivalent) should chair this committee and be responsible and accountable for managing the agenda, cadence, and facilitation, as well as reporting progress upward in the organization to the C-suite and the board of directors.
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			Figure 1.5 – Example of how various data governance forums work together

			Important note

			If you notice that the enterprise data committee is delegated below the data domain executive, you may have a problem. Having someone delegate once may not be of concern (e.g., for vacation); however, if you start to see a pattern, either by a particular domain or across the board, it is a signal that your committee is not providing value. Quickly reach out to the data domain executive and seek to understand what is driving the delegation. Simply ask, “I noticed that you have delegated the last few EDC meetings to someone on your team. Is there anything I can do to make the meeting more engaging for you? Your perspective is critical for the whole committee, and I want to make sure it’s a valuable use of your time.”

			There are other key roles that may play a part in your data governance program, including BU stakeholders (often users of data) and the information technology team. We will dig deeper into the metadata chapter in Part 2, but for now, I also included the IT application owner in the preceding diagram (see IT). In any program, an IT application owner plays a key role in the success of a data governance program. The IT application owner is the individual responsible for the technical implementation of any data governance requirements set forth by the enterprise data governance policy and by the data domain executive or their delegate. We will get deeper into operating models in Chapter 3.

			Reporting on governance progress

			Ideally, as implementation progresses, the enterprise data committee should receive ongoing reporting to demonstrate improvements in data governance. One way to report this information is through the use of an enterprise data governance scorecard (EDG Scorecard). The EDG Scorecard should provide a transparent status of how well the company is doing in implementing data governance capabilities and how well this remains implemented post-implementation. Ultimately, the EDG Scorecard should communicate to its users how the company is doing in terms of making data easier to find, understand, and, ultimately, trust.

			Before trying to design and implement the EDG Scorecard for the entire company, I recommend selecting one data domain to pilot this process. I prefer to start with a data domain that has at least slightly more mature data governance practices than other domains. One data domain that tends to be a bit more mature in most organizations is finance and/or regulatory reporting. By piloting a data domain, the other data domain executives, who make up the enterprise data committee, get a sense of what an EDG Scorecard looks like and how they should be implementing it for their respective data domain.

			Sample implementation metrics

			Metrics should be defined to measure the implementation of the data management policy as well as the operational effectiveness of capabilities on an ongoing basis. To measure the implementation of the policy across domains, each domain should measure progress and report that progress to the office of the chief data & analytics officer on a regular basis (bi-weekly, monthly, or quarterly, based on your organizational expectations).

			Examples for the office of the Chief Data and Analytics Officer include the following:

			
					The total number of data domains (this becomes the denominator for the following metrics)

					The number of domains with an identified/confirmed data domain executive

					The number of domains with identified/confirmed data stewards(s)

					The number of domains with systems of record identified

					The number of domains with systems of record assigned to system owners

					The number of domains with critical data elements identified for each system of record

					The number of domains with data quality rules written and executed for each system of record

					The number of domains with business glossaries established for each system of record

					The number of domains with data dictionaries established for each system of record

					The number of domains with reference data adopted for each system of record

			

			Use case

			A large multinational company has seven business units and four corporate functions. A chief data & analytics office was established to advance the use of data, analytics, and AI. As a part of the office’s first-year strategy, the CDAO organized a team focused on data management maturity. With this focus, the head of enterprise data governance was tasked with the formal development of a data policy and a scorecard to track the implementation thereof.

			The head of enterprise data governance developed an enterprise data policy to establish expectations for the organization and defined the key roles and responsibilities to drive compliance with the policy. The team identified 12 data domains: one for each of the seven business units, one for financial data, one for risk data, one for marketing data, one for employee/HR data, and one for master and reference data, which is owned by the CDAO.

			To track the implementation progress across the 12 domains identified, the following scorecard was developed for the office of the chief data & analytics officer. This report is updated bi-weekly and reported to the executive team, the data domain executives, and the data stewards, and it is reviewed in the enterprise data committee meetings on a monthly basis.
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			Figure 1.6 – Example of a data governance scorecard for the chief data and analytics office

			Examples of the data domains/data stewards include the following:

			
					The total number of system of records assigned to the data domain (this becomes the denominator for the following metrics)

					The number of system of records with critical data elements identified

					The number of system of records with data quality rules written and executed

					The number of system of records with business glossaries established

					The number of system of records with data dictionaries established

					The number of system of records with reference data adopted

			

			Each data domain should track its own respective metrics and submit the report to the office of the Chief Data and Analytics Officer on a bi-weekly basis.

			
				
					
					
					
					
					
				
				
					
							
							Implementation Scorecard for the HR Data Domain

							Owner: Chief People Officer

							Primary Contact: VP of HR Analytics

							Purpose: The following scorecard is designed to report on the progress in implementing the core requirements of the Enterprise Data Policy. Twelve Data Domains have been identified and established to manage the data for the company. The following scorecard is for monitoring the adoption of the HR Data Domain.
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							Status: Green—On Track | Yellow—At Risk | Red—Past Due

						
					

				
			

			Figure 1.7 – Example of a data governance scorecard for a data domain

			Related teams and capabilities needed for success

			No data team will function alone. To be successful in implementation, partnership is the most valuable skill at your disposal. There are a series of key functions that you will need to build strong and sustainable relationships with. First, the business functions. You must build trust with each business function you support. This begins and ends with deep listening. Deep listening requires you to listen with the sole purpose of learning. You are listening to learn not to respond. Your business function leaders will provide you with their needs. It is your job to listen and be able to take their needs back to your data team to inform and build out the data strategy. Trust will be earned as you deliver against their needs. Initially, hearing them out, regardless of their past experiences with data, is the most important place to start.

			Information technology

			Your company’s information technology team (IT team), led by a chief information officer (CIO), will likely support your success by delivering the infrastructure (at minimum) to support your team’s data solutions. The relationship you build with your CIO and their key leaders is critical to your success. I’ve found the quality of the relationship between CDO and CIO to be one of the most powerful indicators of a CDO’s success. In cases where the CDO and CIO have a high-functioning and trusting relationship, I have witnessed success for both leaders. In cases where the relationship is not high-functioning or, at worst, competitive, the success of both leaders is hindered.

			Information security

			Additionally, with the rise and formalization of the role of the CISO and the increasing threat landscape across all industries, the importance of the CISO has never been higher. One of the core tenants of the liability side of the data equity equation is the protection of your company’s data. This shows up in data security, of course, but also spans and tightly connects with technical metadata management. In short, you cannot protect data if you don’t know where it is. Technical metadata is a critical enabler that supports an understanding of what data you have, where it is stored, where it moves, how to classify it, and then what controls are needed to properly protect and secure it. We will cover more about this topic in Chapters 6 and 7. As a data leader, this capability will enable the success of your CISO, and therefore, I suggest you engage early and often with them throughout your data governance implementation.

			Chief financial officer

			As you work through building relationships and, ultimately, building out a stakeholder list, I encourage you to think of both business functions and corporate functions. Your stakeholders should include the CIO and CISO, as mentioned in the preceding section, as well as the CFO, head of privacy, general council, human resources, and operations, in addition to business functions. If you work in the technology field, product and engineering leaders are critical, whereas in financial services, groups such as risk management and regulators may be relevant. The point is to look at the company at large, including all the stewards and users of data, and identify the key leaders you need to work with to partner effectively. Most data leaders who do not succeed in their role fail because they fail to build relationships and/or fail to build trust through value creation.

			Human resources

			Your human resources leader will be a key stakeholder and strategic partner in helping you design your organization and develop a hiring, training, and retention strategy for talent management.

			Privacy and legal

			Privacy and legal teams will be key drivers for many of the capabilities your team will enable. For example, while the legal team should define data retention standards and the privacy team should define the types of information classification (private or company confidential, for example), it is your team’s responsibility to implement the capabilities to discover, inventory, and auto-classify the data in accordance with these policies. Regulations such as GDPR or CCPA drive much of this work across industries, but other industries have special considerations, such as BCBS 239 or HIPPA. Be sure to work with your legal and privacy teams to find the right relations to follow.

			Additionally, be mindful that emerging state regulations are coming quickly. At the time of this writing, the State of Iowa was the most recent state in the US to release a privacy law. It will go into effect January 2025.

			Defining value

			As you are starting to formulate your vision for the future, it is important you take into account all the input you receive from the stakeholders you interact with. As we work toward building your business case, building a coalition of support, and building a team throughout the next few chapters, it is important to note that no two companies will have a consistent message or vision for success. You will need to address each opportunity with fresh eyes. Despite having led data transformations in three Fortune 500 companies, each data strategy I have had the opportunity to lead has required a unique perspective. Companies are on their own journey to excellence, and even the most established firms have work to do to improve their data governance capabilities. You must assess each situation from this perspective, or you will risk applying the wrong strategy to the situation before you start.

			Who to meet with

			As you prepare to customize your vision for the company, build your list of stakeholders thoughtfully, as introduced in the preceding section:

			
					What are the business divisions?

					Who leads each division? Do they have a chief of staff or chief operating officer you should meet with also?

					What corporate functions do the stakeholders have? Who leads each one?

					How does funding get disbursed in an organization? Seek to understand the process and who influences the release of funds.

			

			All of the individuals you list out in response to the preceding questions become key individuals to meet as you prepare your vision, your business case, and begin to socialize your vision. Many of these individuals may become data domain executives in the future.
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			Figure 1.8 – Example alignment of domain model with corporate organizational chart

			Important note

			CDAO, CPO, CMO, and so on will also have domain managers, data stewards, and technical stewards aligned with them.

			During your first interaction, simply listen to what their business priorities are. This is not the time for a solution. You are gathering facts and opinions from them so that you can use that as input to your future vision. Take copious notes. Before ending the meeting, ask for a follow-up in 4–6 weeks, where you will bring forward the mission, vision, and objectives for your team from their input and feedback.

			Important note

			In your organization, your data domain executives should be no more than your CEO-1 or CEO-2. No matter how large your organization is (50 or 500,000), if your data domain executive is too far from the top of the organization, your program will dilute. You must create a value proposition that clearly defines why the senior leaders must drive this body of work together. If it is pushed too far down in your organization, you will risk losing the prioritization, funding, and focus of your C-suite. Ideally, the individuals reporting to the CEO would be your data domain executives. In larger organizations (i.e., 50,000 or more employees), a CEO minus two may be appropriate.

			Crafting a powerful why statement

			A powerful vision statement is not exclusively for the chief data & analytics office but for the data and analytics capabilities of the company as a whole. When drafting the vision statement, be clear and concise about your aspirations and goals for the future use of data and analytics for the company. Consider the following:

			
					What is it you aspire to do?

					Who will help you achieve it?

					How will you know when you’ve arrived?

			

			A powerful vision statement should be clear, concise, and easy to understand and communicate. It should be to the point, and jargon should not be used (no “data speak”). The statement should be focused on the future, inspirational, and aspirational, bringing all stakeholders together to work towards this imagined future together. Make it easy, short, and memorable. It should be able to be committed to memory easily. While being future-focused, it should be achievable and in alignment with the company’s values.

			Important note

			Let’s consider an example. Perhaps you are the new Chief Data and Analytics Officer at a leading insurance company. You might craft a vision statement such as:

			Insights are embedded in the flow of business with highly trusted, relevant, and curated data at the speed of our need to proactively wow our customers with delightful and meaningful moments that matter. We trust our data, and our customers trust us.

			Customizing the message

			As you craft your vision statement, bring it with you to your one-on-one meetings with the leaders you identified and met with. Share it with them individually, and ask for their feedback:

			
					Does it make sense for the company’s strategic direction?

					Is it visionary?

					Will it inspire your team members and drive meaningful focus to the future?

					Is it meaningful for your needs?

					What would you change?

			

			Listen and incorporate feedback as you review with these individuals. The degree to which you remain open-minded and take into account their input will directly impact their buy-in. This does not mean you must incorporate each iota of input, but you should consider it thoughtfully and loop back with each individual, thanking them for their support and explaining what you changed, what you didn’t, and why. It is critical to close the loop with any changes you did not make, carefully explaining why they didn’t make the cut. This transparency will build trust with your stakeholders, which you can build upon over time.

			After you have revised and have finalized your vision statement, it is time to bring it forward for final approval. I suggest you incorporate an approval in your enterprise data committee meeting to further establish that the vision is not just that of the chief data & analytics office, but of the entire company. By involving the company in this exercise, you are setting a precedent that data is part of everyone’s responsibility, although the CD&AO is ultimately accountable.

			Data governance as a strategic enabler

			Before you can dive into building out the data governance business case, you must understand the business outcomes the company is driving. In order to draft data objectives, you need to first understand the entire company strategy. If you don’t have it already, request a copy of the company strategy. Ask questions to understand it fully. Then, work with your data domain executives to understand both their priorities and how their business unit or corporate function is delivering upon the company strategy. What outcomes are they required to achieve to create the value the company requires? Ultimately, the definition of these outcomes will support the wider company strategy and lead to business outcomes that are highly relevant and critical to the success of your organization.

			The point is that you must define a path that clearly demonstrates how data and analytics will power your company and not slow it down. Often, when individuals hear the word “governance,” they equate it to bureaucracy, friction, and slowing down progress. You must show how what you and your team will do will add value and enable the business and to do so without a negative impact on progress. It’s critical that you define a mission and clear objectives that demonstrate this point clearly.

			The mission of the chief data and analytics office

			The purpose of the chief data and analytics office is to drive the business outcomes needed with data and analytics solutions. It is not to sit on the side of business; rather, it is to achieve the organizational outcomes by serving this with the business. It is an accelerant to results. Success is determined by business outcomes, and thus, the chief data & analytics office must define its mission as such. Start by defining what your team is to do in business. It may contain guiding principles such as the following:

			
					Inspire enterprise thinking

					Deliver business outcomes powered by insights

					Define and implement the delivery model for common data and analytic solutions

					Curate solutions that embed insights when and where the business needs it

					Ensure business is executed with governance by design, which is embedded in the processes

					Drive operational efficiencies through automation

					Create revenue streams or speed revenue generation cycles

					Reduce risk and remediate compliance issues

			

			Ultimately, you and your team should craft a powerful mission statement that encompasses the full suite of your service to and with the company. Think about the question, What is our intention?

			Important note

			Let’s consider a couple of example mission statements:

			
					Empower the company with timely, trustworthy, and relevant insights to drive revenue to USD 1B and beyond.

					The chief data and analytics office will unlock revenue, drive efficiency, and reduce regulatory compliance risk for Bank XYZ.

			

			The mission of the data governance program

			Once you have defined the mission of the chief data & analytics office, you must next define the mission of your data governance program. Your data governance program will need to take into consideration what problems you need to solve for your company and how you intend to solve them. This program should be an enabler and collaborator in solving problems for the company in a way that serves their broad interests. It can be as simple as the following:

			We do X for Y by doing A, B, and C.

			“We deliver enterprise-wide data governance capabilities for all corporate functions by enabling governance by design in our platforms, powering data management solutions, and delivering trusted, curated data solutions when it matters.”

			Determine the projects, programs, and budgets needed to enable the enterprise activities required for delivery against the company data and analytics strategy. As we go through Part 2 of this book and dive deeper into each data governance capability, think about where you are with your company. Do these capabilities exist? To what degree? What gaps are you seeing? These gaps become your programs, projects, and deliverables. I suggest you come back to this section as we baseline your organization in Chapter 4.

			Building a business case for your company

			As you are meeting with the stakeholders you identified in the preceding sections and iterating on feedback regarding your vision statement, it is a perfect time to ask your stakeholders about what is working well, what could be improved, their priorities for the coming year(s), and some of the burning challenges their team is facing. I’ve often found that asking key leaders across a company open-ended questions and deeply listening to their experiences is fruitful when it comes to identifying opportunities to help drive value for them from data governance.

			For example, if a stakeholder tells you that they are having a difficult time in the board of directors meetings because the CEO is always questioning their data, you may have an opportunity to help them. Spending time unpacking the reporting process, the metrics on the reports, the definition of the metrics, how they are calculated, where they are sourced from, and the quality of the underlying data itself may expose that there are problems with the reporting going to the board. Conversely, this exercise may prove the data is accurate, and now the stakeholder is armed with strong backing from you, the leader of the data organization, to attest to the accuracy of the reporting. Often, the data is guilty until proven otherwise. It is your great privilege to support your stakeholder in providing reliable and highly trusted data to deliver their results to the board. Treat the experience accordingly.

			No matter what your stakeholders tell you, the importance of these conversations is to listen. Very rarely are stakeholders going to tell you that they need better governance, or they need stronger technical metadata, or for a team to come in and profile their data more frequently. They are not going to speak to you in these data terms. What they will say is no one trusts the reporting, or I can’t get what I need when I need it. They are giving you the symptoms. It’s your job to identify the root cause to diagnose the problem and fix the underlying issue: data governance.

			As you are executing these deep-listening sessions and learning about the challenges your colleagues are facing, start to identify common themes. It’s helpful to keep detailed and organized notes that you can easily refer back to, but that also can begin to group like problems together. Pulling on the preceding example, perhaps you hear from a number of stakeholders that there is inconsistency in reporting where the results sound similar, but the numbers are actually different. The executive team is now calling the data and the leader into question. You now know one of the components of your data governance business case is going to be centered around key metric alignment for the executive team. You will need strong metadata capabilities (Chapter 6) and data quality (Chapter 8) to help you, along with strong reporting and/or data analysts to help drive this alignment. Most importantly, you need to bring people together and drive consistency.

			As you are preparing to write your business case, your listening sessions will produce themes, and you will center your delivery around the strategic implementation of capabilities and iterative delivery (sometimes referred to as quick wins) to show progress throughout the delivery. As you build your business case, be sure to highlight what your building blocks will be (that is, the components in Part 2 of this book) and the iterative delivery you will enact to drive impact along the strategic journey. As you iteratively deliver for your data domain executive in alignment with the themes you’ve identified, you will turn challenges into wins, naysayers into advocates, and you will become the trusted advisor the company needs to deliver excellent data governance for the company at large.

			As you start to build out the business case, which you will do iteratively as we work through this book, there is some good news: you have already made progress. The preceding items are key components of your business case. You will need to include the following:

			
					Your company’s strategic vision and objectives

					Your team’s mission statement

					Your data governance program mission statement

					Your powerful objectives

			

			From here, you can start to frame out the programs you’ll need to launch for your business case. At this point, you won’t know what most of them are; however, you may have already begun to identify thematic issues or problems through your stakeholder listening sessions. Perhaps you already know your company does not have a data catalog or a way to measure data quality with transparency. You can start to plot out the capabilities you will need to deliver as “Programs.”

			I prefer to use a memo format to define a business case. The six-page memo is a strong format for delivering depth of content without losing your audience. Some companies pitch by using slides. You will need to determine which format is best for your company’s culture. No matter how you decide to pitch, writing a memo is a good exercise to ensure your thoughts are solid going into the business case process. Ultimately, how well you write your business case will determine your degree of buy-in from stakeholders and your degree of funding. An example template for a business case may look something like the following:
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			Figure 1.9 – Business case template

			I suggest you put together this framing now, and as we go through the remainder of the book, fill in the business case for what you need for your company. As you gather information from meetings with your stakeholders, make notes and start to build your business case over time.

			The fact that you have picked up this book and are working through it is a huge step on your journey. Continue to read, chapter by chapter, and execute the steps as we go. You can move as quickly or slowly as you need to in order to go at the pace you need at your respective company. Use this as a reference, a guide, and most importantly, the framework for how to deliver strong data governance at scale. Before we move into the next phases, it’s important to discuss a final constraint: when and when not to launch your program.

			When and why to launch a data governance program

			While a data governance program could be launched at any time, successful programs tend to precisely time their launch aligned with other adjacent business programs and ensure the impact is very clearly defined for the executive team, not just in the individual program, but as a suite of transformations. If management does not have a strong need, is not fully bought in, or is too distracted (for example, in the middle of a large merger or acquisition), you will not have a successful program launch. Said another way, timing matters.

			Take the time you need to understand your business, the challenges, politics, and the other key strategic transformational programs in flight or about to launch. Align with your peers on any business functions and operations to ensure you have buy-in. Then, plan your launch. If you do not get this timing right, you will need to restart your program, and in my experience, that is a very difficult process, usually requiring a new leader.

			Why you should launch now

			There are a handful of reasons that lead to an organization’s investment in data governance. There’s no perfect time, but there are some common reasons:

			
					Regulatory: There are a number of regulatory reasons that may drive your company to implement a data governance program. In financial services, for example, large global systemically important banks (known as GSIBs) were required to comply with BCBS 239, which drove an earlier focus on data governance for risk reporting.

					Crisis: Data breaches are another common driver for data governance programs. This is especially true when companies do not have a good handle on where all their data is, how it’s classified, and/or are not confident they have properly secured it (you can’t secure what you don’t know about).

					Executive request: The C-suite has come to understand that they need more from data, and they are willing to fund a transformation to enable you to deliver against their needs.

					Business request: There is a critical and visible business need that is well-defined and funded.

					Experimental: The company wants to explore data capabilities and has set aside a funding pool to support experimentation in this space. You have the remit to use this funding to demonstrate the power of the possible.

			

			Why you might want to wait

			Finally, the willingness of executive management to celebrate quick, iterative wins that align around a long-term roadmap with adequate funding is critical. The program is not going to be successful overnight, and you must align with the fact that a long-term, sustainable, and data-centric culture requires iterative and ongoing investment and support. Ultimately, if the company does not understand what it wants and/or is not prepared to fund appropriately, you should not proceed in launching a wide-scale transformation to establish strong data governance. Here are some warning signs to watch for:

			
					Executive Request: The C-suite has come to understand they need more from data, but they do not understand what it will take to transform and get what you need to be a success

					Business Request: The business has a critical need, but they do not have it well defined, and there is no funding set aside for delivery

					Experimental: The company wants to explore capabilities but is unaware of what it will take to drive results

					Undefined: The company wants to establish a data and analytics function but does not follow through with forming a complete function

			

			The company cannot ever finish the job of data transformation. It is like exercise. Just like you can’t get in shape for one race and then claim you have become in shape for life and go back to sitting on the couch and expect to maintain the results. Take the time to secure support and funding for the program upfront. Your success and the company’s success depend on it.

			How to build your delivery timeline

			Once you have built the framing for your business case and you have decided what capabilities you need, you should come up with some options for a timeline and funding. I find it’s best to put forward three options for management so you can have a healthy discussion about what to do, how fast to do it, and how much the company is willing to spend to deliver.

			Option #1 – Your preferred timeline

			Start to build your optimal timeline. If what you need to deliver is up to you, and you can obtain adequate funding to do the work at a pace you feel is appropriate, what is that timeline? When will you release new capabilities? What will the company be able to do at each release?

			Option #2 – Fast and expensive

			Build an option that delivers more rapidly but likely has an increase in resourcing (the funding, headcount, or consultants’ involvement). This option gives a faster time to value but comes with the balance of an increase in costs.

			Option #3 – Slow and cheaper

			Finally, build an option that takes longer but will cost less. In my experience, this is often the option that is thrown out right away by executives. Once they decide to move forward with data, they want to see results. Having this option on the table demonstrates that you were thoughtful and considered all options, and although they are not your preference, you considered the expectations of others.

			You may also find that a combination of the options is created out of these review discussions. Be open minded. If management is putting forth their time and energy to review these options with you, this is a good sign. Listen to their feedback and be willing to come back with alternatives. Ultimately, you are aiming to receive support and funding; the more flexible you can be, the more likely you are to gain support.

			You now have all the framing and background you need to build your data governance program and start to put your business case together. As we explore the next several chapters, we will go deeper into each topical area, which will give you the detail needed to design a powerful data governance program that delivers excellent results for your organization.

			Conclusion

			Beginning a journey to establish data governance transformation in your organization doesn’t have to be difficult. It can take time, and requires support, but you can establish a strong data governance function for your organization. There are a few key steps that you should focus on as you embark on this journey, starting with identifying a data governance leader to own and sponsor data governance for your company, which will establish authority over the data governance function. You will also need to define what data governance means in the context of your company, through publishing a data governance policy (and standards, if needed). By carrying forward that policy implementation through establishing clear owners (e.g., data domain executives), establishing appropriate councils and committees, and writing a strong business case.

			As you proceed through the chapters of this book, I will walk you through how to drive data governance into the ethos of your company, first, by establishing a coalition of advocates. In Chapter 2, I will begin by explaining why a coalition matters, how to assess possible supporters, and how to gather broad support.
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			How to Build a Coalition of Advocates

			Arguably the most important part of launching a data governance program that drives impact is gaining support for your program. Given the velocity of data creation worldwide, the impact on company operations (positive when properly managed, not so positive when managed poorly), the degree of risk of data misuse and mismanagement carry, and the opportunity that comes with value creation, it is no surprise that data is a hot topic with staying power. In every company I have worked for, customers, employees, and peers across all industries are asking a very common and consistent question:

			How can we build trust in our data?

			The concept of trust is complex. You cannot buy it. You cannot snap your fingers and create it. It takes time to create and seconds to lose. What is interesting about applying the concept of trust to data is that users of data often presume the data is wrong and that they can’t trust it, especially when the data is not what they expected it to be. I often joke that “data is guilty until proven innocent,” and it is often the way data is treated in practice. As data practitioners, the burden falls on our shoulders to prove data is reliable and to drive trust. Our colleagues demand it. Our customers demand it. The burden is ours to bear.

			But it goes much further than “Is the data correct and trustworthy?” as our job reaches far beyond simply reporting. Chief Data and Analytics Officers (CDAOs) are truth-tellers, architects, engineers, and monetization leaders. Without the broad focus across capabilities, the role of a CDAO dilutes to reporting only. You will not build trust by being a reporting shop. Our job is to build trust across the organization not just in reports but in data solutions that impact business outcomes directly.

			In a recent study by McKinsey [1], it was determined that customers “consider trustworthiness and data protection to be nearly as important as price and delivery time.” It is no longer enough to be the most reasonably priced or have the highest quality delivery. Customers want to trust the company and believe their data will be protected appropriately while doing business, as well as after the transaction occurs. They want to trust you to care for their data well. The combination of the dramatic increase in the quantity of data and the customer expectation to care for their data well puts Chief Data Officers (CDOs)/CDAOs in the middle of the conversation about trust in a new and elevated way.

			No pressure.

			Historically, CDAOs have worked through the lens of risk reduction, operational efficiency, and/or increasing revenue. This focus and demand for a trust-first approach requires a new dimension of thinking and a new focus on expectations. How do we manage data well, at an ever-increasing scale, while meeting the expectations of customers, partners, and employees? How do you bring the company along on the journey to data governance excellence? How exactly do we build trust in data in this new world?

			It starts with you. We have to build trust with the people we do business with.

			In this chapter, we will cover the following main topics:

			
					Building relationships with impact

					Landing an executive sponsor

					Establishing feedback loops

					Key roles to support you

					How to gain the support of the masses

			

			Knowing that relationships are a core component of building trusted relationships and excellent data solutions, let's dive into how to build relationships with impact.

			Building relationships with impact

			Because data and analytics are a core tenet of any digital business, CDAOs have to take accountability for measurable results tied to business outcomes. You serve the company end to end and top to bottom. You have to build support from this perspective. Without getting too deep into the foundations of neuropsychology, the coalition of advocates you need to build trust in data must start with building trust in you. Your colleagues and stakeholders must believe that you can bring order to chaos. They must believe that you can drive this change. Ultimately, the relationships you build early in your program can either make or break your success. According to Gartner, “Culture and literacy are the top two roadblocks for data and analytics leaders.” (10 Ways CDOs Can Succeed in Forging a Data-Driven Organization, published May 22, 2019, Gartner.) These two terms “culture” and “literacy” are thrown around in the data industry constantly.

			Unpopular opinion: I don’t like either of them. Let’s explore this further:

			
					Culture is defined as “the customary beliefs, social forms, and material traits of a racial, religious, or social group” [2]. Thus, it’s not about creating a data culture; it’s about creating a culture where data is a foundational component of the culture of the company: a bias for data over opinion, and facts over feelings. It’s about making data a part of the everyday workings of the company – not as a separate “data culture,” but woven into the overall culture of the company.

			

			Data culture failures

			In my experience, when CDAOs push a “data culture,” they send a message that data is more important than other components of culture, and I wholeheartedly disagree with this approach. I have seen CDAOs fail by pushing this agenda. Instead, it’s far more effective to push the integration of data into the culture not as a separate initiative but as a part of the company’s DNA.

			
					Literacy is defined as “able to read and write; having knowledge or competence” [4]. Thus, the purpose of data literacy programs is to empower the company as a whole to be able to read and use data and have competence in data use; however, launching a program for data literacy also tends to fall flat. Instead, I recommend incorporating data into all programs (that is, policy training, compliance, and alongside technical training as a technical competence). Treating the general knowledge around data like other general competencies will make the learning feel more organic to the average employee, and creating focused training for the technical creators (for example, data engineers), makes this focus more natural for the company to adopt. Forcing the executive team to sit through “data literacy” programs/trainings is often off-putting at best and insulting at worst. Find a way to make this learning natural, and you will find the program to be more successful and welcomed.

			

			While some may suggest you need to create a data culture in your organization with force and formality, what I believe is more tangible, measurable, and appropriate: build trust. Through building trust, you will improve the overall data culture and increase data literacy. Don’t make the mistake of launching a “literacy” campaign or a “culture” program. Build trust through delivery, and the culture will come; data-driven decision-making will improve (for example, literacy). You must establish yourself and your team(s) as business peers to core business leaders, not simply internal service providers (SPs), driving tangible business impact.

			
					Trust is defined as “assured reliance on the character, ability, strength, or trust in someone or something; one in which confidence is placed” [3]. I would much rather focus on building confidence in data, in me, and in my teams’ capabilities and deliveries than focusing on literacy or culture. In my experience, focusing on building trust in data is a far more elevated and mature level of data governance than launching a literacy campaign. Is literacy a part of the program? Yes, of course, but it is simply one part of the program. One must focus on building a trusted data governance program, and literacy will follow.

			

			Therefore, for the purposes of this chapter and, furthermore, this book, I will focus on how to build trusted solutions that empower data-driven decision-making through the delivery of world-class data governance programs and solutions.

			Building trust

			As Anna Jankowska stated in Forbes:

			“Until you know the other party and their needs well enough, you will not be able to provide value. Your judgment may be biased and grounded in previous business experiences. Instead, you have to provide a totally objective and emotionally uninvolved perspective. Only then are you qualified to discuss their business needs and pain points and show them how your solution can enhance their performance.”

			Building trust one relationship at a time

			Building trust happens in each interaction you have with your stakeholders. They are not just looking for trust in the results – they are building trust in you to deliver those results. There are a few ways you can go about bringing the company on your journey to build trust in data. You could drive it as a compliance exercise (aka…the “stick” method), which is based on driving data governance activities because you “have to” do them. You could do it purely by incentive (aka…the “carrot” method), which is based on driving data governance activities through incentives. Or, you could build a coalition of advocates and drive data governance from all sides. The latter is by far the most effective and the method with the most staying power.

			This approach also shifts the burden off of only your shoulders and creates an environment where the whole company plays a part in the success of the program. In other words, it makes data governance a team sport. In this team of advocates, you are the team captain and ultimately accountable for the success (or failure) of the program, but you are no longer alone.

			A more traditional approach to onboarding into a new CDAO or CDO role would suggest you work with peers to gather information cross-functionally, across the organization. I have found this only gives you a filtered view of the workings of the company because you are working at a layer of management that receives a filtered view of the organization. A broader and more inclusive approach involves the following:

			
					Horizontal: Speaking with peers across the organization (yes – the traditional approach).

					Up: Speaking with your manager (maybe C-suite; maybe the CEO) and the Board of Directors.

					Down: Listening to your team (direct and indirect reports) to hear what is happening in your org and where your opportunities are within.

					Across: Talk to larger groups of individuals at all levels to get a well-rounded understanding. This may include groups of individuals working on a large cross-functional project or teams within another part of the organization. Be strategic about how you select these groups, but do sample across the organization widely to get a broad understanding.

					Out: Connect with vendors, consultants, and individuals who have left the company (including your predecessor, if applicable). Outside-in perspectives can help you learn what people are unwilling or unable to tell you.

			

			This well-rounded approach results in a broad group of people feeling engaged and willing to support you long-term. This group feels seen and heard and thus is more likely to support you and your team. Ask for recommendations and solutions. Stakeholders will feel like their input matters. Circle back to the broad group and share what you heard and what you did with their input. If you considered it and went a different way, that’s OK! Share it anyway. If you included it, show them.

			Additionally, I recommend you conduct 1:1 meetings, small groups, and larger group listening sessions to gather input. Some individuals are more comfortable 1:1, whereas others may prefer a larger group setting. No matter what models you use, establish trust and build rapport with the person or people you are meeting with. They need to feel seen and that you are truly listening to them.

			Identifying stakeholders

			While it’s tempting to dive right in and try to speak to everyone, I recommend starting with building a stakeholder map. This exercise will be grounding for you when it comes to measuring impact and success on an ongoing basis. Remember – not all stakeholders will hold equal prioritization. It does not mean they are not all important; they are. You will need to evaluate each one and work together to prioritize the most meaningful and impactful outcomes as you build your business case and strategy. Planning these interactions has a direct correlation to your chances of success in this role.

			Start by listing out your stakeholders into groups:

			
					Internal: Stakeholders who are employed by your company

					External: Stakeholders who are not employed by your company but have a relationship with the organization in some way

			

			When identifying the types of stakeholders in each group, consider who will be impacted the most based on whether your team and work are successful or if you fail. Additionally, you will need to prioritize these stakeholders as you build out your business case and delivery plan, so it’s important to get to a manageable level of granularity (too many, and it will be too much to track; too few, and you won’t be specific enough to define what you will do for each business group).

			In the next two tables, I will show an internal stakeholder and external stakeholder examples, to help contextualize the information above.

			Internal stakeholder groups – a banking example

			
					Individual contributors – tellers or analysts

					Managers – branch managers or credit managers

					Divisional leaders – community banking district leaders or credit risk VP

					Executive team – community banking executive VP or chief credit risk officer

					Board of Directors

			

			External stakeholder groups – a banking example

			
					Customers – checking account holders or loan applicant

					Partners – loan origination third-party vendor

					Vendors/suppliers – credit reporting agency (for example, Experian, TransUnion)

					Investors – stockholders

			

			As you consider your own organization, it can be helpful to model out the mapping by customer, partner, vendor/suppliers, and investors like the example above. However, the definition of external is broadening:

			
				
					
				
				
					
							
							Hint for success

						
					

					
							
							More recently, I have seen companies take a broader view with regard to external stakeholders. Some companies have started considering stakeholders such as the environment to define the duty they believe to have to support or protect the world. Depending on your company’s business, you may have additional internal and/or external stakeholders that make sense.

						
					

				
			

			For each group, identify what their most critical priorities are. Consider asking or researching the following:

			
					What is their role within the organization?

					Is their relationship generally positive or negative?

					How do they contribute or benefit from the organization?

					What does success mean to them?

			

			Start by building out your stakeholder map with these answers into a table or template that you can refer to as you build out your business case and deliver against your program. There are a number of formats you can use, but a template such as this can get you started:

			Internal stakeholder groups

			
				
					
					
					
					
					
				
				
					
							
							Group

						
							
							Role

						
							
							Health Status

						
							
							Contributions and Benefits

						
							
							Measures of Success

						
					

				
				
					
							
							Individual contributors

						
							
							Deliver against company plan via individual performance plans

						
							
							Positive

						
							
							Compensated by hourly, salary, perhaps healthcare and financial benefits (401k, and so on)

						
							
							Employee satisfaction survey

							Voluntary attrition/ turnover rates

						
					

					
							
							Managers

						
							
							Manage individual contributors’ delivery against company plan

						
							
							Neutral

						
							
							Compensated by salary, commissions healthcare, and financial benefits (401k, and so on)

						
							
							Customer satisfaction score

							Sales target % attainment for the product under management

						
					

					
							
							Divisional leaders

						
							
							Manage division/area

						
							
							Positive

						
							
							Compensated by salary, performance bonus, healthcare, and financial benefits (401k, and so on)

						
							
							Customer lifetime value (CLV)

							Aggregated sales target % attainment for product line

						
					

					
							
							Executive team

						
							
							Manage entire business units (BUs)

						
							
							Negative

						
							
							Compensated by salary, performance bonus, stock options/grants, healthcare, and financial benefits (401k, and so on)

						
							
							Sales attainment % for all products

							Customer Satisfaction Scores (CSATs)

							Sales funnel contributions by marketing

						
					

					
							
							Board of Directors

						
							
							Recruit, supervise, retain, evaluate, and compensate the CEO (including succession planning)

							Oversee the strategy of the organization

							Establish a governance system for the company

						
							
							Neutral

						
							
							Cash and stock; expense reimbursement

						
							
							Stockholder elections for public companies; appointment by private companies (varies)

						
					

				
			

			Table 2.1 – External Stakeholder Group Example

			Internal stakeholder groups – a banking example

			
				
					
					
					
					
					
				
				
					
							
							Group

						
							
							Role

						
							
							Health Status

						
							
							Contributions and Benefits

						
							
							Measures of Success

						
					

				
				
					
							
							Individual contributors: tellers

						
							
							Serve customers in bank branches; teller drive through line

						
							
							Neutral

						
							
							Hourly employees (tellers); salary employees (teller supervisors)

						
							
							# of accounts opened / week >= 25

							Time to serve <= 4.3 minutes/ customer

						
					

					
							
							Managers:  branch managers

						
							
							Manage a single bank branch

						
							
							Positive

						
							
							Salary; performance bonuses, non-financial benefits (for example, health insurance)

						
							
							# of accounts opened / week >= 250

							Customer retention >= 90%

							Cost to serve reduction of 10% in 6 months

						
					

					
							
							Divisional leaders: community banking district leader

						
							
							Manage a district of bank branches (with many branches)

						
							
							Neutral

						
							
							Salary, performance bonus, healthcare, and financial benefits, stock grant (401k, and so on)

						
							
							Improve cost to acquire customers by 10% YOY

							Improve average time to close complaints by 2 minutes/ complaint YOY

							# of accounts opened/week >= 2,500

						
					

					
							
							Executive team: community banking executive VP

						
							
							Sets strategic direction and delivers success of the community banking division of the company

						
							
							Positive

						
							
							Salary, performance bonus for meeting goals, stock options/grants, healthcare, (401k, and so on)

						
							
							Improve operating cash flow from the banking division by 10% YOY

							Improve revenue by 5% YOY

							Reduce customer complaints by 10% YOY

							Reduce expenses by 10% YOY

						
					

					
							
							Board of Directors

						
							
							Recruit, supervise, retain, evaluate, and compensate the CEO (including succession planning)

							Oversee the strategy of the organization

							Establish a governance system for the company (committees, approving policies, and so on)

						
							
							Positive

						
							
							Cash and stock

						
							
							Retention of CEO

							Company strategic plan attainment

							Reelection of board members

						
					

				
			

			Table 2.2 – Internal Stakeholder Group Example

			As you work to identify and define your strategy, you need to answer the following question: How will you enable your stakeholders to achieve their goals through building trust in data?

			Building a stakeholder map

			To begin to identify and align outcomes for your program, start by building a stakeholder map. A stakeholder map is an evergreen document that you should build together with your team. The map identifies all stakeholder groups that you will be supporting and/or are already supporting. I recommend making this stakeholder map available for your team. You may also want to open it up to your stakeholders for transparency, alignment, and ongoing quarterly business reviews.

			Getting started

			To begin to make a stakeholder map, start by defining the purpose of the stakeholder map so that you and your team members are grounded on why the map is important and why it will matter in the future. One simple statement you can leverage is, “The purpose of this stakeholder map is to identify who we are serving, what their objectives are, how we are enabling their success, and our measures of success in delivering for them.” To create the stakeholder map, gather the following inputs:

			
					Company strategy

					Company organizational chart

					Current portfolio of work

					Any existing measures of success, key performance indicators (KPIs), or objectives and key results (OKRs) in support of key deliverables for each stakeholder

			

			After you have these items gathered, you can start to build out the map with the details, starting first with a template.

			Building the map

			Next, build a template for this exercise. Any simple table can support this. I’ve seen great stakeholder maps built into a presentation, in a spreadsheet, or on virtual whiteboarding software. The format is less important than the content, so be flexible with the means and focus on the end result. If your team has a preference, lean in.

			An example template could look like this:

			
				
					[image: Figure 2.1 – Stakeholder map template]
				

			

			Figure 2.1 – Stakeholder map template

			As you work with your team and your stakeholder groups, you will begin to understand the stakeholder’s priorities in rank order of importance. You will then identify what you will do or what you have done to support that stakeholder and the target business results that your team has or will deliver.

			An example for the sales division could look like this:

			
				
					[image: Figure 2.2 – Stakeholder map example: sales division]
				

			

			Figure 2.2 – Stakeholder map example: sales division

			Once you have created the map, you will want to share and maintain the map with your stakeholder.

			Maintaining the map

			As you work with the chief revenue officer (CRO) or head of sales, use this format or one like it to anchor your ongoing one-on-one meetings. Ask the following questions:

			
					Have your priorities changed? Have any new priorities emerged?

					Are these priorities still aligned with what you need from my team? Is there anything missing?

					Do these solutions still meet your needs? Are there any additional features or capabilities that you would like to see?

					Do these target business results make sense? Are they what you expect from us? Are they ambitious enough? Not enough?

			

			Finally, as you deliver against these solutions, you can add a fifth column, for actual results. Then, you can ask a very important follow-up question:

			Are we aligned on the measured business results? Do you agree that my team provided this impact on your team’s success?

			If the answer is no, ask additional questions from a place of curiosity. A suggestion that has worked for me in the past: What isn’t sitting well or doesn’t make sense as written? Are you willing to dig into this with me? I’d really like to get this right for you. The reason this works well is it’s not defensive; it’s from a place of true partnership. You are showing your stakeholders that you are committed to getting this business result right, not just in the delivery but in the measured business result. Ideally, you want your stakeholders to tell others what you did to enable their team, and they need to believe it as much as you do.

			The case for building trust in data

			According to Gartner, “only 23% of respondents to Gartner’s Fifth Annual CDO Survey indicated that they defined and tracked metrics to measure the value delivered by data and analytics to stakeholder outcomes.” (Tie Your Data and Analytics Initiatives to Stakeholders and Their Business Goals, published June 9, 2020, Gartner.) I see this day after day both inside the companies I have worked in and for peers. Most commonly, I see measurements that are about the immediate stakeholder:
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			Figure 2.3 – Value chain to immediate stakeholder

			For what it’s worth, you’re not alone. Data teams across industries and information technology teams both struggle with telling the ultimate value story. There are what I would call “traditional” data value metrics that matter for your data team. Data teams must go beyond basic metrics (that is, the percentage of improvement in data quality) and dive into stakeholder-impacting metrics.

			For example, when delivering a propensity-to-buy model (that is, the likelihood of a customer buying a specific product), a data team often measures the time savings they created for the organization by implementing the model, meaning how much time was saved by the business from calculating the model manually, versus implementing an artificial intelligence (AI)/machine learning (ML)-driven model produced by the CDAO office’s data science team. While this measure of success is a strong one (time savings of manual work versus model use almost always results in a positive investment story), it is not the ultimate measure of success. The account executive within the sales team is recommending more appropriate solutions based on the model created by the CDAO team. This real-life example provides the end customer with a felt impact.

			Unfortunately, when data teams focus on their first-degree stakeholder (sales operations) we fail to see the ultimate impact of our work (sales teams and the customer), and lose out on the following:

			
					Measurement of the value added to the enterprise	Increased revenue
	Time savings
	Increased customer value



					Critical feedback loops from end users	Sales teams
	Customers



					Customer intimacy required to drive solutions that matter	Better measurement of buying behavior and ultimately increase sales
	Better recommendations
	More relevant sales
	Increased customer satisfaction
	Lower churn rate/customer attrition



			

			To capture the full breadth of the impact, you must work more broadly, and work towards the ultimate stakeholder, as depicted below:
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			Figure 2.4 – Value chain from data office to business and to customer

			In reality, the impact is much more significant. You should measure more specifically by determining the following:

			
					How much did revenue increase?

					How much productivity did the sales team save, by being able to rely on this model?

					How much did customer satisfaction scores shift by being sold products that they actually want?

					How much did customer trust increase?

			

			Nearly every company fails to translate this into tangible, measurable, customer-impacting results. What will the business gain? Why do it? Who benefits? By how much? Why? Who cares? Success for CDAOs must be tied to stakeholders’ strategic, critical priorities. This mindset will help you as you work towards securing an executive sponsor.

			Landing an executive sponsor

			Before you begin to deliver wide-scale initiatives, you must identify and secure an executive sponsor. An executive sponsor is a single individual who will be providing top-down support for your program. Over the next several pages, I will share how to identify an executive sponsor, what makes a great sponsor, who else needs to support you, and finally, how to bring the entire company along on the journey.

			To gather support, the most effective place to start is from the top down in your organization. Ideally, you should seek to obtain full support from the entire C-suite. However, you do need at least one (ideally at least two) C-suite member(s) who will serve as your executive sponsor(s). Executive sponsors differ from other executives in that they will be more hands-on in your overall data governance work and should help you navigate gaining support across the organization, including obtaining funding. If you are new to your organization, executive sponsors may also help you understand how to navigate the organization, what underlying politics may exist, and identify who makes investment decisions, and ultimately, prioritization decisions.

			Without an executive sponsor, gaining momentum and funding may be much harder. In my first few data transformations, I personally experienced much stronger headwinds when we did not obtain the support of the right executives at the right time. While we ultimately ended up with a program that achieved our goals, it took much longer to gain momentum and support. This ultimately had a cascading effect on our ability to make measurable progress quickly.

			Identifying and assessing sponsors

			One of the best ways to identify an executive sponsor is to find an executive who has data governance needs that are preventing their success from coming to fruition. In Chapter 1, we discussed conducting deep listening sessions to identify needs across the organization. Now that you have those needs identified, thoroughly review which executive leaders have the most significant and urgent needs that you can solve with data governance solutions. The result is your best possible executive sponsor.

			Why business sponsors make the best sponsors

			When it comes to finding a sponsor for data transformation, your best bet is to find a highly motivated business sponsor. Business sponsors are motivated because they have business needs. It sounds simple, but it is a simple driver that is often overlooked. The first thing to do is to evaluate their business strategy and identify opportunities for you to drive results for them within their business strategy through data solutions.

			In the preceding section, I shared how to rethink how to identify the ultimate impact of your results. The ultimate internal stakeholder group (meaning the group you impact with your future delivery) makes the best candidates because they see, feel, and can measure the results of your data solutions. We will get into how to measure results more specifically in Chapter 5.

			Use case – technology company

			In one of my first roles in data, I had a big adjustment: learning to position a data solution without a regulatory driver. Although regulation can feel like a burden, it can also be helpful in driving change. During one of my earlier data transformations, I had to learn to position a data investment based on business needs exclusively.

			Previously, I had been in the role of driving regulatory compliance, which required specific data solutions to be implemented. In this new role, I had to identify (clearly) what the business needed, why they needed it, and how I would measure success, and I had to do this all prior to securing funding.

			While the solution was consistent (Master Data Management (MDM) platform), the positioning was completely different. In the technology company, I worked closely with the marketing division and Chief Marketing Officer (CMO) to define how we would master contact information for leads and what an improvement in master data contacts would mean for their business success. Therefore, the CMO became one of the business sponsors for the program. Additionally, we identified cost savings, and as a result, the Chief Accounting Officer (CAO) served as the other sponsor. Together, we proposed a solution, secured funding, and measured ongoing success throughout a 12-month delivery timeline.

			Once you’ve identified opportunities to drive business results for your potential business sponsor, you should sit down with them and explain in business terms what data solutions you can deliver to help them achieve business success. You will need to articulate what you will do, how you will deliver it, what it will cost, how long it will take, how you will measure success, and the outcome that they will realize in business terms. We will spend more time in Chapter 5 articulating how to craft these measurements.

			Ultimately, business sponsors who believe you will drive business results for them will sponsor you. They have significant business needs, and when you help them win, you win. Additionally, when you drive success for them, they will tell your success story. The best success is one that your stakeholder tells on your behalf, so you should ensure they are fully bought into your delivery and that you empower them with outstanding results worth bragging about.

			
				
					
				
				
					
							
							Hint for success

						
					

					
							
							Make sure your measures of success go beyond “vanity metrics” of increased data quality and time or cost savings and truly measure business impact. While improving data quality, saving time, and lowering costs are all valuable, translating to business impact takes these results a step further.

							For example, if you improve the quality of your contact data, as in the preceding use case, it’s far more valuable to articulate what the business was able to do because the quality of the contact data improved. In this example, we measured the improvement of the contact data (which was >40% higher quality) and what that meant to our marketing division. What it translated to was a higher-quality pipeline, which had a measurable impact on marketable contacts and a measurable increase in sales. We could specifically quantify how many dollars of additional revenue were created because of our implementation. Now, that was a data solution that got the entire C-suite talking.

						
					

				
			

			Why your sponsor is not your CIO

			A common mistake in alignment in many organizations (irrespective of industry) is for the Chief Information Officer (CIO) to become the de facto sponsor for the CDAO and data governance programs. There are four clear reasons why your CIO cannot be your primary sponsor:

			
					Your CIO is your partner.

					Your CIO is your enablement team.

					Your CIO may be working against you.

					Your CIO has their own challenges with the business.

			

			The primary reason why your sponsor is not your CIO is simple: your CIO is your delivery partner. They are one of your most critical partnerships in the entire organization, but not as a sponsor. Both a CDAO and a CIO have a common sponsor: the business. The very best sponsors are the businesses that you serve, together. Your CIO is there to enable you. When it comes to implementing the technology behind your data solutions, your CIO is there to help you be successful. Additionally, the CIO is there to enable your businesses to be successful. This is why you may also run into challenges with your CIO. They may have an incentive to deliver directly for the business instead of for you.

			Unfortunately, you may find that their CIO could be actually working against you, because of this dynamic. If it comes down to prioritization, your CIO may be biased to deliver directly to the business instead of for you in service of the business. This is why it’s critical that the CIO works with you to prioritize appropriately with the business to ensure alignment enterprise-wide. Ideally, the CDAO, the CIO, and the business would sit down together to prioritize and align on priorities, measurable outcomes, and a plan for how to resolve issues when they arise.

			
				
					
				
				
					
							
							Hint for success

						
					

					
							
							While the CIO is not the most effective place for a CDO to report to, it is one of the more common structures. If you find the CDAO reporting to the CIO, it becomes even more critical to have strong business sponsorship in the event prioritization becomes a risk to the data governance program’s success.

						
					

				
			

			Characteristics of a great sponsor

			If not the CIO, who should be your sponsor? The answer is the business leader who believes in you. So, how do you identify a great sponsor? It comes down to a few key factors:

			
					They challenge you: A great sponsor will challenge you in many ways, but primarily, they will challenge you to define success in business terms that matter to them. You will be required to define the problem you are solving, not only in data terms but in business results that impact the business as a whole.

					They force you to dig deeper: When you propose solutions, they will challenge you to make your business case stronger, more relevant, and aligned with corporate strategy in ways you wouldn’t or couldn’t see for yourself.

					They define ultimate impact: Your sponsor should have a well-established reputation for defining success in terms of the ultimate impact on the success of the company. They should help you to understand how to position the impact of your solutions in a manner that the company will understand so that you can communicate the ultimate impact of your solutions in a way that is culturally appropriate and will garner support.

					They have CEO sponsorship: The best sponsors are aligned with and supported by the CEO.

					They are on the C-suite: The sponsor you select needs to be a direct report to the CEO to ensure adequate sponsorship at the top of the organization and to ensure the CEO is involved in conversations about data governance.

			

			Now that we’ve covered what makes a good sponsor, let’s dig into how to build a great business case to help secure the sponsor you desire.

			Building a business case to land a sponsor

			As you deeply listen to your stakeholders, including your potential executive sponsor, this is the time to take all of those problems and needs that they share with you and craft them into a business case for your program. I would recommend you start with the executive sponsor’s area of responsibility and define this as one of your key focus areas (that is, data domains). This data domain can become your pilot that will allow you to draft your enterprise data strategy and simultaneously deliver on a data domain’s needs.

			Key components

			Key components of a strong business case include the following:

			
					Value proposition/objective

					Business outcomes that are specific and measurable

					Value chain creation to demonstrate where and when you will deliver value

					Timelines and key milestones

					Key partners, roles, and structures required to support delivery

			

			There are several pros to this approach, which include being able to demonstrate delivery of meaningful business-valued solutions, securing quick and meaningful wins, and being able to adjust your enterprise data strategy iteratively as you deliver for this data domain. By focusing on this domain, you are able to balance learning the ways the organization operates, developing meaningful feedback loops for your solutions to deliver iteratively better, and you can build trust with your presumed executive sponsor so that they feel confident standing behind you in delivering enterprise-wide data governance.

			Depending on the size, scale, and quality of your team, you may be able to launch a second domain and deliver for your secondary executive sponsor (we will talk about the team in Chapter 3). However, it is far better to execute with quality in one area than in multiple areas with anything less than high-quality results. This is even more important when you are new to an organization and are working to establish your personal brand and credibility and working to align the company behind your strategy. Be cautious about overpromising and under-delivering. This is the fastest path to exit a company quickly.

			CDOs have alarmingly short tenures. According to Harvard Business Review, the reason the CDO role churns so quickly is a combination of high expectations and low ability to deliver, given the complexity of the challenge ahead of them. Further, they are in high demand, making experienced CDOs a target for external recruiting. Having worked in three Fortune 500 organizations, I can attest to having personally witnessed a high turnover rate for the CDOs I have worked with, and as a CDO myself.

			Key learning

			The objective here is to optimize for impact and timeline. High impact, delivered too slowly, and the CDO will run out of time to make a difference before the expectations of their performance fade. Low impact delivered quickly, and the credibility of the CDO is in question. The goal here is to find a high-impact area where you can make quick and visible progress. Choose wisely.

			The business-case format matters far less than the content. I have seen great business cases exist in slide presentations, as documents or memos, and be recordings or videos. The most important part is the information contained within the business case. Working closely with your executive sponsor and their direct team members, you should craft a very powerful why statement. Why do you need to deliver the data capabilities included? What will you do? What will the results be? And, finally, what will be different in terms of the business once the capabilities are implemented? Your business results are not “implemented a data catalog;” they are very specific to what the business can do once the data catalog is implemented. It may be most important that the company standardizes on common business terms enterprise-wide. The outcome is aligned business terminology; the capability is the data catalog. This delineation is critical to your success.

			Finally, I recommend your business case is kept evergreen. As you learn and deliver, do not be afraid to come back to your original business case and make edits based on what you learn throughout your journey. The executive sponsor should be willing and able to spend the time needed to ensure complete alignment of the business case content prior to any launch. I recommend you start by aligning the executive sponsor’s direct reports first, and then when you go to the executive sponsor for final sign-off, you have already obtained the alignment of their team.

			A very successful business case I wrote was structured as an approximately 10-page memo that was built by my enterprise data team, with inputs from sales operations, sales, marketing, operations, IT, and legal/compliance. The business case was built over approximately 10-12 weeks and ultimately presented to our transformation committee for funding and approval. The format is of lesser importance than the content, but what worked well in this example was the following:

			Example business case for data program

			The following outlines what a business case for a data program might include:

			Title of program

			Executive sponsor [C-suite member]

			Business sponsor [CDAO; in this case, me]

			
					Background and context	Objective
	Key solutions
	Measurable outcomes from the program in the form of KPIs/OKRs



					Organization of work into delivery tracks	This named the tracks and provided the scope for each and what success would look like from a capability’s perspective
	We delivered a simple summary visual that explained the drivers, the programs contained within the business case, and the outcomes



					The near-term measurable outcomes that the business would benefit from in the next 6-9 months

					Our needs from the committee

					Breakout by track:	What it was
	Clear capabilities delivered
	Why it matters
	Outcomes for the track
	What had been done to date, before formalizing it into a program
	Key near-term milestones
	What is needed for the track
	Measurable KPIs/OKRs we committed to delivering for the track



					Link to further resources:	Program landing page
	Detailed roadmap
	Training programs about data transformation



					Program overview slide embedded in the document for easy reference

			

			For each quarterly update to the committee, we returned to this format and simply updated it to reflect the progress and any wins beyond what we committed to, as well as any misses. We clearly articulated how far we were in delivering against our KPIs/OKRs and revised transparently and openly when we needed to adjust. In driving our program in this manner, we set a precedent not just for how data can be measured in terms of value but also in how seemingly “difficult to measure” programs can, in fact, measure results in terms the business can understand. It put credibility into the data team and was one of the biggest changes I made: that of trust in data.

			
				
					
				
				
					
							
							Hint for success

						
					

					
							
							Unpopular opinion: don’t try to convert the “hostile” or openly dissenting stakeholder. In my experience, executives who are not supportive have their reasons. You could spend countless amounts of energy attempting to convert them to your “side.” However, it is usually fruitless. My best advice is to show, not tell, them what good looks like. Deliver a capability that helps them, and they will come around in time.

						
					

				
			

			A note on translating to business outcomes

			To be successful, you must translate your work into business outcomes. Because of the importance of this component, and that in my experience, it is the reason a CDAO succeeds or fails, we will spend an entire chapter on this topic to ensure you are empowered with all the information you need to craft meaningful business outcomes for your success and that of your team. Chapter 5 will focus on this topic exclusively.

			Establishing feedback loops

			As you deliver the right capabilities for your executive sponsor, it is critical that you continue to meet with them during your delivery. Since you should be creating the enterprise data strategy while you are delivering for your executive sponsor’s domain, you should hold at least quarterly enterprise data committee meetings to share progress, prioritize additional needs of the company, and garner additional support from the rest of the domain leaders. One of the biggest mistakes you can make is meeting at the wrong frequency. There are two extremes to consider:

			
					Meeting too often, without meaningful updates or progress to share

					Meeting too infrequently, and the committee does not remember what you committed to deliver and loses interest

			

			It is your job to find the right audience and the right frequency to match your enterprise needs. I recommend quarterly meetings at first unless there is a great deal of urgency (for example, regulatory commitment, sanction, or another crisis). You can adjust as the members of the committee desire. Ask for feedback and continue to adjust as needed.

			There are a few signs to watch for which indicate you might be on the wrong pacing for meeting with your enterprise data committee and executive sponsors:

			
					Your membership shifts: If you find that your meeting starts to get delegated to lower levels of the organization, this is a signal that your members are not finding your meetings meaningful and have pushed them to their team members.

					You get requests for off-cycle meetings: If you find that your members are asking for information off-cycle or in between meetings, you may need to meet more frequently.

					There is silence: If you find there is little to no participation or no questions off-cycle at all, you may not be providing relevant information, or your members may not understand what you are trying to communicate with them.

			

			If any of these (or all) are true, I recommend you ask for feedback as soon as possible from your committee members. These are all signs you need to make changes regarding the frequency and/or content you are sharing with the group. If the membership has shifted, you may need to do a series of 1:1 meetings with your members to re-engage them and ask them to return to future cycles of the meeting. You likely have one additional chance to re-engage them before they stop coming for good.

			Assuming all is going well with your pilot data domain and executive sponsor, you may be able to launch a second data domain on a slightly staggered start date. A word of caution: do not start a second data domain unless you are very confident you have strong support from the company and the delivery of the first data domain is going very well. Even then, it is critical that you maximize quality over quantity. It is far better to execute well with one domain than to deliver against two with mediocre results.

			Key roles to support you

			As a part of your delivery plan, for your first data domain, I recommend you spend the appropriate time aligning on roles and responsibilities between your team (the business of data), the technology team (the technology of data), and the business team (the data domain). This can be accomplished by working with the executive data domain leader’s team, the CIO (or their delegate), and your team. Working together to define what you are responsible for versus what the data domain is responsible for versus what the IT function is responsible for upfront will enable better teamwork as you get into delivery together.

			You will also need to establish a strong relationship with your finance business partner to assist you in managing the appropriate budget for your program, as well as the talent team (sometimes referred to as HR or recruitment) as you build out your team, which I will describe in Chapter 3 in more detail. There are various other functions that you may need to engage with depending on the size and scale of your own organization. Regardless of size and complexity, I recommend identifying all the parties you need involved and what you need from them or what they may need from you throughout your program:

			
					CIO: While they are not your executive sponsor, they are a critical member of your support team. The CIO is critical to your success because their team will ensure you have appropriate systems and tools, as well as engineering staff, to drive the implementation of platforms and data management tooling and ensure your solutions have adequate infrastructure to successfully deliver on your commitments.

					Chief financial officer (CFO): The CFO makes an excellent supporting/secondary sponsor but is also the supporter you need to secure funding. It’s paramount that you bring your CFO along on your journey, explaining what you are proposing, the value (in decreased costs, decreased/managed risks, increased revenue, time savings, and so on), and key timelines. They will be able to help you navigate how to secure funding, who needs to support you, and what their role will be in allocating funding.

					General counsel/chief privacy officer (CPO)/chief information security officer (CISO): These key roles will be outstanding partners for you in driving requirements (that is, must-do activities to maintain legal and security protections for the company). They serve as independent and excellent supporters because they need you. For example, these three leaders must know what data the company has, where it is located, and how it is classified so that they can adequately protect it. Between these three leaders, you will need to develop a comprehensive list of requirements to support the legal needs of the company and what is required to secure the company’s data.

					Chief people officer (CPO)/head of HR: Your CPO or head of HR is another critical partner in your success. This leader will help you structure and hire your team, re-organize team members into your function from other parts of the business, and build ongoing talent management support. Often, they will assign an HR business partner to align with your organization. Work with this leader directly, but occasionally stay connected with the CPO to ensure they are fully aware of what is working well and how your team’s priorities are progressing. They can help you identify key talent in the broader company looking for new challenges that may be a great fit for your team.

					Business leaders: Business leaders run divisions of the company and are your ultimate stakeholders. What you deliver for the company is to enable them to achieve results. You should build strong relationships with each business leader, as described previously. Further, ensure you are reporting progress back to them by showing them results your team drove for the entirety of the business. You need their vocal support for your program. In some companies, business leaders can also allocate a budget to support your efforts.

			

			Your executive sponsor should sponsor you to present early and regularly at your company’s most executive forum. Some companies refer to this group as the C-suite, the executive leadership team, or perhaps e-Staff (for executive staff). It may contain only the CEO’s direct reports or it may include additional roles, depending on the CEO’s preferences. I recommend having your executive sponsor set the stage for you, explaining why they have decided to play a role in your success and what value they believe you can bring, and endorse your program before they introduce you. This will grab the audience’s attention so that they are focused on your presentation. Return to the forum regularly to share wins, adjustments, and impacts that you achieve.

			The executive leadership team may also want you to present at the Board of Directors meetings, depending on the state of data at your organization and the importance of the issue. I highly recommend presenting to your board if the opportunity is presented. They can be incredible supporters and can ensure the CEO supports you. As a board member myself, I often ask questions about data presented in board packets and that management is using for decision-making.

			How to gain the support of the masses

			With the amount of data doubling by 2026 and the increased demand for a trust-based approach, it’s critical we approach building our programs through that same lens: one where trust comes first. To build trust with the entirety of the organization, you need to show them they can trust you through your delivery. We previously discussed the importance of the enterprise data committee, which is critical for executive support. In addition, you should create forums and communication mechanisms to keep excitement and energy up about what you are doing to transform the company.

			I recommend setting up a forum that does not have a restriction on the “who” or “how many” people attend. A broad and open forum is a great place to show what has been done versus telling what has been done. As you build capabilities, providing a demonstration as to what has been delivered and how the masses can start to take advantage and use the capabilities is how you will start to show your delivery and gain trust. Remember – you do not gain trust by talking about what you will do; you gain trust by showing what you did. Trust is built on actions, not talk.

			Anchor your communications on a very basic model: What will the average employee be able to do upon delivery that they can’t do today? Why does that matter? The answers to these two basic questions are your message. Be clear about this, specific, and with a strong bias for their lived experience in your company.

			Make your progress transparent. Use internal wikis, electronic newsletters, and even short video clips to tell the masses what is happening and how delivery is progressing. Using a tool such as Confluence® to post key information about your transformation (such as your business case!), the roadmap, recent accomplishments, links to key artifacts (such as business requirements and technical requirements), as well as metrics will save you time in having to hold meetings every time someone has a question.

			The preceding steps in which you bring together the power of a supportive executive sponsor, your enterprise data committee, and stakeholders enterprise-wide through forums and written communication is creating the energy that will carry you through the data governance transformation. It’s your responsibility and honor to unite the masses in this way. Very few programs have the ability or the interest to unite this broad community in the way you can, by building trust in data. The cornerstone of the entire coalition is relationships. Invest early and often to drive the results you desire.

			Conclusion

			Building a strong relationship with stakeholders is a critical component of any data leader’s success. As you think about building an entire network of supporters, be laser focused on which one or two would make the best sponsors. In this chapter I shared what makes a great sponsor, how to build a strong business case to secure a leader as your sponsor, and why a CIO is a great partner, but not your best selection for a sponsor. As a result of this chapter you should now be able to:

			
					Build relationships with the executive team and key roles at all levels of the organization.

					Identify at least one, ideally two, executive sponsor.

					Write a compelling business case for your executive sponsor’s data domain.

					Establish feedback loops and communication mechanisms.

					Communicate with the enterprise to gain the support of the masses.

			

			As we pivot now into Chapter 3, where we walk through how to build a high performing team to drive success for your company, remember what your sponsor needs, and how you might build a great team to impact your sponsors desired outcomes. Chapters 2 and 3 can be executed concurrently, and both topics take time to complete. The best time to get started on both, is right now.
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			Building a High-Performing Team

			Establishing a high-performing data governance team is a critical and long-term investment in the success of the company’s use of data. By reading this chapter, I assume you are looking to build a high-performing data governance team and/or create an entire data and analytics function. Ultimately, your success will depend on the team you assemble to deliver excellent, high-quality impactful solutions for your organization. Given the scarcity of talented data professionals, this is the second most critical indicator of your success; that is, hiring the best possible talent you can afford for your company (the first being able to set and measure what success is, as I covered in Chapter 2, How to Build a Coalition of Advocates and Chapter 5, Define Success & Align on Outcomes).

			Depending on your company’s unique situation, you may encounter a few different scenarios that have led to your need to build a team. You might be the first hire for data and have to build an entire team from scratch. You could have been brought in to bring together disparate teams across your company to unify them under your leadership. Or, you could have inherited an entirely intact existing team in need of a transformation. No matter which situation you find yourself in, the performance of the team sits firmly on your shoulders from the moment you walk in the door.

			In this chapter, we will discuss what roles matter and why, how to structure the team for success, how to implement the right routines and rhythms, and how to grow talent both within your team and across your company. As you might have assumed, establishing a high-performing data governance team is a critical and long-term investment in the success of the company’s use of data. Chief Data and Analytics Officers (CDAOs) and offices of the CDAO only began to be established in 2002 (first, at Capital One), and as recently as 2012, only 100 CDAOs existed globally. However, in the last few years, the number of CDAOs has grown to over 152,000, according to LinkedIn data. The role of Chief Data Officer (CDO) is much more common, with 67.9% of major companies reported to have appointed a CDO, up from 12% in 2012. With demand for CDAO roles emerging at a rapid pace and the salary of these specialists rising to match demand, the return on investment (ROI) of these roles is under constant scrutiny. It is critical for the success of the office of the CDAO to build a high-performing team quickly, efficiently, and with effective measures of value.

			We will cover the following main topics:

			
					Optimizing for outcomes

					Three common data organization models

					What roles are needed

					AI considerations

					How to structure the team for results (and why)

					Building the rhythm of the business of data

					Functional roles

					Talent development

			

			Optimizing for outcomes

			As you set out to design an organizational model and operational model for how your company will deliver data management and analytics outcomes that matter, you must begin with the end in mind. You are not building a single department; you are building a data-empowered enterprise. Long before you begin to design an organizational model, you must define what capabilities you need to deliver. The capabilities are a major outcome of the conversations you held when building your coalition of advocates out of the process outlined in Chapter 2, How to Build a Coalition of Advocates.

			Use case

			In one of my previous companies, there was a large and critical focus on the quality of data used in reporting. As a result, much of our data strategy was anchored on one major capability: rearchitecting the data infrastructure to drive a streamlined and curated data ecosystem that could produce high-quality reports with a high degree of reusability of common data elements that fed these reports. This ensured common data elements were reliable and of high quality. It was a clear and focused plan based on a specific outcome that the company organized and optimized around.

			As a result, the largest portion of headcount was focused on creating authorized provisioning points, ensuring we had a comprehensive and reliable data lake and that we deployed strong data governance across all environments. Analytics and data science were combined into one leader, whereas the data management components were broken out and reported directly to the CDAO due to the importance of these capabilities and the low maturity level. This allowed for more direct oversight and focus of the CDAO over data management since that was our major investment and focus area.

			Common outcomes

			There are endless combinations of outcomes that a data and analytics team may be focused on at any given time, with new focuses emerging all the time. At the time of this writing, generative artificial intelligence (GenAI) has taken the forefront of much of the innovation space, and thus, the emergence of the importance of high-quality data is moving back to the top of the CDAO agenda. The important consideration is, as we discussed in Chapter 2, How to Build a Coalition of Advocates evaluating company strategy to ensure that what you are prioritizing is supporting the needs of the business. The following are 10 common outcomes expected from establishing a high-performing team that have held throughout my data governance experience:

			
					Improved decision-making: A high-performing data management team enables faster, more accurate decisions by ensuring the data that is relied upon is accurate, up-to-date, and easily accessible.

					Increased efficiency: By establishing clear protocols and processes for data entry, storage, and retrieval, a high-performing data management team minimizes time wasted on searching for data or correcting errors, thereby increasing organizational efficiency.

					Data security: They ensure that sensitive data is protected, compliant with relevant regulations (such as the General Data Protection Regulation (GDPR), the California Consumer Privacy Act (CCPA), and so on), and only accessible to authorized individuals.

					Enhanced data quality: They implement data validation and cleansing processes to maintain the high quality of data, reducing the risk of decisions made based on erroneous information.

					Scalability: A well-organized data management team prepares for the future growth of an organization, making sure data infrastructure is scalable and can handle an increased amount of data as the company expands.

					Improved customer experience: By managing customer data effectively, the team can help other departments in personalizing the customer experience, predicting customer needs, and promptly responding to inquiries or issues.

					Innovation and insights: High-performing data management teams can aid in identifying patterns and trends within data, leading to new insights that drive innovation and strategic planning.

					Data literacy: Such a team can also help improve data literacy within the organization, equipping employees with the understanding and skills needed to use data effectively in their roles.

					Regulatory compliance: Good data management ensures that the company is compliant with industry standards and regulations related to data privacy and management, preventing potential legal issues and penalties.

					Cost savings: Proper data management can lead to significant cost savings over time. These savings could come from improved efficiencies, reduction in errors, or preventing expensive data breaches and non-compliance penalties.

			

			You can use this list of outcomes as a part of the justification for pulling a data team together. If you need a jumping-off point, select ones from this list that make sense for your business needs. You should customize areas of need, add new outcomes, and delete ones that do not apply.

			Defining core functions

			Up until this point, we have spent time defining data governance and exploring how to build outstanding partnerships, and now, the harder work begins. As the leader, your job is to take these inputs and start to shape your team. As there are an unlimited number of combinations of how to arrange data professionals into a team, I will walk you through some common patterns to get you started. Don’t be afraid to deviate based on the needs of your company. Key questions to consider are the following:

			
					What are your core capabilities going to be?

					What will the team’s priorities be?

					What is urgent and requires immediate attention versus what can wait?

					What do I, as the leader, need to be most engaged in? What do I need to stay closest to?

					What gaps in talent do I have within the team that may impact who needs my time and attention over others?

			

			The answers to these questions will help determine which models make the most sense to drive the structure of your team. We will explore three foundational options for designing the data function and the pros and cons of each. As you continue to review these options, do not get hung up on which model is a perfect fit. A perfect fit does not exist. These organizational designs are templates to leverage for your team design.

			Incorporating product management in organizational design

			More recently, data governance teams and analytics teams have made an intentional shift to adopting core product management principles in data capability delivery. This shift has captivated companies both large and small due to the overwhelming benefits seen by focusing on doing fewer small, one-time deliveries, with a focus on long-term, sustained deliveries in lower quantity but higher quality.

			Just as product management in the software development world focuses on creating and maintaining successful products, data product management involves treating data as a valuable asset and developing a strategic approach to its organization and utilization. Here’s how you can incorporate product management in your organization design:

			
					Identifying stakeholders and their needs. Just as in product management, understanding the needs of stakeholders is crucial in data organization design. Data organizations should identify the various teams, departments, and individuals that interact with data and gather their requirements. This helps in aligning data solutions with the specific needs of end users.

					Defining clear objectives and goals. Data product management involves setting clear objectives and goals for data initiatives. This could include improving data accessibility and accuracy or enabling data-driven decision-making. By defining these objectives, data organizations can stay focused on what needs to be achieved and measure their success.

					Prioritizing data initiatives. Similar to how product managers prioritize features and enhancements based on business value and user impact, data organizations should prioritize data initiatives based on their importance and potential impact on the organization’s goals. This ensures that resources are allocated efficiently.

					Iterative development and agile practices. Adopting iterative development methodologies and agile practices in data organization design enables continuous improvement. This approach allows data teams to iterate on their solutions based on user feedback, adapt to changing requirements, and respond to emerging business needs effectively.

					User-centric design. Just as product managers focus on creating user-friendly products, data organizations should prioritize user-centric data design. This means providing data in a format that is easy to understand and use for end users and designing data solutions with the end-user experience in mind.

					Data documentation and communication. Effective product management involves clear documentation and communication. Similarly, data organizations should document data definitions, data sources, and data lineage, making it easier for stakeholders to understand and use the data effectively.

					Performance measurement and metrics (yes, data about data!). Data product management requires measuring the performance of data initiatives against set goals and KPIs. By tracking metrics related to data usage, data quality, and data accessibility, data organizations can continuously assess their performance and make data-driven improvements.

			

			By adopting these product management principles, data organizations can ensure that their data infrastructure is aligned with business objectives, delivers value to stakeholders, and remains adaptable to evolving requirements in the dynamic world of data. As we explore common data organizational models in the rest of this chapter, I will pull through the concept of product management such that we incorporate these principles into our organizational design.

			Three common data organization models

			The roles you need should be determined by what you need to achieve. Truly, there are endless possibilities for how an organization could and should structure its team for success, and only you can design the right team for your unique situation. However, in the following pages, I will outline four types of data functions you may need to lead and suggest a few different organizational structures that will enable the four types to deliver successfully. It is your job, as the leader of the data function, to select which of the four types is appropriate for your organization’s objectives.

			Establishing the office of the CDO

			Regardless of your company’s data and analytic needs, organizations should have at least a small, central function. I will refer to this central function as the office of the CDO. Depending on your organizational structure selected, you may have a larger size and scoped office or a smaller size and scoped office. Ideally, this central office of the CDO will be responsible for setting the expectations, policies, and standards that the organization will adhere to. At a minimum, the central function will own the responsibility for setting these requirements and should also be responsible for implementation and ongoing monitoring of compliance.

			Without establishing a central function that holds responsibility for requirements, implementation of the requirements, and ongoing monitoring of compliance, the various business units (BUs) will be left to their own requirements, implementation practices, and ongoing monitoring, which will result in inconsistencies in how data is managed as a company. If an organization wants to manage data well, it must establish this central group at a bare minimum. To maintain objectivity and remove bias in the policies and monitoring practices established by the office of the CDO, the leader of the Office of the CDO should report to as neutral of a location in the company as possible.

			Federated data office model – office of the CDO

			If a narrowly defined centralized office of the CDO is defined as outlined previously, the requirements set by this office will need to be implemented by the respective BUs. This model is “federated,” whereas the office of the CDO does the bare minimum, and the BUs and respective corporate functions (for example, finance, sales, R&D) must do all the implementation work. In this model, divisions may or may not have divisional CDOs in place to drive the requirements within the respective divisions. They may also be empowered to design and implement their own capabilities to comply with the office of the CDO’s enterprise policies:
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			Figure 3.1 – Office of the CDO in the federated model

			This model empowers the BUs and corporate functions to create capabilities that are needed for their own needs but makes it difficult to connect the capabilities together for an enterprise-wide view of data. Often, organizations begin with a model such as this, which favors the needs of each BU/corporate function without taking into account the enterprise and often necessitates a rationalization effort once data efforts become prioritized and more formalized.

			To develop policies and standards, the office of the CDO should create an enterprise data council or enterprise data committee. This group should be chaired by the CDO and should comprise leaders from all major BUs and corporate functions. The requirements outlined in the policy should be approved by the enterprise data council/committee, published to the organization, and adopted by the BUs and corporate functions. Any tooling required to enable policy compliance should also be centrally maintained by the office of the CDO. Any policy exceptions or violations should be transparently monitored and reported to the respective BU or corporate function head, as well as to the CDO and the enterprise data council/committee.

			Semi-Federated data office model – BUs and corporate functions

			As BUs and corporate functions establish leaders to be accountable for policy and standard implementation within their divisions, each application, data asset, and service should be classified against the data domain model. The data domain model establishes a data steward for that asset, application, and/or service. The data steward is ultimately responsible for ensuring that asset, application, and/or service is managed in compliance with policies and standards set forth by the office of the CDO through the enterprise data council/committee and that the assets, applications, and/or services are used appropriately for their intended use:
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			Figure 3.2 – BUs and corporate functions’ responsibilities in the semi-federated model

			Maturing and empowering through the hub and spoke model

			A second model, the hub and spoke model, is designed such that the implementation of policies and standards may be through what is referred to as a hub and spoke model, whereas the central group provides the expectations, policies standards, and capabilities, and the spokes (the BUs and corporate functions) of the hub and spoke model drive the implementation down into the depths of the organization. Certainly, there are considerations for the type of business you’re in, the regulations you may need to adhere to, as well as the size and complexity of your organization.

			Hub and spoke model – Office of the CDO

			The primary difference between the hub and spoke model and the federated model is that implementation activities fall firmly on the spokes or BUs and corporate functions in this model. In this model, each BU or corporate function may also have a divisional CDO, as with the federated model. While seemingly one significant difference exists in the federated model versus the hub and spoke model, this difference is significant because the heavy lifting of data governance is not in defining what needs to be done but actually in delivering capabilities to the business via the adoption of central capabilities by the business. The major benefit of the hub and spoke model is the standardization of capabilities across the organization, which enables consistency across the company:
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			Figure 3.3 – Office of the CDO in the hub and spoke model

			Hub and spoke model – BUs and corporate functions

			This model shows how the BU or Corporate Functions should be designed:
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			Figure 3.4 – BUs and corporate functions in the hub and spoke model

			Driving consistency through the centralized model

			In the centralized model, all responsibilities sit within the office of the CDO. This model is effective when there are large disparities between maturity across the organization, there are significant issues that require remediation, or the company is seeking to maximize consistency or cost savings in the short term. If your organization finds itself fully centralizing data and analytics, I urge you to advocate for this to be a short-term (12-24 months) solution, with the goal of moving to a hub and spoke model upon immediate remediation efforts being achieved. Long-term, the fully centralized model separates data stewards from their BUs and corporate functions, which erodes subject-matter expertise and decreases the effectiveness of the data steward over time.

			Ideally, when centralizing, this allows all BUs and corporate functions to come together to take advantage of one another’s expertise, rapidly adopt the capabilities enabled through the office of the CDO, and then push back out to the spokes of the hub and spoke model to manage data optimally across the organization long-term.

			Centralized model – office of the CDO

			The following diagram shows how the Office of the Chief Data Officer could be designed for a Centralized Model:
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			Figure 3.5 – Centralized model of the office of the CDO

			How to select the right model for your organization

			I have had the opportunity to drive data transformation within three Fortune 500 organizations (to date), and I can confidently say this: no company manages data perfectly. While some do a better job than others, ultimately, the best model is the model that drives progress, maturity, and overall usage of insights to run your company or organization.

			In my experience, companies usually try a few models (if not all of them) over time, until they find one that works well for their situation and/or corporate culture. If your company has yet to establish any data requirements or capabilities, I recommend starting with establishing an office of the CDO with a small starter team to first build the business case for data (see Chapter 2, How to Build a Coalition of Advocates for a deeper focus on building the case for data) and working toward the hub and spoke model over time, as functions buy into the outcomes for data maturity.

			However, if your organization has some capabilities that are inconsistently implemented and you have major issues either with data quality, the appropriate use of data, or trust in your data insights, it may make sense to bring your data and analytics professionals together into a central team to drive consistency, rigor, and improve trust in your data function, capabilities, and output.

			Lastly, if you have general support for your data initiative, strong leaders embedded in the BUs and corporate functions, and are looking to lift overall maturity, adoption of capabilities, or further strengthen the current state, the hub and spoke model is your best option. In my experience, the hub and spoke model is the strongest for lasting success when, and only when the central office of the CDO is also strong, well established, and appropriately funded (meaning staffing, tools, capabilities).

			What roles are needed

			The roles needed in an office of the CDO vary depending on the size and complexity of the organization. The CDO plays a critical role in helping organizations make better decisions by providing them with access to high-quality data. They also help organizations to comply with data privacy regulations. Therefore, the first role we will establish and define is that of CDO. The CDO is unlikely to be the first hire for data in an organization.

			Most often, there are team members who exist and may even be excelling prior to the hiring or establishment of the CDO. Usually, some kind of organizational moment (a crisis, a need to make a shift toward using data, a realization that the company is failing to make timely decisions) has happened, which drives the hiring of a data executive. There are usually data professionals in a company ahead of this hire. They usually are not organized in a central function, or they are centralized but with lower-level professionals. As we structure the function, I am going to start top-down in defining the roles and structures of this function and begin with the CDO, but recognize they are often not the first role that exists.

			CDO versus CDAO

			The CDO is ultimately accountable for the success or failure of the company’s use of data. The responsibility is distributed, but ultimately, the CDO is the individual who sets the vision, mission, and objectives for success in using and protecting data, as well as steering the company’s data initiatives. Successful CDOs are true partners to the business, understand their needs and strategies, and enable their business partners with solutions that add measurable value to their success.

			At the time of this writing, most industries now have an established CDO. What varies is the scope of this role. To help you get started in either agreeing to the scope of your role as the leader of a data function or to help you write a job description for your organization’s CDO, I have shared a summary that you can start with and customize as you see fit.

			The key is to ensure that the individual hired for this role can navigate the C-suite, create value from data exploitation, and enable business outcomes through data solutions. While some companies do not use the “chief” designation in the title of the role, I strongly believe it does matter, as it brings credibility to the rest of the C-level employees as a critical executive in the company.

			Summary of CDO role

			The CDO will oversee the management of their information assets, with a focus on establishing and ensuring adherence to a framework of data governance policies, standards, and practices, both at an enterprise and group level, with a goal of achieving a desired level of consistency and quality commensurate with business needs and outcomes. This individual should possess a balance of technical skills, business acumen, and people skills to navigate the technical and political hurdles of managing valuable corporate data assets.

			Key responsibilities are the following:

			
					Defining a data strategy

					Sponsoring enterprise data councils, committees, and working groups

					Ownership of data policies

					Driving data integration for mergers and acquisitions (M&A) activities

					Oversight of data initiatives

					Data governance and quality

					Generating business value from data

					Ensuring data availability

					Master data management (MDM)

					Designing and implementing data architecture

					Managing data infrastructure and platforms

			

			The following diagram depicts how the Chief Data Officer’s team could be structured:
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			Figure 3.6 – Organizational model for CDO

			Some organizations refer to their top data leader as a CDAO. Sometimes this is synonymous with CDO, and sometimes it is not. A CDO in one organization may be responsible for both data management and data analytics, whereas, in other organizations, a CDO may only have responsibilities for data management. I have been a CDO in both definitions. Less commonly, a chief analytics officer (CAO) may also be established. The title is less important between CDO or CDAO than a definition and clarity of the responsibilities of the role. What’s important is to know in terms of what your organization refers to as the top data leader is what their scope of responsibility includes and that BUs and corporate functions are aligned. For the purposes of this book, I will use CDO to refer to an organization where analytics is not a part of the organization and CDAO to refer to an organization where analytics is included.

			Summary of CDAO role

			The company is seeking an experienced CDAO to lead the company’s data and analytics vision and strategy. In this role, you will be responsible for assessing the current state of the company’s data and analytics ecosystem, collaborating with both business and technical leaders to design and implement a truly best-in-class strategy that will support the company’s near- and long-term vision.

			You will build and lead a centralized data and analytics team focused on governance, data management, analytics, and data science.

			Responsibilities include the following:

			
					Establishing data and analytics as a first-class, standalone function (for example, centralized)

					Defining the overall data and analytics vision and strategy for the company

					Together, with functional and business leaders, communicate the data strategy and North Star architecture, data infrastructure, and tooling for the organization at large

					Collaborating with security to define a data access strategy that protects and enables the democratization of data enterprise-wide

					Defining and driving critical data use cases to generate/unlock revenue opportunities, maximize operational efficiencies, and reduce risk

					Optimizing customer experiences and enabling higher-quality decision-making enterprise-wide

					Attracting, retaining, and upskilling/reskilling key expertise across data, analytics, and AI

					Providing subject-matter expertise on data, analytics, artificial intelligence (AI) partnerships, investments, and M&A activities

			

			Data management roles

			For the data management portion of the CDO/CDAO Office, there are four core sub-functions I recommend: data governance, data solutions, data engineering/architecture, and data operations. You may also want to supplement your leadership team with roles such as deputy CDO (exactly what it sounds like), chief of staff, and/or program manager. Depending on the size of your company and your team, you may have other roles you need to add as well. Let this be a suggested set of functions but not a comprehensive list. You may need specialized leaders based on your industry needs.

			The most important hire when establishing a data function, and often underappreciated, is the data governance and strategy leader. This leader will be responsible for bringing together the critical mass of data professionals across your organization, defining the company strategy alongside the CDO, and be the individual principally responsible for rolling it out across the organization. This leader will also build out a team that will be responsible for managing the enterprise data council/committee and communities of practice, driving data literacy programs, and monitoring compliance with the policies and standards they will set for the company. Without this person in place, it will be extremely difficult to set expectations for the company to measure. In Chapter 4, Baseline the Organisation we will talk more about how to measure maturity, and ideally, the data governance and strategy leader will also measure the maturity of the organization, and you will need them in place to execute the content outlined in Chapter 4, Baseline the Organisation.

			Summary of a data governance and strategy leader

			The data governance and strategy leader is responsible for setting data strategy, in partnership with the CDO, and developing and implementing data governance policies and procedures across the organization.

			This includes developing a data governance framework, identifying and classifying data assets, and establishing data quality standards. The data governance leader will also work with BUs to ensure compliance with data governance policies and procedures.

			Responsibilities include the following:

			
					Developing and implementing data governance policies and procedures

					Identifying and classifying data assets

					Establishing data quality standards

					Working with BUs to ensure compliance with data governance policies and procedures

					Conducting data audits and assessments

					Developing and delivering data governance training

					Managing the data governance program

			

			The following qualifications are required:

			
					10+ years of experience in data governance

					Experience with data modeling, data warehousing, and data analytics

					Experience with data quality management

					Experience with data security and compliance

					Excellent communication and interpersonal skills

					Strong analytical and problem-solving skills

					Ability to work independently and as part of a team

			

			Data solutions leader

			The second hire I would recommend is the data solutions leader. This leader may also be called a data management solutions leader, data enablement leader, or something similar. The role may also be split across roles such as metadata leader, data quality leader, and master data leader. This leader and/or sub-function is responsible for enablement of data capabilities for the company. They should set the requirements for the capability, work with the IT department to select the proper tooling for your company’s needs, and work with BUs and corporate functions to use the tooling in alignment with policy and standards set by the office of the CDO. The leader will also ensure that the office of the CDO uses these capabilities properly for any data that it is directly accountable for (that is, what’s commonly known as master data; more on that in Chapter 10, Master Data Management).

			Summary of a data solutions leader

			The data solutions leader is responsible for delivering data management tooling for the company. This includes developing and implementing product management processes, as well as working with cross-functional teams to ensure the success of data management initiatives.

			The ideal candidate will have a strong understanding of data management principles and technologies, as well as experience in product management. They will also be able to effectively communicate with and manage stakeholders across all levels of the organization.

			Responsibilities include the following:

			
					Developing and implementing product management processes for data management tooling

					Working with cross-functional teams to ensure the success of data management initiatives

					Developing and maintaining relationships with key stakeholders

					Staying up to date on the latest data management technologies and trends

					Contributing to the development of the company’s data management strategy

			

			The following qualifications are required:

			
					5+ years of experience in data management

					3+ years of experience in product management

					Strong understanding of data management principles and technologies

					Excellent communication and interpersonal skills

					Ability to work independently and as part of a team

					Ability to manage multiple projects simultaneously

					Strong analytical and problem-solving skills

					Attention to detail

			

			Information architect

			The third hire I recommend is an information architect. The information architect is responsible for providing the company with accessible information. Ideally, this individual will design the way in which information is available for consumption through the architectural design of systems, solutions, and insights. This role is most effective when brought into the early stages of major programs, to ensure the company’s data needs are designed as an equal capability to process, finance, and so on. Often, data isn’t included until the later stages of major programs, which makes the opportunity to enable the company through transformation harder. Your broader data architecture team will also play a key role in designing data movement across the organization to ensure data flows are optimized and support the broad needs of the company.

			Summary of an information architect

			The information architect is responsible for the design and implementation of the company’s data architecture. The ideal candidate will have a strong understanding of data modeling, data warehousing, and data governance. They will also have experience with product management and be able to work with cross-functional teams to design and deploy data-driven solutions.

			Responsibilities include the following:

			
					Designing and implementing the company’s data architecture

					Developing and maintaining data models

					Creating and managing data warehouses

					Implementing data governance policies

					Working with product managers to design and deploy data-driven solutions

					Analyzing data to identify trends and opportunities

					Staying up to date on the latest data technologies

			

			The following qualifications are required:

			
					5+ years of experience in data architecture

					Experience with data modeling, data warehousing, and data governance

					Experience with product management

					Strong analytical and problem-solving skills

					Excellent communication and interpersonal skills

					Ability to work independently and as part of a team

			

			Data engineering leader

			As you are hiring the roles outlined previously, as a priority, it would be useful to begin hiring or centralizing data engineering professionals. Data engineers are often a bit easier to hire compared to the aforementioned roles; however, there is still fierce competition for excellent data engineers, especially with specific skill sets in emerging technologies or niche areas such as master data, where there is a shortage of deeply experienced talent. Data engineers are responsible for engineering solutions within your data team and for use across the company. Your data engineering team may also create curated and trusted datasets or views that can be consumed across the company. Often, data engineers are responsible for building APIs, data exchanges, and broadly moving data across your organization.

			Summary of a data engineering leader

			The data engineering leader will deliver data engineering capabilities for the company. In this role, you will be responsible for leading a team of data engineers in developing and maintaining our data infrastructure. You will also be responsible for working with product managers to understand their needs and develop solutions that meet those needs.

			Responsibilities include the following:

			
					Leading a team of data engineers in developing and maintaining our data infrastructure

					Working with product managers to understand their needs and develop solutions that meet those needs

					Designing and implementing data pipelines and data warehouses

					Developing and implementing data quality and governance policies

					Monitoring and optimizing data performance

					Staying up to date on the latest data engineering technologies

			

			The following qualifications are required:

			
					5+ years of experience in data engineering

					Experience with big data technologies such as Hadoop, Spark, and Hive

					Experience with data warehousing technologies such as Redshift, Snowflake, and BigQuery

					Experience with data visualization tools such as Tableau, Power BI, and Looker

					Experience with product management methodologies

					Excellent communication and teamwork skills

					Strong analytical and problem-solving skills

					Ability to work independently and as part of a team

			

			Data operations leader

			Finally, the data operations team is responsible for running day-to-day operations within the team and may be responsible for managing errors, manual movement, or matching of anomaly data or unmatched records in your master data platform. Ideally, the data operations team may also cover data remediation, which is the correcting of data issues. In many data transformations, there are times when data must be remediated in larger batches or groups to prepare for data migrations to new platforms. The data operations team can provide this service for the company.

			Summary of a data operations leader

			The data operations leader is responsible for developing and executing the company’s data operations strategy. This includes designing and implementing data pipelines, managing data quality, and ensuring compliance with data governance policies. The data operations leader will also work with cross-functional teams to develop and implement data-driven solutions.

			Responsibilities include the following:

			
					Developing and executing the company’s data operations strategy

					Designing and implementing data pipelines

					Managing data quality

					Ensuring compliance with data governance policies

					Working with cross-functional teams to develop and implement data-driven solutions

			

			The following qualifications are required:

			
					5+ years of experience in data operations

					Experience with data warehousing and data lakes

					Experience with data quality and data governance

					Experience with big data technologies

					Experience with SQL and Python

					Excellent communication and interpersonal skills

					Strong analytical and problem-solving skills

					Ability to work independently and as part of a team

			

			AI considerations

			At the time of this writing, AI has become the topic of almost any conversation related to data. Most data practitioners, like myself, are excited about the potential that AI has to offer but also want to see governance applied to AI practices. Data professionals are in higher demand than ever due to the data governance needs to support AI. The top questions include the following:

			
					How do I ensure that the underlying data set used to train AI is appropriate?

					How are prompts protected? Are they retained?

					How do we protect intellectual property (IP; for example, source code) if entered into an open source AI solution?

					How is my data protected?

					How are GenAI products being trained? What happens to the data?

					How do we ensure that input and output are handled ethically and in accordance with our company values?

			

			There is so much to be defined around AI, and the pace of change is only increasing. Many organizations are looking to their CDO to help define what they should do to establish appropriate practices around data use in AI and machine learning (ML). It is appropriate for you, as the data leader for your organization, to be responsible, and urgent for you to prioritize this area. With the expectation of oversight on the horizon by regulators across the globe, it’s critical that data leaders are a part of ensuring the company defines governance and ethical use practices for how data is used for ML and, specifically, for large language models (LLMs) to be defined as a priority.

			On the other hand, you may also consider how you might use AI to drive excellence in your data solutions. This topic is complex and emerging rapidly. I encourage you to look into these areas as new opportunities to leverage AI emerge. Key areas to consider are the following:

			
					Data quality: AI can be used to improve data quality by identifying and correcting errors, inconsistencies, and missing values. This can help to ensure that data is accurate and reliable for decision-making.

					Data privacy: AI can be used to protect data privacy by anonymizing or pseudonymizing data and by implementing access controls. This can help to ensure that data is not misused or disclosed to unauthorized individuals.

					Data security: AI can be used to protect data security by detecting and preventing cyberattacks and by implementing data encryption. This can help to ensure that data is not lost, stolen, or corrupted.

					Data compliance: AI can be used to ensure data compliance with regulations by identifying and remediating compliance risks. This can help to ensure that organizations comply with applicable laws and regulations.

			

			It is important to note that AI is a rapidly evolving field, and the considerations for AI in a data governance team will continue to change as AI technologies develop.

			How to structure the team for results (and why)

			While we are focused on the data governance and data management portions of the team in this book, I do want to spend just a moment on the analytics side of the team structure. Candidly, I believe there are an infinite number of ways to structure the analytics side of the house, as you can read further in John K. Thompson’s book, Building Analytics Teams (an excellent book for anyone looking to drive excellence in analytics). There are a few ways to optimize analytics that I have leveraged in my own teams. In all cases, it is based on the business outcome I have been aiming to optimize for.

			First, if you are internally focused, aimed at driving operational excellence, aligning top-of-the-house metrics, or simply supporting internal operational functions, a simple single team may be your best bet. I have consolidated analytics teams under a single analytics leader in cases where we are optimizing for the company’s internal needs. Second, if you are focused on improving products and engineering therein, I would recommend aligning the analytics teams by BU. For example, if you have a software and a hardware BU, divide your analytics team into a software analytics team and a hardware analytics team. The upside is your teams are now intensely focused and aligned with the business area they support, learn the drivers deeply, and can optimize for their stakeholders. The downside is you must personally be the connective tissue across these two teams and ensure alignment, as well as where the two teams need to come together for success.

			Alternatively, depending on your business, you may also be intensely focused on the customer (and I hope that you are, regardless of business). This focus on external stakeholders (marketing, sales, customer success) may result in individual analytics teams for sales, marketing, and CXS, or a single team focused on customer analytics. In all cases, you should optimize for the outcomes you are aiming to solve and not be afraid to adjust as your priorities change. When you stand up your team, you may have burning needs that must be addressed urgently; optimize for those by structuring your team accordingly. However, as you mature your function, do not hesitate to adjust. The one constant, after all, is change.

			Building the rhythm of the business of data

			As you organize your team, another priority you must address early on is establishing the rhythm of the business of data. In all of the data programs I have led, I have underappreciated the importance of this early on and have had to learn from the consequences. While you are coming into your role and listening to the business, your team, and working on your strategy, your team is still working on…something. It is critical that you get your arms around what is happening within your team while you are working with your peers and senior executives to understand the priorities of the company and for the future of your team.

			I recommend assigning someone on the team the task of building an inventory of the programs, projects, and business-as-usual (BAU) work that is occurring across your organization. A program leader or chief of staff is a great person to tap into to lead this effort. In my experience, program management is often not the priority of data leaders, and thus, I have yet to step into a data leadership role where this existed clearly and comprehensively. If you have this in your team, you are off to a great start. If you don’t, get to work on identifying what the team is working on, and do it quickly. The sooner you can get your arms around the outcomes the team is already working on, the sooner you can identify quick wins and optimize the team for success.

			As a part of this program management exercise, I recommend you set up a routine forum to review the business of data portfolio. You should ideally be getting regular updates on what the team is working on, progress made, stakeholder results (note: not data results, but what the stakeholders you serve are experiencing from the work of your team), issues and risks, and upcoming milestones. Does the team need your support to move forward? Are there barriers to success? This insight will also help arm you headed into executive stakeholder meetings so that you are not caught off guard as you are working to form relationships. You may want to establish a business of data program review for this purpose, on at least a bi-weekly basis. As you are getting up to speed in your role, you may ask each of your direct reports to set up a time to brief you more comprehensively on their portions of the program so that you can get a deeper dive before moving into the regular routine of review.

			As you start to bring together key leaders across the organization, to manage data (as a team sport for the company), you should establish a few forums to continue to keep the key stakeholders actively engaged for the purposes of supporting data outcomes for the company. You will end up with a few different forums to do so, and I will provide a sample charter for each that you can leverage to get started.

			Enterprise data committee

			As you begin to engage with executive peers, invite them to join you in the enterprise data council or committee. As discussed in Chapter 1, What is Data Governance? and Chapter 2, How to Build a Coalition of Advocates this forum serves as the uniting function for your data domain executives. This forum also serves as a great place to prioritize initiatives, ensure the right funding is allocated to the right data programs, and ensure that issues that arise have the appropriate visibility and prioritization for remediation by your data operations team or data leaders across the company as appropriate. This group should influence and approve the company’s data strategy and corresponding transformation. A curated summary of the business of data program may be a useful view to share with the council either as an appendix to materials or shared in offline updates.

			Sample charter for enterprise data committee

			Purpose

			The data governance committee is responsible for developing and implementing a data governance framework for the organization. This framework will ensure that data is managed effectively and responsibly and that it is used to support the organization’s strategic goals.

			Importance

			A data governance framework is important for several reasons. First, it helps to ensure that data is accurate, complete, and consistent. Second, it helps to protect data from unauthorized access, use, or disclosure. Third, it helps to ensure that data is used in a way that is compliant with laws and regulations. Fourth, it helps to improve the quality of decision-making by providing access to reliable and relevant data.

			Key representatives

			The data governance committee should include executives (C-suite leaders) from all areas of the organization that use data, including the following:

			
					Information technology

					BUs

					Legal

					Compliance

					Human resources

					Finance

			

			Key roles and responsibilities

			The data governance committee is responsible for the following:

			
					Developing and approving a data governance strategy

					Overseeing the implementation of the data governance strategy, policies, and frameworks

					Monitoring the effectiveness of the data governance framework, based on information reported by the CDO and enterprise data council

					Making recommendations for improvement to the data governance framework

					Sponsoring education and training employees on data governance

					Reporting on data governance activities to the CEO and Board of Directors

					Meeting schedule

					The data governance committee will meet quarterly.

			

			Communication plan

			The data governance committee will communicate with employees through a variety of channels, including the following:

			
					Email

					Intranet

					Town hall meetings

					One-on-one meetings

			

			Evaluation plan

			The data governance committee will evaluate the effectiveness of the data governance framework on an annual basis.

			Enterprise data council

			The council can be a forum ahead of vetting and reporting out to the C-suite in your organization. While some members of the C-suite may sit on your enterprise data council, others likely do not. Thus, ensuring that the right information is shared with the right individuals is a key component of your communication plan. Previewing information for the C-suite with the council is helpful in that: you can obtain feedback from the council ahead of presenting the C-suite, and, you can task council members with garnering support for your enterprise programs with their managers, often on the C-suite.

			Sample charter for enterprise data council

			Purpose

			The data governance council is a cross-functional group of senior leaders responsible for setting the strategic direction and overseeing the implementation of data governance at organization name. The council will develop and implement policies and procedures to ensure the effective management of data across the organization.

			Importance

			Data is a critical asset for organization name. It is used to make decisions, develop products and services, and improve operations. Effective data governance is essential to ensure that data is used in a responsible and ethical manner and that it is protected from unauthorized access and disclosure.

			Key representatives

			The data governance council will include representatives from the following departments, typically 1-2 levels below the C-suite member they support on the data governance committee:

			
					Information Technology

					Legal

					Finance

					Human resources

					Marketing

					Sales

					Operations

			

			Key roles and responsibilities

			The data governance council will have the following key roles and responsibilities:

			
					Developing and implementing data governance policies and procedures

					Overseeing the implementation of data governance initiatives

					Monitoring data quality and compliance

					Resolving data governance issues

					Recommending prioritization across data domains

					Educating and training employees on data governance

			

			Reporting structure

			The data governance council will report to the data governance committee, which is the highest-level body responsible for data governance at organization name.

			Functional roles

			Functional data roles are the people within a BU or corporate function who are responsible for managing and using data. They include the typically thought-of roles of data analysts, data scientists, data engineers, and data architects. They also include governance roles that define data accountability, such as business data stewards, technical data stewards, and data operations leaders.

			Functional data roles are essential for any organization that wants to make effective use of data. They help businesses to understand their data, identify trends, and make better decisions.

			In a large organization, there may be multiple functional data roles within each BU or corporate function. The specific roles and responsibilities of functional data roles will vary depending on the organization and the industry. However, all functional data roles share a common goal of using data to help the organization achieve its goals. Functional data roles are a critical part of any organization that wants to be successful in the digital age. By using data effectively, organizations can improve their decision-making, increase their efficiency, and create a competitive advantage.

			For every data domain (the logical grouping of like data; for example, sales, marketing, product, and human resources), accountability should be defined in three key ways:

			
					Executive accountability through an executive data domain leader

					Business of data accountability through a business data steward

					Technical data accountability through a technical data steward

			

			You may have noticed I did not say “owner” and instead used “accountability.” Utilizing terms such as “data trustee” or “steward” drives behaviors that the individual named is simply accountable for ensuring the data is cared for appropriately for the use of others. This is a very different mindset than that of “ownership,” which implies an environment where there is no sharing. The sole purpose of data management is to care for data and to use it for its intended value. Ownership creates barriers to achieving this purpose and thus is not recommended. Data is an enterprise asset and should be treated as such. The stewards are in place to ensure it can be used as just that—for the enterprise.

			Executive data domain leader

			An executive data domain leader is a senior executive, often a C-suite member for medium-sized organizations, or, in larger organizations, a -1 from the C-suite, who is ultimately accountable for ensuring that data within their data domain is managed appropriately, that the team complies with the expectations of the CDO, including the data strategy, data policies and procedures, and any supporting frameworks. They are also responsible for data sponsorship within their domain and ensuring funding is appropriately secured for domain-specific work.

			The executive data domain leader is responsible for appointing business data stewards and technical data stewards to manage the day-to-day care of data assets in their domain.

			Business data steward

			A business data steward is responsible for ensuring the quality, accuracy, and consistency of data used by a business. They work with business users to understand their data needs and then develop and implement data governance policies and procedures. They also monitor data quality and identify and correct any issues.

			These leaders are often in BUs and/or data domains and may be responsible for a large quantity of data assets or just a few. While a data domain must have at least one business data steward, they often have many.

			Technical data steward

			A technical data steward is responsible for the technical aspects of data management, such as data modeling, data warehousing, and data integration. They work with IT professionals to develop and implement data management solutions. They also monitor data quality and identify and correct any issues. These leaders are often in the technology department and/or within business IT functions and may be responsible for a large quantity of data domains or just one. While a data domain must have at least one technical data steward, they could have many. The variance comes down to the size and complexity of your respective company.

			In short, a business data steward focuses on the business side of data management, while a technical data steward focuses on the technical side. However, they are close partners and should work as such to ensure data is managed well as an enterprise asset.

			Talent development

			Finally, the last, yet critical component of building a high-performing data practice at your company is managing talent. I would be remiss not to take a moment to discuss how to manage data talent effectively. In all of my various data roles, there has been some level of challenge in finding and recruiting the best possible talent. Nearly every company is hiring data talent, and thus, ensuring that you are both hiring for your near-term needs while also ensuring you are building a talent pipeline for the long term is equally as important.

			Recruiting talent

			As a leader, one of the best ways I’ve found to recruit talent is to be visible. By engaging in public speaking opportunities at local universities, mentoring high school students, and/or participating in local technology organizations, you can get to know the talent emerging in your market. You and your leadership team should be aware of high-quality emerging talent before you need them. Be mindful of the schools and organizations you work with so that you can ensure you are looking at talent from a broad and diverse perspective. Offering internships is a great way to work with emerging talent ahead of hiring the individual full-time.

			Growing the pipeline of talent

			There are non-traditional ways to grow your data talent pipeline that I have also had success with. First, consider rotations within your team across disciplines, but also with the business. Consider rotating your team members out into the businesses they support (along with someone from the business coming into your team) for a period of time agreed to with the business. Do you risk losing your team members permanently in the business? Yes – however, this may also place more data-literate individuals into the business who can become champions for your team and the work you do. This is still a good outcome if you allow it to be. Ideally, that individual comes back to your team with a renewed perspective of the business they support.

			I also urge you to think about your hiring criteria. For all roles, do you really need a 4-year college degree to qualify? Or is 4 years of on-the-job training sufficient? What about a 2-year associate’s degree? Do you accept certifications? What is it that you are attempting to obtain from a skills perspective from the requirements you outline? I am not discounting a college education; however, there may be roles where you can widen your aperture and tap into an entirely new population of candidates that you would not otherwise have considered.

			Hiring related or adjacent roles is also a great way to widen your hiring options. For example, the business of data program leader defined previously could be hired and trained from your company’s project management office (PMO). Perhaps they have been exposed to your team and could bring rigor from the PMO team to your organization. Overall, thinking beyond traditional hiring criteria may create a more diverse, innovative, and deeper talent pool than you may have originally considered.

			Upskilling and reskilling

			Lastly, as you consider implementing new technologies or designing new solutions, be thinking about how you might need to upskill or reskill your team. While supplementing your team members with experts in new technologies or solutions may be helpful, do not discount the desire of well-motivated team members to learn new things. I’ve seen data professionals replace entire teams of people upon migration to new technologies, which has led to enormous disruption of the business and a loss of institutional knowledge. Be open-minded and creative in how you solve your talent gaps.

			This chapter contained plentiful considerations for how to structure the team, the key roles you might need, and how to manage talent acquisition/development. Arguably there are endless combinations and role combinations to consider. Ultimately, you can structure the team the way you prefer; however, if nothing else, consider the outcomes you are working toward. Ensure you have the closest distance between the hardest problems and yourself so that you can focus on the priorities of the company.

			Conclusion

			As you set out to establish the appropriate structure for your team, remember – perfection is not the goal. Get started. If you need to make changes over time, especially as your company’s data management capabilities mature, you will need to adjust as you go. Don’t be afraid to do that. I have found it is effective to set expectations with the team that you may need to evolve. The one constant is change, and with success will come the need to change, add team members, optimize, and restructure, and that’s a good thing. It means that you are making an impact. Pick the right model for you, adjust it for your company’s unique needs, and get going. The faster you make changes, based on the right information, the better off your team members will be, and the sooner they can focus on delivery.
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			Baseline Your Organization

			A key component of measuring success is measuring your progress. To do that effectively, you need to know where you start from. In this chapter, you will learn the importance of defining a baseline, both for the organization at large and for individual projects. Next, you will learn how to capture a baseline and who to communicate it to. Finally, we will discuss how to ensure agreement on the baseline before beginning work.

			There are many ways to baseline the organization to be able to measure your impact, but one of the most common is through the use of a data maturity model. Throughout the course of my last ten years in leading data transformations, one thing is for certain: having a strong baseline is beneficial not just for your stakeholders but also for you. It gives you an opportunity to demonstrate how much of an impact you’ve been able to drive through your tenure as the leader and the measurable progress of your team.

			We will discuss the need to provide discrete value for a solution or a product-by-product basis. There is also a need to be able to demonstrate the systematic evolution of data management maturity at an enterprise level. We will discuss why it is important to measure maturity, the various ways to measure maturity, how to involve stakeholders, how to regularly reassess to demonstrate progress, and the importance of strong communication. Do not make the mistake of underappreciating the importance of measuring progress at this level. It is one of the best ways to show your value and to measure progress over time.

			What is a data management maturity model?

			A data management maturity model is a measurement framework used to assess the overall maturation of an organization’s management of its data. Said another way, it measures how well the company is managing data. The assessment provides a score by category, provides the aggregate maturity level of the company, and identifies areas for improvement. The maturity assessment is subjective. There are a series of ways to minimize the degree of subjectivity, which I will outline over the next several pages. Data management maturity models are broken down into different categories, and further broken down into levels of maturity against each of the categories, which helps minimize, but does not eliminate, the subjectivity.

			A very simple (non-data) example would be to measure how grey something is:

			
				
					[image: Figure 4.1 – Visual example of the degree of grey]
				

			

			Figure 4.1 – Visual example of the degree of grey

			In this example, none of these colors are wrong, they are simply progressively measuring the current state of the color from lightest grey to darkest grey. The current color simply tells us where we are. The delta, or variance, between the current color and the color we aim to be tells us how far apart we are, much like the data management maturity assessment measures the current state of data management. The level is not “wrong”, but it can tell us how far away from our optimal state we are. It also tells us how far we’ve come since our last assessment.

			If this is your first data management maturity assessment, you are embarking on establishing a baseline. This is simply a snapshot of where the company is today. It’s important to frame this context for your stakeholders, who may need help to understand what a baseline means, not because they don’t understand maturity models, but because some may struggle with having a low score representing a low state of maturity. You will need to ensure they understand it’s simply a baseline and it will go up as you work together as partners.

			This baseline will give the organization a sense of where it is today and can be used to compare against similar companies across the industry you operate in. For example, if you are a bank and your average data management maturity is 2.5, but the industry is averaging 3.5, you know you are behind your peer group.
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							Do not confuse a maturity model for a data strategy or a methodology. Methodologies are very useful (i.e., DAMA), but they define what a capability is, procedures to deploy it, and approaches to delivering data solutions. Maturity models aren’t plans to implement. They assess where you are on your data journey.

						
					

				
			

			Overview of process

			Before we get into the details, let’s start with a preview of the data management maturity process. The process can be broken into 10 simple steps:

			
					Define the scope of the assessment: What data and processes will be included?

					Assemble a team of stakeholders: This team should include representatives from all levels of the organization, as well as from different departments.

					Select a data management maturity model: There are a number of different models available, so choose one that is appropriate for your organization’s needs.

					Execute the assessment and collect data: This data can be collected through surveys, interviews, and document reviews.

					Analyze the data: Use the data to identify strengths and weaknesses in your organization’s data management practices.

					Communicate results: Inform all relevant parties of the results of the assessment.

					Develop a plan for improvement: Based on your findings, develop a plan to improve your organization’s data management practices.

					Implement the plan: This may involve making changes to policies, procedures, or technology.

					Monitor progress: Track your progress and make adjustments to your plan as needed.

					Reassess your maturity: Periodically reassess your organization’s data management maturity to ensure that you are making progress.
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			Figure 4.2 – Phases of a data management maturity assessment

			Over the course of this chapter, I will walk through each of these ten steps and explain how to navigate challenging situations for each. I’ll also share some of my lessons learned so you can avoid issues and have a great data management maturity assessment experience.

			Why you should baseline data management maturity

			While you are off Chapter 2, Building a Coalition of Advocates, and Chapter 3, Building a High Performing Team, you should also launch a data management maturity assessment (ideally, concurrently). This process will help you understand the company’s data maturity horizontally across the organization leveraging a standardized approach, which will help highlight any blind spots you or your team did not uncover and help identify any biases (unconscious or not) you may have had in assessing the company’s needs. Additionally, it will help identify areas where the stakeholders are aware of the maturity level for their areas or are unaware of the maturity level. This can help you build your relationship with your stakeholders by helping them understand the state of the union.

			Foundational reasons to baseline

			You will need to start by understanding and communicating the purpose of this assessment. Your communications will need to anchor on one basic question: Why are we doing it? There are five core reasons to execute a data maturity assessment to get you started:

			
					To establish understanding: As mentioned, the most well-understood reason to complete a maturity assessment is to measure the state of data practices at the company. The first assessment establishes the baseline you need to gain a comprehensive and fair understanding of the state of the company. Every subsequent time you execute the assessment will measure progress (more on that later).

					To inform data strategy: The outcome of the initial baseline will, in part, inform your data strategy. By taking inventory of where the company is with regard to data maturity, you will better understand what areas need improvement across the overall state of data governance. Note that just because an area is immature, does not mean you should put all your resources into improving it. See #8 Implement the Plan on how to consider these results.

					To assess information risk: One of the key outcomes of the assessment is to grasp how significant the risk of the current state of data management/governance poses to the organization. If limited controls are in place, it’s worth investigating with the CISO to understand what protections exist for the data, if adequate data governance controls are not in place. You may have a serious problem on your hands if data governance is immature and information security is immature. The outcome of your assessment and the discussions with the CISO will be a key topic for your readout with senior management.

					To prioritize your solutions: As you gather an understanding of the state of data management at your organization, you will begin to see where opportunities to improve exist. In my experience, there are often outliers of opportunity, meaning areas of inherent weakness in the data management of the company. For example, if metadata management is low, it may be clear that you need to seek out prioritizing a metadata management improvement program.

					To up-level the company’s understanding of the value of data: One of the best benefits of the assessment is not necessarily the assessment itself but the conversation about data that comes alongside the assessment. You will find questions emerge from individuals you may not have had an engagement with previously because of this work. Embrace it. Even an adversarial colleague, when met with an open mind and a curious disposition, can prove to be fruitful. Encourage their questions and welcome the opportunity to educate, even in micro-moments throughout the assessment. Additionally, individuals may not realize how much they are gaining from their existing work. The entire process will drive a better understanding of how data is or is not used today.

			

			Be confident in why you are launching a baseline of your organization’s data maturity. It may feel unnatural to you, and perhaps to some of your stakeholders, to go through this process. To some, it may feel like an audit or a compliance exercise. You will have the maximum support and success in your baseline if you are clear about the why upfront.

			Communicate with your stakeholders that this effort may feel uncomfortable or even hard to discuss the reality of where the company is and/or its function. Be clear about the results and what they will do for the company. What do you intend to do with them? Share openly that the outcome may feel uncomfortable and encourage the collective stakeholder group to embrace it. This is a stepping stone to driving change.

			Executing a data management maturity assessment

			Executing the assessment can be a bit of a nerve-wracking process. You are likely to encounter some great supporters and some less supportive stakeholders. It’s critical that you have a great value proposition and are able to explain why this benefits the stakeholder as an individual (what they will personally get out of the process), why it benefits their team, and why it benefits the company at large.

			It may go without saying, but communication is the most important part of this process. Your primary responsibility is to remain unbiased, share information, translate to ensure understanding across the enterprise at the highest and lowest levels, and drive the assessment results to inform your strategy and ultimately the value of data at your organization.

			[#1] Defining the scope

			Before you prepare to launch your assessment, you will need to define the scope of the assessment. Often, it can be tempting to say “all” and move on. However, there are options when it comes to defining the scope of your data management maturity assessment. There are three primary options to choose from, and you should consider what the best option is for your organization. It is a time commitment to conduct, both for you and your team and for your stakeholders.

			Enterprise-wide

			Most companies choose to do an enterprise-wide assessment. This is my recommendation, with very few exceptions (that I will outline). If your objective is to assess the state of data management for the company, you need to assess the entirety of the company to achieve this objective. This is also the best way to determine if you have areas of strengths or weaknesses that you need to take into account as you set up your program, deliver on transformation, and/or build capabilities for the organization at large.

			When following the enterprise-wide approach, you should leverage the data domains that you defined in Chapter 2. This will give you a better understanding of which groups are stronger or have matured beyond others. Whether you report on this domain model is a separate consideration (see Section 6, Communicating Results).

			
				
					
				
				
					
							
							Hint for success

						
					

					
							
							If you don’t assess the enterprise as a whole, you should not claim the outcome to be an “enterprise assessment”. I have seen this in a company; only about half of the company was included in the assessment, but the claim was made that it was an “enterprise” score. Unfortunately, once we baselined the entire company, the score was, in fact, much lower than previously reported. The groups who did not wish to participate previously had lower data maturity, thus, when they were baselined, the average score dropped.

						
					

				
			

			Pilot and data office

			If you are struggling to gain support for this effort, you could select a single data domain to pilot the process with. As you work with this data domain, you will be able to work individually with this pilot data domain and build a deeper relationship with them. However, it is easier to become biased when assessing a single group.

			While you assess the pilot data domain, you should also assess your own data office. This can be a somewhat humbling experience, as you might find that the pilot data domain has a stronger maturity level than your own data office does (been there!). This should not be a concern or something to shy away from. Remember this is simply a baseline by which to justify future investment. Embrace the baseline and use it to your advantage. Do not be afraid of a low score for your team or the pilot data domain.

			Oftentimes, these early assessments shine a light on the weaknesses of the company’s data maturity and specifically highlight capabilities that need investment to drive adoption enterprise-wide (e.g., metadata management, reference data, lineage, etc.). The low score in the data office will highlight where the central data team needs to invest in the service of the data domains, such that consistent capabilities are built and then leveraged across the company. Embrace the opportunity to show how far you have to go.

			Rolling assessment

			A rolling assessment can be used if you are able to achieve buy-in for an enterprise-wide assessment but do not have the resourcing to drive an enterprise assessment concurrently. It’s a great option for high interest in the process but low resourcing to conduct such an assessment. It becomes very important to maintain strong consistency as you roll the assessment across the company. You and your team will become more efficient, and perhaps effective, at executing the assessment as you progress through the data domains; however, you must take extra care to ensure that the first team assessed and the last team assessed are given an equal experience and an equivalent assessment.

			The following chart can be leveraged to show the scope of your assessment. Enter the data domains on the left side, including one row for the central data office. In the second column, enter whether that data domain is in scope for the assessment or not (only use this column if not all groups are included). In the third column, enter the baseline score. In the last column, enter the current score. You should consider the full chart to be internal to the data office unless you intend to publish the disaggregated results (see Section 6 Communicating Results).
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			Figure 4.3 – Example scoping model

			[#2] Identifying stakeholders

			The next step in the data management maturity assessment is to identify who will be responsible, who will be accountable, who will be consulted, and who will be informed in the process. First, start by identifying the roles and groups before you assign names to the roles. This will help you create an evergreen approach you can maintain as people come and go from the company.

			Here are some additional tips for identifying the roles needed to participate in a data management maturity assessment:

			
					Consider the different departments and functions within the organization that are involved in data management.

					Identify the people who have a vested interest in the success of the data management program.

					Look for people who have a deep understanding of the company’s data assets and how they are used to support business decisions.

					Involve a mix of technical and non-technical people in the assessment. This will help to ensure that the assessment is comprehensive and that it gets the input of all the stakeholders.

			

			Responsible

			The role responsible for executing the data management maturity assessment, from defining the methodology, execution, and reporting, is your head of data governance. This individual usually reports to the chief data and analytics officer and has responsibility for the assessment.

			Accountable

			The chief data and analytics officer (CDAO) is ultimately accountable for the company’s data management maturity assessment because they have the overall responsibility for data management within the organization. Since the CDAO is also responsible for driving data-driven decision-making throughout the organization, the data management maturity assessment is a critical tool for the CDAO to understand the current state of data management within the organization and identify areas for improvement.

			The assessment will help the CDAO to do the following:

			
					Identify gaps in data management processes and procedures

					Assess the maturity of data governance policies and practices

					Evaluate the quality of data assets

					Identify opportunities to improve data-driven decision-making

			

			The CDAO can then use the results of the assessment to develop a plan for improving data management within the organization. This plan should be aligned with the company’s overall business strategy and should be communicated to all stakeholders.

			By taking accountability for the company’s data management maturity assessment, the CDAO can ensure that data is managed effectively and that the organization is able to derive maximum value from its data assets.

			In addition to the reasons mentioned, the CDAO is also accountable for the company’s data management maturity assessment because they have the authority to make changes to data management processes and procedures. This is important because the assessment may identify areas where data management needs to be improved. The CDAO can then use its authority to implement changes that will help the organization achieve a higher level of data maturity.

			Finally, the CDAO is accountable for the company’s data management maturity assessment because they are the public face of data management within the organization. They are responsible for communicating the importance of data management to the rest of the organization and for ensuring that data management is a priority. The data management maturity assessment is a valuable tool for the CDAO to use to communicate the importance of data management and to demonstrate the value that data can bring to the organization.

			Consulted

			The following groups of individuals should be consulted during the data management maturity assessment, both for broad context and for scoring purposes:

			
					Data domain executives: The data domain executives are responsible for data management within their data domains, so they should be consulted to get their perspective on the current state of data management and to identify areas for improvement.

					Business data stewards: Data stewards are responsible for ensuring the quality and accuracy of data, so they should be consulted to get their input on the data quality and governance processes.	Data analysts: Data analysts use data to make business decisions, so they should be consulted to get their perspective on the usability of data and the effectiveness of data-driven decision-making.
	Business users: Business users are the ones who ultimately need to use data, so they should be consulted to get their input on the data that is available to them and the challenges they face in using data.



					Technical data stewards: IT staff are responsible for the infrastructure that supports data management, so they should be consulted to get their input on the data management systems and processes.

			

			In addition to these key stakeholders, it is also important to consult with a variety of other people to gather context and examples of both successes and failures of data management, such as the following:

			
					Subject matter experts who have deep knowledge of the company’s data assets

					People who have experience with data management best practices

					People who have been involved in previous data management initiatives

			

			By consulting with a variety of people, you can get a comprehensive view of the company’s data management maturity and identify areas for improvement.

			Informed

			As a part of the data management maturity assessment, you should inform several groups along the way. Ahead of the assessment, you should inform your data domain executives and the enterprise data committee. You need their support and buy-in for the assessment, so they can set the expectation with participants to prioritize the effort.

			Upon completion of the assessment, you will want to go back to the data domain executives and enterprise data committee to inform them regarding the results and what will come next. Additionally, you should inform the C-Suite and the board of directors of the results so that they understand the needs of the company and can assist with funding and prioritizing any follow-up transformational work required in the data management space.

			[#3] Selecting a data management maturity model

			Before you get started, you will need to select the data management maturity model that is appropriate for your organization. There are several different models that exist with pros and cons that you can choose from, or you can choose to create your own. If your company has never done a data management maturity assessment before, I strongly recommend you select a widely used model, as it will help you to defend the criteria and the process overall. If your company is no stranger to data management maturity and has found that a more customized model may suit your needs better, then (and only then) you could create your maturity model.

			Common industry models

			Data management maturity models are frameworks that organizations can use to assess their current data management practices and identify areas for improvement. These models typically define a set of stages or levels of maturity, with each stage representing a successively higher level of sophistication in data management practices.

			Some of the most common data management maturity models include the following:

			
					The Data Management Maturity Model (DMMM) by the Data Management Association (DAMA) (retired in 2021)

					The Data Governance Maturity Model (DGMM) by the IBM Data Governance Council

					The Data Management Capability Model (DCAM) by the EDM Council, is a non-profit organization that promotes the use of data management best practices

					The Gartner IT Score for Data and Analytics

					The Stanford Data Governance Maturity Model

					The TDWI Data Management Maturity Model and Assessment

			

			Additionally, most consulting firms have their own proprietary models. The risk in using a consulting firm’s proprietary model is that they are proprietary. Often, the company will require an engagement (i.e., funding) to continue to use the model over time. If you intend to execute your assessment over a series of years, this may not be the most cost-effective option for you and your company.

			The model I’ve used the most is the DMMM model from DAMA, but it was retired in 2021. DMMM was replaced by DCAM. DCAM is more comprehensive than DMMM, and based on conversations I have had with other CDAOs, DCAM seems to be the choice of data maturity model for companies who had previously been using DMMM. My recommendation is to select a model that resonates closest with your company’s needs and stick with it so that you can establish a consistent comparison of maturity over time.

			Building your own model

			Although less common, one approach could be to create your own model or blend models from various programs to fit your needs. It’s critical to ensure you have a strong methodology heading into this approach, as you will need to be able to explain why your model is designed the way it is, especially in instances where someone or some team is scored low. I have seen situations where the team that scores low attacks the homegrown model versus looking at the results, and you need to be prepared for that.

			Here’s how to build your own model:

			
					Define the scope of your model: Consider which aspects or areas of data management you will want to assess.

					Identify the thresholds for each level of maturity: Consider what specific criteria are required for each level to be achieved. The stages in a data management maturity model may vary, but common stages include:	Ad hoc: Data is managed in a reactive and ad hoc manner. There is no formal data management strategy or plan.
	Basic: Data is managed in a more structured manner, but there is still no formal data management strategy or plan.
	Repeatable: Data management processes are documented and repeatable. There is still no formal data management strategy or plan, but there is a commitment to improving data management capabilities.
	Defined: Data management processes are well-defined and documented. There is a formal data management strategy and plan in place.
	Managed: Data management processes are actively managed and monitored. There is a strong commitment to improving data management capabilities.
	Optimized: Data management processes are optimized for efficiency and effectiveness. There is a continuous improvement process in place for data management.



					Develop an assessment tool: Consider how you might capture this information. The tool could be a checklist, an interview guide/questionnaire, or something more sophisticated. It should collect the data needed to produce the results of the assessment.

			

			[#4] Execute the assessment and collect data

			Now that we’ve gone through what a data management maturity model is, you’ve selected the participants, and you’ve selected (or designed) your data management maturity model, it’s time to put the assessment to work. Let’s execute the assessment!

			Use case - gaming the system

			Be mindful of who is executing the assessment.

			At one of my previous companies, we executed an enterprise data management maturity assessment. At the time, the company had federated data offices established in each major division, plus a central data office. To conduct the assessment, each data officer (both federated and central) was given an assessment to score themselves. Seemingly efficient process, right?

			Wrong.

			Heading into the assessment, we knew which data offices had been established longer, had more resources and funding, and were more mature. But the results did not match the reality. Why?

			Because funding was decentralized, some data officers used the assessment to game the results. This means they purposefully scored their maturity lower so they could use the results to advocate for additional funding for their data programs, despite being more mature than their peer data offices. What that looked like in aggregate was that the company overall was less mature than it really was, and the data offices with higher maturity scored lower than those with lower maturity. Further, some data officers over-scored their programs to demonstrate impact and progress. This is equally as bad, as it suggests the data office was more mature and had less work to do to build reliable, trustworthy data assets.

			This invalidated the results, confused management, and ultimately undermined the credibility of the data management maturity assessment, along with the data officers individually.

			Ultimately, we had to redo the assessment and hire a third party to conduct the assessment independently. This allowed the company to have an objective assessment, with results it could trust. Because of the way the first assessment played out, we had to conduct many interviews and collect evidence to support the assessment. We also added a layer of credible challenges by asking each data officer about what they knew from their peers to help validate the results and highlight any gaps in the interviews.

			Preparing to launch

			As you prepare to launch your assessment, I recommend you communicate a few different ways to ensure your stakeholders know what to expect. In your enterprise data committee and enterprise data council meetings, be sure to present on this topic well in advance of the annual exercise. In your enterprise data committee, I recommend a pitch deck that includes the following information:

			
					What is a data management maturity model?

					Why is it important to assess maturity? What are the benefits to the company, data office, and data domains?

					What will be done with the information?

					How will they be engaged?

					What do they need from the data team?

					What is the timeline of the assessment? How will we validate the results?

					When will we report the results? To whom?

					What is the time commitment you expect for each type of persona in the RACI?

			

			Communicating expectations

			Before you launch, you will need to set expectations about what this is, why you need to do the assessment, what you will do with the results, and why this process will benefit the stakeholders involved. You should also communicate the expectations to the individuals who are participating in the assessment. They need to understand what to expect during the assessment, what they should plan for from a time commitment perspective, what will be done with results, and why this process matters to them (as well as the company). Individuals involved will need to know what is coming and what will be required of them. Communication will become one of the most important parts of the assessment process.

			Here’s an example email you can send to your stakeholders kicking off the assessment:

			Sample maturity assessment announcement email

			To: All business data stewards; technical data stewards

			CC: Data domain executives, enterprise data committee members, chief data and analytics officer, and individuals conducting the assessment

			Subject: Announcing the enterprise data management maturity assessment

			Dear stakeholders,

			In the coming weeks, we will be launching an enterprise-wide data management maturity assessment. We have selected an assessment model to measure our company’s progress against stated maturity levels across a series of data management dimensions. We have selected the industry-leading assessment model: DCAM. You can read more about the model here: https://edmcouncil.org/frameworks/dcam/.

			To support this effort, we are asking for two hours of your time over the next eight weeks. The first hour will be used to interview you and your teammates about the current state of data management in your area of the company. There are no wrong answers. We are simply taking a pulse of where we stand. There may be a request for supporting materials from that initial conversation, which we will send in writing following the first meeting.

			The second meeting will include a read-out of the results of your first meeting against our maturity model and will give you the opportunity to ask questions, challenge any of our assumptions, and edit to ensure we have the most appropriate score going into the aggregation process company-wide.

			Lastly, we will share the results with the enterprise data committee, the executive team, and, in aggregate, the board of directors. Your division’s individual scores will not be shared—only at the company level. We will share the materials with you in advance, so you can see transparently what is being communicated. The results of the assessment will help with future funding, prioritization, and identifying where we can improve our data capabilities enterprise-wide in order to serve you better.

			Thank you in advance for your support of this important annual event. We are happy to answer any questions you might have. Meetings will be coming from our chief data and analytics officer’s calendar in the coming days.

			Sincerely,

			Head of data governance

			CDAO Office

			How to launch the data management maturity assessment

			This is a great opportunity to both assess the current state and educate the stakeholders you engage with about the goals and objectives of a data management program. You can use this process to educate them on the core components while you also assess the state of maturity. Pay extra attention to the language you use. For example, not everyone will know what technical metadata is, but if you educate them on the term, they may understand it and be able to better share their understanding of the state of maturity for metadata management within their division.

			By using these assessment sessions as dual purpose, you may be able to engage the stakeholders more fully in the conversation and use it to build your rapport with them. The more you can do in person, the better. You can use a workshop-style setting to bring common groups together. I have found this approach to be particularly helpful because it gives teams the opportunity to come together when they otherwise wouldn’t.

			Who you need to include

			As mentioned, your assessment should target those closest to the data; business data stewards and technical data stewards. You may want to include a wide variety of individuals from across the organization, especially if the roles of business data stewards and technical data stewards are not yet formalized. At the very minimum, you should have a representative from every department with some additional focus from groups such as information technology and finance where there is heavier involvement in data.

			Who you don’t need to include

			You may run into instances where you have individuals seemingly crawling out of the woodwork to join your workshops. It is OK to share and state clearly who was selected and why. You do not want to run into a situation where every data person in the company is included or you will struggle to complete your workshop in the time allocated. Stick to having a business data steward and a technical data steward from each data domain included in your assessment. If others want their voice heard, encourage them to speak to their data domain’s representative ahead of the workshop.

			Workshop versus one-on-one sessions

			Depending on your stakeholders, you may want to consider whether it is best to schedule workshops or one-on-one sessions with them (or a combination). Ideally, you should conduct workshops as the default. They create the most inclusive environment and limit bias in the process. However, there are some specific instances where you may want to conduct a one-on-one session. See the following table for the rationale for both:

			
				
					
					
				
				
					
							
							Workshop

						
							
							One-on-one sessions

						
					

					
							
							Should be the default

							Can help others hear ideas from each other

							Helps remove bias

							Drives consistency

						
							
							Best for adversarial individuals

							Can be used ahead of the workshop to help gain support of less supportive individuals

							Can be used for extremely supportive individuals to help them understand the importance of their role in helping to guide a positive workshop

						
					

				
			

			Execute one-on-ones

			If you are conducting one-on-one workshops with those you need to bring on board with the process, you should do that ahead of the workshops. You may want to take time to explain the why and listen to what their concerns are. Common concerns include the following:

			
					Wanting their individual results and not supporting aggregation

					Fear of a low score

					Fear of management’s perception of their maturity

					Not being included

					Not being elevated to a data domain executive

					Not being represented fairly

			

			Be sure to hear them out and do your best to calm any nerves, explain why, and always use transparency. Facts matter in these situations.

			Executing the workshop(s)

			Your workshop needs to be executed very well. You should not cut corners in preparing the workshop and should facilitate your attendees. Remember to reiterate that a maturity model is simply a tool that you use to assess how well your company has done in using data to drive business outcomes. Most models break down into areas of focus or capabilities and provide a scoring approach to determine how mature the company or division is within that area of focus or capability.

			Sample agenda

			Welcome and introductions [welcome the attendees and take time to do introductions for all participants]

			Aligning purpose: why are we here? [Explain the purpose of the assessment and what the attendees can expect from the session]

			What the assessment is

			Why we are conducting the assessment

			Allow time for brief questions

			Explain why this is beneficial for attendees

			Explain why this is beneficial for the company

			Goals and outcomes: what will we achieve together?

			Topical discussion and assessment exercise

			Scoring

			Data office’s next steps

			Gathering example documents (avoid saying “evidence”, as this can feel like an audit and may change the tone of the conversation)

			Aggregating scores

			Attendee next steps: explain what will come next, when, and how they will be engaged going forward

			Thanks and adjourn

			Bonus outcomes

			As a result of conducting the maturity assessments in a workshop style, you will be able to gather additional outcomes that, while not the intention of the maturity assessment, will aid in your overall business case development and inform your strategy and initiatives going forward. Some bonus outcomes include the following:

			
					Ideas for opportunity

					Ideas for initiatives

					Identifying common themes

					Identifying troubled areas

					Community building

			

			[#5] Analyzing the data

			Now that you’ve completed the workshop, the next step in the process is to analyze the data and prepare to communicate the results. As a part of this step, you have both quantitative and qualitative data to analyze. Both are valuable in this exercise.

			The numbers – quantitative data

			Arguably the easiest part of analyzing the data is looking at the scores themselves in isolation. Having collected the scores during the workshops, you need to add these scores into a common template and conduct a simple average to measure the company’s aggregated data management maturity score. The average score is what you will use to report your results to the enterprise data committee, the executive team (C-suite), and the board of directors. The business data stewards and technical data stewards should also receive this information in advance of the executive communication plan.

			The context – qualitative data

			This analysis is more subjective and needs to be treated with care to ensure bias does not creep into the analysis. As you assess, please keep in mind the following:

			
					Be objective: Avoid making any assumptions or jumping to conclusions with your analysis. Imagine defending these results to stakeholders. Will your conclusions hold up? Use this thought process to help credibly challenge your assessment or that of your team.

					Be realistic: Don’t expect to nail the assessment of the qualitative data overnight. This will be iterative and require back and forth with your participants to ensure you’ve captured their insights properly. Expect this in your timeline.

					Be collaborative: You will need to involve your stakeholders in this part of the analysis. You will ensure that your qualitative data is represented fairly and that no one is surprised when it comes time for the communication process. Try phrases such as “I think I heard you say ____, can you confirm that for me?” It will help build trust in the results.

					Be iterative: As you work on consolidating the findings and reporting on the results, you should expect to come back to the results again as you plan for improvement initiatives. Expect to iterate now and when you conduct next year’s assessment. Keep the documents accessible for reference.

			

			To analyze the data coming out of the assessment, take the following steps in sequence:

			
					Identify key findings: Start by listing out all the key findings you heard during the assessment process.

					Group findings into themes: Are you seeing a pattern of issues related to customer identifier data being low quality across groups? Lack of tooling? Group these types of findings into common buckets/themes to identify where you have consistency across data domains.

					Compare findings to the maturity model: Look at these qualitative findings against the model. Align them into each topical area so you can see where you have specific areas that need improvement that may influence your scores.

					Compare findings across data domains: Now assess these same themes across data domains. Are particular domains lower? These qualitative results are helpful during improvement conversations. It may be that a domain hasn’t had any investment, or perhaps they were not aware of the central capabilities available to them. These qualitative data points are great for debriefing conversations and ongoing maturity planning.

					Look for root causes: Is there a common reason why the qualitative results are what they are? Causation can be helpful when reporting results. Executives will likely want to know why the results are what they are. This is a good area to focus energy on, if possible.

					Prioritize findings: Not every finding or comment is created equal. Focus on the findings that are the most impactful for your company’s success in achieving its broader strategy to maximize impact and align on outcomes.

					Develop your plan for improvement: You should gather at least a top-five list of what you believe the company needs to focus on going forward as a result of the assessment.

			

			Alignment and agreement

			The following steps speak to the alignment and agreement portion of the data management maturity assessment. The execution of the assessment itself is a challenge at times, but the hard work comes in alignment. It’s critical that you gain the support of your stakeholders to ensure that they will buy into the results, support the implementation plan, and partner with you on your data strategy.

			[#6] Communicate the results

			Once you have the results of your data maturity assessment, you will need to decide how you want to communicate your results. You have options, and there are pros and cons to how you execute this step. You can make the decision on how to communicate these results yourself, as CDAO, or you could employ your enterprise data committee to make this decision collectively. Either can work in your favor equally (I have seen both work well in different companies/industries).

			Communicating disaggregated results

			Your first option is to communicate results by division. Communicating by division means giving the marketing division the marketing score, the sales division the sales score, engineering the engineering score, etc. Your stakeholders will most likely advocate for their own results because they feel more connected to their own scores versus their scores rolled up with the rest of the company. However, this is not my recommendation. In my experience across multiple companies, this disaggregation reporting approach generally leads to the separation of the data community, data funding, and capabilities. This leads to duplication of capabilities, disconnected results, and increased costs. There are only a couple of very limited reasons why I would recommend disaggregated results:

			
					You have no central team: This can be a good option when you do not have much of a team in place to help guide the company individually and you need to allow them to move the ball forward in the interim while you establish your team and hire leaders.

					You have no data strategy: When the company is in its infancy regarding developing a data strategy, reporting disaggregated results can show how disparate the results are across the organization. However, use caution. Sometimes this backfires and can result in individual groups (especially strong/mature ones) advocating for the company to work together on enterprise efforts.

			

			Pros

			The pros for disaggregated results are as follows:

			
					Stakeholder preference: Stakeholders most likely will want their own score so they can feel ownership of the result and action it independent of others

					Accountability: Stakeholders feel more accountable and thus may accept the results

					Bias to action: Teams may decide to take action right away, and they can because they know exactly what their teams’ weaknesses are and what they can do to move it forward

			

			Cons

			The cons for disaggregated results are as follows:

			
					Stakeholder disbelief: The stakeholders may not believe the result without seeing the details, especially if it’s a mismatch with their expectations.

					Gaming the system: When disaggregated results are shared, individual teams may be incentivized to overstate their maturity when they are looking to show off their maturity or understate their maturity if they are seeking funding.

					Lack of collaboration: Teams are not incentivized to work together to improve the scores when they have access to their own individual scores. They are now incentivized to improve their own area and not work together across the company. This can result in teams investing in their own capabilities instead of investing together toward company-wide capabilities, which are usually more cost-effective and efficient.

			

			Communicating aggregated results

			Your second option is to communicate a company aggregated score. Communicating at the company level only means that individual divisions will not receive individual scores and only the aggregated company score is disclosed. Be aware: some teams may agree to this and like the rationale only to attempt to disclose their score off the record after the fact. This approach only works if you maintain the aggregated score and do not disclose the individual team’s scores. You can and should disclose what the individual teams need to work on where there are outliers (i.e., specific areas of weakness); however, the company score is just that. It’s the score for the company as a whole.

			Pros

			
					Company view: Providing exclusively aggregated results drives the organization to accept that this score is a reflection of how well the company is doing in managing data and thus can unify the company to take action collectively.

					Partnership: Aggregated results can drive divisions to work together to raise the bar vs. working in silos.

					Learning: Teams are motivated to share and learn from one another so that best practices can be driven across the company.

			

			Cons

			
					Individual team accountability: Teams may not feel like they need to take action and they can rely on the greater organization to lift the scores.

					Existing capabilities could atrophy: By leaning more on the central team, if you do not carefully communicate the importance of existing capabilities, decentralized teams may not carry forward their existing capabilities, which can lead to a dip in short-term data management maturity.

			

			Program baseline

			Similar to the enterprise data management maturity assessment, you can perform an isolated maturity assessment for a specific program. This can be a great starting point for companies who are not ready to assess an overall company-wide assessment or in situations where they want to evaluate the lift provided by the data investment in a large transformational program.

			You would execute the same steps, only against the program scope instead of across the entire data domain construct. You may desire to supplement this assessment by baselining data quality as well to measure the trustworthiness of the data ahead of program implementation and again at the end of the deployment to show the measured improvement for specific systems, data sets, or processes.

			[#7] Develop a plan

			As you finalize your communication plan, you should concurrently begin to work internally on your data office team, as well as with your stakeholders to develop a plan for improvement. This plan should focus on the high-priority findings you identified and come with assigned owners, timelines, and funding needs.

			Bring your stakeholders along with you as you craft this plan. This is a super topic for a data community of practice or a data steward working group to develop together. I recommend prioritizing the common themes that came up during the assessment that benefit the whole of the data community, along with any glaring issues that impact customers, are a violation of law or contractual obligations, or have major ethical implications. Address any legal or contractual obligations in partnership with your in-house legal team and chief privacy officer.

			Aside from major issues, focusing on building capabilities that will support the masses inside your organization is a great place to start. For example, if you have several concerns about low visibility into where data is coming from or going and the quality of the data, you may want to start with deploying a metadata management program alongside a data quality initiative. As you read Part 2 of this book, we will dive into the specifics of these capabilities in detail.

			While you are developing the plan, consider what capabilities will have the biggest impact and focus on why they will have the impact. For example, if your stakeholders mentioned concerns about low-quality and low-trust data, define what good-quality data would allow them to do. Why will high-quality, trustworthy data matter? This seems like a potentially obvious question, but try getting really specific. What will the stakeholders be able to do once they have this high-quality data that they can’t today? Will it impact revenue? How? Can you measure it? How can you measure it? These answers will help you define exactly what you need to deliver and how to message it for buy-in at the top levels of the organization.

			Once you have identified what you will do, who will drive it, when you will deliver it, and how you will measure success, build this into a program plan. This plan can be, and should be, part of your communication to your enterprise data committee, C-suite, and potentially board (depending on how much interest they have in your data program). You will use this for steps 8, 9, and 10.

			[#8] Implement the plan

			Assuming you are successful in securing buy-in and funding for the plan you developed in step 7, you will execute the plan. Bring your stakeholders along on the journey by using your data steward working groups and enterprise data committee to report on iterative progress, results during delivery (i.e., quick wins), issues, risks, and how you are progressing against measured results.

			As you deliver, do not be shy about claiming results. If you are seeing business impacts, don’t just mark the milestone as complete and move on; ask the business user (not your data steward, the end user) to share a story about how they are experiencing the results of your deployment in their day-to-day business. Did they have lower customer attrition as a result of your data management deployment? Measure it and report it!

			[#9] Monitor progress

			As you implement the plan you developed in step 8, you should build in metrics to measure progress. For example, if one of the solutions you and your team are delivering is to catalog 500 data assets in your enterprise data catalog, you should create a scorecard to track that metric over the course of your program. As you deliver, the number of assets cataloged divided by 500 should give you a percentage of completion that you can then report to your stakeholders and executive team.

			Reporting and monitoring progress is also a good way to keep everyone aligned on what you defined as success at the onset of the program. Scope creep is a very real risk to data programs because data is everywhere. There is also a risk of how data “feels” to stakeholders, and thus measuring and monitoring data initiatives is an important way to ground the improvement in facts vs. feelings.

			The result of monitoring progress can also help build confidence in the team’s delivery, which can be used for future funding, even ahead of final delivery. You can show that the investment to date is driving progress as agreed, and use that story to secure additional funding for the next initiative.

			Report on a regular basis in a transparent fashion. You should bake measured results into all data-related projects and programs to show the impact of investing in data maturity for the company. As you reassess your maturity (see step #10), you can correlate the impact of these program investments to the uplift of your data management maturity scores over time. Win-win!

			[#10] Reassess your maturity

			Frequency of reassessment

			You should develop a plan for reassessment. I find it most useful to decide on a pattern of reassessment and stick to it. It drives more credibility and consistency in the results, which translates into better buy-in enterprise-wide.

			I’m a big fan of an annual assessment as the default timeline. There may be situations where you would vary from this frequency:

			
					New acquisition: If your company is acquiring new organizations, you may want to require a light version of the assessment within 90 days of the transaction being completed and then ramp the acquisition into the standard process from there. This will highlight areas of weakness that may need rapid focus as the acquisition adjusts to the organization.

					Spin out: If your company is going through a divestiture, you may need to execute a special purpose assessment as a part of due diligence.

					Significant change: If a division has made a significant investment in data, completed a major program, or has gone through a major restructuring, it may want a special purpose assessment to show the uplift as a measure of success.

			

			Measuring success

			As you reflect upon the data management maturity assessment, you should consider how you measure the success of your assessment. Some considerations include the following:

			
					Did all of your stakeholders participate?

					Did you achieve buy-in of the results?

					How many questions did you receive from the executive team?

					Was the board interested in your progress?

					Have scores improved over time? By how much?

			

			You may also consider the amount of time it takes to conduct the assessment year over year to determine if your team is becoming more efficient at conducting the assessment and/or if the stakeholders are more engaged in the process (be careful in how you set up duration metrics to account for these two).

			At the end of the assessment, what matters is how your company uses the information. If the assessment is conducted and then lands on the preverbal shelf until next time, it’s likely a paper exercise and not one of value. Consider basing your value on how the assessment is used to feed additional investment, the dialog about data that ensues, and how your data community is engaging with one another. It’s a great process to drive conversation, build community, and drive awareness of what trustworthy data can do to improve the value of your company.

			Conclusion

			It is important to ensure when you conduct this baseline, you do it well. Your credibility will be, in part, established by how transparent your baselining process is conducted. Ensuring that you communicate the methodology and the plans for sharing the results and to whom up front will help your stakeholders buy into the process. Be candid about the maturity of your team also. By being pragmatic about this process, you can gain credibility to help you design the program you need to lead for your company. Conducting this baseline of your organization is a great launching point by which to establish a credible and critical seat at the proverbial executive table. Take the time to do this well and thoroughly.

		

	
		
			5

			Defining Success and Aligning on Outcomes

			Data management is bigger than managing a maturity framework. Managing a framework only focuses on the tactics to uplift a score. It may or may not drive the experience of using data, trusting data, and overall data management uplift. We need to approach data management with a renewed focus and a fresh set of eyes. We need to build foundational capabilities that scale without doubling the size of our teams as the amount of data doubles every few years. I challenge you to think beyond the maturity framework (although important), into the minds of your stakeholders.

			Picture this: You’ve launched a Data & Analytics team. Your team is excited, they are focused, and you’ve even built out a great strategy, easy-to-understand policies, and specific milestones for delivering great results. You execute against that plan and are knocking the delivery out of the park.

			There’s just one problem.

			No one believes that the team is adding value.

			How can this be? You spent time listening to stakeholders’ needs; you crafted a plan that is shaped around delivering against those needs. You’ve set up a strong program with great communication channels, yet the feedback from stakeholders is: this doesn’t really help me.

			What went wrong?

			This oh-so-common problem happens frequently in data transformations and in the build of data capabilities when the crisp and clear alignment of expected business outcomes is not firmly aligned and signed off on by the business users before the work begins. Unfortunately, this type of scenario happens regularly, and the only remedy is defining success and aligning on outcomes during the planning phase.

			This chapter will focus on the area where many data transformations fall flat: aligning on outcomes that matter to the business. Most data transformations stop with data outcomes and fail to translate to the final mile: where the business uses the delivered data capabilities to drive operational efficiency, increased revenues, and better insights. In this chapter, you will learn why defining success beyond data and with the business matters, how to successfully map all relevant stakeholders (including secondary and tertiary stakeholders), and how to translate results into business terms.

			This chapter covers the following topics:

			
					Capabilities versus outcomes

					Business outcomes AND data capabilities

					What is success?

					Aligning on outcomes

					Barriers to achieving business value

					Building value measures into your stakeholder map

			

			Capabilities versus outcomes

			Before we can define success, we need to start by grounding ourselves on a few key definitions. First, we need to define what a capability and an outcome are, and then slice that between business and data flavors:

			
					Capability: The ability or capacity to do something and achieve a desired outcome.

					Outcome: The final result or consequence of an event or situation. This can be a positive or negative outcome.

			

			Keep in mind that capabilities have outcomes. For each capability, a single or collection of outcomes should be prescribed. Before beginning to deliver the capability, you should take time to define the expected outcomes. But if you haven’t, it’s never too late to define the outcomes expected for each capability. You may also have expected outcomes and unexpected outcomes. For example, I exercised today, and I expect to experience muscle soreness tomorrow. I did not expect to be so sore it would hurt to walk.

			Now, let’s make this clearer to delineate between business capabilities and outcomes versus data capabilities and outcomes:

			
					Business capability: Defines “what” the business does at the core. This is separated from “how” things are done or “where” they are done. It contains a set of skills, resources, and processes that enable a company to meet an objective.

					Business outcome: Defines the result of the capability. This includes deeply understanding the result of delivering the capability.

					Data capability: Defines the combined skills, processes, technologies, and resources that an organization pulls together to utilize data to achieve a specific objective.

					Data outcome: Defines the result of the data capability. This refers to the result or consequence (positive or negative) that is achieved through the delivery of a data capability.

			

			Because we are most concerned about data capabilities, let’s dig into what the key components of data capabilities are before we move into data outcomes later in this chapter.

			Capabilities

			Specific data capabilities will be described in further detail in Part 2 of this book, following this chapter; however, let’s start by clarifying what makes up a strong capability:

			
					Skills and knowledge: This includes the expertise of data professionals such as data analysts, data scientists, and data engineers. It also encompasses the data literacy of general users across the organization who need to understand and utilize data effectively.

					Processes and methodologies: This involves established procedures for data governance, data quality management, data collection, data analysis, and data security. Standardized processes ensure consistency, efficiency, and reliability in handling data throughout its life cycle.

					Technologies and tools: This encompasses the hardware, software, and infrastructure needed to manage and analyze data. This can include data warehouses, data lakes, data visualization tools, analytics platforms, and various software applications specific to data management and analysis.

					Resources: This includes financial resources allocated for data initiatives, infrastructure maintenance, and personnel dedicated to data management and analysis. Effective data capability requires adequate resources to support the necessary processes, technologies, and personnel.

					Cultural aspects: This refers to an organizational culture that values data, encourages data-driven decision-making, and fosters collaboration between different departments in utilizing data effectively. A data-driven culture is crucial for maximizing the adoption and utilization of data capabilities across the organization.

			

			Together, these components make up a strong data capability. Each part is independently required and must be strong in aggregate to produce a high-quality, trustworthy data capability. Without all components, companies will struggle to have success OR align on outcomes. Overall, a well-developed data capability empowers organizations to do the following:

			
					Gain deeper insights from their data: By effectively analyzing and interpreting data, organizations can uncover hidden patterns, trends, and opportunities for improvement

					Make data-driven decisions: Utilizing reliable and insightful data allows organizations to make informed decisions based on evidence, leading to improved efficiency, effectiveness, and competitive advantage

					Optimize operations and processes: Data-driven insights can help identify areas for improvement, streamline processes, and optimize resource allocation for better performance

					Enhance customer experience: Analyzing customer data can help understand customer behavior, preferences, and needs, leading to improved product development, marketing strategies, and overall customer experience

			

			Developing a strong data capability is no small feat, and it requires continuous improvement and adaptation as technologies and business needs evolve. However, by investing in the necessary skills, processes, technologies, and resources and fostering a data-driven culture, organizations can unlock the immense potential of their data and gain a competitive edge in today’s data-driven world.

			Outcomes

			As we’ve clarified what it takes to build strong capabilities, what comes next is getting very clear on outcomes. As I articulated earlier, outcomes are what the business experiences as a result of the capability. It answers one of my favorite questions: So what?

			My teams know this question well because it’s one of my favorites to use, to help us get to the specific answer around what the outcome really is and what it means for the business. For example, imagine you are working on the following situation:

			
					Goal: Get in shape

					Capability: Running

					Outcome: Complete a 5k in under 30 minutes

			

			Most goals fail when we do not get specific about the capability required and the outcome we are expecting. If we take this same framing and apply it to a data capability, it may look something like this:

			
					Goal: Ensure the company knows what data it has, where it is stored, how it is classified, and who is accountable for it

					Capabilities: Near-real-time metadata (business and technical), AI-powered classification, and data stewardship, as well as a data catalog

					Outcome: Searchable data environment to enable customer contract obligations and to identify their data in your ecosystem, with points of contact (POCs) within 24 hours

			

			Note in both examples there is more than one capability that could support the goal, but when you take into consideration the outcome required, the capability has fewer options and you can be more focused on what you need to generate success. In the next section, I will build on how to marry business outcomes with data capabilities for more powerful alignment between your business stakeholders and your data team.

			Business outcomes and data capabilities

			Traditional data capabilities are managed from within IT departments, which is part of why they have historically not been as successful. IT measures of success are typically framed as project-based measures, such as meeting milestones, or in budget/time measures, dollars or hours saved. This early generation of data capability management inevitably led to difficult-to-measure-and-quantify outcomes, which is the basis of the evolution from IT outcomes toward business outcome-focused measurement of success.

			
				
					
				
				
					
							
							Helpful Hint

						
					

					
							
							If you continue to measure data capabilities in a traditional, legacy IT (project-based) way or exclusively budget/time, you may find that you create a conflict of interest between your business stakeholders and your incentives.

							Often, your stakeholders need to have business outcomes that may not improve speed or budget but actually use an increase in budget to drive an increase in something else that is meaningful (for example, revenue, customer success scores, or lead identification).

						
					

				
			

			You need both

			You need to set up your outcome framework based on both business outcomes and data outcomes. First, you need to align with the business on what success looks like for them, in their terms, and then (and only then) you should align and map your data outcomes to their business outcomes to demonstrate how your deliveries match up with their outcome needs.

			If we take the preceding example and structure it into a simple framework, it might look something like this:

			
				
					
					
				
				
					
							
							First-Level Example

						
					

					
							
							Goal: Ensure the company knows what data it has, where it is stored, how it is classified, and who is accountable for it.

						
					

					
							
							Business Outcome

						
							
							Data Capability/Capabilities Needed

						
					

					
							
							Searchable data environment to enable customer contractual obligations to identify their data in your ecosystem within a 24-hour SLA

						
							
							
									Near-real-time metadata (business and technical)

									AI-powered data classification

									Data stewardship

									Data catalog

							

						
					

				
			

			Table 5.1 – Example of first-level business outcome

			You might notice that stacking the business outcome next to the data capability that will be delivered to support it allows the reader to understand what data capabilities are required for the business outcome.

			Next, you should explain how these capabilities will support the business outcome:

			
				
					
					
				
				
					
							
							Second-Level Example

						
					

					
							
							Goal: Ensure the company knows what data it has, where it is stored, how it is classified, and who is accountable for it.

						
					

					
							
							Business Outcome

						
							
							Data Capabilities Needed

						
					

					
							
							Searchable data environment to enable customer contractual obligations to identify their data in your ecosystem within a 24-hour SLA

						
							
							
									Near-real-time metadata (business and technical) for customer information systems (for example, that may mean 5-6 systems versus the entire company)

									AI-powered data classification for customer information systems

									Data stewardship – customer success data domain executive, business data stewards, and technical data stewards

									Data catalog for in-scope systems

							

						
					

				
			

			Table 5.2 – Example of second-level business outcome

			If you pitched the first-level example to your company and asked for funding, it would be pretty difficult to align on success. Why? Because it reads like you won’t be successful until you have metadata for the entire company, you classify all data in the company, you have all stewards identified, and you have a fully populated data catalog.

			However, if you go back to the business outcome, which is more specific than the goal, you have a much more specific data capability to meet that outcome. This is far more ideal, focused, and has a far higher probability of success, which is the topic of our next section.

			What is success?

			Now that you’ve zeroed in on what success is (reminder: it’s focused on the business outcome), you can work with your business stakeholders to define success. In our previous example, we aligned with our business stakeholders on a single outcome that was met by the implementation of four key data capabilities. In our example, these capabilities are focused on the customer data domain.

			To be successful, you must ensure that you have a narrow enough focus so that you can define a simple and straightforward definition of done. A definition of done is best to describe success when it is specific and measurable (you may like to use the commonly known SMARTER framework to assist you with this). Ideally, you should take each of these data capabilities and define what it will take to deliver a capability of value.

			What is the definition of value?

			Value is defined by the shareholder; therefore, until you have their sign-off on the value provided to their business, what you believe is irrelevant. You can, and should, measure and produce the value measurement you believe you provided to your stakeholder; however, it should not be considered final until you both agree and will stand behind the results together. The worst-case scenario is when you have delivered a solution for the business and you believe it’s added value and they do not. It will undermine your credibility instantly.

			Let’s keep pulling on the previous example. How do you define success, in light of value that the business will agree to?

			Defining success

			Starting with the business outcome, start by defining a set of core metrics that will measure value for the business, in terms they understand:

			
					Align on the overall business outcome.

					Define and map data capabilities needed to achieve the business outcome.

					Define what will need to be done for each data capability to deliver value in part and in aggregate (for example, sub-milestones).

					Align on how you will measure value.

					Deliver capabilities.

					Report progress iteratively.

					Measure data capability success in data outcomes.

					Measure data capability success in business outcome(s).

			

			Together, these eight steps can be used to frame a strong delivery roadmap. Let’s break these eight steps into an actionable plan, using the previous example.

			Aligning on outcomes

			Let’s now break these eight steps into an actionable plan, using the previous example. These eight steps will explain how to, in specific detail, align with your business stakeholders. As you become more confident in this process, you will find it takes less time to complete this process. However, the first few times you go through it, you may find it takes a bit of time to map out. This would be a good process to work on with someone on your team or as a small team to ensure you capture all possible outcomes and work to refine them into a clear outcome prior to sharing them with your stakeholders for input and discussion. This is also a great process to work on with a stakeholder if they are open to collaborating more closely with you.

			Step 1 – Aligning on the business outcome

			Start by ensuring you and the business stakeholder (referred to as the business sponsor) are aligned on the business outcome they need, to support their business strategy. You may jointly write this outcome, or you might write it based on the listening sessions you conducted on your listening tour when you started out in the data role.

			For the purposes of this section, I will present the components of this eight-step approach in a series of tables for easy reference. You can use this same format if it suits you for your own company.

			
				
					
				
				
					
							
							Business Outcome

						
					

					
							
							Searchable data environment to enable customer contractual obligations to identify their data in your ecosystem within a 24-hour SLA.

						
					

				
			

			Table 5.3 – Example business outcome

			Step 2 – Defining data capabilities

			Next, you will define and recommend data capabilities you and/or your team will deliver to support the business outcome. This is a great opportunity for you to explain to your stakeholder what these capabilities are and why they are the right data capabilities to support their outcome. If you make the common mistake of simply providing a list of data capabilities to the stakeholder without explaining why they are the right capabilities, this is the first risk in your delivery. If the stakeholder does not fully understand and comprehend why these capabilities are the right ones to support their needs, this is where the first shred of doubt creeps in. The doubt may not manifest until later in the steps, but this is where you begin to lose them and your credibility. Do not skip this step. It’s critical to your success and building trust with your business stakeholders.

			
				
					
				
				
					
							
							Data Capabilities Needed

						
					

					
							
							
									Near-real-time metadata (business and technical) for customer information systems (for example, that may mean 5-6 systems versus the entire company)

									AI-powered data classification for customer information systems

									Data stewardship – customer success data domain executive, business data stewards, and technical data stewards

									Data catalog for in-scope systems

							

						
					

				
			

			Table 5.4 - Example data capability requirements

			Step 3 – Defining data capability deliverables

			For each data capability defined, you will need to define what will need to be delivered for each. Typically, you will have 1:M (one-to-many) deliverables for each data capability. These can be delivered iteratively (as we’ll see in step 5) and should be, wherever possible, so you can demonstrate progress. The following example is a view of how you might want to identify capability deliverables:

			
				
					
					
				
				
					
							
							Data Capabilities Needed

						
							
							Deliverables

						
					

				
				
					
							
							Near-real-time metadata (business and technical) for customer information systems

						
							
							
									Identify and select metadata tooling vendors

									Implement metadata tool

									Identify each in-scope system that contains customer information

									Build connectors for metadata tooling

									Connect metadata tooling to each in-scope system identified

									Validate completeness of metadata for in-scope systems

									Build ongoing operations and observability for metadata tooling to ensure ongoing validity and trustworthiness of metadata

							

						
					

					
							
							AI-powered data classification for customer information systems

						
							
							
									Enable data classification feature in metadata tool

									Validate the appropriateness of the classification feature to ensure accuracy

									Implement periodic recertification of data classification by data stewards

							

						
					

					
							
							Data stewardship – customer success data domain executive, business data stewards, and technical data stewards

						
							
							
									Identify customer success data domain executive and gain approval

									Identify all in-scope business data stewards and gain approval

									Identify all in-scope Technical Data Stewards and gain approval

									Onboard and train data domain executive, business data stewards, and technical data stewards in their roles and responsibilities

									Enable data domain executive and business/technical data stewards

							

						
					

					
							
							Data catalog for in-scope systems

						
							
							
									Train data stewards on data catalog requirements.

									Enable data stewards with the required steps to implement data catalog requirements per data governance policy for in-scope systems

							

						
					

				
			

			Table 5.5 – Example data capability for deliverable mapping

			Step 4 – Aligning on value measurement

			Once you have defined the steps in delivering each capability, based on specific deliverables, your next step is to align on the measurement of the value delivered. This is another step that requires a very tight partnership with your business stakeholders. Since you’ve defined the plan to get there (including what needs to be delivered, and for each capability), it’s time to align that they agree with this approach, you answer any questions that they might have, and you affirm that once these capabilities are delivered, they will be able to meet the overall business objective.

			In our previous example, the overall business objective was to meet customer contractual obligations, which was, essentially, to have their data well identified and governed.

			Assume your company has 500 customers. Ensuring you are compliant with all 500 customer contractual obligations is critical to each of the customers’ contracts, given the agreement language is consistent. You can use the 500 to calculate an impact based on SLA violation in the contract (for example, let’s say the contract imposes a $10,000 fine for each violation). You can use the 500 customers * $10,000 per violation to determine the value of the impact to be $5,000,000. This is the value of the risk you are working to mitigate.

			
				
					
					
					
				
				
					
							
							Data Capabilities Needed

						
							
							Deliverables

						
							
							Value

						
					

				
				
					
							
							Near-real-time metadata (business and technical) for customer information systems

						
							
							
									Identify and select metadata tooling vendor

									Implement metadata tool

									Identify each in-scope system that contains customer information

									Build connectors for metadata tooling

									Connect metadata tooling to each in-scope system identified

									Validate completeness of metadata for in-scope systems

									Build ongoing operations and observability for metadata tooling to ensure ongoing validity and trustworthiness of metadata

							

						
							
							Single location to view, understand, and report on customer data across the company’s complex ecosystem

							Can easily extract a view of all customer data, by customer, to demonstrate control over their information in a succinct and easy-to-digest manner, saving ~3,000 hours of additional audit requirements per year

							Note: The value is not implementing the tool itself; it is what the tool enables the company to do.

						
					

				
			

			Table 5.6 – Example data capability for deliverable-to-value mapping

			Step 5 – Delivering iteratively

			A rather simple step to describe; much less simple to do. This step involves delivering on the plan you defined in step 3:
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			Figure 5.1 – Example roadmap slide

			Step 6 – Reporting on progress iteratively

			As you complete the delivery of the items in step 5, you should report progress to your stakeholders regularly. I suggest that you report at least monthly, if not bi-weekly. This ensures your team is motivated to make meaningful progress regularly, and that the stakeholders remain fully engaged in sponsoring the work you are delivering for them. Remember this isn’t their only priority (most likely), and you will need to retain their focus and attention throughout delivery.

			Because you’ve aligned on value measurement, you will be able to clearly articulate what they can do AS delivery occurs, and not just at the end of the delivery process. You could create a report to similar to the following:
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			Figure 5.2 – Example status report

			Step 7 – Measuring success in data outcomes

			After your team completes the delivery of the implementation (and, ideally, concurrently as you deliver each capability), you should measure the success of the delivery in terms of the data outcomes first. This is helpful for your own team and to ensure that, first and foremost, you have met the expectations of basic data delivery. After you ground yourself and your team in the data outcomes, you should immediately move to measure success in business outcomes and report on these two measures jointly (steps 7 and 8 together).

			Finally, if you find that your data outcomes OR your business outcomes deviate from your expected results, be transparent about the variance, seek to drive to the root cause as to why it varied from your expected results, and work to determine the impact.

			
				
					
					
					
					
				
				
					
							
							Data Capabilities Needed

						
							
							Deliverables

						
							
							Data Milestones

						
							
							Data Outcomes

						
					

				
				
					
							
							Near-real-time metadata (business and technical) for customer information systems

						
							
							Identify and select metadata tooling vendors

						
							
							Tooling vendor is selected [1 of 1]

						
							
							Business and technical metadata capability is available for use

						
					

					
							
							Implement metadata tool

						
							
							Tooling goes live (implemented) [1 of 1]

						
					

					
							
							Identify each in-scope system that contains customer information

						
							
							In-scope systems are identified [6 of 6]

						
							
							System inventory for customer platforms is completed

						
					

					
							
							Build connectors for metadata tooling

						
							
							Connections between in-scope systems and metadata tools are built [6 of 6]

						
							
							Near-real-time business and technical metadata is enabled for systems for customer data platforms

						
					

					
							
							Connect metadata tooling to each in-scope system identified

						
							
							Connections between in-scope systems and metadata tools are implemented [6 of 6]

						
					

					
							
							Validate completeness of metadata for in-scope systems

						
							
							Validation of metadata completeness is completed [1 of 1]

						
							
							Customer metadata is validated

						
					

					
							
							Build ongoing operations and observability for metadata tooling to ensure ongoing validity and trustworthiness of metadata

						
							
							Data observability deployed [1 of 1]

						
							
							Data observability capability is enabled

						
					

				
			

			Table 5.7 – Example data capability mapping to outcomes

			Step 8 – Measuring success in business outcomes

			As you close the loop to the final step, measuring success in terms of business outcomes, you will notice that these map to the original business outcome defined at the onset of this process. In the example, we tied out the data outcomes to the business outcomes. All paths start and end with the business. The middle of the process is where data capabilities are defined, delivered, and enabled to support the business. Depending on what capability you are focused on enabling, you will have different outcomes, but the same framework is useful.

			
				
					
					
					
				
				
					
							
							Data Capabilities Needed

						
							
							Data Outcomes

						
							
							Business Outcome(s)

						
					

				
				
					
							
							Near-real-time metadata (business and technical) for customer information systems

						
							
							Business and technical metadata capability is available for use

						
							
							Searchable data environment to enable customer contractual obligations to identify their data in your ecosystem within a 24-hour SLA

						
					

					
							
							System inventory for customer platforms is completed

						
					

					
							
							Near-real-time business and technical metadata is enabled for systems for customer data platforms

						
					

					
							
							Customer metadata is validated.

						
					

					
							
							Data observability capability is enabled.

						
					

				
			

			Table 5.8 – Example data capability mapping to data and business outcomes

			Summary

			After completing all eight steps, it is helpful to put the entire story in order for your readout to the business. In all cases, I recommend doing a post-go live review not only on the outcome itself but also on the process. A feedback loop is a great optional ninth step to implement as a best practice:
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			Figure 5.3 – Summary of business success alignment process

			From this point, you are ready to define success and align with your stakeholders – congratulations! Following this framework will enable you to successfully navigate specific and clear outcomes that matter to your stakeholders with ease. Remember to iterate through these steps so that you and your stakeholders are clear about expectations. Next, I will walk you through some barriers to success to be aware of as you operationalize these steps.

			Barriers to achieving business value

			After following the eight-step approach outlined previously, you have the strongest chances of success. However, there are always risks in delivering any program. I would be remiss not to point out the most common barriers to success:

			
					Organizational culture and/or politics: These are not always visible, and your chances of not fully understanding or seeing these risks are higher if you are new to the organization. It’s harder to understand the invisible network of how the company gets to a win if you are new. If you are new to the organization, ask how success is achieved. Seek to understand unspoken cultural ways to get work done in your company.

					Funding changes or challenges: Securing and maintaining funding, especially in multi-year implementations, can be a challenge. If you are working on a multi-year delivery, ensure you have a commitment to the entire program, not just year 1.

					Sponsorship turnover: People make professional moves. You have to assume that your project sponsor might not be in the same role (or the same company) for the duration of your project. If you do not ensure that you have support, go a layer or two below the sponsor to ensure you have durable support.

					Lack of support: You did not get the full support of a sponsor, or you only received support at a junior (or simply too junior) level. The person you gained support from may not have the authority to provide the support you need to drive results to finality.

					Lack of technical expertise: Perhaps your team did not have the technical expertise required to complete the work. You attempted to let too technical work be done by not technical enough experts, and the result is a sub-par solution.

					Regulatory or economic changes: A material change occurs either economically or in the regulatory environment that impacts the prioritization of the project.

			

			Drive unified data experiences internally and across our products to empower the organization and our customers with the right data at the right time with the right controls. Aim to achieve the following:

			
					Tech-enabled governance

					Transparent metadata

					Unified and trusted consent (for marketing)

					Trusted insights

					Results at scale and speed

			

			Now that we’ve covered potential barriers to success, we can pivot into how to add value measures to your stakeholder map. This is a fantastic but often overlooked step: consolidate the outcomes by stakeholder so that you can have a comprehensive view of all the work you’ve done to drive measurable business outcomes for each stakeholder you serve. You can then use this information in periodic reviews with your stakeholders (annual, bi-annual, or quarterly business reviews, depending on your preferences).

			Building value measures into your stakeholder map

			As you work to build out your company’s value measurement methodology (like we did previously), for each project, you can start to build out what this value measurement and value map look like for all of your stakeholders. This process is time-consuming but critical to demonstrate the value of your team’s impact enterprise-wide.

			Thinking back to Chapter 2, where we built out the stakeholder map, you can add in the value measurement methodology against each stakeholder group. A best practice is to sit with each stakeholder on a regular basis (I like to do this quarterly) to go through a Quarterly Business Review for the value your team has brought to bear for them. This idea of a Quarterly Business Review would walk them through the following:

			
					The scope of your engagement with the stakeholder

					A list of discrete projects you have completed for them in the quarter (or year)

					A list of enterprise services you provide to them (and everyone else)

					The value measurement for the quarter (or year)

					A look ahead to what is coming next quarter
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			Figure 5.4 – Stakeholder map example: Sales division

			Remember when we looked at how the office of the CDAO was supporting these objectives? We lined out the direct impact from CDAO to Sales Operations to Sales and clearly articulated how each role was involved in delivering that value. We also grounded ourselves in how the CDAO team was thinking about value.
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			Figure 5.5 – Value chain from data office to business and to customer

			Key measures include the following:

			
					How much did revenue increase?

					How much productivity did the Sales team save by being able to rely on this model?

					How much did customer satisfaction scores shift by being sold products that they actually want?

					How much did customer trust increase?

			

			For this example, we would measure these specifically, as a part of our value measurement methodology, and present the results back to both Sales Operations and Sales executive leadership, to show them exactly how much we impacted their top and bottom lines, as well as customer satisfaction and overall customer health scores.

			More advanced CDAO offices build their own value measurement dashboards to build out transparent and accessible reporting (ideally with the ability to drill into the details that support this aggregation, by stakeholder group) so that you can build trust with your stakeholders by showing (not just telling) them how you are bringing value to them every day. By reporting in this highly advanced way, you are reporting powerfully on the value you bring to the organization in a way that supports ongoing investment from the lasting impact of your team.

			Conclusion

			Measuring value for an organization is not easy. It takes thoughtful alignment with stakeholders about how to measure success, together. No one team can solve this independently; you must bring the discussion about value measurement into the early stages of the project, focus the stakeholders on the importance of alignment, and build a rigorous, transparent process into the normal flow of business. In my experience, many teams discuss having this capability, or may even claim to have something similar. In practice, very few teams do this consistently well across their entire company. Let’s normalize this process so that as a practice, we can demonstrate that there is an incredible return on investment (ROI) in data. In this chapter, we walked through the eight-step alignment methodology to drive outcomes with your stakeholders, common alignment challenges, and how to carry forward the measured outcomes to your stakeholder map for aggregated value alignment.

			This chapter concludes Part 1 of this book. In Part 1, we outlined how to bring a data program together, how to baseline your company, how to build a great team, and how to align with your stakeholders for powerful results. In Part 2, we will dig into the major data governance capabilities in detail, covering what they are, how to deploy them effectively, and how to measure the success of each capability.

		

	
		
			Part 2:Data Governance Capabilities Deep Dive

			In this part, you will get an overview of each of the six key data governance capabilities, starting with key definitions, how to measure success, and examples of what works well and what doesn’t. You will be guided through the implementation of foundational programs for each capability, and how to launch each capability in your organization.

			This part contains the following chapters:

			
					Chapter 6, Metadata Management

					Chapter 7, Technical Metadata and Data Lineage

					Chapter 8, Data Quality

					Chapter 9, Data Architecture

					Chapter 10, Primary Data Management

					Chapter 11, Data Operations

			

		

		
			
			

		

		
			
			

		

	
		
			6

			Metadata Management

			This chapter is intended for anyone interested in learning more about metadata management at a high level, understanding optimal implementation strategies, or anything in between. It is not necessary to have any prior experience with metadata management to understand the material in this chapter.

			Establishing a high-value, high-return metadata management capability is absolutely required for any data governance program. The success or failure of a chief data & analytics officer hinges on being able to answer a few fundamental, core questions: Where is the company’s data? Who owns it? How is it classified? Is it safe & secure? Can I leverage it for value? Do I know how to reduce data risk? You will learn the answers to these questions and be guided through how to tactically set up a metadata management capability for success as we dive into the critical capability of metadata.

			Simply put, metadata is information about data. Metadata capabilities are used to make data more understandable, accessible, and reusable. Metadata management is the process of creating, storing, organizing, maintaining, and using metadata. In my experience, metadata is one of the most underappreciated data capabilities, but it is foundational to any data management program. Metadata is the root of success when deployed and managed well and the root of failure when underfunded and underutilized.

			Metadata management is important for a number of reasons. First, it can help to improve the quality of data. By providing information about the data, metadata can help to ensure that it is accurate, complete, and consistent. Second, metadata can help to make data more accessible. By providing ways to search and filter metadata, users can more easily find the data they need. Third, metadata can help to make data more reusable.

			By providing information about the data’s context and usage, metadata can help users understand how the data can be used in different scenarios. In this chapter, we will cover the following:

			
					Metadata management defined

					The value of metadata management

					Core metadata capabilities

					Building optimal metadata capability

					Setting up metadata management for success

			

			Metadata management defined

			Before we get into the details, I find it important to align on basic definitions. In my experience, data professionals sometimes skip basic definitions in an attempt not to insult the audience when launching data capabilities. However, starting with grounding definitions can be done with grace in a way that does not insult the business leader and still grounds the audience on what we will accomplish.

			I like to start with a simple slide with the title “Before we begin.” This simple yet impactful grounding slide can be set up with a basic premise and with the following verbal statement: “Before we dig into the details, I want to spend just a moment ensuring we all have the same common understanding of what it is we are going to discuss today. I, for one, have not been a metadata expert all my life, and thus, let’s take a moment to define what it is we mean when we talk about metadata today.” This simple yet non-offensive grounding centers the team on the definition together without sounding like we are preaching to our stakeholders.

			So, to that end, before we begin, let’s ground on definitions. When we talk about metadata, it’s important to state that all metadata is, is information about our data. You may hear it described as data about data. It’s not enough to capture data about data, we must put it into action, and that requires metadata management.

			What is metadata management?

			Metadata management is a foundational capability that every company needs to understand and manage. Effective metadata management capabilities tell users basic information about the data, including the following:

			
					What data exists

					Who created the data

					When the data was created

					Where the data was created

					What the data means

					Where the data comes from

			

			Metadata can be used to do many things, but at a minimum, it helps users to do the following:

			
					Discover data assets

					Understand data context

					Build trust in the information

					Consume data

			

			There are three types of metadata that require active management: business metadata, technical metadata, and operational metadata. Together, these three types of metadata allow for data assets to be better understood and enable additional value to be unlocked from the data. Let’s start with some basic definitions.

			
					Business metadata: This connects data domains to business data stewards, drives business data definitions, and is responsible for linking business metadata to the technical metadata across the enterprise.

					Technical metadata: This contains the physical data elements and attributes from physical data, enables data tracing, and drives an understanding of any data transformations. Technical metadata shows us where the data came from in terms of the physical databases, systems, and data flows across the enterprise. Technical metadata also describes the data structure, storage, format, and processing. This type of metadata usually includes data such as data types, column names, and table structures.

					Operational metadata: This contains information about how and when the data was created or transformed. It may include information such as time stamps, location, or job execution logs.

			

			All three of these types of metadata are important for strong data management. They serve different purposes and are typically used by different users (e.g., business metadata is usually used in service of business data stewards, whereas technical metadata is more critical to the technical data steward persona).

			Examples of metadata

			Let’s bring these definitions to life. Let’s start with metadata about structured data, such as a customer data record, as shown in a database table for the Customer Data platform:

			
				
					
					
					
					
					
					
					
					
					
				
				
					
							
							ID

						
							
							First Name

						
							
							Last Name

						
							
							Street Address

						
							
							City

						
							
							State

						
							
							Country

						
							
							Zip Code

						
							
							Phone Number

						
					

					
							
							12345

						
							
							Bob

						
							
							Smith

						
							
							123 Main Street

						
							
							Anytown

						
							
							IA

						
							
							USA

						
							
							11111

						
							
							555-555-5555

						
					

					
							
							67890

						
							
							Nancy

						
							
							Glad

						
							
							456 Town Place

						
							
							Anytown

						
							
							IA

						
							
							USA

						
							
							11111

						
							
							555-555-5556

						
					

				
			

			Figure 6.1 – Example data records

			Business metadata

			The business metadata will include the following:

			
					The definitions of each of the fields (e.g., ID, first name, last name, street address, and so on).

					The business data steward

					The technical data steward

					The source of the customer data (i.e., the Customer Data Platform)

			

			This business metadata may look like this in the data catalog system:

			
				
					
					
					
					
					
				
				
					
							
							Business Term

						
							
							Business Definition

						
							
							Business   Data Steward

						
							
							Technical Data Steward

						
							
							Authorized Source

						
					

					
							
							Customer ID

						
							
							The unique identifier assigned to an individual customer

						
							
							Asha Sinha

						
							
							Sally Smith

						
							
							Customer Data Platform

						
					

					
							
							Customer First Name

						
							
							The legal first name of an individual customer

						
							
							Bob Jones

						
							
							Henrik Hans

						
							
							Customer Data Platform

						
					

					
							
							Customer Last Name

						
							
							The legal last name of an individual customer

						
							
							Bob Jones

						
							
							Henrik Hans

						
							
							Customer Data Platform

						
					

				
			

			Figure 6.2 – Example of a data catalog record for customer data fields from the Customer Data Platform

			Note that the Customer Data Platform may have table headings that are as simple as “ID”, whereas, in the data catalog, the term is more specific (Customer ID). This is because the header “ID” may be used in various ways that are not unique to the customer. We must use unique terms and definitions in order to drive the appropriate understanding and specificity to enable a common language across the company.

			Technical metadata

			The technical metadata will include the following:

			
					The location of data stores

					Interface information

					Information about tables and field structure

					Data types

					Links to related fields

					Indexes

			

			Metadata about unstructured data, such as a picture, may contain the following:

			
					An image title

					An image description

					An image date

					An image location

					The image copyright

			

			The value of metadata management

			When I think about the value of data management capabilities, I think about value in terms of what can I do after I deploy this capability that I am not able to do today. How do I measure this difference? It may be in dollars saved, fines avoided, hours of employee time that is saved, revenue that is generated, opportunity value unlocked, or some combination thereof. Any of these value vectors can make the capability worth deploying.

			The difference with metadata is that subsequent data management capabilities (as we will explore in Chapters 7–11) will not reach their full potential without metadata capabilities in place. Thus, this capability is foundational, which also needs to be accounted for when measuring the value of metadata management. There are five core tenants to the value of metadata management capabilities:

			
					Transparency: Metadata management enables transparency about the data. Technical metadata tells us where the data came from, the systems the data was sourced from, if it was transposed or otherwise changed, and enables us to understand the data better. When we know more about the data’s journey, we have increased transparency about the data, and therefore, higher trust in the data.

					Stewardship: Metadata management enables us to drive the accountability of the data. When we know what data we have, we can assign data stewards to the data, which enables accountability. When we know who is responsible for the data, we can create an environment where there is a point of contact to take care of the data for the company’s use. This model of stewardship enables the company to be able to identify any responsible parties and drive further accountability for the management of the data. When stewards exist and have clear roles and responsibilities (as we outlined in the data governance policy), then the company gets to reap the rewards from the additional care over the data.

			

			Important note

			Remember, the key to high-quality stewardship is that of a service provider, not a data owner. The concept of ownership can lead to a “scarcity” mindset, which will prevent the stewards from sharing the data. Data represent an enterprise asset and should be available for shared use unless privacy, legal, or other regulations require confidentiality over the data assets.

			
					Clarity: Metadata management enables the company to gain clarity about terminology, sourcing, and ownership. By driving clarity, business units, analysts, engineers, and executives alike can align with ease.

					Reusability: Metadata management enables the company to locate, understand, and use (and reuse) enterprise data assets.

					Foundational Capability: Metadata management is a key foundational capability that is required for subsequent data management capabilities such as data quality, architecture optimization, and data operations. If we don’t know what data we have, it’s very hard to measure the quality of it, optimize sourcing, or manage it as a part of general data operations. We must have high-quality, reliable, and accessible metadata to drive these additional capabilities.

			

			Why does metadata matter?

			Metadata management provides the necessary capabilities to establish informational understanding and organization in a company. The active nature of metadata management allows a company to foster the use of data assets through sharing, enabling insights into data for change management, and allowing for the appropriate control and protection of regulation, policy adherence, and overall compliance.

			The business outcomes that you can expect to drive through building out metadata management capabilities include the following:

			
					The ability to search and locate both business and technical data (saving the data user hours or potentially weeks of trying to find the data through their own internal social network, asking colleagues where the data and multiple iterations are when attempting to find the best source for that data)

					The ability to rationalize common terms enterprise-wide (aligning the business to a common taxonomy)

					The ability to manage data well and feed other key data management capabilities, such as governance, data quality, data architecture, and primary data management

			

			Core metadata capabilities

			Business metadata capabilities should be led by the data management solutions team under the office of the Chief Data & Analytics Officer. Business metadata must be driven centrally and should partner closely with business data stewards across the company to deliver end-to-end metadata process and technology solutions, including the tooling and processes required to enable business value from metadata management. In this section, we will cover the core capabilities that the data management solutions team is responsible for when deploying and managing enterprise-wide.
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			Figure 6.3 – Sample Metadata Framework

			Metadata standards

			Metadata standards are the guidelines or expectations for how the company should create, manage, and use metadata. These standards help companies define what must be done for data assets, systems, processes, and use such that there is consistency enterprise-wide and that the metadata can be relied upon.

			Why do metadata standards matter?

			Metadata standards are critical to the success of metadata management because the standards align expectations for how metadata management will be deployed, used, and leveraged across a company. There are four core tenants of a metadata management standard, and the following should be addressed in full in the standard:

			
					Metadata is an enterprise asset that has value and should be managed accordingly.

					Metadata management is an enterprise-wide capability and requires enterprise-wide leadership.

					Accountability is required; no one person or team can drive enterprise-wide metadata management alone or in isolation.

					Decisions around metadata management must be made through an enterprise lens and not in favor of one user or one group above the greater good of the enterprise

			

			How to measure progress

			A simple way to measure the progress of the deployment of metadata standards is two-fold: the publication of the standards and the adoption of the standards. For publication, you are seeking to publish one standard for the enterprise. There’s no need to measure much beyond the publication date meeting the expected publication date and any regular revisions being on track.

			The second measure of success is the adoption of the standard. You can set adoption metrics by division, data domain, system, or business data steward—whatever makes sense for your data management program. The important component is consistency across data management capabilities. If you are measuring by data domain, for example, measure all your data management capabilities by data domain to drive consistency in adoption.

			Who manages metadata standards?

			The office of the Chief Data & Analytics Officer is ultimately responsible for the business glossary for the company. Within the office of the CDAO, the data management solutions team, which manages all the metadata, data quality, and primary data, should drive the requirements that feed the metadata standards; however, generally, your data governance leader will be responsible for publishing all enterprise data standards through a consistent process and will ultimately be publishing the metadata standards.

			The data governance Leader may also manage compliance against the company’s data standards, with the metadata management leader being accountable for progress in deployment and adoption. Business and technical data stewards should be consulted in the development of the standards. Data domain executives should be informed about the standards.

			How should you use it?

			The metadata standards should be used to guide users on what is required for metadata management, defining the capabilities, what solutions are available to aid them in both complying with the standard, and also using metadata management. The standard should define the key terms, establish processes, inform users on what metadata tools should be used, and, overall, drive enablement to use this key data management capability.

			In some organizations, the metadata standard may also inform the reader about the funding requirements, change management, and what is out of the scope of the standard.

			Business glossary

			Business glossaries and data catalogs both represent key metadata management capabilities, but they have different purposes and generally serve slightly different audiences. A business glossary is a lot like a common dictionary—it creates clarity. It contains the key business terms and their definitions for the data that matters to your company. The business glossary should provide search capabilities to enable users to search and find the data they are looking for, enable an understanding of the key characteristics of the data, and drive some level of workflow to suggest changes and approve the business metadata.

			Important note

			Sometimes a business glossary is referred to as a data dictionary.

			Business glossaries are typically used by business users (but technical users may also benefit from their use) to help drive understanding and meaning about data, and they typically capture the following information:

			
					Terms: What we are defining

					Definition: A clear and concise description of the term

					Synonyms: Other terms that have the same meaning as the term

					Antonyms: Other terms that have the opposite meaning as the term

					Examples: Examples of how the term is used

					Notes: Any other relevant information (optional field)

			

			Why does a business glossary matter?

			A business glossary matters for any company because it serves as the common language the company uses to discuss key information. Aligning on business terms is helpful in everyday business, as it ensures everyone in the company, from the CEO down to the individual analyst, is speaking the same language.

			Important note

			At one company I worked at, we spent almost 18 months aligning on an enterprise definition for the term “customer.” Because some of our business units were business-to-business and some were business-to-consumer, the definition needed to be broad enough to cover both business models but specific enough not to include prospects or leads. Aligning the entire business included a wide range of stakeholders, some of whom were very passionate about the term. However hard the alignment was, it was critical we defined it properly so that our enterprise reporting and decision-making were consistent. We could not report information to the C-suite or the board without this alignment.

			How to measure progress

			As you build out your business glossary capability, you will need to report on progress to your stakeholders, your manager, and perhaps the enterprise data committee. Several metrics can be used to measure and communicate the progress your team is making in terms of delivery. Here are some examples:

			
					The number of business glossaries completed by system/the number of systems

					The number of business terms uploaded to the business glossary/the number of terms defined

					The number of business terms approved/the number of business terms defined

					The number of applications without business glossaries/the number of applications

					The number of business terms without an assigned owner/the number of business terms

					The number of data domains with completed business glossaries/the number of data domains

			

			How do you measure the value?

			This is one of the harder components of a business glossary. Most of the value is qualitative. The lack of a business glossary is often felt enterprise-wide and all the way to the top of the organization. Let me share an example to explain.

			Example

			I once had a CEO ask me to drive alignment for the most important terms in our company. They said, “Don’t take forever to do it through.”

			What was the problem? Why did the CEO need us to align our top terms?

			We were in the midst of a business transformation and changing business models. He was running into issues when talking to various GMs across the business because the individual GM’s revenue numbers were not aligning with the finance teams’ numbers. When we dug in, we found that the definition of revenue used in the GMs varied widely between the GMs but also with regard to finance. The finance team had to make several adjustments to comply with GAAP, which created a notable delta between internal reporting and external reporting. This led to many cycles of discussion at very senior levels about data differences. Imagine the cost of these meetings.

			When we aligned the business to the common terms and calculations, the teams had far more productive meetings rooted in data that everyone agreed to.

			Here are a few ways you can measure the value:

			
					Reduction of Errors: A business glossary can be used to reduce errors in reporting by pulling the definition ahead of producing a report. By aligning on the definitions upfront, you can prevent cycles of the reproduction of reports when the business and the producer of the report align on what they really want ahead of report creation vs. after the report is finalized, where the numbers don’t align with what they expected, leading to rewrites.

					Increases in Efficiency: Having a business glossary can improve efficiency by making it faster to find and use information. This can be exponentially impactful the larger the organization you are in.

			

			As you might note, these are time savings. You could produce a model to measure these assumptions and validate the assumptions with the business users. For example, we believe that once we have a business glossary defined with adequate definitions and sourcing, we expect each report production time will be reduced by 20 hours due to upfront alignment vs. the back and forth experienced today. By using this assumption of 20 hours x 100 reports per year, we predict we will save 2,000 hours of labor per year (equivalent to one full-time employee). If your organization produces 1,000 reports per year (or 10,000), imagine the impact this simple solution can make.

			Who manages the business glossary?

			The office of the Chief Data & Analytics Officer is ultimately responsible for the business glossary of the company. Within the office of the CDAO, the data management solutions team, which manages all the metadata, data quality, and primary data, should drive the enterprise business glossary, as well as the tooling to support the enablement.

			Most companies assign a leader who is focused on metadata management to drive the capabilities outlined in this chapter. In all of my previous data teams, I have had a team of anywhere from 3–15 people (sometimes more for larger companies) focused on this area. Why so big? If you are aligning on an enterprise glossary for a company with 6,000 applications, you’re going to need robust processes, forums, and tools, as well as a roadmap to deliver. The work is never “done.” As companies evolve and serve new markets, new customer bases develop and deploy new systems, all of which lead to more business glossary work for your team.

			What does a mature business glossary capability look like?

			As you work to mature a business glossary capability for your company, there are a series of actions you can take to drive more maturity and use of a business glossary. In maturing data governance programs, business glossaries are often created for a particular system or data domain, but in more mature companies, an enterprise glossary is created to standardize business definitions across the company. An enterprise business glossary usually enables the following capabilities:

			
					A synthesized and rationalized business glossary versus duplicates/divisional

					Drives the adoption of ontologies

					The rationalization of terminology and its association with data assets

					Enables the linkage of business terms across domains

			

			Ultimately, the enterprise-wide alignment of the complete information associated with the business terms, including meaning, relationships, and lineage, helps drive a true enterprise business glossary. In the preceding example, in which I worked with the CEO to drive a common report of the top metrics across the company, we started the enterprise business glossary with the nine terms he was interested in standardizing. From there, the team built out a standard enterprise business glossary as we continued to add more standardized terms to our metrics as a service program.

			However, it doesn’t take a CEO request to begin this work; you should begin to synthesize and rationalize business glossaries across the company as a part of your standard program. The easiest place to start is identifying where you already have duplicates across data domains and/or systems, and you can easily determine the enterprise definition. These common definitions are your “enterprise” business terms.

			You will find instances where an enterprise definition is agreed upon, but divisions have a definition that is a subcomponent that nests within the enterprise division uniquely for them. For example, you may have an enterprise term such as “revenue.” For a division, you may capture revenue by product line. While the enterprise revenue term is inclusive of the common definition, when the division is specifying its product line, they may call it “product A revenue,” which clarifies that it is revenue but for a specific product.

			How should you implement a business glossary?

			
					Scope: Define the scope of the business glossary. You could start with a system, a team, a data domain, a program, or the company at large. It’s important to align on what you will be delivering against. Define success upfront to ensure alignment with your stakeholders.

					Onboard the stakeholders: Define what the process will be and explain the expectations, timing needs, and what they can expect for outcomes.

					Gather any materials available: You may be pleasantly surprised to find that pieces of a business glossary or definitions of terms may exist. Sometimes, teams capture this information in a spreadsheet or a presentation for shared use. Leverage what is on hand as a starting point.

					Define the terms: Work with the business data stewards and users of the information to define the definitions, align on synonyms and antonyms, provide examples, and collect any relevant notes.

					Publish the glossary: Put the collected information to work in your enterprise business glossary.

			

			Data catalog

			This stores information about the organization’s data assets, such as data location, format, lineage, and quality. The data catalog is usually a key metadata capability for data engineers, data scientists, and other technical users. The data catalog may include other relevant information, such as links to source data, classification, or other pertinent information. The data catalog usually contains key information for each data asset, such as the following:

			
					Name: The name of the data asset

					Description: The description of the data asset

					Location: Where the data asset can be found

					Format: The Format of the data asset (curated data set, report, and so on)

					Lineage: The history of the data asset (see Chapter 8 for more information about lineage)

					Quality: Information about the quality of the asset, such as accuracy, completeness, and so on (see Chapter 9 for more information about data quality)

					Tags: These can be used to organize and search for data assets and may also use a format to be driven (e.g., report, customer, vendor, and so on)

			

			I would expect a data catalog to provide business users with useful datasets that have already been created, which will speed discovery and time to insight for the company. Ideally, this capability should enable business users to augment the information in the data catalog with new information to continuously improve the data catalog.

			Why does it matter? What matters?

			As a company grows and data becomes more critical to the company’s overall success, individuals and teams spend too much time searching for data they trust. In my experience, there is usually an inflection point: either something bad happens (a data breach, regulatory mandate, and so on), or it simply becomes too painful to continue to operate based on “historical knowledge” about the company, and scaling becomes a challenge. Data catalogs are the solution to help individuals and teams seek, find, and use data across the company by allowing individuals to reuse common data assets.

			This problem is not new. According to an IDC white paper from 2001, “A 1998 survey found that 76% of company executives considered information to be “mission critical” and their company’s most important asset. Yet, 60% felt that time constraints and a lack of understanding of how to find information were preventing their employees from finding the information they needed.” Furthermore, Forbes reported that in 2018, data professionals were still spending 50% of their time finding and governing data.

			Here are some indicators that you may need a data catalog:

			
					Your business analysts have a hard time finding the data they need to populate their reports and/or BI tools

					Finding information in your data lake is difficult, if not impossible

					When data can be found, understanding it is still a challenge

					There is no ownership for data or data assets, so finding someone to answer basic questions is near impossible or very time consuming

					Reusing data assets from other individuals requires you to know the data asset exists and who created it so you can use it, too

					No process exists to verify the data is trustworthy

					The source of the data is unknown, so blind reliance is required for use

			

			How do you measure the value?

			In my experience, most companies have not fully adopted data catalogs, which are the most simplistic way to address these very common problems. While there are many ways to calculate the value (i.e., cost of relying on incorrect data, fines for misreporting information, time, and so on), the easiest and least controversial way to calculate the value of your data catalog is an employee’s time. Simply take the cost of a data analyst’s salary, let’s assume USD 100,000 for ease of calculation, and use the metric referenced in the preceding section of 50% of their time spent searching for information. That means 50% of their compensation annually is spent searching for and governing the data they manage:

			USD 100,000 * 50% = USD 50,000

			How many data analysts does a company employ? 10? 100? Multiply your cost per analyst accordingly.

			How much does a data catalog service cost? Usually, this is the total cost of ownership, which includes the licensing cost, the server costs, and the management of the tooling (metadata analysts).

			What about the factor of time lost searching vs. more productive tasks?

			All of these answers should factor into your company’s decision to invest in an enterprise data catalog. Don’t forget to consider the opportunities lost by not having this capability. What might you be able to do if you didn’t have to deploy your analysts to search for data day after day? Could they be creating new revenue-generating ideas? The total picture of opportunity and cost is relevant to tell the real value that a data catalog can bring to your company.

			What metrics should be used to measure maturity?

			
					The number of data assets checked into the data catalog

					The number of data assets with complete information

					The number of data assets certified by the data steward (meaning, validated source, data quality, and ownership identified)

					The number of data assets with data stewards

					The number of data assets being reused in total data assets

					The number of data assets with complete lineage

					The number of data assets from each data domain logged in the enterprise data catalog/the number of data assets

			

			Example

			In one of my previous roles, we had to rationalize data assets as a part of our customer data transformation. Originally, we had customer data spread across the entire company. As we deployed a unified customer data record system, we rationalized customer data assets in our enterprise data catalog. This provided the company with the approved or “authorized” definitions, assets, and location for the golden source data. Any other source of customer data was considered “non-certified,” and the CDAO did not stand behind its reliability.

			Who manages it?

			Similar to the business glossary, you may have multiple levels of management for a data catalog. You may have divisional or data domain-driven data catalogs, which are managed by a business data steward or business data team.

			These business data leaders will partner with your metadata leaders in the CDAO office to establish and effectively manage the enterprise data catalog. Optimally, an organization would have an enterprise data catalog exclusively, with ways to manage and tag information that is specific to a singular data domain. This transparency is ideal for data evolution, such as when a data asset previously used at a divisional level is discovered and adopted at an enterprise level. If the transparency into the divisional/data domain’s data catalog is not visible to the enterprise, the data assets cannot be leveraged effectively.

			However, having divisional or domain-based data catalogs are a great place to start if your organization does not have a data catalog capability. You don’t need a tool to get started. You can use something as simple as a spreadsheet and mature into a tool when you are ready to invest.

			What does maturity look like?

			The enterprise-wide alignment of the complete information associated with the data assets includes the meaning, relationships, and lineage to drive a true enterprise data catalog. A mature data catalog capability should make it very easy for a business user to determine the following:

			
					What data you have

					Who is accountable for the data

					Where the data is sourced from

					Whether the data is trustworthy

					Where to find the data (ideally, there could be a link to it)

			

			The seamless and secure access to data assets enterprise-wide, including integration with identity access management to ensure the right people have the right access to the right assets at the right time, is optimal. It can be quite frustrating when a data catalog makes the data easy to find, but then a user spends days, weeks, or months waiting for access approvals.

			Easy discoverability/sophisticated search (e.g., powered by AI) makes this capability even more interesting. Some newer features will suggest additional assets given your search history. The recommendations embedded in data catalogs are making it even easier for users to find what they need and, sometimes, additional information they didn’t know they wanted.

			How should you use it?

			
					Business users should find the data they need by searching a data catalog

					Understand the data being used more easily and consistently with others (common language)

					Helps business users better interpret technical information

					Use the data to create insights needed to answer key business questions

			

			Building optimal metadata management capability

			In 2021, I participated in an interview where I boldly (at the time) stated that metadata was the most underappreciated data governance capability. Now, in late 2023, I stand beside that statement. It’s my firm belief that metadata is the power behind all data governance. To this day, I am asked what companies should do to maximize their investment in data governance, and every time, I suggest a strong investment in metadata capabilities by creating and optimizing a data marketplace.

			What is a data marketplace?

			A data marketplace is what I would call a “business of data capability,” meaning that it is driven by the data office. When powered and supported by technology, a data marketplace is a single location for a company to create a shopping-like experience for all data assets. The foundation of the data marketplace is powered by metadata and allows users to access data assets from a single platform with ease. Ease of search and discovery are critical features of a world-class data marketplace.

			A data marketplace can solve a number of issues for a company, including, but not limited to, the following:

			
					Locating data from across the organization (1:M platforms/systems/sources)

					Identify duplicate data (proliferation of data assets) to drive simplification efforts

					Identify data quality issues to drive remediation efforts

					Drive the transparency of data definitions, calculations, sourcing, and the quality of data assets

			

			What’s in a data marketplace?

			A data marketplace contains both metadata (business and technical) and data assets, providing workflow for stewardship activities, and it does all of this with unified transparency for the enterprise. You should include the following:

			
					Data governance policies (links to)

					Stewardship workflows to enable proposed definitions, approvals, and so on

					Business glossary

					Data dictionary

					Data lineage

					Data products (links, owners, and certification status)

					Certified data assets (reports and curated datasets)

					Standardized enterprise KPIs

					Data quality metrics for the above capabilities

			

			Why does a data marketplace matter?

			A data marketplace is a seamless, connected experience that provides the capabilities described in the preceding section to enable the company to find the data that it needs quickly, efficiently, and with trust and transparency by design. If time matters to your business, a data marketplace can accelerate the time to insight unlike any other capability. The best data marketplaces I have seen have focused ruthlessly on great user experiences by keeping the user interface simple, content-relevant, and focusing on quality content over quantity of content.

			In the background, the CDAO office will likely spend time integrating a variety of features, systems, and processes to make the data marketplace a delightful experience for users. Do not hesitate to invest in this capability. The number one complaint from my stakeholders has always been around the challenge of finding trustworthy information, and a data marketplace solves this problem. If you can make it easy for your stakeholders at all levels of the organization to find the information they need to do their jobs well, you will be successful as a data leader.

			Measuring outcomes and return on investment

			
					The number of unique users (you could track by business unit or region for more specific intelligence) per month (or any time horizon that’s relevant to your business).

					The number of unique data products/assets onboarded to the marketplace.

					The number of unique certified data products/assets onboarded to the marketplace.

					The number of systems connected.

					Persona-based user counts. This tracks the number over a set duration (i.e., monthly or quarterly) and determines which personas are using more or less over time so you can explore why and drive additional use. Some examples include data engineers, data analysts, business analysts, and executive management.

			

			Setting up metadata management for success

			Ultimately, a great metadata program helps companies to answer fundamental data questions such as, What data do we have? How is it classified? Where is our data? Who is responsible for it? How can I find it? Can I use it? Being able to answer these fundamental questions is what makes a metadata management program successful. The CDAO and metadata management leaders, together, must share the value proposition of this capability. My advice is not to be afraid to share what can go wrong without strong metadata management but also what can go right when you have a strong metadata management program.

			While at face value this capability may seem fairly straightforward, the implementation of a strong program across a large company takes time, focus, and clear communication about the value. I recommend starting with a data domain or a single system and working across your company to drive implementation. While you work to capture metadata, launching a data marketplace capability will enable the company to take advantage of all the hard work your team has put into building metadata management capabilities in an easy-to-digest format.

			Conclusion

			The remaining data governance capabilities in the subsequent chapters will build on this metadata capability. If you do not have a strong handle on your metadata, measuring data quality, building authorized provisioning points, optimizing architecture, and building authoritative sources for common datasets (i.e., customers or products) becomes a lot more difficult. Thus, it is critical to message the importance of this foundational capability early and often as you advance the maturity of data governance at your company.

			As a result of this chapter, you should be able to adequately explain the importance of metadata management, including why it is required for all other capabilities to be successful, understand how to design a strong metadata management function, and how to define and implement the specific needs for your company’s implementation. The next chapter will discuss the topic of metadata, but it will focus on the more technical aspects of metadata management.
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			Technical Metadata and Data Lineage

			Establishing a high-value, high-return-on-investment (ROI) data lineage capability is a fundamental capability for any data governance program. The success or failure of a Chief Data & Analytics Officer hinges on being able to answer a few key core questions:

			
					Where is my data?

					Who owns it?

					How is it classified?

					Is the data safe and secure?

					How does it change (or how was it changed) as it moves through the company?

					Can I trust the data? Is it of high quality?

			

			Data lineage is the ability to see the journey the data has taken across your organization. Data lineage captures the source of any transposition changes and the overall journey of where that data has come and gone. It provides a line of sight into how the data has evolved across its source, journey, and evolution.

			Building on the Metadata Management capabilities outlined in Chapter 6, Metadata Management, this chapter will focus on the more technical aspects of Metadata Management. We will focus on where the data is, how it’s moved, and the technical requirements to better understand the data. While technical data stewards are most likely to be engaging with technical metadata, specifically with data lineage, business data stewards also benefit from this capability. Additionally, technical metadata will provide the foundation for the measurement of data quality, which we will cover in Chapter 8, Data Quality.

			As of the time of this writing, full end-to-end data lineage is still a challenge for most companies. I will outline my experience in deploying data lineage, the challenges, and what we can do about it in lieu of perfection. We do not need to wait for the “magic bullet” tool or technology to lean into the development of data lineage capabilities for our companies. We can start right now with what we have and build as the capability matures. Let’s start with some basic definitions to ground ourselves in a common language.

			We will cover the following main topics:

			
					Technical metadata

					Data lineage

					Building an optimal data lineage capability

			

			Technical Metadata

			Technical Metadata is typically used by more technical data professionals such as engineers, data operations professionals, system engineers, and general information technology analysts. Technical Metadata is information that describes the more technical aspects of data and includes key information to manage and understand the physical aspects of data. Technical Metadata includes location and formatting information across the following areas:

			
					Data schema: The description of the structure of the database, including tables, rows/columns, and the relationship between them

					Data dictionary: Includes data definitions, data lineage, and data quality rules

					Data lineage: The history of how the data is created, processed, and used; it is used to enable data discovery, data integration, data governance, and data analysis

			

			Why does it matter? What matters?

			Documentation of physical data assets, movement, transformations, and relationships between physical data elements enables the users to better understand the data. Technical metadata capabilities are important for several reasons, including the following:

			
					Helping data analysts and engineers understand what data is available

					Helping to track the history of how the data was created and transformed, which can be useful for debugging and auditing purposes

					Can be used to assess the quality of the data to enable the users to identify and fix data quality issues, as well as identify where the data quality issue was introduced in the process (thereby enabling the business to fix the process issue that led to the data quality issue)

					Protecting data from authorized access and/or modification

			

			
				
					
				
				
					
							
							Helpful hint

						
					

					
							
							When you are getting started with technical metadata, you will likely need to pick one area to start with. You may want to start with a report that is important to your business so that you can provide assurance that the report is reliable. If this seems overwhelming, you might just start with a simple metric on that report.

							For example, perhaps you are trying to understand if the customer count you are reporting to your stakeholders (and, perhaps, specifically stockholders) is accurate. Here are a few questions you might be asking about that metric:

							
									What is the definition of customer count?

									Where are we sourcing the customer count metric from?

									Is the source the right place to source the customer count metric from, based on our definition?

									What is the lineage of the customer count data? Who touches that data in transit?

									Are we confident the customer count data is of high quality? Can we trust it?

									Who is the owner of the customer count metric?

									Have we tested the lineage to ensure that the data is reliable? Have we tested the data quality for accuracy, completeness, and reliability?

							

							By evaluating the answers to this question, we will be able to determine if A) there are issues with the customer count metric or B) we are confident relying on it. By exploring the metric in detail and documenting the results in a shared system of record for metadata, we can reduce our dependency on institutional knowledge and create transparency and visibility into this metric. Once it is evaluated, we can reuse it across the company with confidence.

						
					

				
			

			How do you measure the value?

			I often get asked how to measure the value of the more technical aspects of data governance (in addition to data governance in general). The root of this question is: how do you measure the value in terms that business users will understand and agree to? The important part of this answer is that the business user must agree that the value they received is as you described. Most CDAOs do not go the extra step to gather confirmation from the business that they did indeed receive the value the data office says that they did. In this case, CDAOs are found advocating that their team provided impact, and no one is agreeing, often causing the CDAO to lose credibility with the business and, ultimately, funding and support.

			To avoid this issue, it’s imperative that value is based on facts and that the business agrees with the facts upfront, before the deployment (often, this means aligning on the methodology by which value will be measured), aligning after the deployment of the capability that they did receive the value. There are several ways to measure the value of technical metadata.

			The most straightforward way to measure the value is to start by measuring the benefits that technical metadata provides to the organization:

			
					The reduction in time spent to find and understand data [# of hours saved x the number of people impacted * average cost per hour/per person = Reduction in cost saved by providing technical metadata]	Assumptions to align with the business on:	# of hours saved
	# of people impacted
	Cost per hour/person


	Note: Align the assumptions upfront so that when the results come in, there is less debate. Often, the number is higher than they expect, and it provides concerns about the methodology. This approach will reduce the friction in value alignment discussions.
	Additional note: I have seen the “search and find” time for an analyst reduce up to 80% by activating a metadata management capability in an organization, so do not understate the importance and impact of this capability.



					Improved quality and accuracy of data analysis [# of identified data issues * value of data issue remediation]	Assumptions to align with the business on:	Value of data issue remediation [could be the actual dollar amount, could be materiality %, could be the value of the decision made from the number]


	Note: You could simply track the number of data issues identified and remediated; however, that assumes all data issues are treated equally, which is not true.



			

			An alternative or additive measurement of value is the measure of the cost avoidance that technical metadata provides to the organization. These tend to be a bit harder to define and align with the business but are equally as valuable. Here are some examples:

			
					Compliance violation avoidance (examples: GDPR fines, CCPA fines, external audit findings) [# of violations avoided * average cost of violation]	Assumptions to align with the business on:	Which violations were avoided (usually aligned with Chief Privacy, Chief Legal, or Chief Compliance Officer(s))
	The average cost of violations





					Error avoidance [# of errors avoided * Value of avoidance]	Assumptions to align with the business on:	What is an avoided error?
	What’s the value of the avoided error?





			

			Ideally, your technical metadata leader should track and report these metrics regularly. I recommend making the metrics stakeholder-facing, available for review at any time, and fully transparent. You can invite challenges from stakeholders regarding the assumptions to build trust in the metrics used to measure success, without being defensive. If the assumptions don’t make sense to the business, change them. Ensure alignment on the assumptions, and let the value of the solution speak for itself from there.

			Which metrics should be used to measure maturity?

			When evaluating the maturity of the technical metadata management capabilities, the following metrics should be used internally to measure the implementation of the capability:

			
					Number of data sources with data schemas documented

					Number of data sources with complete information

					Number of data sources with technical data stewards identified

					Number of reports with technical metadata documented

					Number of metrics with technical metadata documented

					Number of data quality issues identified from technical metadata

			

			Example

			Where is our data?

			A common, and somewhat terrifying question to be asked.

			What’s more terrifying is the common answer: I don’t know.

			This is the reality for most companies, unfortunately. Many have a “decent” idea of where the data is. They may know what system it’s in…but what about the unknowns? Are you 100% sure that the data hasn’t been copied? Replicated? Stored on a spreadsheet?

			This is what makes technical metadata so important, to be able to answer the question, “Where is my data?” Many companies know where they expect data to be but struggle to have a complete picture of all of the locations of their data with certainty.

			Who manages it?

			Technical metadata should be managed by the Technical Data Steward. The Technical Data Steward is a technical resource within the organization, often within the Information Technology function, who is responsible for maintaining and caring for the physical data within your organization. While your Business Data Steward is responsible for policy compliance, business definitions, use, and business glossary accuracy, the Technical Data Steward is the technical counterpart to this Business Data Steward. Together, these two roles create trust in the data that is available to the company as a company asset.

			What does maturity look like?

			A mature, fully operationalized technical metadata solution will provide fully available, easily accessible, comprehensive technical information about the company’s data, with clear stewardship (which answers the question: Who is accountable for the data?). The data will be transparent, clear, and easily understood by any user. Additionally, the solution will answer the following questions:

			
					What data do we have?

					Where is our data located?

					How is our data being used?

			

			When we can consistently and systematically answer these questions of our data, then we have a mature technical metadata capability. If we have to go on a search and rescue mission each time a question (such as the preceding ones) is asked, we have more work to do. It usually takes one crisis, either customer-driven or regulatory-driven, where you can’t easily answer the preceding questions to drive executive management to invest in this capability quickly and at scale.

			How should you use it?

			There are a number of ways a user (business or technical) can use technical metadata information to aid them in running their business and performing their respective job responsibilities. A few common examples include the following:

			
					When you are looking for data. Example: A user is trying to find the best source of revenue for a specific product.

					When you find a problem and want to understand the source of the issue. Example: The user identified there is an issue on a report. They look to the business and technical metadata to find where the data is coming from to discover the source of the error.

					When you are trying to secure and protect data. Example: You need to find personally identifiable information (PII) in the company and protect it from unauthorized access. First, you need to find where the PII is so that you can classify it as PII, and then work with your security team to protect it.

					When you need to delete data. Example: A new customer requirement to delete data within a specified time period is defined in their contract. They’ve asked the company to delete their data, and you need to find where all their data is in the organization.

					When you are trying to understand a process end to end. Example: You are a business analyst, and you are looking for ways to optimize the lead-to-cash process. You want to understand the path a quote takes through the company’s systems to look for simplification opportunities.

					When you are attempting to understand change management impacts. Example: A new release of your HR system is going into production this weekend. You need to determine if any of the reports used for headcount management are impacted by the changes before they happen.

			

			Data Lineage

			Data Lineage is the capability that tracks and documents the journey data takes through an organization’s systems. Data lineage shows how data flows through the systems, how it is changed or manipulated along the journey, and where it is stored and ultimately used. In short, data lineage provides transparency into the data. This is critical because transparency helps us drive trust in our data. When we know what the data is and where it comes from, we trust it more, and it is a key component in understanding the data and believing what it tells us.

			The other key component of a data lineage capability is it tracks the flow of data over time. Unlike some of the other data capabilities in this book, data lineage provides information about the data life cycle. By providing a clearer understanding of where data originated, how it may have been changed, and where it ultimately resides, we are able to see all the transformations the data went through along its life cycle, what changed, and why.

			Why does it matter? What matters?

			Having trust in our data is paramount to ensuring a company is making data-driven decisions. At the last assessment, 83% of CEOs wanted their organizations to be data-driven, but only 30% of employees believed that they were (Tableau). Why the gap? Well, in part, because the data is not trusted, it’s hard to get to, people do not understand it, and, therefore, it’s considered in decisions but rarely used. Data lineage matters because it helps companies to see the data more clearly, understand where it came from, and, thus, trust it. This trust is foundational to data use. When we trust information, we can use it for decision-making, and, therefore, make better decisions. Ultimately, data lineage brings integrity to data.

			Data lineage is the documentation of physical data assets, movement, transformations, and relationships between physical data elements. Data lineage tells us the following:

			
					Where the data is

					How it’s stored (is it in a data warehouse, data lake, on-premises, or in the cloud (which cloud)?)

					How the data was created

					Where the data came from

					When it was last altered

					How it was updated (systematically, by a human, and determining which one by capturing the user ID)

			

			Example

			In one of my past experiences building out a Data Governance function, I had a consulting partner tell me that there was no need for end-to-end lineage so long as we could verify that the quality of the data at origination matched the quality of data at the output at the report. All that might be true for data quality purposes, but that doesn’t tell us about any technical implications associated with change management for security purposes, and so on.

			For example, if a change goes into production in System A, and the reports we are looking at come out of System D, we would not have visibility into the interim stops at System B or System C. Without data lineage, we would not be able to see that System B contains that data and is a potential impact from a change. This is simply one system that the data transfers through as a part of its journey. We would simply see that System A and D did not match, but not know that data from System B is extracted into a different report and is also impacted in the change process.

			Data lineage also provides us insight into what kinds of changes might impact it. Imagine being able to query our data lineage repository. We can see where that data lives across its life cycle, not just at its beginning and respective end. It’s important to consider all of the requirements for data lineage and all the use cases associated with it when making these types of decisions.

			The benefits of data lineage are broad, as we will explore in the following sections. Please keep in mind that data lineage is the foundation for additional data governance capabilities, including data quality. We will cover data quality in great detail in Chapter 8, Data Quality.

			How do you measure the value?

			Consistent with the measures in the Technical Metadata section, the value of data lineage can be measured in terms of cost savings, time savings, risk avoidance, and value add. See the preceding section for specific examples and calculations you can use to measure the value of data lineage. More broadly, data lineage can be measured in a variety of ways, including the following:

			
					Increased revenue/cost savings: If you provide better information to the users, they are able to make better decisions about how to spend money, and thus generate revenue. This can also be leveraged to increase operating margin, by evaluating opportunities to reduce redundancies and cut costs. Costs can also be saved by identifying data errors early and preventing users from making decisions based on bad data.

					Risk reduction: You may be able to help save your company from the risk of a data breach by identifying data that carries risk and protecting it early.

					Improved decision-making: By using data lineage to provide a clear line of sight into the data, you can apply automation techniques to make reports quicker and higher value so that decisions can be made faster and with less human error risk.

					Increased/improved innovation: You can use data lineage to uncover new insights from existing data, which can be used to create new products and services.

			

			Broadly speaking, data lineage is valuable for a number of key reasons, including the following:

			
					Increased data quality: Data lineage feeds data quality by providing insight into changes to the data to identify potential errors.

					Increased compliance: Data lineage helps companies meet compliance expectations that require an understanding of data sovereignty and support avoidance of fines or penalties for requirements such as GDPR or CCPA.

					Enhanced auditing: Data lineage enhances auditing capabilities due to the availability of data flows. By being able to see transparently where data has flowed, data lineage can help auditors understand a process before they have to meet with stakeholders.

					Improved security: Data lineage is a fundamental capability to drive precision in security practices. Instead of taking a blanket approach, a deep understanding of the data that needs to be protected allows security teams to act with precision, applying the appropriate level of control to the right data in the organization.

					Faster troubleshooting: Data lineage can be used to investigate data issues to be able to trace the data throughout the data supply chain. This traceability will help the user identify the source of the issue faster, saving (potentially significant) time.

					Improved change management: Data lineage drives improved change management by enabling teams to see what data will be impacted by a release or change ahead of time so that appropriate testing can be completed ahead of production releases and after to confirm changes are functioning as intended.

					Stronger data governance: Data lineage can be used to improve data governance and assist in the prioritization of efforts. By providing a systematic way to document data flow, the data governance team can leverage data lineage to prioritize focus areas and ensure data is used in a consistent and compliant manner aligned with data governance policy.

			

			Leveraging the areas outlined here, you can use a basic calculation to measure the value of data lineage all in by calculating the aforementioned benefits, and then using a simple ROI calculation:

			ROI = (Benefits − Costs) / Costs

			You can calculate the ROI on your data lineage capability for the company. To calculate costs to serve this capability, you should include the following costs:

			
					Cost of the software: Cost of the contract to acquire the data lineage tool or tools used in your organization to provide the capability to users.

					Costs of the implementation (over some period of time): The cost to implement the tool may include one-time costs such as an implementation consultant and increased headcount (such as contractors to stand up the platform or tooling needed to design processes or do initial data lineage collection).

					Cost of the maintenance, including people, processes, and technology: Cost for the people who will provide the capability on an ongoing basis, ongoing server space, and so on.

			

			Together, this calculation can value the benefit in terms of cost and provide your company with confidence that the work to maintain data lineage is overshadowed by the significant benefits it provides.

			What metrics should be used to measure maturity?

			In addition to business value measurements outlined previously, the data governance team may track specific value measurements program-wide, such as the following:

			
					Number of data quality issues identified and resolved

					Number of compliance violations identified and prevented before impacting a customer

					Number of security incidents identified and prevented

					Time to market (TTM) for new products or services

					Increase in time to value (TTV) for data analytics

					Cost savings from data source retirement or simplification efforts

			

			Who manages it?

			As with other types of technical metadata (such as a data dictionary), the Technical Data Steward is often the responsible person (or people) who cares for data lineage and ensures the lineage accurately represents the physical data throughout the company. A business user may use the data lineage to evidence confidence in the data, given visibility into where the data has moved, the quality along the journey, and the overall reliability of the data; however, the care of data lineage is typically in the hands of the Technical Data Steward.

			What does maturity look like?

			There are a number of mature data lineage capabilities that are relevant, but simply, the breadth and depth of your data lineage capability is the primary indicator of success. As you start to roll out this capability, you may start with a single report or metric. Next, you may evolve to an entire data domain or suite of systems. Last, you may have all prioritized data assets across the company documented with sustainable data lineage. As you mature, you should be able to uncover problems and errors in your data lineage through validation. Validation is a best practice that should be implemented along your maturity journey. The validation should include connecting data supplies and data consumers to confirm the results are as expected. Let’s explore validation deeper.

			Best practice – validating lineage

			By conducting end-to-end lineage, data analysts and business users can increase the trust of the data lineage capability. Validation provides confidence in the completeness and accuracy of the technical metadata capabilities.

			To validate lineage, select a report that matters to your company; perhaps an executive-level dashboard with key performance indicators (KPIs) would be a good selection. Then, do the following:

			
					Prioritize the relevant report and identify key business elements (data points) on the report.

					Select a sample of line items to validate from the report.

					Meet with the individual who either produces the report or is responsible for the automation to create the report (depending on how the report is created).

					Document the end-to-end generation of the line items/key business elements identified in steps 1 and 2 for each unique business element selected.

					Identify any issues or concerns with the documentation provided.

					Compare the narrative to the technical data lineage collected and assess any gaps.

					Discuss with the report owner/producer any gaps identified, validate if the understanding or the technical lineage is inaccurate, reeducate for understanding gaps, and update technical lineage for any technical gaps.
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			Figure 7.2 – Example metadata process

			Best practice – linking technical metadata to business metadata

			To bring the power of business and technical metadata together, we must be able to link the two together. Ideally, your business and technical data stewards will work together to drive this capability so that the company can benefit from the work done.
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			Figure 7.3 – Example data supply chain for retail bank division

			Upon scoping a specific data asset into the metadata management capability, your business data steward will work to define business definitions and calculations and identify the appropriate, optimal source of the data. Then, the technical data steward will step in to identify physical data elements and extract the technical metadata (or read the technical metadata, depending on your tooling). The details about the physical data elements and the data supply chain should be reviewed and validated for quality, consistency, and accuracy.

			Best practice – optimizing the data journey

			By leveraging data lineage, the data team can identify data duplication enterprise-wide. When we have visibility into all the hops, skips, and jumps data takes across the data supply chain, we can identify inefficiencies across the supply chain. This allows us to identify places where the data can move more directly, reducing the risk of error and optimizing costs to maintain the same data in multiple locations.

			How should you use Data Lineage?

			Ideally, individuals should start with their question. What often happens is a data engineer or business analyst will start with something such as, “I need access to database ABC.” I always find this to be the wrong place to start, but it’s so common.

			My immediate response is “Why?” and is often met with a confused look.

			It’s not uncommon for the response to be something along the lines of “Because I need to do my job”, “I need to produce a dashboard”, or “My boss asked me to get some data to create an insight.”

			The problem with this line of thinking is that we are putting the data before the business understanding, and it’s based on a series of assumptions about the data. In reality, what we should do is clarify the outcome we are searching for before we start asking for access to any data. Starting with “Why?” results in a much more specific and faster outcome. It allows the requester to think more deeply about why they are doing what they are doing and enables the data team to support them with a faster path to that answer because it is based on what they need versus where they want to start their search. This “give me access” approach is based on the assumption that the requester knows the location they are requesting access to is the best place to get the most trustworthy version of the data they need.

			It’s often wrong.

			Pulling on the previous example, if access were to be granted to the database requested, without further dialog, the requestor would get access to the data and go about their merry way. However (and I can’t stress this enough), it’s likely that there is more to the request and more to the data than initially believed. There are a few things that could go wrong in this example:

			
					The database may not have the data in it that the requester believes it does

					The data might not be fit for use

					The data may have low quality

					The database might not be the best place to get the data as it may not be certified

					The analysis the requestor needs may already be readily available (the metric, the dataset, or perhaps a report)

			

			Thus, the first step in any search for technical metadata should begin with the business metadata: specifically, the business glossary (see Chapter 6, Metadata Management for more information on business glossaries). I encourage you to go back to the requester and ask, “What question are you trying to answer?”

			For example, the requester may have been asking for access to a finance database in order to gather information about revenue for a specific product. They wanted access to the database so that they could query the database for the data they needed. However, in this example, what they may not know is that your team already produces a certified dashboard with revenue by product that is available in the Data Marketplace (see Chapter 6, Metadata Management for more on Data Marketplaces). You can save the requester a lot of time and risk of producing inconsistent information by showing them the Data Marketplace and how they can more easily find what they need.

			Because your Data Marketplace is full of certified, tested, and trusted data assets, the requestor can easily search for and find the data they need to answer their question. In this example, the requestor can locate the Revenue by Product dashboard and use the existing filters to sort by the time horizon they are interested in, with the additional comfort that the data is certified, validated, and trustworthy. Everyone wins.

			Building an optimal Data Lineage capability

			Now that we understand more about data lineage, what it looks like, who is involved, and the benefits, let’s explore how to build an optimal data lineage capability for your organization. First, you need to assess the complexity of your organization. Are you a large, highly regulated industry or are you a small, single-product company? Not every organization will need a fully robust, state-of-the-art data lineage. You may also start by building data lineage manually to prove the capability before investing hundreds of thousands, if not more, into a more robust tool.

			Prioritize the scope of your implementation. Begin with a single report or single metric as a pilot and prove the capability. Gather a small group of individuals who are a part of the production of this report and help them understand the value of understanding the journey of data across the organization to produce their report or metric. Trace the data’s journey, identify opportunities for simplicity and remediation of issues, and measure the quality of the data.

			Show the benefits of the pilot widely across the organization. Better yet, have the report or metric owner tell this story on your behalf. Have them share how their job has been simplified and/or improved because of this capability. Your next challenge will be to prioritize those who will step forward, wanting the same benefits seen in the pilot.

			This is a great time to discuss and prioritize the following:

			
					Why you should have full end-to-end lineage (and for which use cases)

					Why you should not have full end-to-end lineage and alternatives

			

			Not every data element enterprise-wide needs full lineage. You will need to prioritize the data assets that matter most. Remember the ROI calculation, and focus on the biggest ROI cases. The best approach for your organization will depend on the size and complexity of your data landscape and the resources available to make it a success. Start small and scale from there.

			Conclusion

			As you work to deploy a strong technical metadata capability within your organization, it helps to work in concert with your business metadata capability. As you are working to progress this capability across programs or data domains, having your data catalog updated as you go, defining key data elements, and aligning with technical metadata, including lineage, will help you build confidence in the quality of both business and technical metadata. Being able to show your users that you have both business and technical depth of understanding that is reliable will translate into strong reliance on your capabilities. Remember to start by defining the scope to help set expectations regarding what the business will get from this capability, and when. Ensure you have clear roles and responsibilities, along with clear, transparent, and published metrics to measure your success. Lastly, don’t forget to tell stories of success as you go.
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			Data Quality

			The quality of decisions is tightly linked to the quality of data that supports them. As a result, the quality of data impacts every facet of the organization. It’s an (appropriately) bold statement that is often under-appreciated. From day-to-day operations to long-term strategic direction, having high-quality, reliable, and trustworthy information is not a “nice to have;” it’s a must-have for any company. Having quality data is critical for the success of any company of any size. How you operationalize ensuring you have quality data in your organization should vary based on the size and complexity of your organization, but the need for data quality is static. It’s at the very core of running any business.

			In the ever-evolving landscape of data-driven decision-making, there exists a profound truth that we, as data custodians and stewards, must humbly acknowledge: the quality of our data is the cornerstone upon which all our analytical endeavors stand. In this chapter, I will delve deep into the vital realm of data quality, for it is here that we will confront the very essence of our responsibilities as guardians of the information our companies depend on. With a direct and unwavering focus, I aim to illuminate the significance of data quality in the context of data governance. In this chapter, I will uncover not only the intrinsic value of high-quality data but also the transformative potential it holds for organizations. I can’t emphasize enough the undeniable importance of ensuring that our data is not just data, but reliable, insightful, and, above all, trustworthy.

			It’s quite easy to suggest that data quality is “everyone’s job” (and it is); however, ultimately, it is up to you to define what is needed, define and provide the implementation of data quality capabilities, and drive the importance of data quality for the company you work for. You will be held accountable for the quality of data enterprise-wide, regardless of how much of it is under your direct control. This may feel unfair, but as the data leader, the duty is yours. When a major data error is uncovered, whether you are directly involved or not, you will be brought in to help solve it. The burden will rest on your shoulders. Therefore, this chapter and the guidance herein are critical for your success.

			We will cover the following main topics:

			
					Data quality defined

					Core capabilities

					Building an optimal data quality capability

					Setting up data quality for success

			

			One of the hallmarks of the success of a Chief Data & Analytics Officer is defining and implementing a trusted data capability. This will show the company not just that data is trustworthy, but provides transparency into why they can trust the data. When it comes to designing optimal capabilities for data quality, Trusted Data is one we will explore later in this chapter. First, let’s start with some key definitions.

			Data quality defined

			Data Quality is the data governance capability that refers to the degree to which data is accurate, reliable, and fit for its intended purpose in a given context. There are several dimensions by which data quality is assessed; these include completeness, accuracy, timeliness, consistency, and relevance. As mentioned previously, data quality is an essential capability for all organizations. Overall data quality across the company is critical, as is data quality in individual data elements, on key reports, as a part of operations, and for the overall functioning of the business. Data quality is the core of building trust in our information. Next, each data quality dimension is defined, along with a few examples to help contextualize what data quality is and how it may show up in your company. We will move quickly into the core capabilities needed to apply these core dimensions after we ground ourselves on the basics:

			
				
					
					
					
				
				
					
							
							Data Quality Dimension

						
							
							Definition

						
							
							Example(s)

						
					

				
				
					
							
							Accuracy

						
							
							Accuracy refers to the correctness of data. Accurate data is free from errors, and it reflects the real-world entities and events it is supposed to represent. Inaccurate data can lead to incorrect conclusions and decisions.

						
							
							In a customer database, a person’s birthdate is recorded as January 15, 1980, instead of January 25, 1980.

						
					

					
							
							Completeness

						
							
							Completeness refers to whether all the required data elements are present. Incomplete data can hinder analysis and lead to gaps in understanding.

						
							
							An inventory database lacks records for certain products, leaving gaps in the list of available items.

						
					

					
							
							Consistency

						
							
							Consistency ensures that data is uniform and follows established standards. Inconsistent data can arise from variations in data entry, formatting, or terminology, leading to confusion and data integration challenges.

						
							
							In a sales dataset, the currency is inconsistently recorded as “USD,” “US Dollars,” or “$,” making it difficult to aggregate sales figures accurately.

						
					

					
							
							Timeliness

						
							
							Timeliness pertains to how up-to-date the data is. Timely data is relevant for decision-making and analysis, while outdated data can lead to missed opportunities or misinformed decisions.

						
							
							A financial report for the first quarter of the year is not updated until several months into the second quarter, making it less relevant for decision-making.

						
					

					
							
							Relevance

						
							
							Relevance is about whether the data is suitable for the specific task or analysis at hand. Irrelevant data can clutter datasets and make it harder to extract meaningful insights.

						
							
							In a marketing campaign analysis, data on customer shoe sizes is included, even though it has no bearing on the campaign’s effectiveness.

						
					

					
							
							Validity

						
							
							Validity checks whether data conforms to predefined rules, constraints, or business logic. Valid data adheres to the defined criteria and ensures data integrity.

						
							
							An email address field contains entries that do not follow a valid email format, such as user(at)example(dot)com instead of user@example.com.

						
					

					
							
							Integrity

						
							
							Data integrity ensures that data remains accurate and consistent throughout its life cycle, preventing unauthorized changes or corruption.

						
							
							A database administrator accidentally deletes or modifies records without proper authorization, resulting in data integrity issues.

						
					

					
							
							Trustworthiness

						
							
							Trustworthiness reflects the reliability and credibility of the data source. Data from reputable sources is more likely to be of higher quality.

						
							
							Data obtained from a well-established, government-regulated financial institution is considered more trustworthy compared to data from an anonymous online source.

						
					

				
			

			Table 8.1 – Data quality dimensions

			Data Quality Strategy

			A Data Quality Strategy is a foundational capability of any data quality program. The data quality strategy defines the company’s integrated, company-wide approach to achieve and maintain the quality level required to meet business goals. Set by the company’s Chief Data & Analytics Office, the strategy should include the goals, key objectives, plans, and measures to improve and maintain data quality for the organization. While the strategy is set centrally, the strategy should clearly articulate the remit and responsibilities of the central team, as compared to business data stewards, technical data stewards, architects, data analysts, and so on.

			The Data Quality Strategy should contain the following core components:

			
					Data quality objectives: Start by defining what the purpose of the data quality strategy is, what outcomes you will deliver through the strategy, and what success looks like, specifically for your company (for example, how data quality supports data strategy, including data governance outcomes).

					Assessment of current state: Tell the reader exactly how bad (or good) the company’s data really is. Be as specific as possible, and provide powerful examples that explain what the business impact is of current data quality issues wherever possible.

					Data quality standards: Articulate the criteria for trustworthy data. Your standards may include minimum rules for data quality dimensions, as well as what is expected to be done for each critical data asset. The Core capabilities section is a great place to start if you aren’t sure what to include.

					Implementation plan for data quality enablement: Define what processes and tooling are required to enable data quality for the company and how you and your team will implement the required enablement mechanisms.

					Remediation and issue management approach: Define how data quality will be measured, reported, and remediated.

					Data quality ownership and accountability: Clear articulation of which roles are necessary for effective data quality management and what is expected of each role.

			

			For example, your objective might be “Establish an enterprise data quality framework that supports prioritization, governance, and oversight of data quality to improve transparency into critical data and improve trust in key reports,” whereas an example assessment approach may be something like “You may benchmark a system, a report, or a process to show the current quality level for the data.” The output of this strategy should be actionable and translated into a roadmap for implementation.

			Purpose

			The purpose of a Data Quality Strategy is to drive clarity and alignment across your company regarding what data quality is, why it matters, and how the company will know it has been successful in driving trust into its information. The strategy is a great forcing function to drive conversation about what the gaps are today and how you will be able to measure success in the future. Most executives struggle to understand the return on investment (ROI) of a strategy. I recommend focusing on the business outcomes that you will drive as a result of the strategy, not the strategy itself. The strategy sets the North Star for this work, but it will not deliver the results alone.

			You may wish to implement a Data Quality Standard as a follow-on to your Enterprise Data Governance Policy. The Data Quality Standard should include specific information regarding the Data Quality Strategy, codifying the roles and responsibilities for managing data quality as outlined in this chapter (and curated for the needs of your specific business), and provide further detail about how to comply with policy, through adoption of the capabilities set forth in the Data quality enablement section.

			Accountability

			The Chief Data & Analytics Officer’s organization owns the Data Quality Strategy for the company. Depending on your team’s size and scale, you may have someone who is fully dedicated to running data quality for the company, or you may have someone who runs all Data Governance capabilities; either is a great candidate to own and drive this for the Chief Data & Analytics Office. If possible, establish a head of data quality who will be ultimately responsible for the delivery of the strategy and the implementation of the capabilities needed to drive the strategy for the company. Other interested parties should include the following:

			
					Business data stewards

					Technical data stewards

					Architects

					Data engineers

					Data analysts and business analysts

					Executives who use and rely on quality data for decision-making

			

			“Are we there yet?”

			Inevitably, when you are setting out to implement a data quality program at your company, you will run into a stakeholder who will ask something along the lines of “How long until we are done?”

			Data quality is like exercise. When you’re out of shape, you need to pick a plan and do the work to get into shape, but then you also have to maintain it. Data quality is the exercise plan for your company. You will need to define a plan, create a get-well plan (implementation), and support data quality on an ongoing basis. The work is never “finished,” and by failing to maintain it, your company will quickly regress backward.

			Data quality enablement

			Data quality enablement is the core of any data quality program. Data quality enablement provides the company with centralized and standardized capabilities that serve the company’s data quality needs. Enablement usually includes people to support the enterprise needs, processes to power the data quality needs of the company, and technology, usually in the form of tooling, to support managing data quality effectively.

			Purpose

			By providing central capabilities for the company, you can ensure the company has consistent views into the quality of the data, a common process to remediate issues defined, a way to prioritize, and appropriate communication so that individuals who need to know about data quality issues know about them when they matter most.

			It boils down to transparent information about the quality of data, common tooling, which focuses budget and costs on shared tooling (versus competing tooling), and standardized processes to enable people to maximize their time when it comes to data quality.

			There’s also the key vector of reusability. For example, data quality enablement can ensure we are measuring critical data assets once and using them over and over again versus measuring data quality every time a data asset is used. The enablement team or function can provide a certification process to critical data assets so that users can see which data assets have been evaluated for data quality, passed expectations, and are reliable for use. This builds trust and reduces time spent searching for and measuring the reliability of common-use data assets across an organization. The bigger the company is, the more likely we are to be using common data assets without realizing it, creating the risk of mass redundancy. Imagine the time that can be saved when we can transparently see what critical assets we have (see data marketplace in the chapters on metadata) and know that the data is reliable (that’s data quality!).

			Accountability

			As with a Data Quality Strategy and data quality standards, data quality enablement should be a function driven by the Chief Data & Analytics Office. The central function is best positioned to create the capabilities necessary for the company’s business and technical data stewards to drive data quality efforts for the data they are responsible for. Usually, this enablement team sits either within the data governance sub-team or with a tooling team. Given the close marriage of metadata management and data quality, it’s often bucketed together.

			I have seen very effective programs where the data governance team leads the data quality strategy, data quality standards, and the data quality program enterprise-wide, while the data solutions or data tooling team provides the technology solutions to enable these capabilities. This can work very well if you have a large company, as it aligns the business and technical skills with the solutions necessary to deliver excellence from your data organization.

			Spreadsheets don’t scale

			When it comes to deploying great data quality solutions, perfect can’t be the enemy of good. However, there is a balance of scalability that needs to be considered.

			At one of my previous companies, we were enabling an end-to-end view of several key reports to manage the business at the executive level. Our objective was seemingly simple: Is this report trustworthy for our executives to make business decisions? Operationalizing this question, however, was much harder than we expected.

			We had to deconstruct the key metrics being used. We did not have the technical solutions to make this efficient or repeatable, but we moved forward anyway. The problem? The content of the reports changed frequently. Instead of looking at the sources and measuring the totality of the source at a feed or system level, we measured the individual metrics. However, as the metrics evolved or new calculations were introduced, we had to go back to square one to validate the data. If we had taken a more holistic approach and used technology to enable this work, we wouldn’t have been documenting data quality in spreadsheets (defining critical data elements, mapping to source systems, and manually measuring quality). Each change required a significant amount of manual work. We couldn’t scale.

			The value of measuring data quality

			I have no doubt you’ve experienced this if you’ve been in a data role for more than a day: Someone reaches out to you, convinced that their data is “wrong.” They want it fixed. Ultimately, what they are saying to you is: I don’t trust this data.

			When we think about measuring the value of data quality, we have to challenge ourselves to think more broadly than one might expect to. When we are thinking about how to measure the value of data quality, we are really asking: How do I measure the value of trust? What does it mean to my company to be able to trust the information we use for decision-making, every single day? What is it worth to us to know we can trust the information being used to run our business? To drive value for our customers? To operate effectively? If you could place a dollar value on that, what would it be?

			The value of trust in our data is highly dependent on your business. Let’s start with a real-life example.

			Building trust in data quality

			Marketing is a function in a company that many do not necessarily correlate with data, but in my experience, the best marketing functions are highly data-driven. I worked with a marketing department that was struggling to understand which individuals they could market to. They had a plethora of lead data, but they were having a hard time determining the following:

			Which leads had accurate email addresses and quality data

			If the leads had consented to marketing holistically or for only specific products (further complicated by M&A)

			If the most recent consent was valid for their country’s regulations (for example, how long is the consent valid for?)

			Ultimately, the Chief Marketing Officer needed to measure how much the marketing team was contributing to sales, but without quality lead information that they could trust, measuring the impact of marketing on sales was very difficult. They believed their team was contributing more than they were able to measure, but they couldn’t prove that with data.

			At the beginning of the process to improve the trustworthiness of the marketing lead data, we baselined the quality of the data by completing basic data profiling based on what was determined to be “key fields.” We defined key fields as the fields associated with a contact record that were required to be able to market to that contact, which included: first name, last name, email address, company, and valid consent. Our initial profiling put the quality of these key fields at about 43%, meaning only about 43% of the contacts had reliable data in these five fields.

			We deployed an enrichment service to be able to improve the reliability of the contact data. It allowed us to overwrite low-quality data (such as initials in fields for first name and last name, and fill in blanks), and to validate email addresses with a third-party service. This improved leads where the address had been typed incorrectly. Therefore, we were able to take instances where we had consent but an invalid email address and use the email address. Overall, this effort increased our marketable contacts from 43% to over 85%. As a result, the CMO was able to demonstrate that their contact data was of higher value and was directly tracible to sales at a higher rate. It was also a measure of their success as a CMO, which led to their ultimate success as a leader. This individual became a champion of our data and analytics team and supported further transformation work we led.

			Ultimately, the value of having trustworthy data wasn’t just a simple calculation. But for the Marketing division, it was a combination of cost savings from being sure they could market to real leads, the confidence that they had consent to market to the quality leads they had, AND that they were compliant with laws. They also needed to measure the value of revenue contribution, generated from the quality leads. In short, it was a combination of cost savings + risk avoidance + fine and penalty avoidance + contribution to revenue. This calculation will vary based on the use case, based on division, and based on your company. The important takeaway here is that you measure the value in business terms.

			Most data professionals measure the improvement in data quality based on the percentage of improvement or reduction in errors but don’t take it back to the business context. That’s where you, as a data leader, can demonstrate your value to your company, by showing them how data investments have a real business impact in dollars (increase in revenue and increase in savings), time, and risk avoidance. That’s how you demonstrate trust in data and return on your data investments. If you take nothing else away from this book, it should be this.

			Core capabilities

			Implementing data quality capabilities can significantly enhance the integrity, accuracy, and reliability of data, making it a trustworthy asset for decision-making, analytics, and business operations. It’s worth noting that roles can vary based on the size and structure of the organization. In smaller companies, a single individual might handle multiple responsibilities, while larger organizations might have entire teams dedicated to specific tasks. Collaboration and clear communication among these roles are crucial to ensure cohesive and effective data quality management.

			Achieving maturity in data quality management indicates that an organization has not only implemented the core capabilities but also refined, optimized, and integrated them into daily operations.

			Measuring the value of each data quality capability ensures that an organization can justify its investments in data quality management and recognize areas of improvement. For each capability, the value can further be translated into tangible benefits such as monetary savings and increased revenue or intangible benefits such as enhanced stakeholder trust, improved brand reputation, and organizational agility. Converting the value of data quality capabilities into dollars or time requires understanding the specific financial and operational context of an organization. To truly get an accurate dollar or time value for each capability, an organization would need to conduct detailed assessments, considering its operational costs, business context, and the consequences of data issues. The framework for calculating value should be defined by the data office; the inputs should be provided by the business. We won’t go into specifics here, but use the framework defined previously in The value of measuring data quality section to apply it to your organization.

			Data profiling

			Building an understanding of the existing state of data, including inconsistencies, anomalies, and patterns is delivered through a foundational capability called data profiling. Data profiling is usually performed by business data stewards and technical data stewards together. The business data steward can provide expertise on the business meaning and usage of the data, while the technical data steward can provide expertise on technical aspects of the data:

			
					Business Data Stewards generally have a deep understanding of the business data they are stewarding/responsible for, which includes understanding (or defining) the meaning, how it should be used, and the quality requirements. They are best positioned to identify data quality issues and define the business impact of the issues identified. Business data stewards should do the following:	Identify business requirements for data quality for their data elements
	Ensure data quality profiling is implemented for their data elements
	Define business rules that govern the data
	Determine the frequency of data profiling (consider how frequently the data is changing, the volume of data, and the volume of issues in the data elements they are stewarding)
	Review and analyze data profiling reports to identify and understand data quality issues, and report relevant issues to users of the data
	Work with data stewards (other business data stewards and technical data stewards) to resolve data quality issues
	Ensure profiling is complete, measured appropriately, monitored, and published transparently for users



					Technical Data Stewards generally have a technical understanding of the data, such as structures, formats, and systems. Technical data stewards are responsible for assisting the business data steward in identifying the physical locations of physical data elements that must be measured in support of the business data stewards’ needs. They use this technical understanding to identify and troubleshoot data issues at the technical level in support of business data stewards. Technical data stewards should do the following:	Design and implement data profiling jobs
	Configure and use data profiling tools
	Analyze data profiling reports to identify and troubleshoot data quality issues in partnership with business data stewards
	Work with other technical data stewards to identify up and downstream impacts of data quality issues and remediation required



					Data Engineers are responsible for the technical implementation of profiling requirements within systems to provide business data stewards, technical data stewards, and ultimately, users of the data with transparent information regarding the state of the data.

					Users (data analysts, business analysts, executives) are responsible for understanding the results of the data profiling efforts and taking into consideration any issues identified through profiling when using the data for business needs.

			

			The figure below illustrates the process flow of business data and technical data stewards’ partnership:
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			Figure 8.1 – Simple process flow of business data and technical data stewards’ partnership

			There are a few simple measures you can deploy within your team to show the progress your team is making in improving the quality of your company’s data. Basic measures include the following:

			
					Percentage of datasets profiled per domain or system

					Reduction in surprises or issues when using data for analytics or operations (for example, how many issues you started with compared to how many you currently have)

					Cost savings from avoiding incorrect data-driven decisions or regulatory reporting errors (for example, did you catch a material error that would cause a financial misstatement?)

					Reduction in hours spent identifying and addressing data issues manually by adopting automated data profiling solutions

			

			Data cleansing

			The process of cleaning your data is referred to as data cleansing. Data cleansing identifies and rectifies errors, inconsistencies, and redundancies in datasets. In short, data cleansing corrects your data to meet the expectations of your users. Data cleansing should be conducted as close to the source as possible so that correct and trustworthy data flows through the organization already corrected. Wherever data is corrected, the business data steward and technical data steward have a shared responsibility to ensure users are aware of corrections (business data steward) and the corrected data is sent up and downstream (technical data steward).

			When corrected data looks wrong

			During a system implementation, my team improved the quality of the data for a specific dataset. The users of the data reported data quality issues. Why did this happen?

			We hadn’t appropriately notified the users of the data that they should expect changes and what the changes would look like. Thus, when the data changed, although improved, it appeared different from what was expected by the user, thus leading them to believe it was wrong.

			Much like with data profiling, the partnership between the business data steward and technical data steward is critical to the success of this capability. The business data steward should identify which data elements should be cleansed (as every data element is not of equal importance, and there is a cost to cleansing) and work with the users of the data to determine the importance and priority of cleansing capabilities. The technical data steward is responsible for enabling cleansing activities in the system(s) and ensuring up- and downstream system(s) are aware of the cleansing being performed to preemptively alert consumers that the data is expected to change.

			Because not every data element in a company can be cleansed, it is important to define what the strategy will be for data cleansing and which data elements are most critical for cleansing and to develop a prioritization mechanism to determine which data elements should be prioritized over others, and why. You may want to use your enterprise data committee or data governance council to support and approve your prioritization methodology.

			Advanced data cleansing functions may offer a cleansing service centrally to support the company. One such example would be address standardization for contacts. Contact data often sits across an organization and may include marketing, sales, and customer service data. A central data cleansing service could be created to provide address standardization and enrichment for these divisions as a shared capability so that the company is paying for these services once and providing them out to multiple departments for value.

			Much like data profiling, data cleansing value is measured in very similar ways: in terms of business value, dollars generated or saved, and time reduction. Some examples include the following:

			
					Percentage of reduction in data errors post-cleansing (or count versus percentage)

					Increased confidence in the analysis used in decision-making (note: it is important to align on how to measure confidence in terms of time or money)

					Money saved from preventing decisions based on erroneous data

					Reduction in hours spent manually correcting data

					Number of automated corrections made/number of errors identified

					Number of manual interventions required/number of errors identified

			

			Over time, manual interventions should reduce, and the quality of data should uplift. You should be able to identify issues more easily as the overall quality of data improves. This should free up resources to dig into more critical issues and focus on business impact versus manually correcting data.

			Data validation and standardization

			The process to determine if the data is valid is called data validation. Data validation determines what values are appropriate for a given field. For example, it may be a range of values (0-99) or a specific list of values (for example, North American Industry Classification System (NAICS) codes) that the field is permitted to contain. Validation may also include whether a field can have characters or numerical values. Validation requires fields to conform to specific expected values.

			Similarly, Data Standardization harmonizes data formats, units, and definitions so that there is consistency across the organization. Often defined alongside validation, these two capabilities ensure the data is formatted and consistent as expected. Standardization efforts ensure that the same data shows up consistently across systems and, at its most mature state, at the reporting level.

			Much like data profiling and data cleansing, business data stewards and technical data stewards should work together to ensure these capabilities are adopted holistically:

			
					Business Data Stewards should define values that are appropriate for a field that meets the needs of the users of the data and are enabled across the company

					Technical Data Stewards should work with engineers to implement validation rules in the system(s) and ensure that the validation is consistent (standardized) enterprise-wide

			

			Measuring the value of these two capabilities can be kept rather simple. A few easy metrics of success include the following:

			
					Rate of data entry errors (should be near zero over time)

					Number/rate of validation failures

					Reduction in operational disruptions and reduced data remediation/correction costs

					Savings from reduced data correction errors post integrations or ingestions

					Faster data processing speeds due to a reduction in validation failures

					Automated validation checks at all data ingestion points

			

			Data enrichment

			Data Enrichment is the process of adding new and supplemental information to existing datasets. This can be done by combining first-party data (your company’s data) from internal sources with disparate data from other internal systems or third-party data (data from external sources). There are several ways to enrich data. Some common methods include adding the following:

			
					Demographic data: This could include information such as age, gender, income, location, and education.

					Firmographic data: This could include information such as company size, industry, and revenue.

					Behavioral data: This could include information such as website visits, product purchases, and social media engagement.

					Contextual data: This could include information such as time of day, location, and device type.

			

			Data enrichment can be used to improve the accuracy, completeness, and relevance of data. This can be beneficial for a variety of purposes, such as the following:

			
					Improving customer segmentation: Enriched data can be used to create more accurate and detailed customer segments. This can help businesses to better understand their customers’ needs and preferences and target them with more relevant marketing and sales messages.

					Personalizing customer experiences: Enriched data can be used to personalize the customer experience across all channels. For example, businesses can use enriched data to recommend relevant products or services to customers or to provide them with more personalized support.

					Improving fraud detection: Enriched data can be used to identify and prevent fraudulent activity. For example, businesses can use enriched data to verify the identities of new customers or to detect fraudulent transactions.

					Making better business decisions: Enriched data can be used to make better business decisions across all areas of the organization. For example, businesses can use enriched data to identify new market opportunities, optimize their pricing strategies, and improve their product development process.

			

			Data enrichment can be a complex and time-consuming process, but it can be a valuable investment for businesses of all sizes. By enriching their data, businesses can gain a deeper understanding of their customers, improve their marketing and sales efforts, and make better business decisions. Simple value measures include the following:

			
					Increase in data attributes or features post-enrichment

					Enhanced insights and better predictive modeling capabilities

					Increased revenue from better-targeted marketing or analytics insights

					Reduction in manual data-gathering processes

			

			More specifically, for the aforementioned examples, you can measure the value of these enrichment services with the following business metrics:

			
					Improved customer segmentation: You can track the accuracy of your customer segmentation by comparing the predicted segment membership to the actual segment membership. You can also track the performance of your marketing campaigns that are targeted to specific customer segments.

					Personalized customer experiences: You can track customer satisfaction and retention rates to measure the impact of personalized customer experiences. You can also track metrics such as click-through rate (CTR) and conversion rate to measure the effectiveness of your personalized marketing campaigns.

					Improved fraud detection: You can track the number of fraudulent transactions that are detected and prevented as a result of data enrichment. You can also track cost savings that are achieved by preventing fraudulent transactions.

					Better business decisions: You can track the number of business decisions that are made using enriched data. You can also track the financial impact of these decisions, such as increased revenue or reduced costs.

			

			These can be difficult to measure concretely. Here’s a specific example to show how you can break down the measure more specifically:

			
					Business goal: Improve the accuracy of customer segmentation.

					Metric: Percentage of customers that are correctly assigned to their customer segment.

					Baseline: 70% of customers are correctly assigned to their customer segment.

					After data enrichment: 85% of customers are correctly assigned to their customer segment.

					Result: Customer segmentation accuracy has improved by 15%.

			

			Feedback loops, exception handling, and issue remediation

			While users of data are engaged throughout the development of your data quality Program, the phase they are most engaged is once the program is up and running. As you operationalize business rules by configuring them into the systems through profiling, validation, enrichment, and so on, the results of the data quality program start to shine. The first set of results published is usually a bit jarring for business users to process. If data quality has never been an area of focus, the results are often alarming. As the data professional, your job is to help users understand that the first baseline of results is just that—a baseline. The initial results are used to show where we are today.

			Feedback loops

			As you start to work with users of the data and the various stewards, your role is to ensure the data quality program has appropriate feedback loops established for data stewards and your team so that you can improve the enablement of the data quality program and support the stewards as they work to improve the trust in their data. Feedback loops are required in a few different places in your program, but first, between the users and the business data stewards. You may want to help guide your business data stewards on how to set up appropriate forums for feedback about their data quality. They may find value in starting a stewardship council by data domain to help provide feedback and prioritization for where data quality remediation needs to be focused first.

			You should also provide a forum for business data stewards and data domain executives to bring forward significant and cross-functional data quality issues for enterprise prioritization, where needed. The enterprise data committee and data governance council are great options for the escalation of these types of complex data issues that require enterprise funding, prioritization, or awareness. Let’s start by exploring how a data issue would be escalated to such a forum.

			Conversely, the business data steward may have identified a data quality issue that the user ultimately decides is not significant and isn’t worthy of remediation efforts. It’s important to document the process by which data quality issues are prioritized and dispositioned. You don’t want to be in a situation where we’re not sure if a data quality issue is a true issue or perhaps just a data defect that is not worth the time or energy to remediate. I recommend creating a disposition log so that you can track issues you identified and who signed off on the disposition to have a record to back your decision-making process.

			Exception handing

			There may be times in the data life cycle when exceptions are made regarding the data quality process. For example, a data lineage process may be defined for a specific data metric, and financial reporting purposes, the data must be at a specific quality level. However, for ad hoc analytical purposes, we may accept a lower level of quality to allow for speed to that insight. It’s important to take the use of data into account when defining exceptions. In this example, the user may need a one-time pull of revenue data for a reasonableness check on progress to quarterly revenue targets. This extraction may not need to be perfect. The user should be informed that the data extract has not been through all the normal control processes, but if they understand this, an exception process may be very appropriate, especially if time-sensitive.

			The importance of exception handling is to ensure that exceptions do not become the rule. You should define appropriate times when exceptions may be made. If you find that a specific request is being made somewhat regularly, consider whether that is truly an exception or is simply circumventing the expected flow of information.

			
				
					
				
				
					
							
							Helpful Hint

						
					

					
							
							Let’s take a lesson from our IT counterparts and develop a severity methodology. In the IT world, IT issues are classified as Sev1, Sev2, and so on, based on a set of criteria. Based on that severity rating, a different process is followed to drive the sense of urgency.

							For data issues, we could follow the same methodology. If the issue is material or causes a system outage, perhaps that should be a Sev1 and follow the highest level of escalation and remediation, versus a minor data issue, which can be remediated in weeks or months without much impact on the business and maybe a Sev3.

						
					

				
			

			At a data element level, you might find that you have anomalies in the data, and that may also be considered an exception. You should work with the business data steward to determine if the exception is truly an exception, and why it is an exception. Did a control fail? Did the data get corrupted in transit? Did you receive a bad file from a third party? There are a number of reasons that data could come through with some kind of exception. The important thing is that you follow a standardized process to handle exceptions and follow them to closure. Here are some examples of how to manage specific types of data quality exceptions:

			
					Missing data: If you have a large number of missing values in a dataset, you may want to consider imputing the missing values. This can be done using a variety of methods, such as using the average or median value of the column or using a machine learning (ML) model to predict missing values.

					Inconsistent data: If you have inconsistent data, you may need to manually correct the data or update the data quality rules to allow for inconsistencies. For example, if you have a dataset with different formats for the date column, you may need to normalize the date format before using the data.

					Duplicate data: If you have duplicate data, you may need to remove duplicates or merge them into a single record. For example, if you have a dataset with two customer records with the same name and address, you may need to merge the two records into a single record.

			

			Through this process, you might determine that the exception isn’t an exception at all and that it is actually a data issue and needs to follow the issue remediation process.

			Issue remediation

			When a material data issue is identified, the business data steward should review and develop a comprehensive understanding of the issue and the source of the issue and identify options for remediating the issue. If the issue is significant, spans multiple data domains, or has a material impact on the company, it should get escalated to the appropriate forum. A simplified issue remediation process may look like the following:

			
				
					[image: Figure 8.2 – Sample issue remediation process]
				

			

			Figure 8.2 – Sample issue remediation process

			What’s most important is to define an issue remediation process. This will also enable you to define exceptions and feedback loops that make sense for your company.

			In my opinion, the person closest to the data is the one most likely to understand the data the best and should be the one presenting the issue in these forums. That may mean that someone at an analyst level is presenting to senior executives. As the data leader, you should support the person with the most information and help them to shape the presentation for the right audience, which may result in a variance from the aforementioned standardized process.

			There are a number of great ways to measure the value of feedback loops, exception handling, and issue remediation. One consideration: At the earliest stages of data quality management, you will have a surge in issues. I would expect that to normalize over 12-18 months, but it may be shorter or longer depending on the amount of time and resources applied to data quality measurement and remediation efforts. Either way, the following measures are a great way to show the value of your feedback loops, exception-handling processes, and issue remediation efforts:

			
					Number of feedback instances leading to improvements

					Increase in user satisfaction (similar to net promoter score (NPS))

					Efficiency gains from remediation efforts (time, money)

					Reduced iterative cycles in data processing

					Average time to resolve a data exception

					Average time to remediate an issue

					Number of open issues

			

			Building an optimal data quality capability

			A mature data-driven company not only implements the individual capabilities from the preceding section but also integrates them in a holistic manner, ensuring that data quality is embedded in the organization’s operations and overall culture—a culture where trusted information is valued and expected. This state, where trusted information is the baseline and anything else is rejected, includes the expectation that the quality of the data used in reporting, operations, and analytics is measured, monitored, and reported for all in-scope data elements, assets, and integrations.

			What does it mean to be in scope? It does not mean that every single data element, every single report or dashboard, or every single integration is measured, monitored, and reported. That would be just as irrational as measuring, monitoring, or reporting nothing at all (for the opposite reasons). Rather, optimal data quality requires thoughtful, intentional scoping of the right data elements, the right reports, and the right integrations to ensure that the company’s assets (money, resources, time) are applied judiciously across the company’s most important and relevant data.

			Understanding the quality of data and being able to have a defendable stance when it comes to “Can I trust it?” is key for any user of the data, or information, that’s leveraged for decision-making. Establishing a data quality capability enables the CDO, and their teams, to stand behind their data and be able to defend the quality of the information.

			When we consider what an optimal data quality capability looks like, it comes down to a few key steps:

			
					Identifying what data is critical, leveraging a prioritization framework

					Profiling the data to deliver insights about the underlying data

					Partnering with users to define appropriate business rules for the data

					Writing and testing rules on data elements

					Promoting rules to production to generate insights into the quality of the data

					Monitoring and reporting on the quality of the data to business data stewards and users of the data

					Remediating appropriate issues, leveraging feedback loops, exception management, and issue management processes, leveraging councils, stewardship groups, and data committees where appropriate

			

			The flow of this process could look something like this:
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			Figure 8.3 – Optimal DQ Monitoring from onboarding to reporting

			The role of data stewards (both business and technical) cannot be overstated. They are the critical success factor in an optimal data quality capability. Without high-quality stewards who interact with users of information and have an intimate understanding of the data, its use, and the challenges, data quality will be a mere check-the-box activity. When stewardship is strong, the company’s data will be highly trusted because it will be cared for exceptionally well. Therefore, ensuring your data stewards have accepted responsibility for data quality is of the utmost importance for the success of your data program.

			Certified data

			As you are standing up a strong data quality program, you may want to consider enabling a certified data process. When coupled with metadata and data lineage, data quality can lead you to deploy a data certification process that not only enables the reusability of common data elements or curated datasets but also increases the value of the data quality work.

			To start, identify what data element or dataset is used often across the organization. You might want to start with a metric that is used for operational and reporting purposes (such as Customer Count). Average Customer Count is a good example because it is seemingly simple but often controversial. To certify Customer Count for the company, you first need to define who is the business data steward for Average Customer Count. This individual will work with relevant stakeholders to align on the definition of Customer Count. For the purposes of this example, let’s assume the definition of a customer is: “An individual or company that has purchased one or more products in the last 12 months.” To calculate the average, we will need to pull information from several systems.

			The next step is to align on the calculation of the term “Average Customer Count” and the source(s) for the data. For this example, let’s assume the calculation is as follows (as of 1/1/2023):

			Number of customers = Total number of transactions in the last 12 months / Average number of transactions per customer

			The average number of transactions per customer can be calculated by dividing the total number of transactions in a given period by the number of customers in that period. For example, if a company has 100,000 transactions in the last 12 months and an average of 2 transactions per customer, then the number of customers would be the following:

			Number of customers = 100,000 transactions / 2 transactions per customer = 50,000 customers

			This formula can be used for any company, regardless of industry or size. However, it is important to note that the accuracy of the calculation will depend on the quality of the data used. For example, if the company does not have a good system for tracking customer transactions, then the results may not be accurate.

			Here is a step-by-step guide on how to calculate the number of customers that have transacted with a company in the last 12 months:

			
					Gather data on the total number of transactions in the last 12 months. This data can be found in the company’s sales records or customer relationship management (CRM) system.

					Calculate the average number of transactions per customer. This can be done by dividing the total number of transactions in a given period by the number of customers in that period.

					Divide the total number of transactions in the last 12 months by the average number of transactions per customer to get the number of customers.

			

			Note: Once you have calculated the number of customers that have transacted with the company in the last 12 months, you can use this information to track customer churn, identify customer segments, and develop targeted marketing campaigns.

			From here, you should identify the optimal sourcing for this data. For example, you may pull customer information from your Customer Data Platform (CDP), and your sales information might come from your company’s CRM platform. The business data steward would be responsible for determining the authorized source for this data.

			Once a definition, calculation, and sourcing of the data are determined, the business data steward would then work with the data office to evaluate the lineage of the data, validate the lineage (see Chapter 7 for details on lineage capabilities), and measure the quality of the data. Any issues with lineage and quality should be remediated (or disclosed to the users). You will need to use your data lineage capability to trace the data through the systems and identify where to measure data quality. Apply data profiling, enrichment, and de-duplication efforts where necessary to strengthen and improve your data quality. Once the metric is validated as trustworthy, the data office can mark the metric as certified.

			If you’ve deployed a data marketplace, this should be the place where the metric is published for consumption and marked as certified. This will show any user of the data marketplace that the Average Customer Count metric is trustworthy and reliable for use. It also shows the user that any other metrics are not the authorized and certified metric and should not be as trusted as the certified metric. This process can be repeated for all key metrics in your organization and applied to common-use datasets, reports, and so on.

			Transparency

			The best way to build trust is through transparency. When the quality of data is low, the best way to lose trust is to not share the results openly. When the results of your data quality work show that data should not be relied upon, you should publish these results and leverage the response from users to drive remediation efforts. If important data is low quality, providing visibility into that deficiency will garner support for your remediation needs and, oftentimes, can lead to increases in funding and resourcing to help drive your data quality program. Don’t be shy about reporting your deficiencies. It will help you.

			Setting up data quality for success

			My best advice for setting up your data quality program is to start small, be specific, be transparent, and scale rapidly. Pick a handful of metrics or a couple of key reports, and show the value of understanding the data, tracing the lineage, and measuring the quality of the data. Remediate issues quickly and visibly and show improvement in the data for these key metrics and/or reports.

			Be very clear with your stakeholders, both users and executives alike: the goal is not to create perfect data for the enterprise. The goal is to deploy resources (time, money, people) for the most effective return on those resources. You could spend unlimited time and money remediating every data element, but it would be like trying to plug every hole in every boat in every ocean. Sometimes, you just need to build a better boat. You may run into instances where a report is incredibly low quality. It might be easier to completely recreate the report with different data sources or different metrics than trying to fix every single error. You’ll have to use your professional judgment to determine the best course of action for your key metrics and reports. Choose wisely and deliver measurable improvements quickly.

			The real-time request

			You may run into instances when business users request “real-time” insight into the quality of their data. It’s your job as a data professional to credibly challenge this request. From a position of curiosity, seek to understand the reasons why the business wants real-time measurement of the quality of their data. For starters, measuring real-time data quality requires you to test data in production, which can impact the performance of the production system. Oftentimes, data is profiled in a lower environment with a copy of production data, not to impact performance. Secondly, most “real-time” requests are satisfied with intra-day or hourly reporting instead of “real-time” reporting. Work to determine the business need driving the request, and then react accordingly. Sometimes, data professionals are eager to please and say yes without assessing the true business need against the cost to deliver. Real-time data often comes with a significant cost over even slight delays (a few hours) and requires different configurations of underlying system performance and integrations, often at a significant cost in infrastructure, processing, and people to monitor the delivery.

			Real-time can backfire

			Sometimes, real-time can backfire on you. When you have systems integrated in real time, in the spirit of ensuring high-quality data available for operations, that produces quick access to quality data. However, when things go wrong, you are propagating data problems in real time too.

			It’s not uncommon to design a CDP to push cleansed and enriched customer data into a CRM platform. Customer data is usually captured in the CRM, pushed to the CDP for enrichment, and then pushed back to the CRM. In one instance, a bug was introduced into the CDP, such that the hierarchy information (what connects individual companies to their parent company, which is used for transactions, sales territory mapping, and revenue reporting by geolocation, by account executive, and so on), was removed. When the hierarchy data was deleted in the CDP, it was replicated in the CRM. In the CRM, the now-orphaned customer records lost their parent company, which removed the territory assignment. The data was then sent back to the CDP without the territory assigned. This replicated blanks in the customer data records in both systems. We went from having a few orphaned accounts to thousands in a matter of minutes, to hundreds of thousands in a matter of hours, before we had to turn the synchronization process off. It took weeks to remediate and restore the full dataset in both systems to accuracy.

			If the real-time requirement had been a few hours instead of real time, we would have been able to catch the replication issue without such a huge blast radius. Sometimes, intentional friction in the process can prevent these sorts of issues without such a big impact. A simple validation check for blank fields may have also stopped the replication job and alerted the team to the problem before causing such a widespread impact.

			Integrations with other systems

			Another facet of a strong data quality program is evaluating data pipelines. Often, data quality profiling and testing are performed at a system level or an integration level, versus an element level. There are reasons to do both, and the right application at the right time is the best way to allocate resources appropriately. Integration data quality can be measured in a few ways to determine the value of the integration measurement:

			
					Latency between the ingestion and its validation and subsequent correction

					Time to decision (TTD) from data ingestion from the source system to report

					Savings from immediate or real-time error detection and avoidance of downstream system implications

					Number of real-time corrections without manual intervention

					Number of successful integrations without data quality issues

					Speed of data flow between systems

			

			Ultimate success with data quality comes down to understanding the business needs, what quality is required, and producing transparent results that business data stewards can take action to fix in a timeline that meets their needs. Start small, scale rapidly, and share results broadly. This is how you drive trust in your data.

			Conclusion

			In this chapter, we explored the fundamental concept of data quality and its critical role in driving informed decision-making. We established a framework for understanding the various dimensions of data quality, including accuracy, completeness, consistency, and timeliness. We further delved into different sources of data errors and imperfections, highlighting the importance of proactive data quality management practices. You should now have a firm understanding of the following areas:

			
					The importance of data quality, including why it is required for building trust in data.

					How to define a data quality strategy and framework

					Specific needs when it comes to implementation

					How to design a data quality solution with impact

					How to set data quality up for success in your company

			

			By prioritizing data quality, organizations can unlock the true potential of their information assets. Clean, consistent, and reliable data empowers effective analytics, fosters trust in insights, and ultimately, fuels better business outcomes. Moving forward, the following chapters will delve deeper into specific data capabilities but keep data quality in mind. Data quality is key in the implementation of all data management capabilities and should be considered as you implement primary data and data operations, and will come to light in the use case in Chapter 17. You are now equipped with practical knowledge to assess, improve, and maintain the quality of your data for optimal results.

		

	
		
			9

			Data Architecture

			Designing patterns and the optimal flow of information throughout an organization is sometimes more art than science. When it comes to optimizing for information accessibility, enabling governance, and powering the use of data in a company, the use of data architecture as a strategic driver is often considered once it becomes clear that the way information is flowing is causing problems. Unfortunately, this leads to a shift in paradigm regarding how traditional architecture falls short in leveraging the power of data for a company. Organizations then need to determine how to design architecture to support the evolving needs of a company with a new paradigm: optimizing for data.

			Traditional IT architecture is concerned with the design and implementation of IT systems and infrastructure to support business operations. It encompasses a wide range of technologies and components, including servers, storage, networking, and applications. Data architecture, on the other hand, is focused on the design and management of data assets within an organization. It encompasses the definition of data models, data standards, and data governance processes. This is why traditional IT architecture does not usually meet the needs of data users: it’s not designed with them in mind.

			The key difference between traditional IT architecture and data architecture is that traditional IT architecture is focused on the systems and infrastructure that support business operations, while data architecture is focused on the data itself. In other words, traditional IT architecture is concerned with how data is collected, stored, and processed, while data architecture is concerned with how data is organized, defined, and used.

			
				
					
					
					
				
				
					
							
							Characteristic

						
							
							Traditional IT Architecture

						
							
							Data Architecture

						
					

					
							
							Focus

						
							
							Systems and infrastructure

						
							
							Data

						
					

					
							
							Scope

						
							
							Wide range of technologies and components

						
							
							Data models, data standards, and data governance processes

						
					

					
							
							Objective

						
							
							Support business operations

						
							
							Improve data quality, accessibility, security, and compliance

						
					

				
			

			Table 9.1 - Key differences between traditional IT and data architectures

			Data architecture is important because it helps organizations to get the most out of their data. A well-designed data architecture can help organizations to do the following:

			
					Improve data quality and consistency

					Increase data accessibility and usability

					Enhance data security and compliance

					Support data-driven decision-making

			

			Data architecture is an essential component of any organization that wants to get the most out of its data. A well-designed data architecture can help organizations improve data quality, accessibility, security, and compliance. It can also support data-driven decision-making and lead to improved business performance. When designing a data architecture, it is important to keep the principle of simplicity in mind. A simple data architecture is easier to understand, use, and maintain. It can also help to improve the efficiency and effectiveness of data analytics.

			We will cover the following main topics:

			
					Data architecture defined

					The value of data architecture

					Core capabilities

					Building an optimal data architecture capability

					Setting up data architecture for success

			

			Data architecture defined

			Data architecture refers to the design and structure of an organization’s data systems, including databases, data storage, data integration, and data management processes. It is a critical component of an organization’s overall IT infrastructure and plays a crucial role in how data is collected, stored, processed, and utilized within the organization. When building a home, blueprints serve as a plan for how the home is built. Similarly, in data governance, the data architecture serves as a blueprint for how data is built. Data architecture encompasses the design, development, and governance of data systems and processes.

			Simple wins

			When designing a data architecture, it is important to keep the guiding principle of simplicity in mind. A complex data architecture can be difficult to maintain and manage and can make it difficult to derive insights from data. A simple data architecture, on the other hand, is easier to understand and use and can help to improve the efficiency and effectiveness of data analytics. The scope of a strong data architecture includes the following aspects:

			
					Data sources: Identifying where data is generated or collected, whether it’s from internal systems, external sources, or user-generated content.

					Data storage: Determining how and where data is stored, whether it’s in traditional relational databases, NoSQL databases, data warehouses, or data lakes.

					Data integration: Defining processes and mechanisms for combining and transforming data from different sources into a unified format for analysis and reporting.

					Data processing: Deciding how data is processed, whether through batch processing, real-time streaming, or other methods.

					Data access: Providing mechanisms for users and applications to access and retrieve data efficiently.

			

			Data architecture is an essential component of any organization that wants to get the most out of its data. A well-designed data architecture can help to improve data quality, accessibility, security, and compliance. It can also support data-driven decision-making and lead to improved business performance.

			The value of data architecture

			Overall, a well-designed data architecture is essential for any organization that wants to get the most out of its data. By following the principles of simplicity and scalability, organizations can design a data architecture that meets their current and future needs. A well-designed data architecture can help organizations do the following:

			
					Drive implementation of strong data governance: By ensuring data is organized, stored, and processed efficiently, data architecture can reduce redundancies and inconsistencies.

					Improve data quality and consistency: By establishing standards and procedures for data collection, storage, and processing, data architecture can help to ensure that data is accurate, complete, and consistent across all systems.

					Increase data accessibility and usability: Data architecture can help to make data more accessible to users and easier to use for analysis. This can be done by developing data warehouses and data lakes, as well as by creating data models and dashboards.

					Enhance data security and compliance: Data architecture can help to protect data from unauthorized access and misuse. It can also help organizations to comply with data privacy and security regulations.

					Support data-driven decision-making: By making data more accessible and usable, data architecture can help organizations make better decisions based on data. This can lead to improved business performance and competitive advantage. A good data architecture facilitates data analytics, enabling businesses to derive valuable insights and make data-driven decisions.

					Ensure scalability: A well-designed data architecture should enable growth with the organization’s data needs and business needs as the company grows and expands. A tight connection with corporate strategy and data strategy should enable scalability to be considered appropriately.

					Enable security and compliance needs: Effective data architecture helps in maintaining data security and adhering to regulatory requirements.

					Drive cost efficiency: By optimizing data storage and processing, data architecture can lead to cost savings by simplifying storage costs, reducing the quantity of processing, and removing redundancy.

			

			Optimizing for aggregation

			Consider a very large organization with decades of historical data. Data comes into the organization in hundreds of source systems, connecting and moving point to point, with no “target-state” or “North Star” architecture. You can imagine that this leads to redundancies, data quality issues, difficulty in extracting data needed, when needed, and a huge inconsistency in information enterprise-wide.

			In this particular instance, the company built a plan to work strategically over time to better optimize the flow of information. This required a strategic approach to how particular datasets were managed, how they moved throughout the organization, what common data was needed (see Chapter 10, Primary Data), and where it should be conformed.

			Some key decisions that worked well in this build-out were the following:

			
					What were we optimizing for? Cost? Simplicity? Aggregation?

					Who was responsible for making difficult decisions?

					How fast would we rearchitect the company?

			

			These decisions were used to define the North Star by which the data architecture was designed. When you are considering a data architecture for your organization, these questions can help you define what the “target state” might look like and how you will chart the path to implementation.

			Why data architecture is often overlooked

			Data architecture is often overlooked in organizations for a number of reasons, including a lack of understanding of the benefits. Many organizations do not fully understand the benefits of data architecture, or they may not even be aware of it. Many organizations are focused on short-term gains, such as meeting quarterly revenue targets. Data architecture is often seen as a long-term investment, and it can be difficult to justify the cost and effort upfront. It’s also an expensive endeavor to change, and thus, most companies lack the patience and focus to have the long-range plan realized. Furthermore, data architecture can be complex, and it can be difficult to know where to start. This can be especially challenging for smaller organizations with limited resources. There is also a shortage of skilled data architects, and it can be difficult to find and hire qualified candidates.

			Together, these challenges often lead to data architecture being de-prioritized or simply a consideration but not a binding mechanism by which decisions are made. This often leads data and analytical professionals to additional hardship in serving their stakeholders due to underlying complexities within the company’s technical landscape.

			However, as a data professional, you must advocate for data architectural rigor, because data architecture is an essential component of any organization that wants to get the most out of its data. A well-designed data architecture can help organizations to improve data quality, accessibility, security, and compliance. It can also support data-driven decision-making and lead to improved business performance.

			Here are some tips for overcoming the challenges of data architecture:

			
					Start with a clear understanding of your business needs: What are your business goals? What data do you need to achieve those goals? Once you have a clear understanding of your business needs, you can start to develop a data architecture that meets those needs.

					Take a phased approach: Data architecture is a complex undertaking, and it is important to take a phased approach. Start by developing a high-level overview of your data architecture. Then, you can start to implement the different components of your data architecture in phases.

					Invest in training and development: If you do not have the in-house skills to develop and implement a data architecture, you may want to invest in training and development for your staff. You may also want to consider hiring a consultant to help you get started.

			

			
				
					
				
				
					
							
							Helpful Hint

						
					

					
							
							Remember—implementing a target state data architecture is a multi-year, sometimes 5-7-year journey. Because companies are not likely to implement an entirely new parallel ecosystem, the strategic transition is typically executed in many phases. The most successful implementations I have been a part of had multiple phases: the first being what could be done quickly, and the second, where tools and platforms could be consolidated or retired. Subsequent phases are when more material changes must be made and require additional investment. It’s critical to keep putting this in front of individuals making funding decisions so that they can be reminded where you are headed.

						
					

				
			

			It can also be helpful to measure the success of data architecture as clearly as possible so that executive management can see the value in data architecture more clearly. In this next section, I will share some specific ways to measure data architecture value so that you can build your business case accordingly.

			Measures of success

			Measuring success in terms of business value and outcomes requires a combination of quantitative and qualitative metrics to ensure that the data architecture aligns with the organization’s strategic goals and delivers tangible benefits. Regular monitoring and adjustments are essential to maintain the effectiveness of the data architecture as business needs evolve. Ideally, these measures will be defined by the head of data architecture, aligned with the chief architect, and supported by the users of data, business data stewards, and technical data stewards. The enterprise data committee should approve both the to-be architecture and these measures of success.

			Example metrics could include the following:

			
					Adoption: The number of users who have adopted the new data services or components of the prescribed data architecture.

					Data quality: The number of data quality issues resolved due to the new design.

					Requirements: The number of data requirements met with the new design.

					Costs: Cost of replication saved due to new design. Measure cost savings achieved through optimized data storage and processing.

					Accessibility: How easily users and applications can access the data they need by measuring the time from request to closure of ticket.

					Performance: Speed of data processing and/or efficiency of data retrieval.

					Security and compliance: Track compliance with security and/or privacy regulations. Ensure that sensitive data is identified within the architecture and that the architecture enables compliance (for example, do not put sensitive data in multiple places; prioritize simplifying and reducing the number of locations with sensitive data as a best practice).

					Scalability: Number of programs that leverage the new data architecture without major modifications.

			

			Additionally, be sure to design measures of success that quantify business impact. Assess how data architecture contributes to achieving business goals and objectives. This could include increased revenue, cost reductions, improved customer satisfaction, or other relevant business outcomes. These will vary greatly based on your business. Pulling users and business and technical data stewards in to help define business impact metrics is a best practice.

			While not a specific measure, you should continuously gather feedback from users and stakeholders and use it to adapt and improve the data architecture over time. You may want to establish some “program” metrics to demonstrate early progress, such as the definition of guiding principles, first draft to-be state, and quantity of feedback provided. This will show engagement in the process and is a measure of success in the definition stage.

			Core capabilities

			Data architecture needs to be more flexible and dynamic than ever before. Companies are evolving quickly, and the speed at which generative AI (GenAI) has emerged is a perfect example of the ever-changing needs of corporations. You will note that the capabilities presented next are not specifying which technologies you need to deploy. That is up to you and your stakeholders to decide. The following capabilities tell what you need to define as a part of your data architecture program.

			Establishing a data architecture program

			Ideally, data architects should report to your chief data and analytics office. In some organizations, you will see the data architecture function report to the chief architect; however, in most cases, this results in data architects being less intimately familiar with the objectives of the company’s data strategy and results in less data-friendly models. It can work well when your chief architect understands data complexities well and is supportive of enabling data to flow appropriately as a priority for the overall corporate architecture.

			Regardless of reporting structure, your company should stand up a formal data architecture program. There should be at least two levels of data architecture defined: first, the overall top-down data architecture, which defines what the enterprise-wide data architecture is, the principles, the target architecture, and enablement across the company; secondly, from more of a bottom-up perspective, data architects should be embedded in individual solutions, to ensure that individual solutions are designed in accordance with the overarching company-wide data architecture program. Both are critically important. I have seen instances where the top-down component sits with the chief architect and the bottom-up component sits with the chief data and analytics office. This can work when there is strong alignment, but when alignment is absent, the separation will not be effective.

			As a part of the data architecture program, the head of data architecture should establish a “North Star” for how data architecture will be defined, designed, and implemented. In all successful data programs I have seen, the North Star has had three common components: strong as-is and to-be models, clear roles and responsibilities, and strong executive support.

			As-is and to-be modeling

			As-is and to-be data architecture are two key concepts in data management. As-is data architecture is the current state of an organization’s data landscape. It includes all of the data sources, systems, and processes that are used to manage and process data. As-is data architecture can be complex, especially in large organizations with many different departments and business units (BUs). To-be data architecture is the desired future state of an organization’s data landscape. It is a blueprint for how the organization wants its data to be managed and processed in the future. To-be data architecture is typically developed based on the organization’s business goals and objectives.

			Begin by documenting the current state. This as-is state will help the enterprise understand what the current landscape looks like. You can create this diagram in as much detail as you need to, but be prepared to define a high-level view that is consumable for executives and drill-down views that are more appropriate for architects and engineers. If your organization is like most, your as-is state may look like spaghetti. This is because data integrations are often added without data in mind, and over time become extremely complex:

			
				
					[image: Figure 9.1 – Current state architecture example]
				

			

			Figure 9.1 – Current state architecture example

			Defining a to-be data architecture is no small undertaking, especially if the organization has not historically been intentional about how it designs systems, data, or business flows. It has the potential to be a huge lift, due to the significant amount of cross-functional alignment required to create a target state that serves everyone’s needs. It will require compromise, thorough explanation, and time.

			Once an organization has developed a to-be data architecture, it can begin to develop a plan to transition from its as-is state to its to-be state. This may involve making changes to existing systems and processes or implementing new systems and technologies. Here are some examples of the types of changes that may be involved in a data architecture transformation:

			
					Consolidating data sources: As-is data architecture may involve multiple disparate data sources, which can make it difficult to access and manage data effectively. To-be data architecture may involve consolidating these data sources into a single data warehouse or data lake.

					Implementing new data processing technologies: As-is data architecture may rely on outdated data processing technologies. To-be data architecture may involve implementing new technologies, such as big data processing platforms and machine learning (ML) algorithms, to improve the efficiency and effectiveness of data processing.

					Improving data governance: As-is data architecture may have poor data governance practices, which can lead to data quality issues and security risks. To-be data architecture may involve implementing new data governance policies and procedures to improve data quality and security.

			

			A target or to-be architecture may look something like this:
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			Figure 9.2 – Target state data architecture example

			In this to-be data architecture, note data for analytics is separated from operations. This will allow your analytics teams to be nimble in response to business requests, without slowing down or impacting the operations of the company. This is an intentional use case that I encourage you to critically consider for your organization. However, do not let this be the first of many diversions from simplicity. My guess is your company would benefit from “only” having two stores for data versus multiple. Most organizations, when they are starting their journey, have dozens, if not more, of data stores (sometimes within each division). Be diligent in identifying sources and the purposes of what you have and what you need before you start making changes.

			Building an optimal data architecture capability

			In the previous sections of this chapter, we went through what data architecture is, the value of data architecture, and the two primary phases: as-is and to-be. In this section, I will step you through how to build out your optimal capability for success. The key to them: be purposeful and intentional in how you define your architecture.

			Establishing design principles

			First and foremost, you should define a set of data architecture design principles. Design principles should be established to align all participants in the process to focus efforts and align the design to a common approach. Ideally, design principles will do the following:

			
					Add simplicity to chaos

					Drive a simplified mindset

					Focus the discussion

					Ensure consistency in design

			

			Design principles should serve as the backbone of the process of designing data architecture. Aligning all participants to a core, foundational set of design principles will provide the lens by which all design decisions are made going forward. Once you get started in design, it becomes difficult to revert to set design principles, so I encourage you to start with setting these principles upfront, to avoid rework later.

			Example set of data architecture design principles

			
					The architecture is designed to scale with the evolving business model.

					Business and data processes will be automated to the extent possible.

					Data will be stored for central use and provisioned from the established authorized provisioning points.

					Data will be reconciled or “mastered” according to documented business rules.

					Users will have transparency into data quality and changes to the data model.

			

			Developing architectural standards

			A signal of a strong data architecture program is a defined set of data architectural standards. Data architectural standards set expectations for how architectural elements will be governed and what the approved models, access expectations, distribution models, and fundamental data assets control and set the use of information in a company. These standards should define what is expected for data for any solution.

			Depending on the size and complexity of a solution, you may need to set expectations for involvement, approvals, and review processes. For example, if someone is making a small change (adding a column or adding a table to an existing solution), they may not need to go through a formal process, so long as they can attest that they are following data architectural standards. On the other hand, if a new ERP system is being deployed, the opposite should be true. An end-to-end design should be created documenting both current and future states, defining consumption patterns, establishing clear accountability and stewardship of newly defined or created datasets, and so on. You should ensure the standards include requirements, at a minimum, for the following:

			
					Metadata management

					Data quality

					Data access

					Data distribution and consumption

			

			These standards should inform how the company makes platform choices and selects technology and tooling, and what integration patterns are used across the organization, in alignment with the design principles established previously. Business and technical data stewards should play an active role in designing data architectural standards so that their needs are met. Remember—these standards will set the evolution of data architecture and will not change everything overnight. They should serve as the North Star by which all future design choices are held.

			Establishing a to-be state

			I have seen two successful programs in my career (so far) that have leveraged the power of collective architecture across a company to enable the highest levels of optimization with technology and data investments. Both could have been more successful.

			In both cases, the programs successfully and ruthlessly defined specific design principles by which the to-be architecture was defined; for example, tight expectations around the mandated use of reference data across the entire company, from a single source of truth. The result of this expectation would have led to a significant uplift in efficiency and ease in data aggregation enterprise-wide. However, in practice, the company was “softer” about the requirements of adoption. We entered the transformation with a firm expectation that we would require conformity and adoption of reference data within a 24-month period, but by the time we exited the program, we had relaxed this expectation to require the adoption of reference data only when “major” updates to the platforms occurred, which meant that the true benefit of reference data adoption would take years (5+). As with any long-term program, the momentum was lost, and the benefits were not realized early.

			In the establishment of a to-be state, it’s critical that momentum is leveraged to drive change. These changes are very expensive and require clear focus to achieve the return on investment (ROI) desired.

			Tight integration with business architecture and IT architecture

			One of the best ways to establish a strong architecture is to tightly integrate with business architecture, data architecture, and IT architecture. Most companies do not have a strong business architecture function. However, it can be the best way to evaluate the way in which the business operations should flow, the data that is required to support it, and the technology that will enable optimal operations.

			The best practice would be to establish an architectural council. This should have representation from business, architecture, data, architecture, and IT architecture. Most companies do not focus on bringing these three types of architectural experts together, and therefore, when there are requirements for the business, data, or IT, they are often not considered holistically. By bringing these functions together, the company has an opportunity to streamline the design of simplistic and effective solutions.

			Most companies do not focus on business architecture or assume it’s happening as a part of basic operations. It’s not. The architectural council can ensure that any architectural designs holistically account for all three vantage points. Selfishly, this ensures that data architecture is designed in a way that supports both optimal business processes and technology well. If either of these two other related architectural perspectives is not designed well, data architecture will not be effective. Thus, if your company does not have an architectural council, advocate for one. Ideally, this would be chaired by your chief architect and have representation across the business, inclusive of all three types of architecture.

			Building data architecture into the systems development life-cycle process

			Ideally, you will build a to-be state and transition plan with full funding and the support to transition in a few years. In reality, that is unlikely. Depending on the size, scale, and historical decisions of your company, the as-is state may be very difficult to unwind. You are going to be building the plane while it’s flying, which makes these types of programs extremely complex. Because of this, it’s much more common to see organizations build to-be design principles into the systems development life cycle (SDLC), for adoption over time.

			The only way this will succeed, and that there will be a completion/end date to this program, is for a champion to continue to vocally drive the business value of the to-be state, have teeth in ensuring the to-be state is followed, and have the support of the executive team to make it happen. This can’t be followed only when it’s easy; it must also be followed when it is hard. The chief information officer can be a great advocate for you in this goal, as they typically hold the authority to approve or reject technical architecture in terms of programs. Ensure you have their full and unwavering support to bind the company to adopt the SDLC for optimal success.

			Setting up data architecture for success

			I’m confident you’ve noted that I have not defined what your data architecture should be in this chapter. I have given you the tools, the understanding, and the process by which to set up your data architecture program for success. Technologies change rapidly. The needs of companies vary widely. Only you can define what your company needs to use to build the optimal architecture for the data and analytical needs of your organization. I can’t possibly tell you what architecture is right for your company; only you can do that.

			However, there are key factors that will set you up for success. These are consistent across companies both large and small, and will ensure you have a successful program:

			
					Appoint a chief data architect: Every company should have a person appointed to drive appropriate data architecture across the company. While you might not use this title per se, you should define the role and ensure they are empowered to make data architectural decisions for the enterprise as a whole.

					Define program routines and rhythms: Set up key program forums, reporting, and value storytelling to ensure the data architecture program is treated as a formal program.

					Involve the right people: Company historians who have a long-term history around why the company made the choices they did but who also have a futuristic view are excellent supporters of this work. They will understand why certain choices were made and what will break if changes are made. They can be the balance between urgency and thoughtful impact. Include your business architects, data architects, and IT architects from around the organization.

					Gain executive sponsorship: Ensure you have the right sponsor. This is usually a chief information officer or chief technical officer. Ensure they are willing to advocate for you at the top of the organization and adequately fund the program long-term.

					Align with the chief architect and chief data analytics officer: Ultimately, the chief architect must understand the importance of strong data architecture and why they need you to drive company-wide architectural success. Your chief data analytics officer also needs to sponsor this work. Ideally, the chief architect and chief data analytics officer co-chair this program, with the chief information officer or chief technical officer as the executive sponsor.

					Maintain a long-range mindset: You must remember these programs take time; they are long-range, and they require significant investment. They will not happen overnight. You must have patience.

					Invest strategically: Select a high-impact, shorter result window to show ROI. Invest in larger, more expensive components after you can show wins with impact. Do not wait to deliver the end result to show the value.

					Embed in the SDLC process: Bind the program to the SDLC process to ensure you adopt a to-be state over time.

			

			By appointing the right people, defining strong routines and rhythms, and following a ruthless prioritization process, data architecture can be a strategic driver for your data and analytics function over time. It is a long game. It requires long-term thinking and ongoing support from the top of the organization to be successful. Your role as a data professional will have significant influence over the data and IT architectures’ ability to be successful and drive simple, elegant solutions that will drive optimized data for the company.

			Conclusion

			This chapter provided a comprehensive overview of data architecture within the context of data governance. We explored the critical role a well-defined data architecture plays in ensuring data consistency, accessibility, and reliability – all key pillars of effective data governance. We examined various architectural considerations, including data organization models, data storage solutions, and data integration strategies. You should now have a good understanding of the following areas:

			
					The importance of data architecture, including why it is required for building successful data solutions

					How to design a data architecture function

					Specific needs when it comes to implementation

					How to design a data architecture solution

			

			Understanding these elements and their alignment with your organization’s specific needs is crucial for establishing a robust data foundation. A well-designed data architecture fosters data quality, simplifies data management processes, and empowers data governance initiatives to thrive. As you move forward in your data governance journey, the following chapters will explore the practical application of these concepts. We will delve into data governance frameworks, policies, and implementation strategies to equip you with the tools and knowledge to effectively govern your organization’s data.
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			Primary Data Management

			One of the core capabilities of any organization is the ability to standardize its most core, most connected data: master & reference data. By nature, mastered data provides a solution whereas data used by multiple divisions for many uses are standardized and cleansed for the benefit of the organization at large. We will start with the basics: What is master data? Why is it critical? What makes it so complex and difficult to deploy and adopt? We will dive into what the different types of data are, and how it varies from customer data platforms.

			I will explain how to prioritize this data governance capability and how to implement a strong and centralized master data solution that will impact and elevate the power of data for an enterprise into a strategic asset. All the capabilities introduced thus far will be woven into this powerful capability to tie them together.

			Before we dive in; a note on the use of the term “Master Data Management”

			At the time of this writing, the term and capability commonly referred to as “Master Data” is the prominent term in the industry. “Master” has inherent and historical racist roots in “ownership” of something from another source. In the data space, this is the act of identifying the single owner of an identifier. We have started to see a shift away from the term ‘Master’ in other industries (i.e. Master Bedroom in real estate listings, now commonly viewed as “Primary Bedroom” or “Grand Bedroom”). I have strong feelings about this term and urge the profession as a whole, to change this. My hearty recommendation is that we adopt “primary” data, to refer to this type of data.

			If we are not changing it, we are choosing it. And I don’t want us, as a profession, to continue to buy into this ‘ownership’ of types of data, with roots in racism. I’m choosing to refer to this type of data as “Primary Data” going forward, and I urge you to adopt this term in your companies, so that we can change the industry, together.

			Defining Primary Data Management

			Primary Data Management is a core data governance capability, which brings together a core set of processes and technologies that are used to create a single unified view of specific types of data. This capability helps ensure that these specific and critical types of data have, above all else, consistency, accuracy, and accessibility enterprise-wide. Examples of Primary Data include: customer, product, vendor, and contact data. Because these types of data (customer, product, etc.) are often created in various departments across the organization, they require a special handling to unify and provision, so that the entire organization can have the same view of the data. Without Primary Data Management, companies struggle with consistency, accuracy and quality overall, which leads to poor customer experiences.

			Example – Customer Experience

			Imagine you are a customer of a large financial institution, and you open up a checking account at a branch location. Months later, you call into a 1-800 number, to ask a question about your account. Since the time you opened your checking account, you also opened a mortgage account and moved into a new home. When you call customer service about your checking account, you are asked to verify your address for security purposes. Only there’s one problem, your address on your checking account is your previous address.

			Without customer primary data management, customer addresses are not updated across the enterprise when new products are sold to a customer. In this situation, you might be required to go into your local branch to formally update your address, instead of having it updated automatically, through the use of primary data management capabilities.

			Primary Data Management is one of the more complex capabilities to establish in an enterprise, especially a large one. However, once fully adopted, this capability has the most significant impact on your organization’s ability to deliver operational efficiency at scale. Establishing a Primary Data Management (PDM) capability enables your organization to:

			
					Identify and Consolidate. Establishing a PDM capability enables your company to identify the sources of the primary data, consolidate the data into a single process, and then replicate the databack to the original source better than when it came into the capability. This removes data silos and enables the entire company to work off of the same accurate data set.

					Clean and Enrich. By bringing the Primary Data into the central capability, the company is able to clean the data by evaluating the data quality, remediating issues with the data, and enriching the data with 3rd party data, thus elevating the quality and reliability of the data. This process removes inconsistencies, errors, and missing data. You can also add additional data to the records (e.g., demographic information, compliance flags).

					Standardize and Govern. Primary Data Management enables organizations to standardize and govern their primary data by creating and enforcing data quality rules to ensure data is consistent, accurate, and reliable. PDM drives trust in the company’s most critical and core data.

					Sharing. Because Primary Data is centrally cared for and provisioned across the company, PDM processes make it easier for companies to share high-quality primary data enterprise-wide into other systems that require highly trusted data. This allows organizations to enable high-quality decision-making based on uniform data across the company.

			

			In the section below on the Core Capabilities, we will explore how to enable these capabilities in your PDM deployment and garner the full value of the PDM investment.

			Reference Data

			Reference Data Management is a type of standardized data that drives uniformity across an organization. Examples of Reference Data are consistent across companies such as: zip codes, city names, industry codes (e.g., NAICS or SIC), or may be consistent for a particular company such as a chart of accounts. Regardless of what your reference data set is, these codes are considered a type of primary data because the company is following the same characteristics for primary data, including consolidation and standardization, central enrichment, deduplication, and simplification (meaning, the data is sourced and managed by a central team in service of the broader organization). Externally derived reference data can be sourced through government entities (e.g., Postal Codes) or through 3rd parties (e.g., Dun & Bradstreet). There are many providers of reference data.

			A common business sponsor for Reference Data Management is your Finance Department. Generally, Finance is the central point of aggregation of information on various factors such as geography, industry, etc., all of which can be improved through conformity of reference data. Reference Data transformation typically comes up as a part of another major transformation, usually an Enterprise Resource Planning (ERP) transformation, where the company is forced to review all of its core data to run operations, report on financials, and provide regulatory reports.

			In every company I have deployed Reference Data, the need for this generally comes up in release planning for ERP or Financial Statement design processes. The finance team realizes they have multiple conflicting versions of Reference Data, and need support to conform the data to a standard model. This is where the data team is usually brought in. Reference Data can typically be deployed rather quickly. Once you purchase software and can stand up the base capabilities, publishing the Reference Data isn’t all that difficult. Because Reference Data is slow-moving data and does not change frequently, once you have the definitions defined, a steward identified, and have the capability to publish the data, actually putting the data into production is a relatively quick process (especially compared to other types of Primary Data).

			Primary Data versus Reference Data

			While reference data is a type of primary data, it is typically managed separately due to the slow-moving nature of reference data. Reference data is ‘slow-moving’ in that it does not change frequently. Consider industry codes such as NAICS codes. While there are new and emerging industries, these codes, commonly used for things like reporting or sales planning, do not evolve frequently. Thus, NAICS codes are updated every five years. Reference data also has a finite limit to the number of valid values. For example, there are only so many industry codes or area codes. An easy way to understand this is to think about reference data as being something you could select from a drop down menu. It could be a very long drop down, but a drop down nonetheless. Whereas, primary data (e.g., Customer Data) may have an infinite number of records or valid values that increases over time.

			Types of Primary Data

			In addition to Reference Data, there are other types of Primary Data. Primary Data is managed by type. Each type has a platform or system that is independent from the other types. However, each of these types may include some relevant reference data. For example, customer data may contain the customer’s zip code, which may be selected from the valid values defined in the Reference Data system.

			Customer

			Customer Primary Data is all the buzz in customer-facing divisions (e.g., Sales, Marketing, Revenue). Companies who have not standardized their Customer Primary Data often struggle to see a full view of their customer. A tell-tale sign of a lack of a Customer Primary Data system is when each division has different information about a customer, and it’s difficult to see the full customer journey across your company. Sales may have different information about a customer (like address) than revenue than operations than marketing. This is a great signal that your company would benefit from having Customer Primary Data implemented and deployed to unify the information about a customer for your organization.

			Customer data can be sourced from a variety of sources including directly from the customer, from 3rd party enrichment services, from social media services like LinkedIn, and from marketing and events. Contact data (which we will discuss below) is also a great source for customer data. You may also source customer information from the sales process through order management.

			Typical sponsors for customer data are usually Sales, Customer Success, or Sales Operations. Because this data is spread across these areas primarily, assigning an Executive Data Domain Leader for this capability is often the most difficult over other types of Primary Data. In my experience, it usually comes down to political power within the organization and funding. Whichever team has more power, authority, and budget often becomes the sponsor. A word of caution: It is relatively easy for that sponsor to then ensure the Customer Primary Data Management platform is in service of their needs over the needs of others. You are responsible for ensuring the data out of this platform serves the company, not just one division. A great way to combat this bias is to use existing governance routines and rhythms (like your Enterprise Data Committee) to codify the release schedule and the needs of the business in priority order.

			Customer Primary Data Management usually becomes a priority when the sales and customer service teams begin to see lower quality scores from sales professionals, customer service representatives, and customers related to their experiences. Low quality and contradictory customer data makes it hard for sales professionals to process deals, to renew contracts, and to use the correct information to engage with a customer. Imagine being in the field, ready to call a customer, but having no phone number in the customer relationship management platform. Happens all the time.

			As companies grow and their data is disbursed in more systems and platforms, keeping the data consistent becomes harder. Since customers are at the center of what companies do, having good quality, highly reliable customer information to run your business is more important.

			Product

			Like customer data, product data is centralized, unform data that is required to manage product information. Product primary data may include information such as product name, product description, product characteristics (e.g., color, weight, dimensions), manufacturer, model, price, and pictures. This information is used by a variety of departments such as sales, operations, supply chain management, and revenue operations teams.

			Product primary data can be stored in a variety of places, including enterprise resource planning (ERP) systems, product information systems (PIS), and customer relationship management (CRM) systems. However, it is important to have a single, central repository for a product’s primary data to ensure that you have accuracy and consistency across all consuming systems.

			Product data is often sourced from a variety of places as well, including supplier catalogs, websites, ERP systems, as well as internal production data. This is one of the reasons that primary data is so critical to managing well: the data is sourced from a variety of locations, is standardized and enriched in a single location (the primary data platform), and then pushed to the systems that need the data. If there was no primary data platform, then each individual system would need to do this work individually, leading to a huge increase in cost, complexity, and a high degree of inconsistency across systems, making aggregation and reporting extraordinary difficult.

			Typical business sponsors for product data include engineering or product management, legal and compliance or revenue operations. Because it is highly universal across a company, and varies heavily based on industry, Product Primary Data, like Customer Primary Data, is a bit more difficult to identify the sponsor. Follow the same process outlined above for Customer Primary Data, and use your governance councils to aid you in nailing down a sponsor.

			Vendor [or Supplier]

			Vendor Primary Data Management (sometimes referred to as Supplier Primary Data] is a primary data platform that is specialized in goods and/or services providers that a company purchases from. It may include key information such as vendor name, address, company or industry code data, terms of payment, currency used, etc.

			Vendor Primary Data is used for a variety of functions across an organization including procurement, accounts payable, supply chain management, and may also be used by HR for contractor information. The data from this platform may be consumed by ERP systems, procurement systems, and supplier relationship management systems. Like other primary data platforms, there are many potential sources for this data, and many potential consuming systems for this data. This drives the need to centrally manage the information well.

			Contact

			Contact Primary Data is a single, unified view of all of a company’s contacts, which can include customers, prospects (i.e., leads), employees, vendors, and partners. The contact data includes information such as the name of the contact, address phone number, email address, and company affiliation. Contact primary data is often used by a wide range of departments in a company, such as sales, marketing, accounting, customer service, and human resources. Sponsorship for Contact Primary Data is typically in Marketing, given their role to acquire and create qualified leads for the company, through contact.

			Contact Primary Data is used for a variety of business processes, including:

			
					Lead Generation. Contact Primary Data is used to identify and market to potential customers.

					Sales and Marketing Campaigns. Contact Primary Data is used to create and execute marketing campaigns that are targeted to potential customers.

					Customer Service. Contact Primary Data is used to provide customer support and resolve customer issues.

					Human Resources. Contact Primary Data is used to manage employee records and recruit new employees.

					Accounting. Contact Primary Data is used to pay expenses and suppliers.

			

			Contact Primary Data is stored in a wide range of systems, including CRMs, ERPs, and HR systems. Data is sourced from a variety of sources such as business cards, email lists, social media, contacts themselves, event registrations, etc.

			Building an Optimal Primary Data Management Capability: Core Capabilities for Success

			One of the biggest misconceptions about Primary Data Management is surrounding what capabilities qualify a platform or system to be considered a Primary Data Management capability versus any other platform. There are a few core capabilities that are unique to a PDM system, and without these capabilities, you have not yet implemented a true PDM. It is common for non-experts to use the term “master” or “primary” to define a system of record, or simply a system that is the ‘preferred’ source for that particular type of data. That alone does not make a PDM. To be a PDM, a system must include the capabilities in this section, starting with deduplication.

			De-duping or Deduplication

			Also known as ‘Match and Merge’, Deduplication in Primary Data Management is the process of identifying and then merging duplicate data records. If your PDM Platform does not provide this capability, you do not have a PDM. This capability is a critical part of PDM because it ensures that the organization’s data is accurate, consistent, and complete. Duplicate data can be created for a number of reasons, but often stems from similar data being entered into multiple systems, being entered in incorrectly, being updated differently in different systems or being sourced from different places (i.e., LinkedIn versus from an event attendance roster).

			Approaches to Deduplication

			There are few ways that a PDM system can approach deduplication to achieve the desired outcome of a single record for each customer, product, vendor, or contact.

			
					Fuzzy Logic. Fuzzy logic is a type of artificial intelligence that is used to match data records that are not exact duplicates. The logic looks for errors such as typos, abbreviations and varying formats.

					Matching Algorithms. Matching algorithms compare records to identify those that are likely to be duplicates using a variety of factors such as name, address, phone number, and email address.

					Human Review. Human review is often necessary in PDM capabilities to confirm whether or not two records are duplicates. There is a degree of human review needed for unmatched records, and depending on the quality of your fuzzy logic or matching algorithms, you may need a high or low amount of human review. This is often the primary driver in the size of your PDM operations team, to review potential duplicate records that were not matched through the previous to deduplication methods.

			

			You can see how well your deduplication process is working by measuring the number of ‘unmatched’ records, meaning, how many records you begin with before deduplication processes begin. This is the aggregate of the number of records are entering the PDM system from source systems. For a large enterprise, this may be 100-200 million records or more. Let’s take a look at a simple example.
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			Figure 10.1 – Example Deduplication Process

			In the example above, we are sourcing data from three different systems, each claiming to have customer data. As you can see, each system has a different record count for customers. In each system, there may be duplications within each platform as well as across platforms. When we send the data to the PDM platform in the middle, where the deduplication process is run (see “Deduplication Process” above, just one of many core capabilities in the PDM), that process standardizes and deduplicates common records across all records the PDM consumes.

			When the data is pushed out to the consuming systems on the right, they all receive the updated customer records, deduplicated and ready for use. You can set up your data flows so that the sources on the left also receive the updated deduplicated data, but that is up to you and your business needs.

			Metrics to Measure Success (Internal – Data Team)

			
					Reduction in duplicate records (count)

					Improved data storage efficiency

					Cost savings in storage

					Time saved managing duplicated or redundant data

					Improved data quality

					Accuracy of Customer Count (improvement score)

			

			Metrics to Measure Success (External – Stakeholder)

			
					Improved accuracy in analytics

					Improved Customer Success Scores (from call center representatives being able to identify customers more easily and see a more unified, accurate view of the customer)

					Reduced Costs (e.g., enrichment costs in a single location vs. many. Often companies buy the same enrichment service multiple times without realizing it.)

					Reduction in marketing costs (from marketing to valid contacts a single time versus multiple times, or with bad contact information)

			

			Common Definitions

			One of the first steps in establishing a strong Primary Data system is to align the company on common definitions. First, you need to define what a customer is for your organization. Sounds simple, but is quite complicated.

			Customer Data Definition Trouble

			The first Customer Primary Data Management deployment I was a part of, we spent 18 months (not a joke!) working across the company to define what a customer was. We argued across definitions on elements such as whether the customer needed to be active, or if having a purchase within the last 12 months was sufficient. What did it mean to be “active”? What did they need to purchase? Was simply having an open account sufficient? What if there are no deposits in their account (for example)?

			In my second Customer Primary Data Management deployment I worked on, I went straight to the Data Domain Executive for Customer Data, and proposed a definition to him. He made one minor tweak, we approved it together, and we announced the definition to the relevant stakeholders. It took less than 18 minutes. A stark contrast from my first experience.

			What’s the right approach? You need to make that decision for your company. But I would recommend you use your Data Governance routines and reporting processes to codify the definitions early before you get into the meta model design to limit rework later.

			You will need to set a process to define what each data attribute for a Customer Record will be rationalized (others may call this process ‘mastered’ or ‘mastering’, but like the type of data, I am aiming to use a more inclusive term). For each attribute, you will need a definition to be aligned across the company so that when you refer to them in reports, in the system, and in your data catalog or dictionary, you have a common vocabulary and understanding.

			Golden Source Attribution

			Your Primary Data Management platform will have a finite set of attributes that you rationalize for each record. This is not the time to put 200 attributes into your primary data platform. Remember the purpose is to standardize the core attributes or common attributes that you intend to drive consistency with across your organization. It is not intended to be a customer data platform. We will walk through the differences in more detail later in this chapter, but for now, be mindful that this is simply the core data related to a customer, not all data related to a customer.

			Based on my past experience, I would aim to rationalize no more than 50 core attributes about a Customer. That may seem like a lot or maybe not, depending on your company. The number can grow quickly, especially when you start to think of common attributes such as:

			
					Customer Unique ID Number

					First Name

					Last Name

					Shipping Street Address Line 1

					Shipping Street Address Line 2 (note: may include apartment numbers or building numbers)

					Shipping City

					Shipping State

					Shipping Zip Code

					Shipping Country

					Mailing Street Address Line 1

					Mailing Street Address Line 2

					Mailing City

					Mailing State

					Mailing Zip Code

					Mailing Country

					Country Code

					Area Code

					Phone Number

			

			As you can see, this can grow quickly when you start to include variances like shipping vs. mailing address (+6 new attributes). Your business model will drive the types of attributes you need (B2B or B2C) as well as your industry (e.g., is gender and/or sex assigned at birth relevant for your product? It may be if you are in health care, but likely not if you are in technology sales).

			For each of these attributes, you will need to define the meaning behind each attribute. I also recommend that you take this moment in your program to identify who the data steward is for each of these attributes. It may vary. For example, you may have a data steward for customer first name, customer last name, and mailing address attributes in sales, but your shipping attributes may come from fulfillment or your revenue operations teams. Each attribute should be assigned a data steward who will own and care for that data.

			Hierarchies

			Hierarchies are one of the foundational capabilities behind Primary Data. One of the unique features of Primary Data is the ability to provide multiple hierarchy management across a company. Multiple Hierarchy Management is the ability to apply multiple ways to roll up the same base data that has been standardized (or rationalized) to meet unique business needs. Common hierarchies for Customer Data include:

			
					Legal Entity Hierarchy

					Sales Hierarchy

					Account Hierarchies

					Location Hierarchies

					Organizational Hierarchies

			

			Hierarchies also need business data stewards and technical data stewards. Business data stewards should define what the definition of the hierarchy is, and what the rules of the hierarchy are. Some could be defined by a 3rd party (e.g., legal entity) vs. others being defined by the business and unique to each company (e.g., Sales Hierarchy – which is how a company divides out which customers are in which sales territory).

			Organizations could have an infinite number of hierarchies, but I recommend you deploy and manage a minimum number of hierarchies. They can be quite complex to manage given the speed of business and changes required. If your company is on a quarterly sales cycle, they may carve the sales territory quarterly, and thus, your Sales Hierarchy could change as often as quarterly.

			Remember

			The objective of PDM is to standardize commonly used data for your organization, so, if you deploy multiple versions of a single hierarchy type, you are violating the core tenant of primary data management: standardization.

			Trust Logic

			For each Primary Data Management platform you build, you will define Trust Logic. Trust Logic is the way in which rules and processes are used to determine the trustworthiness of your primary data. It is important to the success of your data model because it defines how your data will be brought together to drive accuracy, consistency, and reliability. Every company has a unique way of defining this trust logic, and the resulting model, and should be patented due to its proprietary nature. Especially if unique techniques are used, you should consider protecting this model.

			As you are defining your Trust Logic, you will want to look at the raw data from the source systems you’ve identified. For example, let’s assume you have identified just two desired sources within your company that will be providing data for your Customer Primary Data Management platform. You take a look at System 1 and you see the data looks something like this:
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			Table 10.1 – Source Data: System 1

			That same data in System 2 may look something like this:
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			Table 10.2 – Source Data: System 2

			We also have standardization issues across these two systems:

			
					Mary and Meredith are inconsistent for the customer’s first name. How will we know which is the correct name? Are these the same person? Or are they two people at the same address?

					There is no zip code for the second customer in either system. How will we find this information?

					System 2 only has 1 address line, and thus, apartment number is appended to the mailing address field vs. being in a second field in system 1

			

			Now, if these were the only two customers we had, we might be able to call each one and validate their accurate information and correct this data manually. What if you have a thousand customers? What if you have a million? 150 million? Manually correcting data is no longer scalable. That is why we need automated Primary Data Management capabilities to help us to improve the quality and reliability of this core data at speed and scale of our businesses.

			Our first step to define the Trust Logic, is to define which system we will use as the source for each attribute. Each attribute can be defined independently of the others. To illustrate this example, I am going to use two shades of grey to depict the variance in the table below, showing how we have sourced the data in this example. Remember, you may have thousands or millions of rows vs. my example with just two records.
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			Table 10.3 – Illustrative View of Where Each Attribute Was Sourced

			In this example, the First Name attribute and Last Name attribute were sourced from System 2, whereas the remaining five fields were sourced from System 1. Why? In short—it’s up to you. Usually there is a degree of data quality assessment for the various systems to determine which as the higher quality data.

			Another factor in the Trust Logic is, you can also define that secondary systems are used when the first system selected provides a null or blank. For example, if the First Name for System 2 had a blank, you can configure your trust logic to pull System 2 data for First Name attribute first, and if null, pull in First Name data from System 1. You can define 1:M sources for each attribute and define which order you want the data to be pulled in from. This unique Trust Logic is specific to your organization.

			Considerations

			There are many factors to consider as you are building your trust logic. To determine which sources are being trusted first, second, third, and so on, should consider the following:

			
					The Source System. If the system that provides the data has higher integrity than another systems, you might consider consuming the data from the system with higher integrity over another.

					Age of Data. Older data tends to be less trustworthy than more recent data, as it’s more likely to be out of date or inaccurate.

					Completeness. Incomplete data may be less trustworthy than complete data sets. You may want to consider if a source has more complete information.

					Consistency. Data that is more consistent with other data is more likely to be trustworthy.

					Changes. Data that is changed frequently is less likely to be trustworthy than data that is more stable.

					How the Data Was Collected. For example, if data was collected on a sign-up sheet manually, versus digitally acquired, the digital data is more likely to be accurate in most cases.

			

			How does it work?

			Trust logic can be used to assign a trust score to each data attribute by source system. The score can then be used to determine how the data should be used in its deduplication process, and how trustworthy the attribute is. Trust logic can also be used to automate data quality processes. The logic can be sued to automatically identify data that is inaccurate before it infiltrates the Primary Data Management deduplication process. This can help improve the overall quality of the Primary Data to make it more reliable.

			Integration

			When creating a Primary Data Management platform, one of the early steps in defining the target architecture (even conceptually) is identifying the integrations that are required. I often think about this in terms of left to right (left being the incoming integrations and the right side being the outgoing integrations). Integrations are no longer so simple. Many of the platforms that will be coming into your platform from the left side of the diagram, are also going to receive the output. This is called bi-directional integration. It is bi-directional because the data comes into the Primary Data Management platform is standardized, deduplicated, enriched and then pushed back to the source system.
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			Figure 10.2 – Example of Integration Model

			Quality Third-Party Enrichment

			Third-party enrichment services are data files that are purchased from organizations outside of your own. The purpose of using a third-party enrichment service is to improve the quality of the data you have inside your company.

			Back to our example, in the second record of our Customer Primary Data platform, we were missing a Zip Code for Meredith Long. A 3rd party address enrichment service could be used to enrich the quality of addresses in your Customer Primary Data Management Platform. The resulting output could look like this:
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			Table 10.4 – Example of Enriched Addresses

			In this example, the enrichment service was able to provide the correct zip code for the second record. Again, remember a simple search could be used to populate 1 missing field, but when you are operating at the scale of a large enterprise, these services replace thousands of hours of manual data quality clean up by using 3rd party enrichment to improve the quality of your data.

			During the course of building out your customer and contact primary data, you may find you subscribe to dozens of 3rd party enrichment services, to ensure you have the highest quality data possible. Each service has its own pros and cons, so be clear up front in what you are trying to achieve with each enrichment. They can contradict each other. Make sure you have clear processes in place to assess the quality of the enrichment service, which ones you will trust over others, and how that fits into your match and merge processes.

			Consumption Model

			As a part of your Primary Data Management program, you will need to define how you will prescribe users to consume the data. Because of the nature of Primary Data, it is important that you take extra care in preventing poor quality data from entering into your PDM platforms. Thus, providing a standardized pattern for consumption will help your users receive what they need without compromising the platform.

			Typically, you will be serving both operational and analytical user needs. This means that you will need to define the needs for these types of users and support consumption models for both. For example, for your operational use cases, you may need to consider regulatory reporting requirements like Sarbanes-Oxley but for analytical purposes, you may be able to support a less formalized and rigid control framework which enables you to move data faster and more seamlessly for analytical purposes.

			It is likely you will push your Primary Data into a Data Lake and/or Data Warehouse to support analytics, while you push the data into your ERP and CRM for operational needs. You may also provide a pub/sub option for additional distribution of data across your ecosystem.

			I recommend defining the consumption model for your company’s needs, and enforcing a policy and technical process by which data cannot be further provisioned so that you maintain the data technical integrity of the data. If you do not enforce a strict consumption model, you risk re-creating the problem in which you set to solve: inconsistent primary data across the enterprise.

			CRM vs. PDM

			It is very common for technologists and business users alike to confuse these two types of platforms. To clear up a few misconceptions: these platforms do not compete with each other. Quite the contrary, they help support one another. Think about the CRM and PDM as being heart and lungs for a human. Both required, both need to work well for optimal health. The same is true for CRM and PDM. They are required to optimize each other.

			What is CRM?

			A Customer Relationship Management Platform or CRM Platform, is a system that enables sellers, customer service teams, and marketers to see a 360 degree view of a customer. CRMs help companies track their customer interactions, manage sales, provide customer support, and automate marketing campaigns. CRMs help businesses improve customer satisfaction, increase sales, reduce costs, improve operations, and make better business decisions.

			While CRMs do tend to house much of the data attributes that are generally found in a Customer Primary Data Management platform, CRMs are not designed or generally governed in a way that fosters enrichment and reusability for the data for the entirety of use cases across a company. CRMs tend to be biased towards the sales cycle, versus regulatory or risk reporting purposes, analytics, or revenue operations.

			According to Gartner, “CRM leaders who avoid MDM will derive erroneous results that annoy customers, resulting in a 25% reduction in potential revenue gains”[1].

			Key Differences

			There are some simple and profound differences between a CRM and a PDM platform. A CRM system can be used to identify and prioritize leads, while an PDM system will be used to ensure that the lead is accurate and complete. A CRM will be used to track customer interactions and purchases, while a PDM will be used to create the single view of the customer information. A PDM platform will be used to create and manage hierarchies, where the CRM system will consume the hierarchies and create more targeted marketing campaigns and product recommendations from the hierarchy information.

			
				
					
					
					
				
				
					
							
							Feature

						
							
							CRM

						
							
							PDM

						
					

					
							
							Primary Purpose

						
							
							Manage customer interactions and relationships supporting sales, marketing and customer success/support.

						
							
							Manage master data

						
					

					
							
							Core Data

						
							
							Customer contact information, sales leads, customer support tickets.

						
							
							Customer data, product data, supplier data, employee data.

						
					

					
							
							Key Features

						
							
							Contact Management, Lead management, sales pipeline management, customer support, marketing automation

						
							
							Data deduplication, data enrichment, data quality management, hierarchy management

						
					

					
							
							Typical Users

						
							
							Account Executives/Sales Leaders, Marketing Teams, Customer Service Representatives

						
							
							IT Teams, Data Governance Team, Business Intelligence Teams.

						
					

				
			

			Table 10.5 - Differences between a CRM and a PDM platform

			Both platforms are of value to an organization, but they serve different users, with different capabilities. Both are better off when used together.

			The Value of Primary Data Management

			One of the most difficult challenges of Primary Data Management isn’t the deployment of the platform or the complex integrations. It’s actually the build out of the business case, which includes clearly articulating the value of a Primary Data Management investment. Because of the nature of the complexity of any Primary Data Management platform (regardless of customer, contact, vendor, etc.), the number of sources, and the number of adoptions, it can be difficult for business stakeholders to understand how such a large financial investment will result in business outcomes.

			Most PDM investments fail when the business value is not clearly documented early in the program. In more challenging implementations, the reason the company struggled to understand the value of the investment, was when the business case we largely driven from a technology lens versus a business lens. While there is good reason to invest in PDM from a purely IT perspective (efficiency alone is a strong factor), because the cost tends to be quite high relative to other investments, business users tend to struggle to understand why it is a priority, and PDM tends to be bumped down on the list of investment priorities as a result.

			On the contrary, when a strong and well-articulated business value story is created, I have seen PDM investments rise to the very top of the priority investment list. My advice: Spend the time articulating the business value story thoroughly before taking it forward. The strength in the business case will carry you over the long duration of the implementation and through adoption of the data into consuming systems down the road.

			Building the Business Case

			When writing the business case, I recommend working very closely with the consumers of the data (your stakeholders) to define the business objectives & outcomes that are expected from delivering strong Primary Data Management solutions. First, define a strong purpose statement that will support the program development.

			For example, you may want to say something like:

			 “Our Primary Data Management Program will deliver fundamental and foundational data management capabilities to enable the company’s transformation and empower employees, customers, and partners with highly reliable, trustworthy information when they need it.”

			It’s hard to argue with a purpose statement like this. Most stakeholders will agree, but also challenge you to be more specific. That’s where your objectives come in. You should define 3-5 core objectives for the PDM Program, that will be your core focus in delivering for your stakeholders. Some examples include:

			
					Establish clear, aligned definitions and implement a unified customer data model, with high quality and enriched customer data fit for enterprise-wide use.

					Create a single-unified view of a customer, including a unique identifier, golden-source attribution for each customer at the most granular level, with multi-hierarchy management to support the needs of sales, marketing, customer support, and revenue operations, with consistency and trust.

					Establish a unified view of products, including a unique identifier, golden-source attribution and hierarchy relationship management to support product families, selling, and attribute-based pricing.

			

			A Note on Scope of Program

			You should be very clear about what is in the program (what will be delivered) versus what will be a part of post-program business as usual (BAU) work. For example, it is common to have adoption of the data published by a primary data management platform be a part of the initial program, but not for every system in the company, forever. Companies tend to deploy new technologies somewhat regularly, and if you keep your PDM Program up and running to support indefinitely, you will never finish the program. I recommend having the first few or key system adoption within the program, and once you have proven your approach to drive adoption (that is, consumption) of the data into target systems to be effective, you can complete the program and push everything else into BAU.

			Capability Statements

			As you build out the program, you should clarify for the stakeholders exactly what capabilities you will be deploying as a part of your program. Here are some example Core Capability Statements you might want to use:

			
					Golden Customer Record & Unique ID

					Single Source of Truth

					Assignment of Unique Customer Identifier

					Customer standardization and validations for accuracy

					Validated lineage transparency

					Customer status (current, former)

					Customer Maintenance, Workflow & Stewardship

					Customer look up search capability

					Add, update, delete customer

					3rd party data enrichment

					Multi-Hierarchy Management

					Search for and classify customer relationship (i.e., customer, partner)

					Add, update, delete relationship

					Manage hierarchy

					Customer Classification, Segmentation, and Enrichment

					3rd Party enrichment services (e.g., D&B, Lead Space)

					Address enrichment service

					Industry vertical assignment, grouping, & classification

					Geo, region, and location for sales and support services

					Tax ID, GULT, DUNS, NAICS assignment

			

			Conceptual Architecture

			Conceptual architecture generally defines what the ecosystem surrounding the Primary Data Management environment will look like. This allows you to provide the business and technology stakeholders with a perspective on how the ecosystem will function and interact when PDM is deployed.
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			Figure 10.3 – Conceptual PDM Architecture

			Directional Objectives & Specific Measures of Success

			When defining the objectives of the program, for each objective you should define a specific measure and expected outcome to support each objective.

			
					Increased sales and marketing effectiveness: Targeted sales and marketing campaigns can be created and executed more effectively when contact master data is accurate and up-to-date.

					Improved customer service: Customer service representatives can provide better support to customers when they have access to accurate and complete contact information.

					Each customer is assigned a unique identifier in the PDM platform, which allows both the customer and the service representative to ensure the correct customer is selected for service.

					Reduced costs: Organizations can save money on marketing costs by eliminating duplicate contacts and targeting their marketing campaigns to the right audience.

					Improved lead conversion to sales. Measure the previous lead conversion before implementing PDM and again after final deployment.

					Number of qualified leads.

					Number of leads with a valid email address.

					Better business decisions: Organizations can make better business decisions by having access to insights into their customer base, such as customer demographics and purchase history.

					Each customer record will have valid contact information, verified by a 3rd party enrichment service, resulting in an increase in customer data quality (in this example, be sure to baseline the data quality before implementing your PDM platform, and then again at each release to show the measured increase).

					Automated customer segmentation to support sales planning process. Measure amount of manual intervention/time spent prior to PDM vs. after.

			

			Business Benefits of PDM

			Before we close out on this topic, I want to leave you with a very specific list of Stakeholders, Business Benefits, and KPIs to use as a starting point for your business case. You should always customize the list for your own company, but I hope you find value in this list as a jumping off point for defining the value of your PDM investment. Because these investments are usually multiple millions of dollars, involve rearchitecting business processes, implementing new systems, and driving new outcomes, they are hard to sell to the business. But, with clear business benefits, ROI statements, and measures of success (KPIs), I am confident you will be able to launch this capability at your organization.

			
				
					
					
				
				
					
							
							Stakeholder Group

						
							
							Business Benefit

						
					

				
				
					
							
							Marketing

						
							
							
									Increase in qualified leads.

									Increased efficiency in account based segmentation and marketing.

									Increased quality in contact to account linkage.

									Increased ability to measure marketing lead ROI.

							

						
					

					
							
							Sales

						
							
							
									Reduction in maintenance cost for sales/account planning.

									Reduction in labor costs for sales/account planning.

									Improved automation in sales/account planning.

									Improved Sales Forecasting based on higher quality customer and account data.

									Improved accuracy in Sales Commissioning due to improved reliability of forecast data.

									Reduction in account proliferation, resulting in improved account visibility, and reduction in missed sales opportunities.

									Improved quality of customer data.

									Improved quality of contact data, resulting in improved customer engagement.

							

						
					

					
							
							Finance

						
							
							
									Accurate Customer Count (for internal and external reporting)

									Improved accuracy in revenue reporting due to improved account completion and order to customer unique ID mapping

							

						
					

					
							
							Operations

						
							
							
									Improved operational efficiency through better account data hygiene and accuracy, consistent reporting

									Improved cross-functional reporting quality, resulting in higher reliance on automated reports and streamlined decision making

							

						
					

					
							
							Deal Management

						
							
							
									Reduced deal velocity from simplification of customer data across platforms, requiring less manual intervention across the cycle

									Reduced cost to configure, price and quote deals

							

						
					

					
							
							Legal/Compliance

						
							
							
									Improved compliance rigor due to single flag for do not sell to configurations

									Less manual intervention and consultations from legal for deals

									Reduced legal costs due to automation and reliability of customer information

							

						
					

					
							
							Customer Success / Support

						
							
							
									Improved customer satisfaction scores due to improved customer data, ease of tracing customer information, and improved quality of customer interaction data through PDM to CRM

									Improved quality of customer data to enable opportunity data to be more quickly visible to support representative in near-real-time

							

						
					

				
			

			Table 10.6 - Business benefits of PDM

			As you embark on your PDM journey, I hope that you have gained enough knowledge in this chapter to build a quality business case, explain the value of PDM, understand the types of PDMs, why consumption patterns matter, and how PDM is a great supplemental capability to any CRM. 

			Conclusion

			Deploying PDM is much more than a way to improve the quality of your customer, product, vendor, or employee data, but a way to streamline and drive efficiency and effectiveness across your entire business. PDM is one of the most robust and potentially impactful capabilities that data governance can deliver for a company.

			As we’ve covered in this chapter, there are four key skills that are required to launch a successful PDM capability in your organization:

			
					The importance of PDM including why it is required for building successful data solutions.

					How to design an PDM function.

					The specific needs when it comes to implementation.

					How to design an PDM solution.

			

			Now that we’ve covered the importance of metadata management (both business and technical) as well as data quality and primary data management, our next topic, data operations, will cover how we operate these capabilities with ease and scale.
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			Data Operations

			One of the less-focused-on areas of data governance, data operations, is often left out of the conversation. All companies have some sort of operational function focused on data, but they are often not visible to leaders. Data operations teams are often stuck behind visualization teams or governance functions, unknown to the company. What are they really? What do data operations teams provide to the company?

			This chapter will dive into this topic. While I have shared previously that data governance tends to be unappreciated, I want to clarify that while true, I also believe it’s data professionals who are largely to blame for this lack of value. In this chapter, we will dig into what you can do to help bring into focus the value data operations bring to your organization and how you can show measurable value to the executives you interact with.

			Example

			Imagine this: You are a sales executive, and it’s crunch time. It’s the last day of the quarter, and you have a big deal to close. You have a verbal commitment from the customer, and now you just need to get that final order over to them for processing so that the sale hits this quarter’s books. Only there’s one problem.

			The transaction is stuck.

			Somewhere in the flow of the transaction, between the quoting process and the order management process, the data isn’t moving. Time is running out. Your customer is ready to sign, but you don’t have the order for them to sign. This deal will mean meeting sales targets for the quarter and not closing the deal; well, it means you’ll just barely miss.

			Now what? What do you do?

			Most likely, you wipe the sweat off your forehead and start dialing. Usual contacts include CIO, CDO, and maybe even all the way to the top. In time-sensitive moments such as these, it’s not uncommon for the sales team to go straight to the top. However, there is a better way: calling your data operations team. They can help you in moments just like these.

			I used this example because it is very real. I have seen this same situation play out in a number of organizations: some with great success and the ability to close deals such as these with ease. Others are not as fortunate. So, what’s the difference between them? A strong data operations team.

			We will cover the following main topics:

			
					Defining data operations

					Data operations capabilities

					The value of data operations

					Building an optimal data operations capability and setting up for success

			

			Defining data operations

			Data operations are often left unappreciated in a data organization. I think of data operations like electricity: it may not be appreciated until you don’t have it. Data operations teams are often the glue that keeps things moving within a company, and depending on the way your company operates, the size and scale of the team may vary greatly. Data Operations (DataOps) is typically a set of practices, processes, and technologies that enable an integrated and focused perspective on data using automation and manual processes to improve the quality, speed, and collaboration of data across an organization. Data operations is a fairly evolving field, which includes both practitioner perspectives as well as an influx of vendors. Because companies are increasingly relying on data for decisions and general organizational operations, data operations is becoming a more essential discipline with additional focus.

			Data operations often sit in the middle of various capabilities across an organization and are the glue that keeps everything working together:
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			Figure 11.1 – Data operations as the centerpiece of data governance

			Data operations versus IT operations

			There are some commonalities between data operations and traditional IT operations. Both are responsible for the overall health of the company’s operations; however, traditional IT operations typically focus on activities such as the following:

			
					Monitoring IT systems

					Maintaining IT processes

					Implementation of IT systems

					Upgrading IT systems

					Ensuring ongoing data security and compliance are maintained

			

			In many ways, data operations are not all that different, except instead of “IT,” replace with “data”:

			
					Monitoring data quality

					Maintaining data processing

					Implementation of data solutions

					Upgrading data processes and solutions

					Ensuring ongoing data classification and compliance

			

			The goals and objectives are slightly different, but overall, both operations groups support the ongoing running of a company. The primary objective of IT operations is to ensure that IT systems are reliable, secure, and efficient, whereas the primary objective of data operations is to make data more accessible, usable, and valuable.

			Data operations are occasionally a part of data engineering teams in that they are responsible for building and maintaining data pipelines. Data engineers are typically the profile and expertise hired to support data operations functions within an organization. The key distinction is data operations teams are more often brought in to fix and provide operational support versus building new, whereas data engineering teams are more often focused.

			IT and data operations partnerships

			Ever more, IT and data operations teams are working together. It is very important to align roles and responsibilities between these two teams so that there is no confusion about which team is responsible for what tasks. However, when both IT and data operations support each other, the results and seamless experience for the company become very fluid and effective.

			By working together, these two functions can enable a breakdown in siloed work and improve the overall flow of data from source all the way to insight. In many cases, a business leader will request something to move through the organization “faster” but does not realize it takes both IT and data teams to make that happen. To move effectively, the IT and data teams must work together to deliver a delightful experience to the business leader. When the teams work together, you may design an interaction model such that the following outcomes are achieved:

			
					The data team meets with the business to understand the business needs and to define success

					The data and IT teams work together to define both business and functional requirements for both teams, as well as who will deliver on the requirements

					IT operations can provide the data operations team with the infrastructure and resources needed to build the appropriate data pipelines

					Data operations can provide IT operations data insights that can help identify where there may be issues stemming from IT operations

					The two teams can collaborate on governance and security to ensure that the business leader’s solution is moved to production with governance and security built in by design

			

			I have seen these lines blurred and, in some cases, combined. Unfortunately, when that happens, IT operations are usually distracted by their primary focus (that is, IT operations), and data needs tend to take a backseat to the operations of the IT systems. I strongly recommend maintaining a separation between these two functions to enable fluidity in the service of data to your organization.

			
				
					
				
				
					
							
							Helpful Hint

						
					

					
							
							When you have a strong data operations team, one great benefit is after-action reviews. Given data operations teams should be working from a ticketing system, you have great data about your data operations team’s focus. This information about where your data operations team is spending their time is fantastic data to look at: problem systems, frequency of events, source of errors, and common types of issues. From this, you can identify opportunities to drive transformation and longer-term, more sustainable fixes.

						
					

				
			

			Data operations capabilities

			Data operations teams play a crucial role in enabling organizations to effectively manage and utilize their data assets. They provide a range of data capabilities that empower data-driven decision-making and enhance overall business operations. Data operations teams are often made up of individuals who have a wide-ranging understanding of a wide variety of systems, are deeply skilled in various computer languages, and can pivot quickly when issues arise.

			
				
					
				
				
					
							
							Helpful Hint

						
					

					
							
							Hire a leader for your data operations team who works well under pressure, can present well in front of executives, and can motivate team members to perform quickly and effectively. Your data operations leader is critical to the success of your entire data program.

						
					

				
			

			Data operations teams are responsible for wide-ranging capabilities that may include “other duties as assigned” given their level of access and wide-ranging skillsets. Because of their need to have wide-ranging access to be able to fix issues as they arise, you need to have strong audit logging in place to be able to retrace steps and employ strong detective controls to see what was completed. Trust is not a control, so be mindful of their wide-ranging access.

			Key data capabilities provided by data operations teams include the following:

			
					Data integration: Data operations teams facilitate the seamless integration of data from diverse sources, including structured, semi-structured, and unstructured data. They employ data integration tools and techniques to harmonize data formats, eliminate inconsistencies, and create a unified data landscape.

					Data quality management: Data operations teams ensure the accuracy, consistency, and completeness of data throughout its life cycle. They implement data quality monitoring and remediation processes to identify and rectify data errors, ensuring the reliability of data-driven insights, as defined by the data quality team. Data operations teams often serve as the technical enablement, configuring the data quality rules into the data processes as designed by the data quality team.

					Data warehousing and data lakes: Data operations teams establish and manage data warehouses and data lakes, repositories that store and organize large volumes of data for analytical purposes. They design and implement data storage solutions that cater to specific business needs and support various data analysis workloads.

					Data pipelines: Data operations teams build and maintain data pipelines, the pathways that automate the movement, transformation, and loading of data from source systems to target destinations. They optimize data pipelines for efficiency, ensuring timely and reliable data delivery for analytics and reporting.

					Data access and self-service: Data operations teams enable self-service data access, empowering business users to explore and analyze data without requiring constant IT intervention. They implement user-friendly data access tools and portals, fostering a data-driven culture within the organization.

					Data governance and security: Data operations teams enforce data governance policies and procedures defined by the data governance team to ensure the proper management, protection, and compliance of data assets. They implement data security measures to safeguard sensitive information and mitigate data breaches.

					Data experimentation and prototyping: Data operations teams support data experimentation and prototyping by providing data sandboxes and agile development environments. They facilitate the exploration of new data-driven initiatives and enable rapid iteration of data-driven solutions.

					Data visualization and analytics support: Data operations teams collaborate with data scientists and analysts to enable insightful visualizations and reports that effectively communicate data-driven insights to stakeholders. They may curate datasets for the data analytics teams to use for their analytical and visualization purposes. For clarity: Data operations teams do not create visualization or analytics reports but focus on curating the data to enable the analytics team to perform their duties.

					Continuous improvement and monitoring: Data operations teams employ continuous improvement methodologies to identify bottlenecks, optimize processes, and enhance data capabilities. They implement data monitoring tools to track performance metrics and ensure the ongoing effectiveness of data operations.

					Change management and version control: Data operations teams implement change management practices and version control systems (VCS) to manage changes to data pipelines, infrastructure, and data models. They ensure controlled and traceable changes, minimizing disruption and maintaining data integrity.
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			Figure 11.2 – Example data ecosystem

			Looking at the data ecosystem as a whole, the collective capabilities across data operations are the glue across the ecosystem. While data architecture designs the ecosystem, and IT implements the systems, the data operations team is what keeps the data flowing, accurately, and with trust, across the ecosystem. They connect with all parts of the company (data governance, IT, and business groups) to ensure that the users of information have what they need when they need it. In summary, data operations teams provide a comprehensive suite of data capabilities that enable organizations to derive maximum value from their data assets. By effectively managing and utilizing data, organizations can gain a competitive edge, make informed decisions, and achieve their strategic goals.

			The value of data operations

			The value of data operations lies in its ability to streamline and optimize the way data is collected, processed, and utilized within an organization. In a word: simplification. As with data architecture (Chapter 9), the more simplified and streamlined operations can be, the less opportunity there is for breakdowns, errors, and business impact. Out of principle, when data operations are designed from a simplified perspective, the value is clearer to understand, and the time to resolve issues tends to be shorter. Less time is spent trying to troubleshoot the root cause (fewer places for issues to occur) and blast radius (impact of issues).

			When evaluating the value of comprehensive and high-functioning data operations, there are a number of value-adds, but these are the key areas I recommend highlighting for your data operations function (whether building one or simply telling the value story). Here are some key aspects of its value:

			
					Improved data quality and accuracy: Data operations practices ensure that data is consistently accurate and reliable. By implementing robust data validation and cleansing processes, organizations can reduce errors and improve the overall quality of their data. While your data quality team will set expectations, requirements, and so on, the data operations team will be employed to implement processes to clean and optimize the quality of the data directly.

					Enhanced collaboration and agility: Data operations foster collaboration between data scientists, engineers, and business analysts. Because data operations professionals work across teams to create solutions and solve problems, the team is able to drive unity across teams to solve problems faster. This collaborative approach enables more agile responses to changing business needs and data requirements.

					Increased efficiency and productivity: Automation of data processes reduces manual efforts and speeds up data-related workflows. This efficiency leads to increased productivity and allows teams to focus on more strategic tasks rather than routine data management. Your data operations team is well positioned to identify opportunities for automation. I have seen data operations teams act as automation seekers, finding all the options and creating a backlog to work through over time.

			

			
				
					
				
				
					
							
							Helpful Hint

						
					

					
							
							This is a great way to show the value of your data operations team—by accumulating the running count of hours saved by identifying and then automating data processes and capabilities across the organization. Most companies are shocked by how quickly this value adds up.

						
					

				
			

			4.	Better decision-making: With high-quality, timely, and relevant data, organizations can make more informed decisions. Effective data operations ensure that decision-makers have access to the right data at the right time. Because data operations are uniquely positioned to identify automation as well as simplification opportunities and deploy them rapidly, they can speed the time to insight and enable decision-making to happen faster, at the speed the business needs.

			5.	Scalability and flexibility: Data operations practices are designed to scale with the organization. As data volumes and complexities grow, data operations strategies help in managing these increases efficiently. With great monitoring, data operations professionals can identify where systems and pipelines are being stressed and can proactively suggest and deploy solutions.

			6.	Risk mitigation: Proper management of data through data operations reduces risks associated with data breaches, compliance issues, and operational inefficiencies. It ensures data security and compliance with regulations such as the General Data Protection Regulation (GDPR) and the Health Insurance Portability and Accountability Act (HIPAA) by ensuring consistent application of data protection controls throughout the data ecosystem.

			7.	Enhanced customer experience: By providing a better understanding of customer data and behavior, data operations can help organizations tailor their products and services to better meet customer needs, thus enhancing the customer experience. This can be achieved through data observability metrics implemented by data operations teams across data pipelines.

			As your data operations team creates value from the activities outlined in this chapter, I recommend keeping a running total of the value contributed to the organization through your data operations team. It does not need to be complex, but you do need to decide what ways you will measure value upfront. My favorites are the following:

			
					Dollars saved/avoided

					Hours saved

					Risks mitigated (count or aggregate cost)

					Automations implemented

			

			A simple four-column dashboard can do a great deal to showcase your data operations value. Additionally, you can also add trends by tagging the type of changes for each of these four categories to demonstrate where the biggest impact is coming from. A mock-up example may look something like this:
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			Figure 11.3 – Example data operations value stream dashboard

			In summary, data operations bring significant value by ensuring high-quality, accessible, and secure data, fostering a culture of collaboration, and enabling more effective decision-making, but you must capture the value clearly and transparently to help the return on investment (ROI) for the team become visible to the organization.

			The unsung hero of data governance

			As I mentioned previously, data operations are often overlooked in organizations for several reasons. If you are working to educate your sponsor or perhaps your CFO to fund such a program, you may want to use these points to explain why this function is not always seen as a value-add, to help inform their decisions and dispel myths about an “operations” team:

			
					Lack of awareness: Many organizations are not fully aware of the concept of data operations or its potential benefits. Without this understanding, they may not prioritize its implementation and/or funding.

					Legacy mindsets: Some organizations are entrenched in traditional ways of handling data and may be resistant to adopting new methodologies. The shift to a more collaborative and agile approach can be challenging for those accustomed to siloed and hierarchical structures. I suggest explaining the data operations function like a data SWAT team. They are uniquely positioned to jump in and solve high-priority data issues at a moment’s notice. They can then go back to fully remediating longer-term solutions, but no other team has the perspective and skill to solve data issues the “old way” and still meet the speed of business in today’s fast-paced environment.

					Complexity and resource constraints: Implementing data operations can be complex, requiring a blend of skills in data science, engineering, and business analysis. Organizations may lack the necessary resources or expertise to effectively implement data operations practices. This is where ensuring executive understanding is so important. Showing the value of such a function is important, which is where the dashboard shown previously comes into play. Make it transparent and accessible to everyone. Maintain backend data as well so that anyone who wants to see how numbers were created can do so with ease.

					Underestimation of data challenges: Some organizations may underestimate the challenges associated with managing large volumes of data. They might not recognize the need for specialized operations to manage and utilize their data assets effectively.

					Focus on short-term goals: Organizations often focus on short-term objectives and immediate results. By taking a strategic investment in data operations, you will require a long-term commitment that may not show immediate tangible benefits, leading to their undervaluation. Encourage a 6- or 12-month window to give the team time to show impact. The first few months may be a slow start, but the compounding of time and the trajectory will deliver.

			

			Primary Data Management

			In one company, we were beginning a large primary data management initiative. As a part of our business case, I had our data operations team go back and review all the issues and case data that they had maintained for the last 12 months to determine how many of their issues, how much of their time, and the investment made to address issues and/or cases that would be impacted by our primary data management initiative. It was shocking for everyone, including me. There were thousands of issues that had been logged related to customer hierarchy mismatches, incorrect or invalid contact information, invalid addresses for shipping purposes, and invalid industry codes, all of which would be enriched and standardized by our PDM implementation. The number of issues, the hours spent addressing these issues, and the cost to provide the data operations services to address the issues alone justified our cost to implement primary data management.

			
					Budget constraints: Data operations require investment in tools and personnel. In organizations where budgets are tight, there might be a reluctance to allocate funds for what is seen as misunderstood as a non-critical function.

					Overemphasis on technology over processes: There can be a tendency to focus on acquiring the latest data technologies rather than on improving data processes and collaboration. This tech-centric view can overlook the operational aspect of data management.

					Integration challenges: Integrating data operations team members into existing systems and processes can be challenging. Organizations might be deterred by the perceived disruption and effort required to integrate new processes or make changes without fully grasping the return on that investment.

					Silos within the organization: Data often exists in silos within an organization. Breaking these silos to implement a cohesive data operations strategy requires organizational change, which can be difficult.

					Competing priorities: Organizations often have multiple competing priorities. Data operations might be deprioritized in favor of more urgent or seemingly impactful initiatives.

			

			Addressing these challenges involves increasing awareness of the value of data operations, ensuring top management buy-in, investing in the right skills and tools, and fostering a culture that values data as a strategic asset. This next section will outline what you can do about these factors to gain the support you need to drive successful funding and positioning for data operations.

			Making data operations more visible

			As you work to bring the data operations team into the spotlight, making data operations more visible within an organization involves several strategic and practical steps. The path to support has been difficult for me, but the steps I outline next will help you get to the full support you need faster. I’d recommend following this order:

			
					Executive buy-in and advocacy: Secure commitment and support from top management. When leaders understand and advocate for the value of data operations, they gain visibility and legitimacy throughout the organization. Spend time educating and showing the potential value. Use business examples with an impact that matters for their business unit (BU) or function.

					Education and awareness campaigns: Conduct workshops, seminars, and training sessions to educate employees about the importance and benefits of data operations. Highlighting successful case studies and best practices can also help in raising awareness. Send out a monthly newsletter highlighting key wins for the month.

					Demonstrate value with pilot projects: Implement data operations practices in small, controlled environments initially. Use these pilot projects to demonstrate tangible benefits, such as improved data quality, efficiency, or decision-making, which can then be communicated across the organization. Use these pilot projects to highlight the value of your education and awareness campaigns.

					Integrate data operations into business strategy: This is a bit harder if your company and sponsor are resistant to investing in this area. However, it is important to position data operations as a critical component of the overall business strategy. This integration ensures that it is discussed in strategic meetings and considered in decision-making processes. Ask questions such as: What do we need to improve in our data ecosystem to make this process/report/metric/solution more efficient or effective?

					Create a data operations team and champion: Establish a dedicated team and appoint a data operations champion (ideally, assign a business champion) who is responsible for promoting, sponsoring, and evangelizing data operations practices. This role can serve as a focal point for data operations initiatives and discussions. At times, focusing efforts on a single BU can be effective for gaining support. Your champion may emerge from this BU.

					Develop metrics and key performance indicators (KPIs): It may go without saying, but you should define clear metrics and KPIs to measure the impact of data operations. Regularly sharing these metrics with stakeholders can help in highlighting their importance and effectiveness. Use your education and awareness campaigns to highlight your metrics and KPIs with impact.

					Internal marketing and communication: Regularly communicate the successes and progress of data operations initiatives through internal newsletters, meetings, and dashboards. Sharing stories and testimonials can also be effective. Testimonials are especially powerful when they come from senior executives.

					Encourage collaboration and cross-functional teams: Foster a collaborative culture by forming cross-functional teams that include members from IT, data science, business analysis, and operations. This helps in breaking down silos and making data operations a part of the broader organizational conversation. You may want to form a core team of dedicated data operations but also have a network that supports or engages when crisis situations arise. Formally name those individuals so that there is clarity about what your team will need from them.

					Leverage technology and tools: Utilize modern tools and technologies that can showcase the efficiency and impact of data operations. This not only improves operations but also serves as a tangible demonstration of their value.

					Feedback and continuous improvement: Encourage feedback from all levels of the organization on data operations practices and continuously improve based on this feedback. This approach keeps data operations relevant and top-of-mind within the organization. The most expected feedback you will receive is about moving faster. That’s a great thing—you can use that feedback to request additional support (funding and headcount) if your company is seeing the impact.

			

			By adopting these strategies, data operations can gain more visibility and recognition as a key contributor to the organization’s overall efficiency, data quality, and decision-making capabilities. By driving with an impact-led approach, your team will focus on making a difference versus closing cases. This mindset will ensure your team remains supported and is recognized for impactful work versus as a back-office function.

			Building an optimal data operations capability and setting up for success

			Building an optimal data operations function involves a blend of strategic planning, technology implementation, and fostering a culture of collaboration and continuous improvement. The core design of this team makes for a successful and organization-wide solution. Here are key steps to set up the optimal team for impact:

			
					Define clear objectives and scope: Start by clearly defining what you want to achieve with your data operations function. This could include goals such as improving data quality, accelerating data pipeline development, or enhancing collaboration between teams. You may focus on one area that is in need first, and then grow to support other functions over time. If your company is going through a big transformation (for example, implementation of a new ERP), you may want to focus on supporting that initiative as a priority to ensure a successful program implementation.

					Assess current capabilities and needs: Evaluate your current data management practices, tools, and infrastructure. Identify gaps, inefficiencies, and areas for improvement that the data operations function can address. Where do you have areas of need? Where can you demonstrate immediate impact?

					Develop a strategy and roadmap: Create a strategic plan that outlines how you will develop your data operations capabilities. This should include short-term and long-term goals, milestones, and a roadmap for implementation. Perhaps you will address priority issues immediately, while you also build routines, rhythms, and processes to support your data operations team’s strategic focus. Lay out the priorities and how you will build the function while you are delivering.

					Establish a cross-functional team: Data operations require collaboration across different areas of expertise. Form a team that includes data engineers, data scientists, IT professionals, and business analysts. Ensure there is a clear understanding of roles and responsibilities. The most successful data operations teams I have led came from various parts of the company and formed a starter team together. The domain expertise from the business helped us gain momentum and deliver impactful solutions quickly. Outside hires came second, and that sequencing was critical to our early success.

					Invest in the right tools and technologies: Choose tools and technologies that support data operations principles such as automation, version control, continuous integration/continuous deployment (CI/CD), and monitoring. Look for solutions that integrate well with your existing systems. You don’t need fancy tools to get started, but you may want to consider investing in more advanced tooling as you scale your team.

					Implement agile and lean methodologies: Adopt agile and lean methodologies to streamline processes. This includes iterative development, sprints, stand-ups, and retrospectives to ensure continuous improvement. In most cases, you will need to move quickly. Prioritization will be key. Develop a methodology or triage process to support your agile processes.

					Automate data pipelines: Automate as much of the data pipeline as possible, from data collection and processing to analysis and reporting. Automation reduces manual errors and frees up time for more strategic work. As your team becomes intimate with the data environment, you will organically identify opportunities for automation. Keep this logged so that when there are times between crises, your team can focus on these longer-term impacts. You may also consider splitting your team into crisis management and long-term automation to support the variation in need.

					Ensure data quality and governance: Implement robust data quality checks and governance policies. This includes data validation, cleansing, and ensuring compliance with data privacy and protection regulations. Work very closely with your data governance leader.

					Foster a culture of collaboration and experimentation: Encourage open communication and collaboration between different teams. Create an environment where experimentation and innovation are valued. Celebrate collaboration in meetings to encourage this culture.

					Regularly monitor, measure, and optimize: Continuously monitor the performance of your data operations function. Use metrics and KPIs to measure success and identify areas for improvement. Make these metrics and KPIs outwardly available. Transparency is key.

					Train and develop skills: Invest in training and development programs to ensure your team has the necessary skills and knowledge. This includes both technical skills and soft skills such as collaboration and problem-solving. I highly recommend rotating key talent into and out of this team. Spending time in data operations will expand their knowledge of how data is moving through the company and where the challenges are with first-hand experience. This perspective is valuable and will be a great asset for your high-potential leaders to gain.

					Align with business goals: Ensure that your data operations initiatives are closely aligned with broader business goals and objectives. This helps in demonstrating the value of data operations to the organization, and focusing efforts on overall company priorities will enable transformations to be even more impactful. This provides higher ROI on larger investments, which is a great way for your data organization at large to show impact.

					Feedback and iteration: Never forget that feedback is a gift. Create mechanisms for feedback from end users and stakeholders. Use this feedback for iterative improvements. Be willing and able to evolve as needs change.

			

			Conclusion

			Building an optimal data operations function is a continuous process that evolves with the changing needs of the organization and advancements in technology. It requires a commitment to best practices, ongoing learning, and adapting to new challenges and opportunities. In this chapter, you have learned the following:

			
					The importance of data operations, including why it is required for building successful data solutions

					How to design a data operations function

					Specific needs when it comes to implementation

					How to design a data operations solution

			

			By understanding how to run the operations of a data organization, your team will be able to support a very broad capability with impact, including the running of primary data management, data warehouses, data lakes, and other authorized provisioning points managed by the data organization. This entire capability is the power by which all other data governance functions are running. Ensure you build and treat your data operations team accordingly. Without it, your team will not have the visible impact it needs to ensure executive support is achieved and grows.

		

	
		
			Part 3:Building Trust through Value-Based Delivery

			In this part, we will take all we have learned from Parts 1 and 2 and translate it into a successful program launch. In later chapters in this part, you will learn additional techniques to accelerate and optimize outcomes that your business stakeholders will value and understand. Finally, we will walk you through the virtuous cycles to help you win with velocity.

			This part contains the following chapters:

			
					Chapter 12, Launch Powerfully

					Chapter 13, Delivering Quick Wins with Impact

					Chapter 14, Data Automation for Impact and More Powerful Results

					Chapter 15, Adoption That Drives Business Results

					Chapter 16, Delivering Trusted Results with Outcomes That Matter
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			Launch Powerfully

			Any good data governance program can quickly lose impact if not launched properly. Even with a clear purpose, milestones, and great execution, the approach to launch will determine the success (or failure) of the program. The importance of the launch cannot be underscored enough. As we embark on Part 3 of this book, we will walk through how to create simple and strong core messaging to engage and clearly articulate to the stakeholder community what and how the delivery will be accomplished. Then, I will lead you through the creation of a launch plan, a design of feedback loops to ensure continuous improvement, and finally, how to report on an ongoing basis for impact.

			The next five chapters, which together make up Part 3 of this book, take all the knowledge from the last 11 chapters and guide you through translating the information into a true data governance transformation. Be mindful that understanding the capabilities outlined to this point in this book is one thing, but turning the information into a successful data governance transformational program is another. Some of the best technical data governance leaders struggle with this translation into impact, because “being technical” is not enough. It is the basic requirement to be a data expert. However, without the ability to bring others along the journey with you, and translate it into impactful business outcomes, you will not be successful.

			As you embark on your journey to launch a data governance transformation, it’s so important that you get the early launch plan right. The focus of this chapter will walk you through this critical step. As a data leader, or a business leader, or if you are sponsoring a data leader, it’s your job to ensure that the business deeply understands, is bought into, and will stand behind the data transformation for the duration of the program. Given that most data governance transformations take anywhere between 24 and 36 months, getting the entirety of the company to stand behind you for the long haul is of utmost importance. Some key capabilities, such as the primary data of management, data operations, and target architecture, will take far longer to deliver on the return on investment than others. Therefore, it is important to launch powerfully, which includes delivering quick wins (which we will dig into in Chapter 13).

			The data leader, along with their executive sponsor, should craft a prolific future state vision that allows the company to visualize what the future will be like once a data governance transformation has been completed. As a data professional, you know that data work is never done. Much like getting into shape after a long period without exercise, there is a hill to climb. However, once you’ve climbed the hill, you can’t stop exercising. No, you must keep exercising to maintain your level of fitness.

			The same is true for data. You will need to deliver on a transformation (or implementation) to drive the capabilities outlined in Chapters 6 to 11 into your company’s DNA. Not just once, but in a sustainable way. This is the “getting into shape” part of the program. Beyond the transformation, you will maintain the company’s level of “data fitness” through ongoing data practice, much like you would maintain a level of physical fitness. Your company should not be the same after you deliver your transformation.

			We will cover the following main topics in this chapter:

			
					Assessing readiness for launch

					Simple and strong core messaging

					Executing a comprehensive communication strategy for data strategy deployment

					Designing feedback loops

					Setting and meeting expectations for program launch

			

			Assessing readiness for launch

			Before you prepare to launch, you need to pause and assess the current state. No, I don’t mean from a data management maturity perspective, but the business readiness. If you head into your launch plan assuming that the business is more ready to change than you assessed it to be, you will face resistance and will be frustrated early. If you underappreciate the readiness, you might find yourself selling it on a transformation it is already bought into. This can be equally as bad. If the business isn’t ready, you might be pushing for change they don’t think they need. If it is beyond ready, you’ll be talking about change when they are already wanting to see the change happening. You lose credibility and support in both scenarios. That’s why assessing the readiness is so important.

			The degree to what you need to assess has several factors to consider:

			
					Do you have an established data function?

					How trusted is your data by all levels of the company?

					Do you have core capabilities in production?

					What is your maturity score, and is it accurately reflecting your company’s state of data maturity?

					Do you have an identified data leader? Are they positioned appropriately and supported to deliver a large-scale transformation?

			

			Performing the assessment

			To help you assess how ready your organization is for a data governance transformation, let’s spend a moment reflecting upon the state of your organization. Plot the answers to the preceding questions here, so you can come back to reference them as we work through this chapter together on the following charts. The answers to these five questions do not necessarily mean your company is not ready—they are simply indicators as to the approach you need to take as you prepare to launch powerfully.

			Established data function

			The first factor—the existence and maturity of your data function—is a consideration but any answer is not a deal breaker. If you have an established data function, it is a consideration but having one isn’t a barrier to get started. You can use the lack of a central function to drive investment in one, or to drive centralization if needed. If there is a central function already in place, you may be able to move faster to drive transformation. Therefore, when it comes to establishing your transformational program, having the team in place will help you to get down the path of transformation faster.
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			Figure 12.1 – Established data function

			Highly trusted data

			No one will argue with you, but having trusted data is no longer a nice to have but a requirement for any company. When you have high trust in data, it is a signal that the executive team not only relies on data for business decisions but also believes that the data they used to make those decisions is reliable. Not having trust in data shows up in a number of ways, including inconsistent information at the executive level, questions about the validity of the information, a clear lack of capabilities, data, and data quality, and ultimately, low trust in the data function.

			When trust is low, painting a picture of a world where trust in data is not the exception but the norm can be very compelling. A great and simple use case is to ask your executive team which metrics (KPIs or OKRs) they use to measure the success of the company. Then ask how confident they are in the numbers. Is the executive team aligned that these metrics are correct and reliable? Do you trust them?

			Most companies will tell you that they do not have alignment in the most critical metrics. Or, they will say they are confident in the number their team is responsible for but not others. This signals a low trust in data and can be a great use case to start with.
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			Figure 12.2 – Trust in data

			Established capabilities

			The next factor to consider as you are assessing the state of established capabilities is the fitness of your established capabilities in place prior to launching a data transformation. Prior to launch, assess the state of established data governance capabilities. Regardless of centralization, does your organization have councils, stewardship in place, Meta, date of management, capabilities, data, quality, primary data of management, or data operations? If yes, to what extent are these capabilities mature and available for use across the organization? Are they highly adopted? If yes, then you have a leg up on launching your program. Simply having these capabilities gets you off to a strong start in transforming the way in which they are utilized in support of strong data enablement.

			However, not having established data management capabilities does not prevent you from launching a program. It’s simply means that you need to build the capabilities as you transform the organization at large. As with the preceding factors, neither strong nor weak data governance capabilities will prevent you from launching powerfully; it is simply something to be aware of as you determine the degree of transformation that is required for your company.
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			Figure 12.3 – Core capabilities

			Data management maturity

			As we discussed in Chapter 4, you should use your data management maturity scores to bring awareness of the state of data governance at your company. A lower data management maturity score can help drive transparency and awareness to your executives regarding the true, unbiased state of data capabilities. This is a purer measure of the state of your organization versus simply assessing the existence of capabilities and the previous factor because data management maturity takes into consideration how embedded these capabilities are in day-to-day operations.

			If you have a high data management maturity score, meaning a level of 4 or 5, it is unlikely that you need to do a significant data management transformation enterprise-wide. It may mean that you have focused pockets of improvement to deliver. Most companies remain somewhere between a 3 and a 3.5 on the data management maturity scale, although it varies based on industry. Financial services and healthcare, for example, tend to be more mature than other industries. The reason for this is the more intensive regulation around the control and protection of data.
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			Figure 12.4 – Data management maturity

			Strong leadership

			Finally, assess the state of your data leadership. Do you have a chief data and analytics officer? Do you have an executive sponsor? Do you have a path to secure ongoing funding? Do you have the support of your C-suite? If you do not have these things, gathering support to drive a data transformation will be very difficult. You may need to select a smaller program or project to focus on to drive credibility and visibility at the most senior levels of your organization as a first step. However, if you are fortunate enough to have senior leaders supporting you with funding in place or the opportunity to secure funding for a data transformation, then you are in a great position to launch a powerful data management transformation for your company. Most chief data and analytics officers would greatly desire to have this kind of support.

			If you do not have executive support, there is one thing you can do to start to gain it. That is to socialize your vision (which we will cover here in a moment) and your corresponding plan. By going through the state of the union and helping to educate your executives one by one, you will help to open their eyes as to what the company is experiencing today because it is not mature.

			My suspicion, having led this type of effort many times over, is that simply educating your executives and helping them see the truth about the state of the union will help you gain support. It may take time, but one by one, these conversations will help you build awareness that you need to launch powerfully.
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			Figure 12.5 – Data leadership

			Common baseline

			Most companies start their data journey with something like this:

			
					Some data teams scattered throughout the company (some may be more mature than others, but no consistency)

					Some trust in information, usually more in finance, due to financial regulations supporting regulatory and financial reporting

					Some capabilities, usually more manual; low consistency enterprise-wide

					Resulting data maturity isn’t zero, but it’s on the lower side due to the inconsistency and fragmentation of efforts

					There is a data leader appointed (usually one of the reasons a data transformation is possible, as they will champion it), but staffing and formalization are neededTogether, this becomes a snapshot view of your “As-Is” state of the union. The plot lines for the exercise may look like this:
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			Figure 12.6 – As-Is example

			Now, you are ready to get started in crafting your messaging. These five assessment criteria will inform how you message the transformation, so that you can launch powerfully.

			Simple and strong core messaging

			As you embark on a formal data governance transformation, it is of utmost importance that you make your messaging simple and understandable to the masses. One great way to do this is to think about what life will be like once you’ve delivered. A great way to do this is to start by outlining your as is versus your to be state. I’ve seen this work well in a number of companies and as a clear way to depict the variance between before and after. This should be done in several ways, but first and foremost, it should be done from a business perspective.

			For example, if it takes 18 days to complete a quote for a customer in the current state but, in the future state, we expect it to only take 8 hours, you should define this for the user. Show them and tell them how you’re going to get there:

			
					Are you going to implement a new system?

					Are you going to automate processes?

					Are you going to remove redundant processes?

					Are you going to create new models?

					Maybe it’s even a combination of all of the above

			

			Ultimately, the more you can define the experience that will be compared to the experience that is, the better chances you will have to gain business support and be able to launch your transformation program powerfully.

			Crafting a compelling vision

			Before you start to socialize the broader plan to transform the company’s use of data, you need to take the time to create a compelling view of the future. This is the time to craft an imagined future for your company. What will the company be like? How will it operate? What will the lived experience for employees, customers, and stakeholders be? What will they be able to do in that future state that they can’t do today? What won’t they have to do?

			This is much more art than science in that it is your opportunity to really dream about the future state you and your team will create. It’s the time to let the technical components sit aside and tap into the emotional parts of data. How will that future state feel?

			Example

			One of my very favorite data transformations began as a side project. There was a difficult reporting process that required consistency and primary data to allow for some of the most complicated regulatory reporting to occur. We started out by finding a couple of really good examples of what it took in the present state to complete this regulatory required reporting process. By fully understanding the efforts that it took to do large scale enterprise reporting, we were able to identify that there were hundreds of people manually touching the data in order to create a single report. A large amount of the manual intervention was in rationalizing data across systems that didn’t align systematically. It required manual intervention.

			We were able to craft a powerful vision that gave the company clarity around what a future state could be if we implemented common reference data and published the reference data for all systems to consume. Aligning the company to these common reference status sets enabled the inconsistencies to be remediated. It allowed for a dramatically simplified and much more automated process to support this data aggregation work across the organization at large. By showing this use case across the company to several executives, including the chief financial officer, the chief risk officer, and the chief data officer, we were able to get there rather easily.

			The hardest part was making the story so crystal clear that anyone who heard it would understand and immediately support it moving forward. This is the way to launch powerfully. Bring clarity to your baseline so that everyone has a common understanding and will support you moving forward. In this example, the hardest decision became where the funding was going to come from—not whether we were going to get funding but where from. With three C-Suite executives supporting us, it was a big win.

			Remember, the vision statement is intended to be a lofty long-term view. It is meant to be inspiring and high-level. A few examples follow:

			
					Harmoniously orchestrate our disparate data sources, transforming siloed whispers into a powerful chorus of actionable insights, propelling us toward data-driven decisions at every level.

					Empower every employee with self-service access to curated, trustworthy data, igniting a culture of data-driven problem-solving and innovation across the entire organization.

					Leverage AI and predictive analytics to shift from reacting to trends to predicting them, anticipating market shifts, optimizing resource allocation, and navigating business landscapes with confidence.

					Transform operational data into a potent elixir of efficiency, streamlining processes, reducing waste, and maximizing ROI through automated workflows and real-time insights.

					Break down barriers between departments, democratize access to data, foster cross-functional collaboration, and harness collective intelligence for game-changing outcomes.

					Craft a personalized journey for every customer, weaving data-driven insights into every touchpoint, exceeding expectations and building lasting loyalty.

					Mine the wisdom hidden within historical data to anticipate and mitigate potential risks, building a resilient and agile organization prepared for any challenge.

					Guide our environmental and social impact with purpose, using data to optimize resource consumption, minimize waste, and drive responsible growth for a sustainable future.

					Transform data into a strategic weapon, uncovering market opportunities, outmaneuvering rivals, and establishing a dominant position in an ever-evolving marketplace.

					Empower a data-driven culture, where every decision is informed by insights, every employee champions data literacy, and data fuels our relentless pursuit of excellence.

			

			As Is versus To Be (aka current versus future state)

			As you bring the vision to life, the As Is versus To Be state will bring that vision to a more grounded future state. Creating a specific and distilled view of what the difference is between the current state and the future state is a critical next step in clearly communicating the reason why change is needed. Crystalizing the future opportunity into a simple story that can describe the future, further building on the compelling vision you have defined, helps fuel the motivation that is required to bring your company along on the journey to transform. This will help build understanding and also serve as a backdrop for everything that you will do to drive to the imagined future.

			By effectively defining this As Is versus To Be state view, you will be bringing to life the vision created. This will help further define exactly what is working as well. Maybe there are some components that are working well that you can acknowledge and highlight. This will make your imagined future credible and believable. One risk, especially if you are new to the organization, is that stakeholders assume (perhaps incorrectly) that you haven’t taken enough time to understand the specific nuances of the company. By being specific in your As Is state, you will be able to further gain credibility by acknowledging what works well today that can be built on.

			I recommend you start with two one-page views of the As-Is versus To-Be view:

			
					Describe succinctly what the current state is in a few bullets (e.g., it takes days to weeks for analysts to find the data they need to create insights) versus the future state (e.g., analysts will be able to find certified data sets in an enterprise data catalog, enabling insights to be produced in hours versus months)

					Visually depict what this will look like (e.g., a marketecture view) to help show rather than tell what the future will look like:
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			Figure 12.7 – As is versus To be concept

			By leveraging both a succinct bullet approach for one page and a visual depiction for the second page, you cover your bases for visual versus verbal learners. If you are challenged to write it this crisply, start with a longer view and work toward a concise story. Ultimately, if you can’t describe it this succinctly, you may struggle to get buy in. Most executives need a clear path to the outcome, and by keeping your future state crisp, your executive team will understand why this matters quickly. If you can’t describe the outcome briefly, you may not be ready to drive the future.
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			Figure 12.8 – As is versus To be marketecture

			To get to this target state and to outline the appropriate To Be state for your organization, you will need to leverage the work outlined in Chapters 1 to 5. You will also need to have a good understanding of the company’s current state and a clear understanding of what needs to happen in order to define this view appropriately. This is one of the hardest steps in preparing to launch your transformation—to translate the needs of your company into the transformation that is needed. It will be unique to your particular situation and company. It will help to gather input from stakeholders, executives, and best practices from other companies, but ultimately, your strategy is for your company.

			Getting crisp with your messaging

			As you prepare to launch your strategy, you will need to take the work from Chapters 1 to 5 distilled into a strategy and craft it into a crisp message that will resonate with your stakeholders. You should expect that different stakeholders will want different levels of detail. The first step in defining great messaging for launch is to determine which audiences you will need to message to, and what kinds of information they will need:

			
					Individual Contributors/Front Line Managers: Will need detailed information such as project plans and specific tasks assigned to individuals

					Middle and Upper Management: Will need a more aggregated and strategic view, as well as key milestones and aligned outcomes

					C-Suite and Board of Directors: Will need a highly summarized outcome-oriented plan showing what the company will achieve or experience as a result of this work

			

			To meet the needs of these various audiences, you will need to write a few different types of strategic messaging material. However, one of the best recommendations I can offer, is to start with a North Star or strategic memo. This memo can not only serve as the backdrop for all that you will do but also shows any audience that you have a well-thought-out plan. I recommend you aim to keep this memo under 10 pages. It will force you to go into enough detail to explain what you will deliver, why, and how you will measure success without becoming overly verbose.

			Writing a narrative memo

			As mentioned, one of the best ways to crystalize your strategy is to simply write it. It sounds obvious, but many executives fail to move from pictures into a full description of the strategy. A memo is great for two reasons: it helps you fully crystalize your strategy and it defines the future state in a very specific way. It forces you to think through the details and refine the messaging clearly. In a picture or a slide, you have more liberty to skirt the details, whereas in a narrative, you are forced to be more thoughtful and specific.

			Within the North Star strategy, you should cover three key areas: why there is a need to change, what will be changed, and how the company will get there. I recommend that you really take the opportunity to think through this as it will set the tone for the next few years of work; however, you should set an expectation that the document is living and will be updated regularly (at least annually) to ensure it continues to enable the company’s strategy.

			
					Why the company needs to change:	What is missing from the current state?
	What is the state of maturity?
	What can the company not do today because of the current state?
	What will the company be able to do in the future, once the strategy is delivered?



					What will be changed:	What capabilities will be deployed?
	What will stay the same?
	What will be enhanced or enriched?
	What will be retired or decommissioned?



					How you will get there:	How will we get there?
	How will the employees experience this change?
	What are the key milestones? How will you deliver against them?



					Who will be involved:	Who from the C-Suite will need to support the strategy?
	Who will be plugged in? When? How?
	Who will not need to be a part of the strategy?



			

			As you draft out the strategy memo for your company, iterate. Ask for feedback while you are drafting. I recommend identifying a few key supportive executives to contribute to the memo. This tip will enable you to enter into your strategy launch in partnership with your stakeholders instead of singularly attempting to change the company. You now have partners in the mission by bringing them into the drafting with you.

			Design based on outcomes

			A good business project starts with the end in mind. This means fast-forwarding in time and really thinking about what life will be like once you deliver on your program. You must start with your company’s strategy, and the divisional strategies focused on delivering against the company’s strategy. Your work must support and enable the strategy. Spend time outlining specifically what the company is aiming to deliver, and how your work supports that at a granular level. Is the company focusing on the operating margin? Show how your team’s work is creating margin through cost savings activities. Be clear about how. Some key areas you may focus on are as follows:

			
					Driving product innovation or efficiency

					Increasing revenue

					Improving operational efficiency and/or reducing expenses

					Measurable improvement in customer satisfaction or experience

					Reducing risk to the business

			

			By framing the work in your transformation into these categories and translating this into your North Star, you will help the business understand why what your team delivers is important to them and, therefore, their success.

			One of the biggest risks for failure is to invest in programs or capabilities that do not clearly link to business outcomes. If the business does not clearly understand why the work you are leading for the company translates into impact for them, they won’t support you. Furthermore, they could argue against you. Time, money, and resources are all finite. If you can’t clearly articulate what you are doing in terms that impact their ability to be successful, you won’t be successful.

			It is easy to over rotate on operational efficiency and risk mitigation. These are important parts of your duty to the company. However, the more you can translate the work of the data office to revenue, the more successful you will be. At times, this will be a few steps removed, and that is okay. However, do not make the mistake of failing to connect to revenue, even if a step removed.

			
				
					
				
				
					
							
							Helpful hint

						
					

					
							
							As you work through the drafting to launch your data strategy, be sure to focus deeply on translating into business terms. Have a non-data professional read your strategy. Have them highlight any terms that are not explained or translated into business outcomes. By dropping the data terminology, you will ensure your data strategy is written for maximum impact.

						
					

				
			

			Creating a repeatable process

			As you prepare your launch plan, ensure you are prepared to educate wide and deep into the organization. You should plan to go on a roadshow-type communication tour, sharing the vision, the plan, and what the future will be. Tell them, tell them what you told them, then tell them again. You will need to leverage several types of communication mechanisms to ensure you have enterprise-wide understanding:

			
					Memo: Ensure your data strategy memo is published and available for review broadly. Transparency is a big benefit to launching powerfully.

					Plan: Build a plan to show what you will deliver and when. Be specific about what the stakeholders will be able to do at each release or publication, so they can digest what they can expect along the way (not just at the end).

					Updates: Plan out how you will update your stakeholder communities along the journey. You will need different updates for the board versus individuals directly working on the data strategy. Define what they will be upfront so that you can tell your stakeholders what they can expect from you.

					Status reports: Define what status reports will need to look like. Define how you will share them. Consider live verbal updates versus written async updates, based on your company’s culture and preference. Do not shy away from making these open to a broad audience. Transparency builds trust (especially when it’s not good news). If your stakeholders know they can trust you to share hard news, they will know they can trust the positive news too.

					Budgets: Although not relevant for all audiences, you should have a detailed budget that you use to measure financial aspects of your data strategy deployment.

					KPIs and success measures: Define how you will measure success. A best practice is to publish a scorecard that can show progress over time. Define what the measures are, and how they are calculated. Again, transparency is key, since you will be publishing your own metrics of success.

			

			Remember, the entire data team and sponsors are all evangelists for the data strategy and corresponding implementation plan. Bring positive energy to every forum. When you are excited about the strategy and future of the company’s use of data, others will be too.

			Designing feedback loops

			As you launch (not after), define how you will improve along your journey. You will only get better at delivering great outcomes if you establish routes for continuous improvement, and that includes a focus on feedback loops. As you launch, you should explain to all stakeholders (executives, managers, and individual contributors) how they can provide input, and encourage them to do so. If they see something that can be better, encourage them to say something.

			You may want to establish a few options for this:

			
					Verbal feedback through forums: Stand up forums for individuals to learn about the delivery of your strategy. You may need a few different forums for various audiences. Leverage your Enterprise Data Governance Council or committee to provide updates to your executive stakeholders. You may also want to stand up a broader townhall-style forum to distribute verbal updates to larger audiences.

					Formal feedback through surveys: Periodically throughout your data strategy implementation, you may want to request formal feedback. A great way to do this for a wide audience is through the use of surveys. If you are going to request written feedback from a wide audience, you should define what you are going to do with the feedback. I recommend committing to share the feedback, good or bad, to your stakeholders.

					Written feedback through workflows: If your organization uses a workflow tool, you may opt to allow feedback to be continuously submitted for consideration by the data team. This allows freer flowing information during the implementation but requires your team to manage the workflow. Depending on the degree of change, you may consider this option for larger transformations that are moving quickly so you can adjust quickly.

			

			As you work together with your stakeholders to share updates, listen for input, and adapt accordingly, you will ensure the stakeholders continue to gain value from the transformation that you are delivering through implementing your data strategy. By failing to create feedback loops and incorporate appropriate feedback as you deliver your strategy, you risk delivering outcomes that do not serve your company.

			Setting and meeting expectations in the program launch

			As you launch your program, you should define what success is going to look and feel like to your stakeholders. Define clearly what they can expect from you and when. As you deliver against your commitments to your stakeholders, make sure you tell them what has happened, in addition to showing them. There are several ways you can show progress throughout your program. This will help your stakeholders see and be reminded of progress. With each milestone, issue some kind of informational messaging:

			
					Micro training: Small individual training (either live or pre-recorded videos) showing what can be done now that the release has occurred.

					Measured results: Show the results in terms of KPIs or other metrics. Publish the information in an easy-to-access-and-consume mechanism such as a dashboard or internal website.

					Before versus now: Show what can be done now that couldn’t be done before. Bonus: show what will be able to do in future releases to keep the excitement up among your stakeholders.

			

			Here is one final suggestion. As you plan your launch meetings, don’t wait to deliver. Get started now, and have a win already delivered since you started your strategy to show that you are not waiting to make an impact—the impact is already happening. Deliver the win ASAP, and announce it in your launch meetings. This will show the stakeholder community that you are anxious to deliver and you’re not waiting to make a difference. This is a great way to launch powerfully, and build immediate trust in your data strategy delivery.

			Conclusion

			As you learned in this chapter, launching powerfully is the best way to create momentum in your company’s data transformation. By moving quickly and comprehensively, and by anchoring in the maturity assessment (as covered in Chapter 4), you will have a firm foundation by which to generate significant impact to your organization. In this chapter, we covered the basics of a successful program launch, including the following:

			
					How to speak clearly and in business terminology

					How to design communication patterns leading up to and at launch

					Building a launch plan

					Creating feedback loops to gather inputs

					Incorporating feedback for even more powerful messaging

			

			In the next chapter, I will walk you through how to identify and construct quick wins to help build velocity to your data transformation’s launch, so that you can gain the support and interest of your organization quickly and with impact. These two chapters build on each other to help you build tremendous credibility and support enterprise-wide. Be bold in how you launch your transformation, take appropriate credit for your team’s impact, and deliver tremendous results iteratively to generate support along the way.
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			Delivering Quick Wins with Impact

			As you launch your data transformation program, your team will quickly and consistently deliver results. Because of the nature of data governance, and skeptics of the practice of data translating into real, measurable results, you will need to shorten the time to first value as much as possible, and crisply and consistently show progress. In this chapter, I will walk you through how to create momentum with quick wins, how to communicate these wins effectively to and with the business, and how to ensure the business stakeholders understand how your results translate into their success.

			In my experience, data leaders who bet exclusively on big, transformational platforms often lose stakeholder interest by the time their results are realized. You can’t wait until your platforms or capabilities are launched to claim victory. In my experience, big-bang solutions are critical, but they can’t be everything. No stakeholder group or company will wait 18-24 months to see results on their data investments. Results have to happen in bite-sized moments while you simultaneously deliver incremental results.

			According to Deloitte’s research (see the Further reading section at the end of this chapter), the average tenure of a chief data and analytics officer is approximately two and a half years, compared to other C-suite executives’ average tenure of approximately five years. Because of this, it is critical that you show you can deliver sustainable, measurable success. Your success in the role depends on it. As you begin with this pressure in mind, do not let it paralyze you, but rather, use it for fuel. Be mindful that you must consistently show up, every day, and demonstrate impact.

			First things first, you will need to determine what constitutes a “quick win.” What will that mean? What’s worthwhile for your stakeholders versus what is important to you? I recommend you start by answering these questions for you and your team. Hiring is an example of something you will need to do but it isn’t a “win” in the eyes of your stakeholders. Fixing a long-standing data quality issue that is causing executive-level metric errors, however, is a win that you should celebrate and communicate. So, what does it take to identify a quick win? We’ll start there.

			This chapter covers the following topics:

			
					Finding quick wins

					Why policies, standards, and procedures can generate buzz

					Data ownership

					Applying a product mindset to data capabilities

					Building momentum through a continuous delivery model

			

			Finding quick wins

			As you were coming up to speed and meeting with your initial stakeholders, as we went through in Chapter 2, you listened to stakeholders’ concerns, what was going well, and what wasn’t going well, and you started to better understand what their needs were. Now is the time to work with them to develop the priority list of what they need now, and what they need in the long term. This is where you refine that priority list of needs with your team and with stakeholder groups so that you can make a big impact in your organization.

			Identifying areas of need

			As you continue to build these relationships, a key step in building trust is delivering what you said you would. As you met with stakeholders, you should have captured the list of their needs. In raw form, it might look something like this:

			
				
					
					
					
					
				
				
					
							
							Sales

						
							
							Marketing

						
							
							Finance

						
							
							Support

						
					

				
				
					
							
							• Multiple versions of a customer

							• Unable to see the full history of transactions

							• Slow reporting at the end of the quarter

							• Inconsistent measurement of revenue by product

						
							
							• Thousands of failed emails per campaign

							• Bad mailing addresses increase our costs

							• Unable to measure contribution to sales revenue

						
							
							• Very manual aggregation for financial reporting purposes due to a lack of standardized data

							• Inability to improve quality – lack of ownership

						
							
							• Can’t see what a customer has purchased to determine what support they should have

							• Multiple versions of a customer

						
					

				
			

			Table 13.1 - A sample of identified issues through stakeholder interviews

			These are just a few examples of what you might have heard when speaking with your stakeholders. You could have dozens of issues identified that you heard during your listening tour. Write them all out by domain, even repeats across groups. Next, you should do the following:

			
					Share the individual lists back to the individuals you met with. A simple, “thank you for meeting me, this is what I heard, did I miss anything?” can be super helpful. It may spark new ideas and/or clarify anything you didn’t capture correctly.

					Meet with your team, share the lists with them, and share what you heard. Ask the team for input. You may find they are aware of other issues that exist (of any size or scale) that you can add to the list.

			

			Once you’ve landed on a stable list of current issues or missing capabilities that are impacting the business and/or back office functions from their success, the next step is to look at what exists across groups and what exists in individual groups. This means looking for common themes, but also where there are variances so that you can determine what needs to be done for multiple stakeholders, and what serves only a single group.

			Rationalizing the list

			As you review the list, you will see the themes. I have highlighted two consistent themes in the short example below for reference. Note, in one example, the wording is the same so it is easy to identify, but the second issue is not exactly worded the same. This is intentional. You must be well versed in the list. Simply having the list is not enough. You have to know the content well. The issue with consistent language would be picked up using matching logic in a spreadsheet (if you have a long list) but the other would not be. This is to provide an example of why it’s important to be intimate with the list.
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			Figure 13.1 – Identified common issues across divisions

			
				
					
				
				
					
							
							Helpful Hint

						
					

					
							
							You may be shedding light on the commonality across groups for your stakeholders simply by creating this list. Consider sharing the full list with your stakeholders so they can see what issues other groups are struggling with. They may not realize other groups have the same issues they do (e.g., the preceding example regarding the history of transactions – this is the same issue as on the right, just phrased differently. It requires the same solution, but without data expertise, this connection might not be made). This can energize your stakeholder community to come together and work with you and one another.

						
					

				
			

			You may want to re-format the list so that it is based on issues and then identify which groups are impacted by the issue, like this:

			
				
					
					
					
					
					
				
				
					
							
							Issue

						
							
							Sales

						
							
							Marketing

						
							
							Finance

						
							
							Support

						
					

					
							
							Multiple versions of a customer

						
							
							X

						
							
							
							
							X

						
					

					
							
							Unable to see the full history of transactions (to determine historical purchases and to evaluate appropriate support levels)

						
							
							X

						
							
							
							
							X

						
					

					
							
							Slow reporting at the end of the quarter

						
							
							X

						
							
							
							
					

					
							
							Inconsistent measurement of revenue by product

						
							
							X

						
							
							
							X

						
							
					

					
							
							Thousands of failed emails per campaign

						
							
							
							X

						
							
							
					

					
							
							Bad mailing addresses increase the cost per campaign

						
							
							
							X

						
							
							
					

					
							
							Unable to measure marketing contribution to sales pipeline/revenue generated

						
							
							
							X

						
							
							
					

					
							
							Very manual aggregation for financial reporting purposes due to a lack of standardized data

						
							
							
							
							X

						
							
					

					
							
							Inability to improve the quality of data due to lack of ownership

						
							
							
							
							X

						
							
					

				
			

			Table 13.2 - Identified common issues across divisions, reformatted

			From this view, you should seek to identify which of these issues could be solved, at least in a meaningful way, in the short term. The idea isn’t to necessarily solve all problems immediately, or completely, but to show meaningful progress for the stakeholders in a short time horizon. By solving quick wins, you drive trust with stakeholders that you can make meaningful change happen for them. This will demonstrate near-term urgency in service of a long-term, sustainable view.

			Prioritizing the list

			Now that you have the list, the next step in the process is to determine what you should focus on, and in what order. There are a few questions you and your team should ask to help prioritize the focus:

			
					What is the impact of solving each issue?

					How will you measure success? Time saved? Revenue generated? Cost avoidance? How will you quantify the impact?

					What is the urgency?

					What could be done now to solve an urgent issue versus what needs to be done more sustainably long term? Is it worth it to solve part of the issue now?

					Do you have the people you need to solve the issue? Expertise?

			

			Example – unable to see purchase history by customer

			Scenario: In this example, the company sells a subscription product with add-on support services.

			Needs for sales: Sales professionals need to be able to see what a customer has purchased so they can 1) sell them additional, complementary products and services and 2) know what to renew for future years. Without this information, the sales team is left asking the customer, “What have you purchased?” This can lead to a poor customer experience and a loss of revenue opportunity for renewal products. Customers are often not renewed, leading to attrition of the revenue.

			Needs for customer success: Customer success agents are unable to see what customers have purchased, so they don’t know whether a customer is entitled to a particular level of support when they call the call center. They have to trust the customer at their word and have no way to verify their eligibility for the services. This leads to the assumption of overserving the customer but at the expense of revenue.

			Prioritization framework

			Now that we've captured the list, let's define how to build a framework to prioritize the list. Consider the following:

			
					The impact of solving issues on the business: Both sales and service are risking a leakage of revenue, either in upsell or resell opportunities for sales, and for add-on services/support for customer success. Additionally, we may be over-servicing customers without adequately charging them for the services they need, increasing our cost to serve by over-serving customers.

					How to measure success and impact: Put yourself in the position of the business. Ask yourself the following questions: What will the business be able to do when this problem is addressed that they can’t have or experience today? How will I measure that? In this example, revenue is a result of this problem, as well as over-providing services, which increases the cost per customer for services because we are providing services to customers (at least at increased levels) than they are entitled to. One measure is the percentage of revenue renewed, another is the cost to serve per customer, and the last, finally, is attrition.

					Urgency: Revenue leakage and costs to serve are usually pretty critical items for management. It is safe to assume sales, service, and executive management would be very interested in solving this issue with a high degree of urgency.

					Immediate work versus long-term work: In this step, you and your team should brainstorm ways to approach this issue both in the very short term, but also in a long-term and sustainable way. What is something you could do today, this week, this year?

					Resourcing: What investment might you need to complete this short- and long-term project? Do you have anything available at your disposal today, by reprioritizing or creating a stretch assignment for someone on your team? Do you need funding?

			

			After assessing each issue like the preceding example, you should re-prioritize the list to the sequence in which you intend to solve the issues. You don’t need to take them one at a time. In fact, you may want to select 5-10 problems and attack all quick wins with different parts of your team at once. If I were tackling this same list, I would put my data governance team on the ownership item from finance, the platforms/primary data team on the unified view of the customer issue, and my data operations team on this purchase history example we are exploring together.

			Short-term versus long-term wins

			Within a common issue or capability, you should have short-term solutions that qualify as a quick win, and long-term solutions for the same issue, which get to a stable solution for the long haul. So, how do you decide?

			
					Create optionality: Come up with some options for your stakeholders to consider. Ideally, propose three options that address their problems.

					Involve stakeholders: Get their perspective on the options you propose. Ask curious questions such as “What are we missing? What else could be impacted as a result of these options?”

					Use what you have: Consider the resources you have. It can be seen as a red flag when you ask for funding and/or resources every time you need to do something new. What could you do without a single dollar or new headcount?

					Show progress (versus tell): Schedule regular check-ins with your stakeholders as you have progress to show. Showing the progress versus sending a status report is worth so much in credibility. Show them how you are helping them win.

					Iterate: To demonstrate progress quickly, you need to show incremental progress. As you deliver features, show and solicit feedback quickly. Maintain a sense of urgency while you iterate.

					Demo: Take your iterative solutions to your stakeholders and show them what you and your team have created. Get their early and frequent feedback so that you can demonstrate forward progress, and include any feedback as you deliver for them. Don’t wait until the solution is built to show them what you’ve done in service of their needs.

					Go live: Simply, turn your solution on. You will continue to iterate and deliver new features once you deliver the initial capability, so, go live with urgency.

					Communicate far and wide: Share your solution with your stakeholders, but also with others. Add this new solution to a monthly communication, or a status report that you share with a broader community of stakeholders. This will be a great way to show others that you have delivered a solution with impact.

					Fail fast: If the solution isn’t working, or you need to change course, don’t be afraid to do so. Just do it quickly. You can always pivot.

					Build the long-term solution: After you have deployed or delivered the first iteration that quickly addresses your stakeholders’ needs, get to work on building the long-term solution. That may mean delivering more sustainable solutions/releases than what you delivered as your quick win, or it could be a totally different sustainable solution. Either way, once you have delivered the quick win, the next step is to immediately get to stable long-term needs.

			

			Example – unable to see a complete view of historical purchases by customer

			
					Scenario: In this example, the company sells a subscription product with add-on support services. In the current state, the sales and customer service teams were unable to verify what the customer had purchased, and therefore were running into two primary problems:	Customer service representatives were not sure which level of service package a customer was entitled to, which leads to over- or under-service.
	Sales representatives were unsure what the customer had purchased previously and therefore were not sure what to renew. This led to revenue being left unbilled.



					Short-term/quick win objective: Build a simple lookup on top of the ERP data to identify the lost revenue that was not being renewed. This revenue leakage identification would be able to justify the additional spending for the long-term solution. (Note: this is a very common issue, and in large enterprises, it often results in 10s or 100s of millions of dollars of unbilled revenue being identified.)

					Long-term objective: Build a purchase history tool that shows all the history of customers for marketing, sales, customer services, and finance to be able to easily look up all of the history for any customer globally.

					What to consider: As you are starting to build the quick win versus the long-term portion of the solution, you’ll need to look at what’s available to you. Following the preceding 10 steps, you first need to come up with a variety of options for your stakeholders to consider. Ideally, you should be able to propose three or more options to address their problems. Second, you’ll want to involve your stakeholders in the selection of these options. You should ask them questions about the options you prepared.

					What we did: In this example, we prepared options that included being able to take raw transactional data from our enterprise resource planning platform and curate a view based on that information, which was not of the highest quality but was enough to get the team started. This addressed Step 3, which is to use what you have. As we worked toward Step 4, we started to show the stakeholder groups what the raw data from the ERP system looked like. Even though the data was not very complete or comprehensive, it gave them a place to start from. We worked with our stakeholders to provide an iterative view of what we were able to remediate quickly based on other data sources that we had available in our ecosystem.

			

			By iterating with our stakeholders, we also demonstrated our solutions by placing a very simple GUI interface on top of the data set, which allows the stakeholders to be able to search for the history that they need. Once we had enough confidence from our stakeholders that this would begin to address their problem, we made it live for them, and we communicated effectively that the data in this version was not fully reliable, but was enough to get started. We also shared this early iteration with other teams that we thought might be interested in this information. There were other teams in IT, finance, and marketing that were also interested in this initial view.

			Long term, we needed to build a primary data management platform for customers, so we had full confidence we had a complete view of a customer and the hierarchies around a single entity. Ultimately, we automated the purchase history platform, linked the purchase history to the appropriate customer, and had the ability to see purchase history at the lowest legal entity, as well as the ability to roll up the purchase history to the ultimate parent (highest level). We iteratively delivered until the stakeholders involved had a fully automated end-to-end sustainable solution. We saved the company millions in operational efficiency and lost revenue.

			Organizational readiness considerations

			It may be surprising to note that a similar recommendation had been made a few years prior but was not approved by the business. Why might that be? Well, sometimes organizations don’t understand what their opportunity is because of a variety of external factors. Or, it could simply be that the previous pitch was not made very effectively. Just because it didn’t work before doesn’t mean it won’t work now. If your stakeholders don’t accept your recommendations the first time, wait a period of time and then try again. Especially when there are leadership changes, you may want to consider that new leaders may have new ideas.

			You should also consider the state of the company. If the company is going through a rough financial time, it’s likely not the right time to request millions of dollars to push your data agenda. Get really focused on what you need to deliver, why the company needs it, and what the financial outcomes will be if you do. Simply stating your solution will deliver “revenue” isn’t sufficient. Be clear on how and why. If the company is in a financial growth mode, it might be a better time to experiment and innovate.

			Investment/funding models

			Typically, there are a couple of ways to go about funding these quick wins. These different options may vary based on your organizational preferences. There are commonly three options to consider:

			
					CDAO office funding: You use your own budget to fund this quick-win project. This is my recommendation for when you are trying to demonstrate your team’s ability to deliver. This is often viewed as a “goodwill” attempt to show reputable results.

					Stakeholders’ funding: You ask your stakeholders to fund your quick-win project. I would recommend this only when you have a good standing you’re your stakeholders and they are used to funding work for your team.

					Hybrid funding: You ask your stakeholders to fund part of the solution and you offer to fund the other part of the solution. This can work when there is a bit more investment needed to get the project off the ground, appreciation from both sides that the quick win is critical, and alignment on the shared success of delivery.

			

			In my experience, it’s a stronger relationship builder when your team self-funds the quick win and goes to the stakeholder for funding only when you have demonstrated that your team can deliver. Only once you exit the “quick win” phase and move on to delivering the long-term sustainable solution should you request funding from stakeholders. Use your best judgment and follow the norms of your company’s funding model.

			Follow through

			This should be a no-brainer, but you have to deliver excellent results in a quick win if you want to be taken seriously by your stakeholders. There’s really no room for failure, especially if your stakeholder is funding your quick-win project. There are lots of ways to “win,” but you have to deliver a result that meets or exceeds their expectation.

			Once you deliver that very first iteration, you should immediately ask for input into the next iterations of your solution. Each and every delivery that you have in this quick-win phase builds small amounts of credibility and trust in your teams’ ability to deliver what the business needs. Keep showing the stakeholders that they can depend on you for excellent results, and that you are their partner. Work with them to ideate on the next steps and keep delivering. This virtuous cycle of delivery will pay dividends when you move into the larger deliveries in your program.

			Communicate effectively for support

			After all the preceding work, identifying, producing, and iterating on results through continuous delivery, it is a shame that many data leaders fail to communicate appropriately. There tend to be two camps: over-communicating on less-than-impactful results or not communicating enough about impactful delivery. Think about it in this very simple view:

			
				
					
					
				
				
					
							
							High impact / under communication

						
							
							High impact / highly communicated

						
					

					
							
							You’ve delivered great solutions, but you don’t tell the story effectively to your stakeholders or users.

						
							
							You’ve delivered great solutions and you have effectively communicated to your stakeholders.

						
					

					
							
							Result: Stakeholders are unaware of your impactful quick win, and fail to support you appropriately for future investments and products.

						
							
							Result: Stakeholders are aware of your impactful work and support you for future investments and products.

						
					

					
							
							Low impact / under communication

						
							
							Low impact / highly communicated

						
					

					
							
							You’ve delivered low-quality or low-impact results, and you don’t share the result broadly with your stakeholders or users.

						
							
							You’ve delivered a low-quality or low-impact solution, but you’ve communicated broadly about it.

						
					

					
							
							Result: You don’t deliver and no one notices. You should go back to the drawing board and find another impactful data solution to deliver ASAP.

						
							
							Result: You have tarnished your reputation. You’ve overcommunicated a low-impact solution, which lessens the chances of your stakeholders believing your results when you do produce something of high impact for them in the future. You may struggle to gain funding or support for your next product/solution.

						
					

				
			

			Table 13.3 - Impact of quick wins and communication effectiveness

			You want to be in the top-right box – high impact and effective communication. However, the next best place to be is the lower-left box. This is probably unexpected, however, the other two carry a higher degree of risk for the success of your team.

			Measuring results

			As you are communicating, do not forget what we learned in Chapter 5, Aligning on Outcomes. It is critical that you measure the impact of the results you deliver. For example, in the purchase history example we went through earlier, we identified unbilled revenue that customers had committed to renewing but hadn’t been renewed by sales. In the example, from the financial transactions and order forms, we were able to identify the years of commitment, what had already been billed and paid, and what had not been billed and paid. The unbilled commitments were able to be measured and aggregated. The unbilled revenue totaled in the millions of dollars.

			By reporting outwardly to all stakeholder groups, including finance, sales, and executive management, we were able to state very concretely that the team had identified the specific dollar amount of unbilled revenue. As sales took that data and followed up with customers, most were very happy to pay for the services, but no one had asked them to. They also were unaware. I have heard this exact same example play out in numerous other companies.

			Data teams that can directly identify a revenue improvement from their work often find funding their programs much easier to do than when measuring results is less direct, or when there is not a direct revenue or operational savings tie. If you can, measure results specifically and share very clearly. Obtain your stakeholders’ support for the number you identify and go together to executive management to share the outcomes. This will bolster your credibility and partnerships. Now that we’ve learned all about quick wins, in the next section, we’ll explore how policies, standards, and procedures can help you achieve them.

			Why policies, standards, and procedures can generate buzz

			One of the easiest quick wins that you can deliver on the data governance side of your team is to establish effective and easy-to-understand policies, standards, and procedures. In my experience, some of your stakeholders will simply want to be able to self-deliver. I think this is a great signal. It means that you have highly qualified data professionals across your organization who want to be able to get started. However, if they are looking to your team to tell them what to do, how to do it, and how they want to do it in alignment with your team, then these are engaged stakeholders.

			One of the best things you can do is provide them with the guidance that they are seeking. The easiest way to do this is to publish guidelines that they can use. While some of your data engineers and analytics professionals are delivering on other quick wins, focused on the more technical components of data governance, other team members can concurrently be focusing on delivering these documents, which can support the broader enterprise.

			Especially if your team is small or new, producing simple, straightforward, and not overly complex policies, standards, and procedures is a great way to engage the entire company in data without a significantly sized team. Simply providing templates is a very easy way to engage your stewardship community on how to best document simple controls, define how to measure and report on the state of data quality, or perform simple data operations.

			While the preceding example of purchase history gets deep in a single area, policies, standards, and procedures cut wide across your organization. By marrying a technical solution with a more generalized solution, such as a simple data policy, you will gain support from a few different stakeholder groups. This is another way to build effective momentum in your data program while enabling the company to know what they need to do and how they need to do it. After publishing policies, standards, and procedures, and delivering a data governance capability, one of the next best steps that you can take is to define clear data ownership. By assigning data owners, you can operationalize your data governance in a federated model that will deliver accountability across the enterprise.

			Data ownership

			In Chapter 3, we went through how to build a high-performing team. You may recall that building a high-performing team isn’t just about your direct reporting staff, but also the entire data community across the company. One of the most important considerations in building a high-performing team is activating those who manage the data directly. These data stewards (both technical and business data stewards) are a key component to operationalizing all of the capabilities we discussed in Part 2 of this book, but also in implementing policies, standards, and procedures.

			One way to get a quick win is to activate your stewardship community. The data governance leader, which we covered in Chapter 3, should identify who data stewards are across the organization and use these stewards to implement the policies, standards, and procedures, but also to identify quick wins! The individuals closest to the data are the ones who see and experience the data issues day to day, and thus, are your biggest source of input when it comes to identifying quick-fix opportunities.

			Be sure to keep track of who is providing you with these ideas as they come in. A few things you can try are as follows:

			
					Create a hackathon: Activate your community by capturing ideas that need solving. Then, push these ideas back to the community and create a contest-like forum to “hack” these ideas into solutions. Ask an executive to take the winners to lunch or host an ask me anything (AMA) as a prize. Note that this doesn’t require funding.

					Ask for submissions: One way to gather ideas is to create a forum to submit ideas. You could use a Slack channel or simply collect them through a monitored email box.

					Create a sign-up form: Allow individuals to log their ideas on a form. Be sure to capture who submitted the ideas so you can acknowledge them.

			

			By engaging the entire data community, your reach and idea set will become much richer and wider than if your team attempted to gather ideas or generate ideas exclusively on their own. There is a great deal of pride in ownership for ideas that are gathered, so, celebrate the individuals who brought them forward. When solutions are gathered, solved, and communicated, be sure to mention and publish who brought it forward. This is a great way to honor those who are supporting your team and data more broadly at the company. Now that we have learned what data ownership is, and how it helps define quick wins, we’ll now learn how to apply the product mindset to finalize solutions.

			Applying a product mindset to data capabilities

			One of the best ways to continue to iterate on a solution is by adopting a product mindset to your data capabilities. This concept has been emerging in the data space for the last few years and I’ve driven this model in two teams I’ve led at the time of writing. The best way to think about adopting this mindset is to look at how products are deployed in the technology industry. It’s a great time to think about this as you are building solutions under the data product mindset because it fundamentally aligns with product management.

			Product management for data

			As you start to build a solution, the idea is that you go live with an immediate minimum viable product (MVP) solution and continue to release new features periodically over time. Ideally, you should follow the following steps, at a minimum:

			
					Assign a product manager: Each solution should have an assigned product manager who “owns” the solution. The product manager should be the expert on the solution, and accountable for the quality and performance of the solution. Much like you would see with a traditional technology product, this person is ultimately accountable, no matter what.

					Leverage a feature backlog and prioritize: Collect all the features requested by stakeholders and those needed to improve the data product. Prioritize the features based on impact and needs.

					Build a roadmap: Each product should have a roadmap with features being released iteratively over time. It should be clear and transparent to the stakeholders what they can expect, and when, with regard to the data product.

					Deliver iteratively: As depicted on your roadmap, the data product should have clear, iterative deliveries over time. This roadmap should not “end” – you should adopt a continuous improvement model.

					Enable users: As you deliver, be sure to enable the users with training so they can use the product to its full potential.

					Repeat: Because you are deploying a product, you should continue to repeat this cycle indefinitely or until the product is retired.

			

			Because your goal is to get a solution into production quickly, and to deliver that quick win, focus on delivering the MVP so that your stakeholders can get value as fast as possible. Leverage the preceding steps to get to your full solution, with future enhancements. Do not let perfect be the enemy of good; deliver with urgency.

			Products versus non-product solutions

			Once you see how effective this approach is, it may be tempting to apply the product management mindset to all data capabilities and solutions. However, not everything should be treated as such. It becomes very easy to become captivated by this model and want to apply the model to everything, but it does come with a cost: aligning a product manager and engineering team to each product is not scalable infinitely.

			
				
					
				
				
					
							
							Helpful Hint

						
					

					
							
							Get really clear with your team about what makes a data product a product, versus what is a service, versus what is just a dashboard or business intelligence metric. It’s tempting to swing too far toward product management, so clarifying how you will treat solutions is an important early step.

						
					

				
			

			Basic criteria

			To aid your team in staying objective, you should create basic criteria to use for your company, which will define what constitutes a product, service, or asset. To get you started, I’ve captured the very basic criteria you can use as a starting point:

			
				
					
					
					
				
				
					
							
							Product

						
							
							Service

						
							
							Asset

						
					

					
							
							Will have continuous support.

							Will have continuous delivery.

							Requires new features or functionality.

						
							
							Provides a capability to others for use in managing data or producing analytics and insights.

						
							
							A single delivery that is produced and used.

						
					

					
							
							The examples are as follows:

							
									Early warning system

									Purchase history system

									Customer health score

							

						
							
							The examples are as follows:

							
									Data governance policy

									Data catalog

									Data quality tool

							

						
							
							The examples are as follows:

							
									Enterprise-metrics

									Revenue dashboard

									Customer attrition

							

						
					

				
			

			Table 13.4 – Criteria for various data solutions

			In the first organization that I deployed this model in, we went through every single thing we did, no matter whether it was a simple dashboard, a curated dataset, or a full-blown solution, and we determined which of the three buckets each solution fit into. Simply going through this exercise allowed us to retire a number of dashboards we realized not only weren’t products, but weren’t being used at all. It crystallized for us what we needed to be doing, versus what we could stop doing altogether. From there, we identified which solutions were true products, and we could start to iterative quick wins.

			Product culture

			As you focus on delivering quick wins with iterative delivery, a good best practice is to identify and appoint an individual to define product management best practices for your team. This individual will define the preceding criteria, establish forums for product roadmap reviews, manage the process for scrum, and partner with engineering teams to align both product and engineering to the same goals. By defining these expectations, you will begin to establish a culture of product management. Depending on the size of your company and data team, this could be a part-time role or a full team.

			Training

			You will need to define requirements for product management (both for quick wins and for ongoing product management). Especially if this concept is new to your company or your team, you will need to spend time training. There are some online programs focused on data product management, which could be a good place to start. If you find you have to DIY a training program that is customized for your company, you can. There’s no single way to accomplish training. What’s most important is that you assess the needs of your team and company, and train accordingly. Now that we’ve covered how to build quick wins and walked through some examples, we need to focus on momentum

			Building momentum through a continuous delivery model

			Quick wins are not just something that you create and deliver in the early phases of your tenure – they’re quite the opposite. You should create quick wins to build momentum, and then keep delivering with velocity over time. The best way to create momentum is by devising a continuous delivery model.

			Continuous delivery model

			A continuous delivery model enables your team to further deliver against each solution, by adopting the product mindset discussed previously, as well as using the same model to identify and deliver new quick win opportunities. The same model applies to both an individual solution, as well as the process overall, which makes it easier to deploy across your team. For engineers, this may look a lot like an agile delivery model, which it is modeled after. For non-engineers, this is the opportunity to learn from our technical counterparts and adopt their processes more broadly to solutions holistically. The following image provides a visual representation of how the continuous delivery model operates. Note that there isn’t an end to this model, rather, you should continue through the process as long as the data product is in production and used by your stakeholders.
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			Figure 13.2 – Building a momentum flywheel – continuous delivery model

			We will explore each stage of the model in the following subsections.

			Intake

			At a team level, you should create a process and mechanism to collect and document all the solutions that you will build, regardless of size. You may use a tool to do this, such as Jira or Asana, or you could use something as simple as a spreadsheet. Regardless of what tool you use, be sure to capture ideas both big and small.

			At the solution level, you will need to capture new features or changes that are required for each individual solution you are building/maintaining. Because the model is continuous in nature, you should be evaluating enhancements, new features, and fixes on an ongoing basis.

			Prioritization

			At the team level, you should review the solutions that have been logged in your backlog for prioritization. Ideally, you would define a prioritization framework. It can be as simple or as complex as you need to fit your business needs, however, I find a lot of elegance in a simple solution such as the following:

			
					Impact: Low/medium/high

					Cost/resourcing: Low/medium/high

			

			Seems simple, and simple can be great. To prioritize at the solution level, you are simply prioritizing these solutions to deliver rapid impact on the business. This prioritization framework can help you identify which solutions to go after based on your resourcing. For example, if someone has a week of capacity, and a week of effort is considered a “low” cost for your organization, you might search the list for a low-cost and high-impact solution to work on next.

			At the solution level, you can use something similar to build prioritization at the feature level, such as the following:

			
					Impact: Low/medium/high

					Cost/resourcing: Hours/days/weeks

			

			You could use the actual expected hours to complete the features (e.g., 2 hours or 36 hours). This will also help you prioritize the feature backlog for each solution you create.

			
				
					
				
				
					
							
							Helpful Hint

						
					

					
							
							Across both the team level and solution level, this prioritization approach will also help you identify where there is work to deliver that may not be considered “quick.” Perhaps this process will identify where you have larger-scale needs, such as what was covered in Part 2 of this book.

						
					

				
			

			Building a roadmap and aligning features

			At the team level, once you have the prioritization framework pulled together, you should build an integrated roadmap of the small quick-win projects your team will continue to deliver. This view will help your combined team have visibility into and understand what is being delivered. By providing micro-moments with stakeholders that your team is able to drive, you will delight your stakeholders, but you will also build confidence in your team’s ability to deliver impactful work at velocity. This will inspire your team to find more quick wins and thus, will generate more momentum.

			At the solution level, you should build a simplified view of the releases you will have for your quick wins. This should be shared not only with the individuals working on the solution but also with your stakeholders. By showing them what this will look like, they will understand better what features and/or functionality will be available to them and when. Be sure to not just mention what is available, but also what that will enable them to be able to do in business terms (e.g., a customer-level health score will enable the customer success team to proactively reach out to customers and delight them with an improved customer experience and a higher NPS score).

			Building/engineering/analyzing

			At the team level and the solution level, this step, simply put, is to execute your plan. Deliver the solution with excellence.

			Delivering

			At the team level, this is a great time to show the stakeholder community, perhaps through your enterprise data committee or council, on a quarterly basis, what has been delivered. Depending on the willingness of the stakeholders, it can be very powerful for the stakeholders to present in this forum what they are able to do now that they have received the solutions your team has delivered.

			At the solution level, after you build the solution (for example, a dashboard, a curated data set, or a new pipeline), you should deliver this solution to your stakeholders. Don’t forget to show them exactly what they can do with the solution and how to use it. Ask for immediate impressions and feedback.

			Repeat/iterate

			At the team level, continue to generate ideas, follow your intake process, and iterate through the continuous delivery model for impact. This is a great time to also add up the impact your team has created through the sum of your quick wins process. Consider the tracking time saved, revenue added, cost saved, and so on. Keep this information at the most granular level possible so you can provide the details. However, the aggregate number can add up very quickly to demonstrate the team’s value.

			At the solution level, after delivery, you should take the feedback and input from the delivery step, and repeat the entire flywheel, starting with intake. Ask what additional features or functionality they need, and continuously deliver through the cycle again. As long as the solution exists, this process should continue. Once the solution is no longer needed or used, then retire it, but until that time, continue to follow this continuous delivery model for impact.

			Follow through

			This may go without saying, but you must follow through on your commitments in these quick wins. They can’t be wins if you don’t deliver against them. By honoring your commitments to your stakeholders, you begin to build trust. If you find you are not going to be able to deliver, or you get into the solution build, and you determine it’s far more complex than expected, go communicate with your stakeholders. Do not shy away from giving news regarding the success or failure of the quick win process. Not everything will work and that is OK.

			Being transparent, working with your stakeholders, and truly partnering through these processes with visibility will continue to build trust. You may consider asking your stakeholders to co-develop with you for added business integration. This approach can be quite helpful if your team is new to the company, or you have a large number of new team members joining the team. Celebrate the wins, big and small, and also celebrate the failures. When a team member quickly realizes something isn’t going to work and stops working on the solution (e.g., fails fast), that is also something to celebrate. It will create a culture of innovation where it is safe to try things and fail. Failure isn’t failure – it’s part of success. Be sure to encourage this on your team, so you keep motivation within your team.

			Conclusion

			As you establish a culture of building quick wins for impact, you are creating a machine of delivery within your team that will help build your reputation as a dependable and innovative team. Most organizations do not build this culture, and are constantly asking for the big projects, and unwilling to start small. There is no reason not to do both. By investing in quick wins and the process to deliver them early, you build momentum fast. By adopting the continuous delivery model and data product mindset, your teams can deliver incremental and powerful value in a predictable, scalable way.

			Be mindful to capture how you will measure the quality and impact of your quick wins so that you are able to tell your value story quickly and effectively. There is a great deal of power in being able to quantify your impact on the company quickly and effectively. This will captivate your stakeholders, elevate your team’s impact, and create additional demand for your team’s services. Everyone wins with this model.

			Starting strong is a key indicator of a strong data organization, as well as a strong leader in the data and analytics space. Building momentum early and continuously will carry you and your team to success. If you need ideas, consider bringing the team together to hack a list of ideas together. Whatever you do, don’t go stagnant. Continue to deliver with a focus on high-quality outcomes of any size. You will build a delivery model that can’t be beat. The next chapter will help drive even faster wins, through the incorporation of automation to further build your virtuous cycle of impact.

			Further reading

			CDO 2.0 – How the role of the CDO has evolved: https://www2.deloitte.com/us/en/insights/industry/public-sector/chief-data-officer-government-playbook/2023/chief-data-officer-government-outlook.html
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			Data Automation for Impact and More Powerful Results

			Traditional data governance processes can feel like a program that is separate from the business. With the pace of today’s modern business models, governance must be embedded into the process, and that requires a new way of thinking about data governance. In modern data governance teams, there is a shift away from too much committee work, with more emphasis placed on embedding data governance into processes by design. I refer to this newer model of governance as data governance by design.

			This newer way of thinking requires data governance professionals to think and act differently when it comes to governance activities. Data governance by design requires professionals to think about how to embed data governance capabilities into a business process from the start, not alongside it after it has been built. The longer I have spent in the business of data, the more I see the demands of data increasing at a pace that does not have the patience to wait for governance to “happen.” We must evolve now as a profession.

			Extracting actionable insights from vast corporate data ecosystems at the speed of business needs also requires a powerful set of tools or data automation capabilities. This chapter dives deep into this transformative set of capabilities, equipping you with the knowledge and understanding to harness the potential of automated data processes. This is a key design component and set of capabilities that support and enable data governance by design.

			Imagine a world where data flows seamlessly, users trust the information they receive, and insights emerge effortlessly. Automation is a lever that can be pulled to expedite data governance deliveries. By automating repetitive, manual tasks, we free our teams from the mundane task of data movement and manual manipulation, unlocking time and resources to focus on higher-level analysis and strategic decision-making.

			This chapter covers the following topics:

			
					What is automation?

					What is Data automation?

					Types of data automation

					Benefits of data automation

					How to determine which type of automation to use

					Third-party enrichment

					Data solution examples powered by data automation

			

			Before we get into the specifics, let’s ground ourselves in key basic definitions.

			What is automation?

			Automation broadly refers to the use of technology to perform tasks with minimal human intervention. It encompasses a wide range of techniques and technologies applied in various ways. The key aspects of automation include the following:

			
					Reduced human involvement: The goal is to minimize the need for team members to manually perform tasks, leading to increased efficiency and productivity. A secondary benefit is team member satisfaction, which we will discuss later in this chapter.

					Use of technology: Automation relies on various technologies, from simple tools and scripts to complex artificial intelligence (AI) algorithms.

					Pre-defined instructions or processes: Automated tasks are typically guided by pre-programmed rules, instructions, or decision-making criteria. This could include primary data management algorithms, as defined in Chapter 10.

			

			There are a number of types of automation beyond those covered in this chapter. For the purposes of this book, we will be focusing on data automation capabilities. The capabilities outlined here are specifically selected to enable your data governance capabilities and data governance program, so let’s start to dive deeper by digging into the basics of data automation and how data automation applies to data governance.

			What is data automation?

			Before we go deep into this topic, we will ground ourselves in a few basics about what data automation is. Data automation is a broad term encompassing various methods for automatically handling data tasks. Data automation is a specific subset of automation techniques that apply technology to perform data governance with minimal human interaction. This can include a wide range of techniques, from data entry and data cleaning to more complex techniques such as analytics and reporting. We will go into the specific types of data automation in a few pages, but for now, let’s focus on the value and benefits data automation brings to data governance.

			Types of data automation

			The data automation techniques included in this section should be applied comprehensively across all capabilities outlined in Part 2 of this book. Data automation transforms the way you work with information and is a complimentary suite of solutions that unlocks additional value in your data capabilities. Consider the contents of this chapter to be additive to what you have learned to this point.

			By applying data automation to data governance capabilities, you add exponential benefits and speed to the results and, in essence, you are creating embedded data governance by design into your data governance program, enterprise-wide. We’ll delve into the diverse types of data automation in this section.

			Data integration

			Data integration is the ability to move data between systems without human intervention (or a significant reduction in human intervention), which breaks down data silos and enables a more seamless analysis experience for users. Data integration combines data from multiple sources into a unified view. There are typically a series of steps that are involved in integrating data well (known as ETL):

			
					Extracting data: Gathering data from one or more sources (e.g., websites, databases, and spreadsheets).

					Transforming data: This may include cleaning, formatting, or standardizing the data in some way to ensure it is consistent and/or comparable across the various sources that the data was extracted from. You may need to address issues such as formatting, inconsistencies, and null values, and you will need to build processes to resolve conflicting data.

					Loading data: This involves putting the transformed data into a target source (e.g., a data lake, data warehouse, or other type of source, such as a report).

			

			The purpose of data integration is to bring datasets that were previously isolated or trapped in other systems together, sometimes in different formats. These existing data silos make it difficult to analyze the data maintained in various locations (this is sometimes referred to as data fragmentation). By integrating data into common formats and locations together, this allows companies to do the following:

			
					Improve data quality

					See and leverage deeper insights from larger and more comprehensive datasets

					Improve decision making

					Increase operational efficiency

			

			Examples of this include the following:

			
					Providing a centralized data source for business intelligence

					Enabling machine learning models by improving accuracy and performance by using a unified dataset

					Obtaining a unified view of a customer in a customer relationship management tool (CRM) by integrating multiple customer data sources

			

			Data integration example

			Instead of manually copying and pasting data from one system to another or spending hours crunching numbers in spreadsheets, data automation empowers you to set up ETL processes that do the heavy lifting for you. These ETL processes follow pre-defined instructions, ensuring that data flows seamlessly, tasks execute automatically, and insights emerge effortlessly.

			In some CRM environments, you may find up to 80–100 integrations that have been built to enrich the unified view of a customer. When acquisitions occur and customer data is stored in multiple CRMs, integrations can be used to bring customer data together prior to system integration as a temporary solution that enables the business to see all customer information ahead of the hard work of system integration and the decommissioning of legacy systems.

			Overall, data integration is an essential process for organizations that rely on data to make informed decisions, improve operational efficiency, and gain a competitive edge. In today’s economy, it is difficult to find a company that does not rely on data in this way, but in my experience, there are a plethora of opportunities to integrate data better for improved time to insight and improved operations.

			Data transformation

			Data transformation is the process of cleaning, formating, and manipulating data to prepare it for analysis by using a (more) standardized format for accuracy and usability. Data transformation converts data from one format or structure into another, which makes it more usable. Data transformation is a key step in data pipeline management and is often a part of data integration work. Data transformation (and integration) work is typically performed by data engineers in service of operations or analytics.

			The purpose of data transformation is to convert data or enrich data to make it more useful for a specific purpose or set of purposes. There are many ways to transform data based on the specific need you are working to solve. Examples of this include the following:

			
					Data Cleaning: Removing errors, inconsistencies, and duplicates.

					Standardization: Driving consistency in data (e.g., dates 1/1/2011 to January 1, 2011).

					Creating new fields: Creating derived data by adding or converging data into new fields (e.g., totaling).

					Aggregation: Summarizing data by grouping it (e.g., average sales per month; total sales per month).

					Filtering: Extracting subsets of data based on a range of filters (e.g., current year sales).

			

			Data Transformation Example

			One of the most common types of data transformation is the use of primary data management (PDM) techniques. PDM, as we covered in Chapter 10, is a capability that I have implemented in three different companies. Typically, by bringing together multiple sources of customer data, I have seen dramatic improvements in data quality, which has a cascading impact on the way in which companies are able to rely on and use customer information to improve revenue, reduce costs, and improve insights. In all cases, the analytics improved as well; however, the main beneficiary was the business. Don’t forget to focus on the impact made outside of your team. In the case of data transformation, the business often benefits the most from the speed and quality of improved data transformation.

			Data analysis and insights

			Data analysis and insights: They represent the ability to automate repetitive analysis tasks, such as generating reports and identifying patterns (e.g., trends), to drive decision-making. Automating these tasks extracts knowledge and insights from data and saves time and resources in terms of data analysts and data scientists. There are various components to data analysis and insights that can be automated, including the following:

			Data acquisition and preparation: This process leverages tooling to automatically extract data from a variety of sources (systems, APIs, and spreadsheets), reducing the manual effort traditionally followed, and this enables error-prone processes to be completed consistently and at scale. This process may also include transformation to automate data cleaning (e.g., correcting the inconsistencies and formatting) to improve the data for further analysis.

			Data exploration and analysis: Tools can identify the patterns and trends in data and any outliers that are normally identified through manual analytics work. This can also benefit data analysts by finding insights that are commonly overlooked or buried deep in the data. The scale of a large organization’s datasets makes it difficult for a human to find trends without using long time frames and expensive tooling. Data automation can enable these processes, where scale is a historical challenge.

			Insight generation and communication: Data automation tools can generate automated reporting and create visualizations (e.g., Tableau dashboards), which present insights in a format that is far easier for end users to explore and review.

			The purpose of data analysis and insight data automation is to expedite and drive efficiencies that were once traditionally carried out by high value resources. This process enables data analysis to be completed on higher value work and frees up your data analysts and scientists to perform more high-value tasks.

			Examples of this include the following:

			
					Automating reporting and insights so that analysts can focus on interpreting the results

					Reducing human errors in data handling so analysts have higher confidence in the reliability of the results, thus improving trust in the data

					Enabling the democratization of data insights so that a wider range of individuals can access and use insights at the speed of business

			

			Data monitoring and alerting

			Data monitoring and alerting is the process of using technology to continuously observe and analyze data sources, as well as automating the triggering of alerts when specific conditions are met. This capability enables organizations to identify problems when they occur before they become major problems. Monitoring includes collecting information from sources (e.g., databases, APIs, and network devices) and using tools to track very specific metrics (e.g., error rates, performance indicators, such as time to process, or specific data quality thresholds, such as percentage completed), as well as analyzing the data in real-time or on a regular candace (i.e., nightly). Another term for this type of process is data observability. Alerting occurs when a pre-defined threshold is met through monitoring; then, an alert is delivered through an email, SMS, or internal notification (e.g., Slack).

			Examples of this include the following:

			
					Server failures

					Security threats

					Errors in processing

					A sudden drop in orders

					Suspicious activities (i.e., fraud)

			

			Data cleansing

			Data cleansing, the process of identifying and correcting errors and inconsistencies in data, is a crucial step in ensuring reliable and trustworthy information for analysis. Fortunately, this tedious task can be significantly automated, freeing up your valuable time and resources.

			Types of data cleansing automation

			There are several types of data cleansing automation that represent common techniques to improve the quality of data. There are a few common types that I will provide an overview of here, but please note that each of these types requires its own chapter to get into the technical implementation details. At a high level, the following are the various types of automation when it comes to data cleaning:

			
					Rule-based automation:	Define rules: Establish clear rules to identify and address common errors based on data formats, values, and relationships
	Data profiling tools: Analyze data to identify patterns and define any rules based on these patterns
	Examples of this: Standardizing date formats, removing outliers, and flagging missing values



					Fuzzy matching:	Identify similar records: Match records that have slight variations, such as typos or abbreviations
	Data deduplication: Eliminate duplicate records based on fuzzy matching algorithms
	Examples of this: Merging duplicate customer records and identifying inconsistent product names (e.g., PDM capabilities)



			

			Some of the benefits of automating cleansing include the following:

			
					Increased efficiency: Saving time and resources by automating repetitive cleaning tasks

					Improved accuracy: Reducing human error and ensuring consistent data quality

					Scalability: Easily handling large datasets and complex cleaning requirements

					Better insights: Building more reliable and trustworthy models based on clean data

			

			Considerations for the automation of data cleansing

			Before selecting a type of automated data cleansing for your use case, you should consider the following as you evaluate your options:

			
					Data complexity: Complex data with diverse errors may require manual intervention or advanced algorithms

					Rule development: Defining effective rules requires understanding your data and common errors

					Data security: Ensure the chosen solutions comply with data security and privacy regulations

			

			Begin with automating simple cleaning tasks and gradually expand as you gain confidence. By carefully selecting and implementing data cleansing automation, you can unlock the true potential of your data for informed decision-making.

			Advanced data automation capabilities

			There are several additional advanced capabilities that can be explored beyond the more common data automation capabilities above. Beyond these core types, the advanced capabilities include the following: data cleansing, machine learning and AI automation, and robotic process automation (RPA). These advanced capabilities are very helpful for capabilities that are standardized and repeatable. At a high level, there are two capabilities that are especially useful for data automation:

			
					Machine learning and AI automation: Leverages AI algorithms for deeper analysis, predictions, and data-driven recommendations. Some examples include the following:	Training algorithms: Train models on labeled data to identify and correct errors with greater accuracy and adaptability
	Supervised learning: Training models on labeled data with correct and incorrect examples
	Unsupervised learning: Use algorithms to identify anomalies and patterns to suggest potential errors
	Examples of this: Identifying and correcting spelling errors and predicting missing values based on other data points



					Robotic Process Automation (RPA): Automating tasks that interact directly with user interfaces, such as data entry in web applications.

			

			These advanced data automation capabilities are much more robust and involved and could warrant an entire book of their own. For now, be aware that these additional types exist; it is often beneficial to evaluate if they are fit for use in your organization once you have tackled the implementation of the data automation capabilities covered in this chapter. Next, we will dig into the benefits of data automation and how to measure the benefits.

			Benefits of data automation

			When it comes to automation, the benefits extend beyond efficiency. Efficiency is a great first principle, but data automation empowers us to do so much more. These benefits can and should be quantified as you build your business case, and as you realize the value, you should report on them to show the return on investment (ROI) for your data automation investments. The common benefits are wide-ranging, such as the following:

			
					Ensure accuracy and consistency: Data automation eliminates human error in data handling, leading to reliable and trustworthy information.	Example: Automating the enrichment of data for marketing leads to reduced errors and produces comparable, consistent results daily.



					Gain deeper insights: Analyzing vast datasets at scale, uncovering hidden patterns and trends that are invisible to the human eye.	Example: Automatically identifying the hidden patterns between product purchases and customer demographics, such as a situation whereby customers who buy raincoats are also likely to buy umbrellas when weather predicts rain within 48 hours in their location. Thus, the company would benefit from placing umbrellas at the front of the store to encourage a higher purchase rate.



					Improve decision-making: Driving data-driven choices by automating data analysis and reporting, providing real-time insights to inform actions.	Example: Data observability built into a data lake to alert when data volumes drop below expectations (e.g., by 5% or greater).



					Reduce costs: Streamlining workflows and optimizing resource allocation, leading to significant cost savings.	Example: Automating the data cleansing of customer records to expedite them leads to account matching in a CRM system.



					Boost agility: Respond faster to changing market conditions by automating data collection, analysis, and reporting.	Example: The automation of daily sales reports allows for the additional capacity of data analysts to be focused on anomalies.



					Improve team member experience: By automating data processes and basic reporting, team members are able to focus on more interesting and high-value activities.	Example: After automating daily sales reports, data analysts are able to focus on anomaly detection, and they are able to dig into anomalies and uncover additional sales opportunities for specific customer segments, increasing revenue opportunities.



			

			Beyond identifying the benefits of data automation, it is critical to measure the impact of the benefits so that you can measure the return on the investment of implementing data automation techniques within your data governance program. As you work to build out this capability within your data program, ensure you leverage what was learned in Chapter 5. We will build on what was learned in the following section, with a specific tilt towards data automation.

			Measuring the benefits

			There are a few types of measurement to consider, including both quantitative and qualitative measures. Remember, quantitative measures are based on numbers and are more directly measured, whereas qualitative measures are based on experiences and are harder to measure directly. Both types of measures are important for your audience to understand, as they benefit your stakeholders in a variety of ways, including their experience of working for your organization.

			Examples of quantitative measures

			Some examples of quantitative measures include the following:

			
					Improvement in customer conversion rate: After implementing data-driven product recommendations based on next-best-action modeling, track the percentage of customers who make a purchase before and after the implementation of the automation.

					Increase in revenue: Measure sales before and after implementing a data automation capability. Be sure to take into account external factors such as market trends (adjust as needed). Examples of this include personalized marketing campaigns, optimized product placement, or dynamic pricing (e.g., airline ticket pricing).

					Reduction in cost: Measure the savings of person-hours achieved by automating tasks such as moving data and cleaning data by measuring the number of hours saved multiplied by a base all-in salary rate, including benefits and bonuses. Measure this of a time horizon, such as a week, a month, or a year, less the cost of automation.

			

			Examples of qualitative measures

			Some examples of qualitative measures include the following:

			
					Customer satisfaction surveys: By conducting customer satisfaction surveys, you can identify how effectively data automation capabilities are used to improve the customer experience. An increase in customer satisfaction after the implementation of data automation can indicate improved customer experience.

					Employee surveys: By conducting employee satisfaction surveys for those who benefited from data automation (analysts, business users, and so on) before and after, this can help identify and assess the impact of data automation on their employee experience. You should expect an increase in job satisfaction when mundane tasks are automated well.

					Brand reputation analysis: By monitoring online reviews and social media, you can determine how brand image is impacted among customer sentiment.

			

			In Aggregate – Qualitative and quantitative measures

			When joined together, both qualitative and quantitative measures should enable you to calculate the ROI in data automation activities:

			Net Benefits / Total Costs

			Here, net benefits (increased revenue, cost savings, and employee satisfaction improvement) are divided by total costs (investment, time, and so on). This assigns a financial metric to assess the overall benefit of the implementation of data automation capabilities.

			Important note

			Define the measures in advance of completing the work. This will result in a more objective calculation of the success of the project (in retrospect) than when the calculation of success is determined in hindsight.

			By combining quantitative and qualitative data, businesses can gain a comprehensive understanding of the value generated through data automation in this specific example. This multifaceted approach allows for a more holistic evaluation of the impact on both business metrics and customer experience.

			In the next section, I will walk you through how to evaluate the data automation types previously explained and define a process that you can use to select the appropriate data automation capability for your needs.

			As we explore this determination process together, you will be equipped with the knowledge to do the following:

			
					Identify your automation needs: Assess your current data challenges and determine the most suitable automation solutions

					Select the right tools: Navigate the diverse landscape of data automation tools and choose the ones that best fit your requirements

					Implement effectively: Understand the key considerations for successful implementation, ensuring smooth adoption and maximized impact

			

			As we walk through this next section, it may be helpful to have a use case in mind so that you can evaluate this process against it.

			How to determine which type of automation to use

			There is a fairly straightforward process to identify your needs, select the right tools and techniques, and implement them effectively. We will walk through exactly how to determine which type to use and how to execute the process for your company.

			Step 1 – Identify your goals

			Start by exploring the problem. A few key questions to ask include the following:

			
					What are you trying to achieve?

					What is working well and needs to be retained?

					What are the current challenges?

					What outcomes would indicate a successful solution?

			

			These exploratory questions can help you determine if you need to increase efficiency, improve data quality, or if you are looking for a deeper result, such as finding deeper insights or meeting regulatory expectations. Perhaps you uncover that you are spending far too much of your team members time on low-value work, such as manual data cleaning, or you are struggling to identify problems proactively. This step will help you identify these goals.

			Step 2 – Identify the existing process and pain points

			Next, begin to explore the current state. Ask the following questions of your team and your stakeholders:

			
					What is the current process?

					Have we reviewed the data flow, and are there obvious inefficiencies?

					What are the current systems and datasets? (e.g., structured, unstructured, databases, or APIs)

					Where in the process are there manual steps?

			

			Once you have the answers to the current state, you can begin to formulate specific steps to address the problem.

			Step 3 – Agree on the problem statement(s)

			As you frame the situation in Steps 1 and 2 above, you are ultimately working towards an agreed problem statement (or statements) that define the current state. It’s important to ensure that you have agreement on what the problem is prior to defining any paths forward for the options in Step 4. Without firmly aligning all parties on the problem, you are much more likely to run into issues when it comes to later steps in the process, especially when affirming the solution when working as it was designed.

			Step 4 – Align on the approach and ROI calculation

			After (or concurrently) aligning on the problem statement, you should put together at least one (ideally, two or three) option(s) for how you can approach the solution. This alignment may include a combination of data automation techniques and may also vary in complexity and the extent of the solution. In the following example, the problem statement comes into play because if the general consensus is that reporting isn’t the issue, it’s unlikely to be supported and receive money to automate it:

			
				
					
					
					
				
				
					
							
							Approach A

						
							
							Approach B

						
							
							Approach C

						
					

				
				
					
							
							Automate data pipelines and implement data monitoring and alerting capabilities.

						
							
							Automate data pipelines and implement data monitoring and alerting capabilities.

						
							
							Automate data pipelines and implement data monitoring and alerting capabilities.

						
					

					
							
							No change to analytics.

						
							
							Automate basic analytics work.

						
							
							Automate basic analytics work.

						
					

					
							
							No change to reporting.

						
							
							No change to reporting.

						
							
							Automate daily reporting processes.

						
					

				
			

			Table 14.1 – Example of an approach proposal

			Example menu of data automation capabilities

			The following list represents a “menu” of data automation capabilities to choose from:

			
					Data integration: Use this if you need to move data between different systems regularly, regardless of the format or source

					Data transformation: Choose this if your data requires cleaning, formatting, or manipulation before being further used

					Data loading: Implement this if you need to automate the final step of depositing transformed data into your target system

					Data analysis and insights: Consider this if you want to automate repetitive analysis tasks and generate insights without manual intervention

					Data monitoring and alerting: Choose this if you need proactive notifications based on specific data conditions to identify and address issues quickly

					Machine learning and AI automation: Explore this if you want to go beyond simple rules and leverage AI for deeper analysis, predictions, and data-driven recommendations

			

			Return on investment

			If you can explain the ROI of the proposals, this adds another layer to the decision-making process. Providing a proposed ROI for each solution at this stage directly exposes the value of the possible solutions, and this tends to result in a very different outcome than if ROI is strictly calculated upon the completion of the project. In this example, you may want to add an ROI calculation to each row:

			
				
					
					
					
				
				
					
							
							Approach A

						
							
							Approach B

						
							
							Approach C

						
					

				
				
					
							
							Current resourcing hours * personnel cost of manual support

							Less new cost: Resourcing hours * personnel cost of maintaining the automated pipelines going forward (post-implementation)

							= Cost savings of automation

							Consideration: Resourcing hours * personnel cost to automate (one-time costs)

						
							
							Current resourcing hours * personnel cost of manual support

							Less new cost: Resourcing hours * personnel cost of maintaining the automated pipelines going forward (post-implementation)

							= Cost savings of automation

							Consideration: Resourcing hours * personnel cost to automate (one-time costs)

						
							
							Current resourcing hours * personnel cost of manual support

							Less new cost: Resourcing hours * personnel cost of maintaining the automated pipelines going forward (post-implementation)

							= Cost savings of automation

							Consideration: Resourcing hours * personnel cost to automate (one-time costs)

						
					

					
							
							No change to analytics.

						
							
							Current resourcing hours * personnel cost of manual support

							Less new cost: Resourcing hours * personnel cost of maintaining the automated pipelines going forward (post-implementation)

							= Cost savings of automation

							Consideration: Resourcing hours * personnel cost to automate (one-time costs)

						
							
							Current resourcing hours * personnel cost of manual support

							Less new cost: Resourcing hours * personnel cost of maintaining the automated pipelines going forward (post-implementation)

							= Cost savings of automation

							Consideration: Resourcing hours * personnel cost to automate (one-time costs)

						
					

					
							
							No change to reporting.

						
							
							No change to reporting.

						
							
							Current resourcing hours * personnel cost of manual support

							Less new cost: Resourcing hours * personnel cost of maintaining the automated pipelines going forward (post-implementation)

							= Cost savings of automation

							Consideration: Resourcing hours * personnel cost to automate (one-time costs)

						
					

					
							
							Add together each row for Total Cost of Savings for Approach A

						
							
							Add together each row for Total Cost of Savings for Approach B

						
							
							Add together each row for Total Cost of Savings for Approach C

						
					

					
							
							Add the sum of the cost of the automation project (row 1)

						
							
							Add the sum of the cost of the automation project (row 1 + 2)

						
							
							Add the sum of the cost of the automation project (row 1 + 2 + 3)

						
					

				
			

			Table 14.2 – Process for calculating the value of an automation project

			This process becomes the expected ROI for the project. You should go into the project with this as a “working assumption.” Upon the completion of Step 6, you will measure the actual results to determine the ROI for the project. Do not let this prevent you from sharing the assumptions with the stakeholders as you enter into the project. Even if you end up materially different than your expectations, this process will build transparency and trust. Your stakeholders may provide valuable input into your ROI modeling by sharing the model with them upfront.

			Additional factors to consider

			There are a number of factors you could consider, but the following are typically the most important to evaluate for your particular project or solution:

			
					Available budget: What financial resources can you afford to spend on this project?

					Resourcing: Do you have the time and personnel to complete this project?

					Technical expertise: Do the resources that you have (onboard) also have the technical expertise to complete the work, or do you need to supplement this with outside resources?

					Security or compliance: Are there specific requirements you need to consider to remain compliant with laws, regulations, or customer contractual obligations?

					Scalability: If your company is growing or your data volumes are expected to grow, can the solution handle future projected volumes? Or will you need a new solution down the line?

			

			In this ROI example, keep in mind that it is typical to combine multiple types of data automation together to optimize the results. If you are considering an example such as the one outlined in the previous part for Step 4, the maximum result will be realized by adopting Approach C.

			Step 5 – Execute

			While this step in the process often takes the longest amount of time, it is pretty straightforward. In this step, you execute the option you selected. If you find that you need to adjust your plan as you progress through the project, make adjustments. My advice is to be transparent when you do, with this forming a part of your ongoing messaging and reporting about the project to your stakeholders.

			Step 6 – Measure and report

			Upon completion, calculate your results based on the model you produced in Step 4. Any deviations (from the expectations) that require you to reassess or redesign your model are OK; just be clear about why this is and what the impact on your measurement is. The last thing you want is to complete this work only to erode trust by failing to measure and report transparently. Now that you have completed this six-step process, I will explain some additional options for automation that you can buy and incorporate into your environment versus building them.

			Third-party enrichment

			One very common type of data enrichment is the use of third-party data enrichment services. Third-party refers to the use of external data. This type of data is typically purchased from an outside data vendor and added to the data your company creates (referred to as first-party) to create a more enriched and higher-quality dataset.

			When you are considering using a third-party data source, consider the following factors. Not all data enrichment is high quality, and using a third-party source that does not meet the expectations of your business can reduce the quality of your data versus improve the quality of your data:

			
					Data quality and accuracy: Ensure the data is reliable and consistently updated

					Data coverage and relevance: Verify the data aligns with your specific needs and target audience

					Data privacy and compliance: Check for compliance with relevant data privacy regulations

					Pricing and cost models: Understand the pricing structure and choose a solution that fits your budget

					Security and integration: Ensure secure data access and compatibility with your existing systems

			

			Remember, it’s often beneficial to evaluate different sources and compare their offerings before committing to one. By carefully evaluating your needs and the available options, you can choose the best third-party data sources to enrich your data for your business needs.

			Important note

			This is not an endorsement of any of the third parties listed (or not) in the following section; this is simply an example list of the types of third-party enrichment services available that you may have heard of. As with any technology selection process, you should assess the needs of your business and your cost/budget, making a selection based on your company’s process.

			The best sources will depend heavily on the needs of your company and the type of data you are working to enhance. I have provided examples of several types of data to help you understand what types of third-party data enrichment are available, and I provide some examples of each:

			
					Contact and company data:	LeadGenius/ZoomInfo: Provides comprehensive B2B contact and company information with high accuracy and real-time updates
	Clearbit: Offers enrichment for email addresses, domains, and companies, including firmographics, technographics, and social media insights
	Dun & Bradstreet: Features extensive business data with global reach, including financial information, credit reports, and business relationships



					Demographic and lifestyle data:	Experian: Delivers consumer credit, marketing, and risk analysis data to understand individual demographics and purchasing behaviors
	Equifax: Offers consumer credit reports, risk assessment tools, and marketing data for individual-level enrichment
	Mosaic (Nielsen): Uses segmentation techniques to categorize individuals based on demographics, lifestyles, and purchase behaviors
	Claritas (Claritas): Provides consumer segmentation data based on demographics, spending habits, and media consumption patterns



					Location and geospatial data:	Mapbox: Delivers mapping, geolocation, and geospatial data services to enrich data with geographical context
	Google Cloud Location Intelligence: Utilizes Google Maps data to offer insights on demographics, travel patterns, and spatial relationships
	HERE Technologies: Provides location-based data APIs and services for mapping, routing, and geospatial analysis
	Foursquare: Features insights on points of interest (POIs), foot traffic patterns, and competitor analysis based on location data



					Social media and web data:	Brandwatch: Tracks and analyzes social media conversations and online discussions relevant to your brand or industry
	Sprout Social: Offers social media listening and analytics tools to understand audience sentiment and brand mentions
	Similarweb: Provides competitive intelligence on website traffic, audience demographics, and online marketing strategies
	Buzzsumo: Helps identify trending content and influential figures in your domain to inform content marketing efforts.



					Custom and specialized data:	Numerous specialized data providers exist in various industries, such as healthcare, finance, and technology
	Conduct research specific to your industry and data needs to discover niche providers focused on enriching your particular dataset



			

			Remember, there are hundreds of options when it comes to third-party enrichment services. You need to evaluate and select these based on the needs of your organization. This list is intended to offer examples and to get you started and is not an endorsement of any particular third-party data solution.

			Data solution examples powered by data automation

			Now that we have gone through the types of data automation, the benefits of data automation, how to calculate the return on your data automation investment, and what to do to implement it, the hardest remaining part is identifying where to get started. I recommend you select an area of the business that is exceptionally manual and begin. Yes, just begin. By focusing your efforts on one area, you can show dramatic results. If you spread your data automation efforts across divisions, it may become hard to feel the dramatic improvement that can be realized through data automation capabilities. By focusing your efforts, stakeholders in other divisions will take notice, and you can, over time, move into new parts of the organization.

			Here are 10 strategic areas to consider starting with when it comes to designing your data automation capability in your organization:

			Customer domain

			First, in the customer domain (every company has customers, so this likely applies to your organization), there are several options for accelerating your data solutions with automation. Consider the following five common opportunities:

			
					Enhance marketing campaigns: Automate personalized email marketing, A/B testing, and lead scoring, driving higher engagement and ROI

					Streamline customer onboarding: Automate data collection, account creation, and initial communication, making the process faster and smoother for new customers

					Personalize customer service: Utilize chatbots and AI-powered assistants to answer common questions, resolve issues, and enhance the customer experience

					Automate reporting and analytics: Generate routine reports and dashboards automatically, empowering data-driven decisions across departments

					Accelerate product development: Automate market research analysis, customer feedback integration, and competitor monitoring, informing efficient product development cycles

			

			Operations domain

			Like customers, every organization has operations to manage their business. Consider optimizing operations with the following data automation use cases:

			
					Optimize order processing: Automate order intake, inventory checks, and shipment management, minimizing errors and improving delivery speed

					Optimize supply chain management: Automate inventory tracking, supplier communication, and logistics planning, which leads to cost-efficiency and improved responsiveness

					Improve financial management: Automate invoice processing, expense tracking, and budget monitoring, ensuring accuracy and timely insights

					Boost HR efficiency: Automate payroll processing, benefit administration, and employee onboarding, freeing up HR resources for higher-level tasks

					Enhance risk management: Implement automated data security scans, threat detection, and compliance reporting, ensuring a proactive approach to security

			

			While these are only a few examples, they are great places to get started in building out your data automation capabilities. As with other capabilities, be sure to build in feedback loops and effective communication patterns for your stakeholders to understand what you are delivering and how to build virtuous cycles of improvement as a standard in your program overall.

			Conclusion

			Data automation is a specific technique that is additive to the capabilities that are already deployed in your organization. There are several types of data automation that are available to you, and we have covered these. Typically, this capability is a great place for your data engineers and data analytics professionals to drive additional value to your organization. If traditional data governance capabilities are effective at getting from place A to B on a bike, adding data automation capabilities to existing data governance capabilities is like using a car to get from A to B. It will move you faster and with velocity. However, be careful. Moving faster isn’t always the best answer. You must be sure you are automating a strong process; otherwise, you are simply moving problems through your organization faster. As we covered previously, there are several options at your disposal, including using third-party enrichment, implementing additional tooling, such as RPA, and improving data cleansing with services. Consider where automation is beneficial to the business.

			As you embark on your data automation journey, remember to do the following:

			
					Identify the types of automation that would best support data transformation

					Identify where to apply automation in terms of data products and solutions

					Learn how to obtain support for automation solutions, what types of skills are needed, and how to communicate the results to leadership/sponsors

			

			Above all else, partner closely with your stakeholders. Focus on aligning expectations and what “good” looks like so that you are tightly aligned on the results that drive tremendous impact and trust in data. Not every single step of every process is a great candidate for automation. As we covered previously, it’s important to evaluate the options and deliberately apply automation where it will drive the most significant ROI.

			In the next chapter, I will pivot to the topic of driving the adoption of your solutions. In this chapter, we will carry forward the learnings we have obtained thus far, and we will discuss how to make the solutions “sticky” or more highly adopted within your company. This helps further your ROI by increasing the use of your solutions.

		

	
		
			15

			Adoption That Drives Business Success

			Now that we have covered what data governance is, how to gather support, design a program, baseline the organization, and launch and deliver against the plan, we need to be able to ensure solutions are used by the business. Driving the adoption of data solutions is not a one-time activity, nor does it end after the delivery of the program. While there should be initial adoption done during implementation, adoption is an ongoing activity that you and your team must master in order to ensure maximum impact is realized from data investments.

			In short, your long-term success is tightly coupled with your ability to deliver value into perpetuity. Your data solutions will live or die based on the post-go-live, but most teams stop short of success by considering “go-live” the end milestone. This chapter will delve into the crucial, and often overlooked, aspect of data governance: adoption. We will explore why driving widespread use of data solutions is absolutely critical for maximizing impact and achieving your desired return on investment (ROI).

			Data is the lifeblood of your organization. Businesses of all sizes and shapes are collecting and storing momentous amounts of data, recognizing its potential, but unfortunately, simply collecting and storing data is not enough. The true power of this data comes when it is unlocked through effective solutions. As we covered these in the first 14 chapters of this book, you know the key building blocks of data governance. You know why these capabilities matter, and you know how to discuss their value with stakeholders. Now, we need to focus on further adoption to drive business success long-term.

			If adoption were easy, we would not need to dedicate an entire chapter to reinforcing the importance and discussing examples to drive adoption in your organization well. I will walk through challenges and opportunities associated with driving the adoption of data capabilities, as well as key factors that influence users’ willingness to use and adopt data solutions. We’ll also dig into strategies that can help you foster a culture of data adoption in your organization.

			Before we begin, I am assuming you have a firm grasp of the concepts outlined in the previous 14 chapters. This chapter is solely focused on the adoption of the capabilities previously explained, and the assumption is that these capabilities are either “in development” or “live” in your environment, for the purposes of exploring adoption. In the context of this chapter, I will be working from this assumption unless otherwise noted.

			Before we wrap up this chapter, you will have a firm framing of the importance of ongoing adoption to empower you and your teams to drive endless adoption of core, critical data solutions in your organization that have staying power, long after you move on to the next project or program (or even role!). Together, we will define what success looks like for your organization and how to ensure you nail the basics of adoption.

			We will cover the following main topics:

			
					Why adoption matters – getting started

					Low adoption is costly

					Why does adoption fail?

					How to succeed at driving exceptional adoption

					Recovering from failed launches

					Post-deployment

			

			Why adoption matters – getting started

			Driving the adoption of data governance solutions within a company requires a multi-faceted approach that addresses both the technical and human aspects of change, including employee responses to change, attitudes, and the overall organizational culture. There are some key, basics to start with as you frame out your adoption approach.

			Start with the why

			To bring people along on the journey to drive change, it’s best to start by explaining why change is required. What is or is not working well today that can benefit from the change? You should start by addressing three key areas when building your messaging:

			
					Align data solutions with business goals: Clearly communicate how the solution will solve specific pain points, improve efficiency, or generate new opportunities. Use real-world examples and quantifiable metrics to demonstrate the value proposition.

					Listen to feedback: Hear your stakeholders’ feedback about concerns they have. Be thoughtful about how you address the feedback, and adjust messaging to support their concerns transparently.

					Focus on user needs: Understand the challenges and priorities of different user groups and tailor the solution and training accordingly. Address concerns about job security and emphasize the benefits of data skills for career development. For example, a policy will enable compliance and will likely be well received out of principle, but an engineer may need more convincing and will need to better understand how policy requirements will help them to do their job more effectively.

			

			Adjust the solution (if needed) and make it easy to use

			As you meet with stakeholders, to help drive adoption, if they are providing feedback regarding the solution, specifically, with ways that will make it more useful for them, listen. Feedback is a gift and can be used to adjust and improve your solution to drive adoption rates up. These are a few things to specifically listen for:

			
					Invest in user-friendly tools and interfaces: Ensure the technology is intuitive and accessible, even for those with limited technical expertise

					Provide robust training and support: Offer comprehensive training programs, user guides, and readily available support channels to help users overcome obstacles and learn to leverage the solution effectively

					Promote self-service options: Design data dashboards and reports that empower users to access and analyze information without relying solely on data analysts

			

			Don’t forget about culture

			As you are adjusting the solution as needed and making it easier to use, do not forget to think about the culture. Is your company spreadsheet first? Are people operating inside solutions, or are dashboards commonly used? Really thinking about where people work, how they work, and the openness of the culture at your company to change is critical in driving adoption. If you are trying to change the culture of people using spreadsheets to be more dashboard-driven, for example, you may need to start with a single group or leader to drive the change you seek. A few great ways to influence broader cultural shifts include the following:

			
					Lead by example: Encourage senior management to use and champion data-driven decision-making, setting the tone for the organization

					Communicate success stories: Share real-world examples of how data-driven insights have led to positive outcomes within the company

					Recognize and reward data-driven behaviors: Acknowledge and celebrate employees who actively use data solutions and leverage insights to improve their work

					Organize data-driven events and workshops: Promote data literacy and encourage collaboration across departments through workshops, hackathons, and data visualization contests

			

			Address barriers to adoption

			As you work through the preceding feedback and hear from your stakeholders, use their feedback to continuously improve your solution and drive further adoption. Make sure you consider the following barriers:

			
					Identify and address concerns: Actively listen to user feedback and address concerns about data privacy, security, job displacement, and potential ethical implications.

					Ensure data quality and governance: Implement data governance practices to ensure data accuracy, reliability, and ethical use.

					Prioritize data security: Implement robust security measures to protect sensitive data and build trust among users.

					Measure and iterate: Track adoption rates, user feedback, and the impact of data solutions. Use this data to continuously improve the user experience and adjust your approach for maximum impact.

			

			Remember – change takes time. Be patient and persistent in your efforts. Building a data-driven culture requires sustained commitment and continuous improvement. Collaboration is key, and you will need to involve stakeholders from across the organization in the planning, implementation, and adoption of data solutions. It’s important to take time to celebrate progress. Recognize and celebrate milestones to maintain momentum and keep users engaged. If you identify an early adopter of your solution, be bold in showcasing their success to the company. By implementing these strategies, you can create an environment where data solutions are embraced by employees across the company, unlocking the true potential of data-driven decision-making for your organization.

			Low adoption is costly

			Imagine this: your company spent millions of dollars deploying a wonderfully crafted, embedded data governance-by-design program, only to move on to the next project, and the benefits realized at go-live evaporate.

			This happens. Every. Single. Day.

			Everyone has good intentions. We build a great business case. We deliver the program. We drive adoption with initial teams, groups, or systems. But over time, that adoption atrophies. Let’s dig into a specific example that is easy to understand.

			Amazing visualization

			Imagine a scenario where your company, eager to realize the full power of your data, invests in best-in-class data visualization technology. After months of vendor selection, procurement, development, and deployment, the solution sits unused, with minimal visualizations being built, in favor of using our old favorite: spreadsheets.

			In this scenario, the data team that advocated for and gained approval to implement the solution loses credibility with the executive team because the visualization tool was only adopted by the data team, versus enterprise-wide as proposed. The ROI is not fully realized because the ROI was calculated at an enterprise, not divisional, scale. Your credibility is shot, and you are labeled as a “buys shiny objects” executive, and future investments are heavily scrutinized. Unfortunately, this paints an all-too-familiar picture for many organizations grappling with the critical challenge of data solution adoption.

			Now what?

			In short, you have work to do. You can’t go back in time and make a different plan, but you can make a change for how you drive adoption in future initiatives (and also repair failed adoption of past deployments, which we will cover in just a few pages in the Why does adoption fail? section).

			Quantitative costs of low adoption

			Low adoption costs come in many forms, both quantitative and qualitative. It’s important to understand both types so that you can appropriately ensure that you and your team do not undersell the importance of driving comprehensive and sustainable adoption of your data solutions. Let’s start with quantitative costs of low adoption, focusing on tangible costs:

			
					Financial: The initial investment in acquiring, implementing, and maintaining the data solution goes to waste. This includes software licenses, hardware costs, and team members dedicated to the development and maintenance of your solution.

					Duplication of effort: Teams continue to rely on outdated methods or manual data analysis, wasting time and resources. Now, your teams are paying for the “old” method and the “new” method, thus incurring a higher cost of ownership.

					Inefficient operations: Without widespread adoption, valuable data remains siloed and inaccessible, hindering collaboration and hindering the organization from leveraging the solution’s potential for streamlining processes.

			

			Quantifying inefficiencies in time and opportunity

			These inefficiencies can be quantified by extrapolating the cost of the time required to access and drive solutions and the lost opportunity. This is a bit harder to quantify than others and will require some assumptions, but can be quantified.

			Qualitative costs of low adoption

			Low adoption costs do not stop at easy-to-quantify measures but are also inclusive of the qualitative impact of low adoption. These types of issues tend to be more about the employee or customer experience, the general culture of the organization, and the sentiment of all stakeholders. These costs are harder to move and thus have real staying power within an organization. It would be a mistake not to make sure these costs are clearly articulated and built into your business plan.

			It is valid to articulate the risk to future programs as a risk to the success of the program you are working on. Especially when driving data capabilities in an organization that has not seen success in data previously, each failed adoption will drive a significant blow to the future success of other capabilities. This is often missed or significantly underrepresented.

			Some key qualitative costs of low adoption include the following:

			
					Frustration and resistance: Low adoption can breed negative experiences and resistance among users who feel the solution is imposed, irrelevant, or cumbersome.

					Hinders future adoption efforts: Negative experiences can discourage other users from embracing new data solutions, creating a domino effect of resistance.

					Erodes trust in data: Users who perceive the solution as unreliable or unhelpful may lose trust in the value of data-driven decision-making altogether. This is the largest and most difficult risk to your success. Once trust is lost, it is very difficult to repair.

					Drains morale and productivity: Frustration with a poorly implemented solution can negatively impact employee morale and productivity.

					Delayed decision-making: Lack of access to real-time insights can lead to slow and potentially inaccurate decisions.

					Missed opportunities: Organizations may miss out on opportunities to optimize processes, identify trends, and unlock hidden potential within their data.

			

			Costs associated with the failed adoption of data governance solutions are significant. This information is great to put alongside the “why” section of your business case early on in your journey. You should include a rationale for why you should deploy the data governance capability, but that should be inclusive of why you also need to drive adoption post-development of the capability.

			Comparing data governance policy approaches and outcomes

			I have worked in two separate companies that had really low-quality data governance policies. In both organizations, we rewrote the policy as one of the early-stage focus areas because, in both cases, we were getting questions about what stewards should be doing to manage their data well. In one company, we were very short on resourcing, and thus, all we could do was re-publish the updated policy and answer the occasional question. In the other organization, we published the updated policy and drove an implementation plan that included walking the stewards through the adoption of the policy and had a much more “in the trenches with you” approach versus standing on the sidelines.

			As you can probably predict, the company where we rolled out the policy AND that supported the adoption of the policy had a much higher data management maturity score (by about a whole point or so), and a more effective data management culture. Additionally, our data had fewer issues and higher trust in additional solutions we deployed over time.

			Why does adoption fail?

			There are a number of reasons that lead to the failure of data governance solutions. I have had success bucketing them into a few key themes, to help you identify where solutions go wrong and how you can prevent these failures from happening in your own adoption journey. They are broken into three core categories:

			
					The solution

					The company

					The leader (you)

			

			All three reasons are common, and all three reasons are very possible for any data governance solution failure.

			The solution is the problem

			The first and most commonly blamed barrier to success is the solution itself. This means that the solution built or created for your stakeholders is just not the right solution. Either it was the wrong solution altogether or the process and/or technology isn’t working as intended. In short, the solution isn’t going to work for your company’s needs. Usually, the solution issues are one or more of the following:

			
					Usability and ease of use: An intuitive interface, clear functionality, and a minimal learning curve are essential for encouraging user engagement. A complex or poorly designed solution can create frustration and hinder adoption.

					Relevance and value proposition: The solution must address users’ specific needs and demonstrate clear value in improving their work or providing valuable insights. If users do not see the relevance of the solution to their daily tasks, they are less likely to adopt it.

					Data quality and reliability: Users need to trust the accuracy and reliability of the data within the solution to make informed decisions based on its outputs. Inconsistent or unreliable data can undermine user confidence and hinder adoption.

					Integration with existing workflows: The solution should seamlessly integrate with existing workflows and tools to minimize disruption and maximize user acceptance. A cumbersome or disruptive solution can create additional work and discourage adoption.

			

			These issues come up when either the team driving the work doesn’t fully understand the need or is unwilling to accept feedback as the solution is developed and/or deployed. You can counteract this risk by seeking to understand needs and feedback from and for your stakeholders and maintaining a willingness to adjust course when it looks like you aren’t going to meet their needs.

			Your company is the problem

			Unfortunately, your company can also be a barrier to success. When the company isn’t ready for data governance or is unwilling to consider new paths to new successes, the company can be the root cause of your failed adoption. It usually comes down to a few core reasons:

			
					Lack of leadership buy-in: Strong support and commitment from leadership are essential to create a culture that values data and encourages its utilization. Without leadership buy-in, data initiatives can lack the necessary direction and resources to succeed, fostering a skeptical attitude toward adoption.

					Ineffective change management: Effective communication, training, and support throughout the transition period are crucial to address user concerns and facilitate a smooth adoption process. A lack of clear communication and support can lead to confusion, resistance, and ultimately, low adoption.

					Poor organizational culture: A data-driven culture fosters openness to new information, encourages using data for informed decision-making, and values data literacy across the organization. A culture resistant to change or skeptical of data can significantly hinder adoption efforts.

			

			This is the hardest of the barriers to overcome because while you can influence change, you are just one person. A company has to be open to change, willing to move away from old patterns, and effective at adopting new solutions (not just for data, but across many disciplines). This is why company-level change is such a hard barrier to overcome.

			You are the problem

			Hard to admit, but can be true. I have lived this experience, and yes, it is hard to admit and harder yet to acknowledge publicly and address. However, sometimes the problem is the leader sponsoring or deploying the solution. There can be many reasons why you are the barrier, but here are a few words of encouragement:

			
					You can move aside and allow your team to flourish

					You can ask for feedback, adapt, and improve

					You can adjust your approach and try new pathways

			

			If you find yourself in a situation where you can’t seem to break through to a stakeholder or a group, you might try reviewing the preceding bullets, meeting with your stakeholder 1:1, asking for the coaching of a mentor or sponsor, and reconsidering your approach. This is not as difficult to overcome as the company barrier, but it requires a humble heart posture and a willingness to change approaches when you are running into headwinds.

			How to succeed at driving exceptional adoption

			The number one piece of advice I can give you to help you drive exceptional adoption in your organization and maximize your value in data governance solutions is very simple:

			Focus ruthlessly on adoption.

			That’s it! That’s the advice. Those who focus intently on driving value from adoption, measure adoption metrics, and focus on squeezing the most from the investments they have already made will get the best ROI on their solutions.

			Primary data management metrics

			In my first PDM deployment, we set very specific measurements to, you guessed it, measure the value of our solution. Seems straightforward, but we really pushed ourselves to think beyond simply go-live and focused our measurement on adoption as well. We did publish specific metrics about standing up the capability (for example, # of attributes published), but we pushed ourselves to also track, for each attribute, # of systems adopted. This forced us to look beyond simply making the data available but also downstream to which platforms were consuming our newly published primary data.

			If I were to run that program again, I would push us to go a step further and also track the # of key reports published using the primary data. Would it be tough to verify this? Yes. Would it show the full downstream impact of maximizing value in our investment? Also, yes.

			As you work to drive exceptional adoption in your organization, there are a few focus areas to help you be successful:

			
					Demonstrate value early: Showcase real-impact use cases and quantifiable benefits achieved through the data governance solution, emphasizing how it can address users’ pain points and improve their work. This can involve creating pilot deliverables in specific departments, sharing success stories, and quantifying the impact of the solution on key metrics.

					Transparency and clear communication: Keep users informed about the solution’s purpose, benefits, and implementation timeline throughout the process. Address concerns and answer questions transparently. This fosters trust and reduces anxiety about changes.	Bonus: create targeted communication: Tailor communication channels and messaging to different user personas based on their needs, technical expertise, and preferred communication methods. This ensures they receive relevant information in a way that resonates with them.



					Build feedback loops: Encourage user feedback through surveys, focus groups, and open communication channels. Consider their suggestions for improvement and address their concerns. This demonstrates the organization’s responsiveness to user needs and fosters a sense of ownership.

					Invest in user experience: Prioritize user-friendly design, intuitive interfaces, and robust training programs to minimize the learning curve and ensure users can leverage the solution’s functionalities effectively. This includes features such as intuitive navigation, clear visualizations, and readily accessible documentation.

					Training and ongoing support: Provide comprehensive training programs that cater to different learning styles and are readily accessible. Offer ongoing support through dedicated help desks, online resources, and knowledge-sharing platforms. This empowers users and addresses their questions as they navigate the data governance solution.	Hint: Do not stop at the go-live. Offer ongoing user training beyond go-live so that users who onboard later have the same delightful onboarding experience as anyone who was there at launch. Consider offering a monthly or quarterly session to bring new users up to speed and answer questions. Content is reusable, but the value of meeting the user where they are is worth the repetition.



					Foster a data-driven culture: Encourage leadership to lead by example by showcasing data-driven decision-making in meetings and presentations. Promote open communication around data utilization and celebrate successes achieved through data-driven insights. This creates a visible commitment to data and helps users understand its value.

			

			In summary, the key to success is to think all the way to the ultimate individual who is impacted by the work you are doing. We often think about the person we provide the solution directly to, but when it comes to data solutions, so many of the capabilities we drive have a ripple effect. They impact the person we are working with directly – yes, but the capabilities impact so many more.

			Consider the previous data governance policy example I shared for a moment. While the policy is directed (primarily) at stewards and users of data, they aren’t the full story. Ultimately, you must think about who else is impacted by the policy: the customers, the employees, the users of systems, the readers of reports, the executives making decisions, the Board of Directors, and stakeholders across the enterprise as a whole (to name a few). I try to put myself in the customers’ shoes. What will my experience be, as a customer, when this new data governance capability is fully realized and I can feel it?

			The answer to that question is what good adoption should be based on. Not the deployment itself, but the felt and lived experience of the ultimate individual person who is impacted by the success of your team. That person, whom you may never speak to and may never know. Impacting their experience is what it is all about. The more you can put yourself in the embodiment of their journey, the more successful you will be at driving great adoption in your organization.

			Recovering from failed launches

			We all have these moments. You’ve built an amazing solution. You are so proud. The team is excited, it works great, and you can’t wait for the users to get their hands on it and use it.

			And then, it’s quiet. No one is excited. The user metrics are – well, they’re low. You are left scratching your head. You might be pondering the following:

			
					What went wrong?

					Why is there no buzz?

					Doesn’t anyone care?

					Where did all the excitement go?

			

			Unfortunately, what you are experiencing is a failed launch. It happens to everyone. You think it’s going well, and then…nothing. You have no more support, and all your expected users have either moved on to the next thing or are reverting back to their old solution.

			The question is, what can you do about it?

			Uncover the root problem

			First, you need to identify why your program failed. The preceding questions can help you start to identify what went wrong. It usually comes back to one or more of the following probable causes:

			
					Misdiagnosed problem: Without fully exploring the problem, you could have not fully addressed the problem statement, and thus did not address the issue the stakeholders truly need to be addressed

					Misinformed decisions: Continued reliance on intuition or outdated data can lead to inaccurate assessments, hindering strategic planning

					Poor resource allocation: Resources may be allocated to the wrong areas based on faulty assumptions or inaccurate data

					Only partial solution: You may have deployed a great solution, but if it doesn’t address all of the problems the stakeholder is facing, you might not get their buy-in to adopt the part of the problem you did address

			

			When you experience this moment of reckoning, having to reevaluate why your solution did not get the adoption you expected, you haven’t failed. This is a bump in the process, but all hope is not lost. What you can do is start by asking for partnership with your stakeholders. Start by asking for their support and collaboration to drive forward.

			Collaboration (almost always) wins

			Effective communication and collaboration are crucial elements throughout the data solution adoption journey, but especially critical when you have a failed launch. Ask your stakeholders to evaluate the following capabilities, and sharpen your approach going forward to improve and establish them:

			
					Establish clear communication channels: Create dedicated communication channels, such as email newsletters, internal wikis, or designated forums, to keep users informed about the solution, its progress, and any updates. Ask if previous channels worked or if there needs to be adjustments to incorporate feedback loops (see the How to succeed at driving exceptional adoption section).

					Empower data champions: Identify and empower “data champions” within different departments who are enthusiastic about the solution and can advocate for its benefits among their peers. These individuals can provide hands-on guidance and address common concerns within their teams. Consider spotlighting a stakeholder on a regular basis to share their personal story of how adopting the solution has changed their employee experience.

					Foster collaboration and knowledge sharing: Encourage collaboration and knowledge sharing across departments through events, workshops, or online communities dedicated to data and the implemented solution. This allows users to learn from each other’s experiences and best practices.

			

			Post-deployment

			Whether your deployment went well and adoption is progressing nicely, or you had to reapproach adoption as outlined in the section directly before this, you will need to focus on the adoption that occurs post-deployment. Early adopters aside, what happens after go-live is just the beginning of your success as a data professional.

			First, assign someone on your team to build out a post-go-live adoption framework. This will include key capabilities such as the following:

			
					What is required for post-go-live adoption from us? From stakeholders? From users?

					What is a reasonable onboarding timeline?

					How will adoptions be funded?

					How will we measure success?

					How will we measure ongoing ROI?

			

			This framework should be flexible enough to be leveraged for any data governance solution that your team deploys but focused enough that your stakeholders know what to expect from you on an ongoing basis.

			Adoption roadmap

			One of the key areas of your post-go-live adoption framework should include the building of an adoption roadmap. Given that the adoption process is ongoing, you should be refreshing the roadmap on an ongoing basis. I recommend you build a value stream for each onboarding event (for example, system, report, user, as applicable for your solution), with the “go-live” for their adoption, plus any hypercare or ongoing support you will provide post-go-live.

			Monitoring activities

			After the adoption for each group, you should ensure you are tracking appropriate metrics to monitor the impact of your solution. This may be captured in a number of ways, but I would recommend considering at least the following monitoring metrics:

			
					Hours saved

					Dollars saved

					Data quality improvement

					Employee/team member experience improvement

			

			You should capture this information for each go-live but also keep a running total of the aggregate for your solution. As with any value measurement, be sure to validate the methodology and/or calculation with the beneficiary of the solution, and separately validate the output of that methodology and/or calculation.

			Lastly, don’t forget to report the value achieved by group and in aggregate as one of your program-level value metrics. This is a key portion of how you measure the success of your team’s impact on the company. It’s very difficult to go back and try to measure this later, so be sure to capture it now.

			Baking adoption into SDLC practices

			Once you have a stable solution that is widely adopted, the final best practice is to embed the solution into a standard System Development Life Cycle (SDLC) process to ensure it is a part of any future development. Depending on the type of solution, you may also want to include it in your standard project management office process (for example, data policy). Next are some key strategies you can implement.

			Start early and integrate throughout

			As you work toward broadscale adoption of data governance, a great place to drive wide-scale implementation is through embedding data governance requirements into the SDLC process. This will enable your company to go live with new solutions with data governance by design:

			
					Involve data stakeholders in requirement gathering and planning: Include data analysts, scientists, and business users in discussions to understand their needs and ensure the solution aligns with the data strategy

					Conduct data feasibility assessments: Evaluate the quality, accessibility, and relevance of existing data before development begins

					Design for usability and interoperability: Prioritize user-friendly interfaces and integrate them with existing systems for seamless data flow and adoption

			

			Imagine going live with data dictionaries, data stewards, and great end-to-end data lineage available from day 1. Starting early in the SDLC process enables you and your team to drive data governance through each release into production.

			Implement data governance and quality

			As you implement data governance into the SDLC process, be sure to focus on the following key components for the most significant impact:

			
					Define data standards and guidelines: Establish clear rules for data formats, naming conventions, and access controls to ensure consistency and reliability

					Integrate data validation and testing into SDLC stages: Automate data cleaning and verification processes at every step to maintain data quality

					Promote data literacy and training: Equip developers and users with the skills to understand, manage, and interpret data effectively

			

			Focus on collaboration and communication

			Data governance is a team sport. Be sure to establish the collaborative forums necessary to ensure everyone exits the SDLC process with a win. Focus on ensuring you complete the following:

			
					Establish clear communication channels: Regularly share progress updates, address concerns, and gather feedback from data stakeholders throughout the development cycle

					Form cross-functional teams: Break down silos and encourage collaboration between developers, data teams, and business users to foster joint ownership and understanding

					Document data requirements and usage: Create clear documentation for data sources, transformations, and usage within the solution, ensuring future maintainability and adoption

			

			Continuously monitor and iterate

			As you continuously work through the SDLC process, there are a few key ways you can monitor for continuous improvement and iterate your solutions for even better adoption:

			
					Track key adoption metrics: Measure usage rates, user satisfaction, and the impact of data solutions on business objectives

					Gather user feedback through surveys and interviews: Identify pain points, suggest improvements, and ensure solutions meet evolving needs

					Agilely iterate and adapt: Based on feedback and metrics, continuously refine the data solution and user experience to drive broader adoption and value realization

			

			Leverage automation and tools

			Finally, as you consider how to drive further adoption, consider ways to automate solutions, improve the way work is completed, and automate data pipelines where appropriate. If you can make it easier for your stakeholders to consume your solutions by automating when data assets are embedded in their flow of work, they will be more likely to consume them. Consider the following:

			
					Automate data pipelines and integrations: Eliminate manual data tasks and reduce the burden on teams, fostering smoother adoption

					Utilize data visualization tools: Create user-friendly dashboards and reports to make data accessible and actionable for diverse audiences

					Explore self-service data access options: Empower users to explore and analyze data independently, increasing engagement and data-driven decision-making

			

			You should tailor your approach to your specific context. Consider factors such as organizational size, culture, technical expertise, and data maturity when implementing these strategies. You should seek ongoing buy-in from leadership as well.

			You can and should emphasize the strategic value of data solutions and secure top-level support for sustained adoption efforts. Lastly, invest in change management. Provide training, resources, and clear communication to support individuals through the transition to a more data-driven culture. By baking adoption into your SDLC from the start and using these strategies throughout the process, you can increase the chances of successful data solution implementation and maximize their impact on your organization.

			Conclusion

			Adoption is a continuous journey. Until the solution is retired or decommissioned, you will be driving ongoing adoption of your solution. Data solutions are powerful tools, but their true power lies in their widespread adoption and utilization. By understanding the cost of low adoption, the factors influencing user behavior, and the various strategies for fostering engagement, organizations can create a culture of data-driven decision-making and unlock the full potential of their data investments.

			Data adoption is not a one-time event; it’s a continuous journey requiring ongoing effort, engagement, and commitment to building a data-driven culture within your organization. By embracing the strategies outlined and fostering an environment that values data and user experience, organizations can navigate the path toward successful data adoption and turn data into a powerful engine for success.
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			Delivering Trusted Results with Outcomes That Matter

			As the implementation of data governance occurs, the chief data and analytics officer and their leadership team must keep all messaging on delivering trusted results that are framed in business outcomes. This mindset requires CDAOs and their teams to think beyond “data metrics” into outcomes that matter to the business. In this chapter, you will learn how to ensure consistency in what was promised to stakeholders versus what was actually delivered, how to explain variances in expected delivery versus real results, and why that is trust building. Last, you will learn how to message back to stakeholders powerfully during delivery for impact.

			As we dig in, I want to reframe much of what we have covered in this book to bring us to a final view, and that is to pull together a standard end-to-end data governance approach. As we have covered over the last 15 chapters, you will have to customize this model to meet your individual needs. I also want to highlight that this model is not unique. Over the last 10-plus years, I have seen variations of this model produced by endless consultants in every firm I’ve interacted with. Thus, this is my twist on a model that I have seen over and over again.

			Part of building trust is setting expectations, delivering what you say you will, adjusting where needed, and staying focused on making an impact that can be measured. All along this journey, message clearly what you must do to set up capabilities that may or may not be “felt” or measurable to the business, and also what is directly impacting the business that they can feel and we can measure. Don’t be afraid to state when something is foundational that will serve another capability. This delineation and clarity is critical.

			This chapter covers the following topics:

			
					How to message stakeholders

					How to communicate unexpected results and variances from commitments

					How to deliver results to build trust

					Capability review

			

			How to message stakeholders

			When messaging stakeholders about new data solutions for impact, it’s crucial to tailor your approach to their interests and concerns. Remember that any variance from what their perception is (not necessarily what you told them, but what they expect) is a cause for questions. The burden lies with you to support their understanding with credible facts regarding your teams’ impact. It’s important to deliver trusted results with the stakeholders in mind. Let’s recap a few key components of how to frame messaging.

			Example of low-impact messaging

			When launching a new team, take the time to customize messaging, especially if meeting one-on-one with stakeholders.

			One of the worst examples of messaging with stakeholders I have been a part of was meeting individually with top leaders but with overly generic materials. When you take time to meet individually but use generic materials, it does not take advantage of the incredible opportunity you have as a leader to showcase exactly, and with specificity, what you and your team do for the stakeholder group. By using generic materials, you miss out on a much more enriched conversation about the stakeholders’ specific benefits received from your team.

			If you are presenting in a large forum with stakeholders, it can still be disheartening to be generic. Use specific use cases to demonstrate how your team is adding value to stakeholders, and, better yet, have the stakeholders present those examples for even more high-impact communication.

			Focus on value and impact

			Put communications in terms of value and impact. Be sure to use the value measurement methodology we defined in Chapter 5. Use business impact to frame the calculated impact for even more powerful, trusted results:

			
					Start with the “why”: Clearly articulate the problem the solution addresses and how it directly impacts their specific goals or concerns. Use quantifiable metrics and real-world examples to demonstrate the potential benefits.

					Align with their priorities: Frame the solution in the context of existing initiatives and pain points. Show how it aligns with their strategic objectives and addresses key challenges they face.

					Emphasize impact over features: As we covered in detail in Chapter 5, focus on the tangible outcomes the solution will deliver, not just its technical features. Show how it will lead to improved decision-making, stronger processes, or better financial performance. The business doesn’t care what feature you release. They care about what they can do now that they couldn’t do before, now that it’s available.

			

			Speak their language

			You must use language that is common to the business, not common to data professionals. Huge frustration for most data professionals who struggle to get business buy-in is the lack of “data understanding” or “data literacy” the business has:

			
					Avoid technical jargon: Use clear, concise language that resonates with your audience. Explain complex concepts in layman’s terms and focus on the practical implications. This is one of the biggest mistakes I see data professionals make. They get frustrated when the business “doesn’t get it” or “isn’t data literate.” It is your job to make the data capabilities translate into language that speaks to the business. Not the other way around.

					Tailor your message to each stakeholder group: Understand their priorities and communication preferences. It may seem like a lot of extra work to tailor it in this way, but so is delivering a great solution that no one understands and, therefore, doesn’t use.

					Use visuals, analogies, or case studies relevant to their interests: Highlight ease of use and accessibility. Demonstrate how the solution will be intuitive and accessible to their teams, regardless of their technical expertise.

			

			Address concerns and build trust

			As you meet and build relationships with your stakeholders, it is important to remember you are there to serve the company’s needs. This means it is your job to listen deeply to what challenges exist and work with your stakeholders to provide solutions that optimally deliver results with impact. By starting from a posture of service, you will build trust with your stakeholders each time you deliver a solution that supports their needs. As you work to address their concerns and build trust, remember to do the following:

			
					Listen to understand: Do not listen to respond; listen to hear your stakeholders, and then address their concerns. This isn’t a debate. You provide a service to them. Listen to their concerns and address the feedback in whole to build trust.

					Acknowledge potential challenges: Anticipate their concerns about data privacy, security, job displacement, or ethical implications. Address them proactively and transparently.

					Explain data governance and security measures: Demonstrate your commitment to responsible data use and robust security practices. Emphasize compliance with relevant regulations. Be clear about what data governance does to enable other capabilities and why these fundamentals power more advanced data capabilities to deliver business outcomes.

					Provide opportunities for feedback and participation: Involve stakeholders in the planning and implementation process. Address their concerns and incorporate their feedback to build trust and ownership.

			

			Use clear and compelling communication

			The best way to grab stakeholder attention is to be very specific and refined in what you say and show. Nothing loses the attention of stakeholders faster than too many non-specific words. Put yourself in their shoes, and write messaging like you would want to hear it. A few key ways to grab their attention include the following:

			
					Keep it concise and engaging: Capture their attention with a strong opening and present key points in a clear, structured way. Avoid information overload.

					Use storytelling and data visualization: Incorporate anecdotes, case studies, and data visualizations to make the message more impactful and memorable. Show the result; don’t just tell.

					Offer next steps and resources: Be clear about how stakeholders can learn more, get involved, or provide feedback.

			

			Remember – you are responsible for being the champion of the solution. Be passionate and enthusiastic about the data solution and its potential impact. This will inspire confidence and encourage adoption. It’s a good idea to start small and build momentum. Focus on a pilot project or quick win to demonstrate the solution’s value and gain initial buy-in. Measure and communicate success in bite-sized chunks. Track the impact of the data solution and share positive results with stakeholders to reinforce its value and encourage ongoing support. By following these principles and tailoring your message to your specific audience, you can effectively communicate the value of new data solutions and drive stakeholder adoption for lasting impact.

			Now that we’ve covered the basics around communicating effectively, we will pivot to a more difficult communication pattern: how to communicate when things do not go as planned.

			How to communicate unexpected results and variances from commitments

			Communicating unexpected results and variances from commitments in data solutions requires transparency, proactiveness, and a focus on solutions. Here’s how to navigate this situation effectively:

			
					Be proactive and timely: Don’t wait until deadlines or meetings to disclose the issue. Inform stakeholders as soon as you identify deviations from commitments or unexpected results.

					Schedule a timely communication session: Depending on the severity of the variance, organize a dedicated meeting or briefing to address the issue directly.

			

			Offer clarity and context

			Don’t be afraid to refine and clarify what happened. Be specific, and don’t beat around the bush. Get right into what happened, why it happened, what the impact is, and what you’ll do about it. Start by doing the following:

			
					Clearly explain the nature of the unexpected results or variances: Provide concise summaries and avoid technical jargon.

					Quantify the impact: Express the deviations in measurable terms, such as percentages or numbers, to convey the actual significance. Leverage the model from Chapter 5 to articulate just how impactful the variance is, and establish a new measure for the future.

					Contextualize the situation: Explain the root cause of the variances, whether it’s due to data issues, technical limitations, or external factors.

			

			Focus on solutions and next steps

			It’s not enough to offer clarity and context. You must also steer the conversation forward. How will you solve this unexpected outcome? What will you do to help achieve the goals at hand? It’s important to explain and understand the impact but focus on moving forward. Quickly, but directly, focus forward. Ensure you include crisp communication by doing the following:

			
					Don’t just dwell on the problem: Offer concrete solutions or mitigation strategies to address the deviations.

					Outline a realistic action plan: Describe the steps you’ll take to rectify the situation and get back on track. Include timelines and responsible individuals.

					Be transparent about potential future adjustments: If necessary, communicate potential adjustments to commitments or expectations based on the new information.

			

			Maintain transparency and open communication

			Being transparent when expected is one thing, but maintaining open dialogue and communication patterns is optimal. There are a few things you can do to keep open, trustworthy communication going between key meetings and forums:

			
					Actively listen to stakeholder concerns and answer their questions openly and honestly. Acknowledge their frustrations and address any anxieties.

					Maintain open communication channels. Encourage stakeholders to reach out with further questions or concerns throughout the process.

					Provide regular updates. Share progress on the implemented solutions and keep stakeholders informed about developments.

			

			Tailor your communication to the audience. Adapt your messaging style and level of detail based on the stakeholders’ specific needs and roles. You will build rapport by focusing on positive framing. While acknowledging the deviations, emphasize your commitment to resolving the issue and achieving positive outcomes. This will keep both your team and your stakeholders moving forward, together. Learn from the experience, as a team. Reflect on the root cause of unexpected results and implement measures to prevent similar occurrences in the future.

			Failure builds trust

			One of the best ways I’ve found to build trust is to be open and vulnerable when things do not go well. In transformational programs, when things start to slip or don’t go as planned, it is typical for leaders to work to make things green or paint a picture that is optimized for steering committees or other forums where reporting is communicated.

			In my experience, the opposite is often much more effective in building trust. If you are open and transparent with leadership when you are in a yellow or red status and are not fearful of putting your body of work in these statuses, they tend to believe your reporting and delivery as effective, more so than a team that is continuously in green.

			In fact, one company I worked for had an executive who stated, “If we aren’t in yellow or red periodically, we might not be pushing our teams hard enough.”

			By following these steps, you can effectively communicate unexpected results and variances in data solutions while maintaining stakeholder trust and fostering a collaborative approach to finding solutions. Remember – clear, proactive, and solution-oriented communication is key to building trust and navigating data challenges constructively.

			How to deliver results to build trust

			Building trust in data solutions goes beyond just the data itself. It’s about establishing a foundation of reliability, transparency, and accountability across the entire process. The most trusted solutions I have delivered in my career started with strong transparency, my willingness to take full and unwavering accountability, and delivering against commitments, thus establishing myself and my team as reliable partners.

			Prioritize collaboration and communication

			When you are working with stakeholders, bring them into the build process. It can be unusual but effective to bring stakeholders into iterative design processes versus waiting until you have a fully baked solution to show them the outcome. Being open about interim steps can help them see a few things: 1) the complexity of the solution and 2) when something isn’t going to serve them early so that quick pivots can be made. A few considerations to enable collaboration and communication include the following:

			
					Involve stakeholders throughout the process: Engage data users, business owners, and IT teams in planning, development, and implementation. Understand their needs and concerns.

					Communicate proactively and regularly: Share updates, address concerns, and gather feedback throughout the solution life cycle. Be transparent about challenges and successes.

					Establish clear governance and expectations: Define roles and responsibilities, data usage policies, and escalation procedures for addressing data-related issues.

			

			Demonstrate expertise and competence

			Another key component to building trust is ensuring your team is appropriately trained for the work they are completing. One of the most damaging risks to your team is to build a reputation of “incompetence.” If the company does not believe you have the credibility to deliver, you will have a hard time building trust. To build a team that is trusted, start by demonstrating competence and expertise by doing the following:

			
					Build a team of skilled data professionals: Invest in developing the expertise of your data team to ensure they can handle complex data challenges and implement solutions effectively

					Stay up to date with industry best practices: Continuously learn and adapt your approach based on evolving data standards, regulations, and technologies

					Share successes and learnings: Showcase positive outcomes achieved through data solutions to build trust and encourage further adoption

			

			Foster a culture of openness and accountability

			Creating a culture of psychological safety starts with you. You have to create a culture where openness and accountability are the normal way in which business is conducted. This means holding your team accountable for results but doing so in a way that allows people to make mistakes without fear of retribution. If you set expectations for results, you need to hold your team accountable for the results. A great way to model this is by stating something like, “I see we didn’t hit our goal here. What can we do to help?” This acknowledges the expected results were not met, but also indicates that you are in the problem with your team. This is critical because nothing demotivates a team more than when poor results are not addressed.

			Have the courage to state clearly when results are not as expected, and be brave enough to hold team members accountable to deliver. Be human about it. You can do this with empathy and care while still holding your team accountable to deliver the results expected. A few ways to ensure a culture of openness and accountability is created are the following:

			
					Encourage a culture of data-driven decision-making: Promote the use of data to inform strategy and actions, empowering stakeholders with insights.

					Embrace mistakes and learning opportunities: Encourage open communication about errors and near misses, learning from them to improve future solutions.

					Be accountable for results: Track the impact of your data solutions and measure progress toward agreed-upon goals. Share results and address any gaps.

			

			Building trust takes time and effort. It’s an ongoing process that requires a consistent commitment to these principles. You will need to tailor your approach based on your specific context and audience. What works for one organization may not be suitable for another. Continuously evaluate and refine your approach. Seek feedback from stakeholders and adapt your strategies based on their needs and perceptions.

			By focusing on these principles, you can develop trust in your data solutions and create an environment where data is used effectively to drive positive outcomes for all stakeholders. The core tenet of building trusted results all comes down to the principles described previously. You bring a critical skill to the table: excellence in data governance. You are in your role because the company has entrusted you to deliver great results with impact. Don’t forget that. You are in that role for a reason. Lean into the lessons in this book. Deliver with transparency, be willing to fail, but most of all, build trust in everything you do.

			Before we transition to the final chapter of this book, which is a case study of a fictitious company and how I would suggest a data leader handle that scenario, I want to recap how all the capabilities we went through in this book come together. It’s a difficult task to weave all of the powerful data governance solutions together into a view that transcends industries, but I want to leave you with a strong summary as you digest the contents and context of this book, before heading into the case study in Chapter 17.

			Capability review

			Let’s review each of these capabilities one by one, to show how to deliver trusted results with outcomes that matter for the business. This section is meant to be a reference guide.

			Data governance

			Data governance is a practice that ensures an organization has trustworthy information. Data governance typically includes policies, standards, processes, tools, and people to enable effectively. Data governance helps organizations make better decisions, reduces risks, and improves operational efficiency.

			
				
					
					
					
				
				
					
							
							Stage

						
							
							Capability/Deliverable

						
							
							Impact

						
					

					
							
							Define

						
							
							Define DG organizational AND operational model

						
							
							Stakeholders understand how your team will be organized and how they should expect to engage with you

						
					

					
							
							Document

						
							
							Document DG policy and standards

						
							
							Stakeholders know what is expected from data governance and how the policy should be implemented

						
					

					
							
							Analyze

						
							
							Perform data management maturity assessment

						
							
							Stakeholders understand the state of the union and how the company’s maturity level compares to their industry

						
					

					
							
							Optimize

						
							
							Develop a DG deployment roadmap

						
							
							Stakeholders understand what is going to be deployed and when

						
					

					
							
							Sustain and Test

						
							
							Measure the effectiveness of the data governance program

						
							
							Stakeholders understand the value provided by the data governance program and the results they can measure

						
					

				
			

			Table 16.1 - Data governance stages

			Metadata (business and technical)

			Metadata is often described as “data about data,” which provides information about the data but isn’t the content itself. There are two types of metadata in this book: business metadata and technical metadata. Business metadata is descriptive metadata that explains what the data is in plain terms. Technical metadata is more structural in nature and describes the physical aspects of the data. Metadata helps find information, understand it, and manage data more effectively.

			
				
					
					
					
				
				
					
							
							Stage

						
							
							Capability Deliverable

						
							
							Impact

						
					

					
							
							Define

						
							
							Define key data elements/sources and metadata standards.

						
							
							Stakeholders understand what data is in scope, where it comes from, and how it should be managed.

						
					

					
							
							Document

						
							
							Document business and technical metadata.

						
							
							Stakeholders have clarity and can find business and technical metadata for data that matters to them.

						
					

					
							
							Analyze

						
							
							Use metadata to gain insights about data sourcing, use, and data quality.

						
							
							Stakeholders understand where optimization opportunities exist.

						
					

					
							
							Optimize

						
							
							Optimize controls, process, sourcing, and data flow.

						
							
							Stakeholders can begin to drive simplicity in their environment and use trusted data sources.

						
					

					
							
							Sustain and Test

						
							
							Measure the effectiveness of metadata.

						
							
							Stakeholders understand the reliability of the metadata.

						
					

				
			

			Table 16.2 - Metadata stages

			Data quality

			Data quality defines how a dataset or data asset meets the needs of its intended purpose. Data quality includes dimensions such as accuracy, timeliness, and validity. Data quality is critical because it ensures the data used is reliable and meets expectations.

			
				
					
					
					
				
				
					
							
							Stage

						
							
							Capability/Deliverable

						
							
							Impact

						
					

					
							
							Define

						
							
							Define data quality rules, metrics, and thresholds.

						
							
							Stakeholders understand what good quality data is and how data will be measured.

						
					

					
							
							Document

						
							
							Develop business data quality rules that support the outcomes the business needs.

						
							
							Stakeholders document and clarify what data quality levels are appropriate for their business outcomes.

						
					

					
							
							Analyze

						
							
							Implementation of data quality rules, measure quality, and report on outcomes.

						
							
							Stakeholders gain clarity of where data is below quality expectations and should be used with caution and where data is trustworthy.

						
					

					
							
							Optimize

						
							
							Optimize data quality measurement, gaps, and depth of coverage where issues were identified to find sourcing and provide remediation.

						
							
							Stakeholders become empowered to find the root causes of data quality issues and remediate them accordingly.

						
					

					
							
							Sustain and test

						
							
							Measure DQ in monitoring in business as usual process.

						
							
							Stakeholders are able to routinely receive alerts regarding data quality issues that fall below thresholds and are empowered to address issues as they arise.

						
					

				
			

			Table 16.3 - Data quality stages

			Data architecture

			Data architecture is the blueprint of how a company manages its data. Good data architecture defines how data is collected, stored, accessed, and processed and how it moves and is consumed. Data architecture is useful to ensure data moves in accordance with business needs and is accessible in the flow of business activities effectively.

			
				
					
					
					
				
				
					
							
							Stage

						
							
							Capability/Deliverable

						
							
							Impact

						
					

					
							
							Define

						
							
							Define architectural principles for the requirements of the business.

						
							
							Stakeholders understand the North Star for architecture and how the environment should be designed.

						
					

					
							
							Document

						
							
							Development of the to-be/future state architecture is defined and documented.

						
							
							Stakeholders see and can contribute to how the architecture is intended to be designed.

						
					

					
							
							Analyze

						
							
							Development of the gap assessment between the to-be/future state and current state.

						
							
							Stakeholders see and can determine the level of effort and complexity between what is and what can be.

						
					

					
							
							Optimize

						
							
							A strategic plan to drive as-is/current state to to-be/future state.

						
							
							Stakeholders understand where the future state will be different from the current state and can prioritize investments accordingly.

						
					

					
							
							Sustain and test

						
							
							New investments can be evaluated against the to-be state to ensure investments are made with the end in mind.

						
							
							Stakeholders are able to pressure test investments with a framing toward the future.

						
					

				
			

			Table 16.4 - Data architecture stages

			Data operations

			Data operations (often referred to as DataOps) is a consistent set of processes and technologies that are designed to improve the flow and management of data within a company. Usually, DataOps functions are focused on automating processes, driving effective collaboration, improving data quality and time to insight (TTI), and reducing costs to serve. More mature DataOps functions focus on increasing innovation and exploration of data and may create new data assets for scale across the company.

			
				
					
					
					
				
				
					
							
							Stage

						
							
							Capability/Deliverable

						
							
							Impact

						
					

					
							
							Define

						
							
							Define integration patterns, tooling, and value stream.

						
							
							Stakeholders are able to see the optionality for optimizing data movement enterprise-wide.

						
					

					
							
							Document

						
							
							In partnership with data architecture, identification of opportunities to streamline data movement can be identified and prioritized.

						
							
							Stakeholders are able to see where data can move faster to support their business outcomes.

						
					

					
							
							Analyze

						
							
							Plans to drive optimization for data movement are built in support of the future state.

						
							
							Stakeholders can determine which investments will expedite their outcomes through intentional investments in data operations.

						
					

					
							
							Optimize

						
							
							Investments in data operations can self-fund future investments because of the easy value stream of hours and costs saved.

						
							
							Stakeholders can build a flywheel of improvement by self-funding data operations optimization.

						
					

					
							
							Sustain and test

						
							
							New investments can be evaluated against the to-be state to ensure investments are made with the end in mind.

						
							
							Stakeholders are able to pressure test investments with a framing toward the future.

						
					

				
			

			Table 16.5 - Data operations stages

			As you create new assets or improve old ones, all of the capabilities summarized here should be wrapped around the solutions you and your team produce. By staying focused on iterative improvement, you will continue to build better and better solutions that are effectively used by your organization.

			Conclusion

			This chapter concludes the core content of the book. After over 300 pages of content, it’s now up to you and your teams to activate the lessons in this book into outcomes for your company. There are so many evolving capabilities and new applications of old, which means this book will one day become out of date. I find that exciting! After working as a practitioner and passionate advocate for data governance for over a decade, I know there is so much more that can be done to optimize data governance capabilities. With improvements and innovation occurring every day, I have so much hope for the future of this discipline.

			Companies need great data to deliver great results. They need practitioners like you and me to help them get there. If you take nothing away from the contents of this book than to be a humble partner for your business stakeholders, not working in parallel, but in the trenches of delivering great results with them, together, then that’s good enough for me. Data governance serves the company. As a data governance leader, that means you serve your stakeholders. Never lose sight of that. By striving to support the company, support great outcomes, and do so in a simple, straightforward manner, you will deliver trust in data. In the very last chapter, we will take all of the lessons from the book and apply them to a case study for a regulated entity: a bank.

		

	
		
			Part 4:Case Study

			In this part, we will walk you through a case study of a fictitious company and show you how the previous 16 chapters show up in a hands-on approach. Throughout this use case, best solutions will be highlighted, as well as alternative options that could have been chosen but were not, with explanations as to why.

			This part contains the following chapter:

			
					Chapter 17, Case Study - Highly Regulated Intitution
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			Case Study – Financial Institution

			In this final chapter, I will walk you through the steps to apply many of the capabilities and approaches discussed in the first 16 chapters. This real-world example will show you exactly what I would do (or lead my team to do) if I were presented with a similar scenario. While there are commonalities between real-world financial institutions and the case study in this chapter, this situation is fictitious.

			Together, we will see how to apply the topics we have covered to highly regulated institutions. For this example, we will walk through a bank, but similar principles may apply to other highly regulated entities such as insurance or healthcare. I will focus on how to identify specific requirements for each forthcoming scenario, and how to modify the guidance in the previous chapter to meet the unique needs of the case.

			There are three problem sets we will explore together:

			
					How to identify quick wins during periods of regulatory pressure

					How to message long-term solutions with high-value investments to executive team members

					How to design iterative delivery with impact

			

			Scenario - highly regulated entity – banking institution

			Over the last several years, data in financial institutions has moved from being a risk that needs to be controlled to recognizing that data assets represent strategic sources of insight to be leveraged across the enterprise. The role of Chief Data and Analytics Officer (CDAO), therefore, has moved from being more focused on the defensive angle to data and analytics (preventing bad things from happening) to offensive (using data and insights to drive additive revenue and customer experiences to the company). This change has moved the CDAO into the role of being a trusted business executive and out of the back office.

			For the purposes of this case, we will look at The Bank of the Midwest. The Bank of the Midwest is a fictitious company serving approximately 25 states in the middle of America. It provides core financial products to its customers including checking, deposit accounts, retirement services, personal banking, mortgage and other loan products, and credit card services. The Bank of the Midwest also specializes in small business banking and prioritizes supporting small and medium-sized enterprises with customized solutions. Recently, The Bank of the Midwest has been under pressure from its primary regulator for some cash-handling malpractice and liquidity concerns in the current economic environment. As a result, the regulators have been focusing their examinations on their liquidity reporting process, as well as their data and reporting processes across the bank.

			The Bank of the Midwest faced three primary challenges that needed immediate attention:

			
					The regulators and the executive team are experiencing a tremendous amount of pressure to determine what can be done to fix the problems at The Bank of the Midwest. They expect swift action with results. You will need to determine what can be done quickly to show good-faith progress, and fast.

					The bank is unclear on what the long-term plan should be to address the data and reporting challenges at all levels. Many senior managers are unfamiliar with data platforms, and you will need to figure out how to message these stakeholder groups in a way they will understand to support your needs and the needs of the company.

					Finally, you will need to deliver iterative results, and as such, you will need a plan that shows quick wins and iterative delivery for the long term.

			

			It’s important to note that you were hired to lead this effort and are the first chief data and analytics officer the bank has had in the role. There is a sense of urgency for you to join and make an impact quickly, but your stakeholders are also not sure what a CDAO does, and you will need to spend some time educating them as to what your job may be and how you are going to be able to help them with this pressurized situation.

			As the leader of this effort, the following pages explain what you would do in this scenario.

			Identifying quick wins

			The Bank of the Midwest hired you as their chief data and analytics officer. You joined the company in the middle of Q1. After a bumpy Q4 and year-end closing process, the regulators discovered that the liquidity reporting used to manage the short-term cash position of the organization was full of inaccuracies. The primary regulator requested a full review of the report production, including all underlying systems and data flows, and a review of the company. This report is critical for banks because it compares their short-term assets (cash, convertible securities, and so on) and their short-term liabilities (deposits, short-term loans, and so on). By comparing the values, the bank is able to determine its ability to cover its obligations and avoid a liquidity event where the organization becomes insolvent.

			You sat down on your first day with your manager: the chief operating officer. They explained that while your role as the CDAO is broader than addressing the concerns of this one report, it is a critical issue that you’ve been asked to lead the remediation of.

			Alternative option

			You could choose to push back on this request and suggest that you should focus on all key reports, with a focus on long-term solutions only. This option may provide a more strategic, long-ranging option; however, it will not address the immediate, urgent issue at hand: governance of the data and reporting process for the liquidity report.

			Your ownership of this remediation effort was not well received by the chief risk officer because they are responsible for the company’s risk management process and are the owner of the liquidity risk oversight process, including report production. You taking the lead on this remediation project, and this is stepping into the CRO’s remit a bit. However, the regulator determined that the chief risk officer had failed to properly execute her duties as CRO in this situation and has been asked not to be a part of the remediation team by the CEO as a result.

			Alternative option

			You could suggest that the CRO retain this work and support them as a peer. This option could work if the CEO had not specifically requested you to take the lead. There are likely additional factors that you are not privy to that are leading to the CRO being excluded from this remediation work. You should work with the CRO to build rapport for your own onboarding and to understand how this situation unfolded. However, by deflecting or suggesting the CRO take the lead on this, you may undermine your own credibility, which is still being built as a new hire.
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			Figure 17.1 – Partial organizational structure, The Bank of the Midwest

			Initial discovery

			You began by setting up conversations 1:1 with each of the CEO’s direct staff members, collectively referred to as the Executive Leadership Team (ELT). The ELT held a closed-door meeting without the CRO present to discuss the approach to handling this issue. You were asked to present at this meeting during the end of your second week on the job. Therefore, you had less than 2 weeks to understand as much about the problem as possible and frame out a rough plan for how to address it.

			ELT

			You requested to meet with each of the ELT members, as well as select members of their respective staff to collect knowledge about the failures at The Bank of the Midwest. Everyone was willing to meet, including marketing—who shared this had been a real blow to customer sentiment. You also met with the lead regulator to gain insight into their view of the failures at the bank.

			Alternative option

			You could prepare an approach without meeting with the executive team to remove bias from existing team members who may have had a role in the company ending up in this situation. However, if you proceed without involving the executive team, you may risk burning bridges with key supporters you need to be successful as a new leader of the company. Secondly, you may miss key context that is required to build a successful remediation plan.

			They all said that the report was currently consolidated by the risk team but was a cross-functional effort. Data was collected from the Small Business, Community Banking, and Investment divisions. Data from each Business Unit (BU) was submitted to Sally in Corporate Risk for consolidation and for final review and presentation to the Enterprise Risk Committee by the CRO. The CRO was recently layered under the COO as a result of this situation. After review by the Enterprise Risk Committee, the report is then published to the regulators, as required.

			Chief risk officer

			Additionally, you asked the CRO to meet with you. After some deflecting, the CRO agreed to meet with you. You told her you were not there to pass any judgment, just to understand what she knew about the situation that would be important to work to solve. She explained that it was known to her that the liquidity reporting was very manual and that the team responsible for the report was very junior and lacked training on the importance of data quality. Because of this history, she had appointed Sally to consolidate the data provided by the various teams to enable “someone to do the job,” yet she acknowledged this wasn’t the right course of action, and someone in the BU should really be producing the report.

			Alternative option

			You could choose not to meet with the chief risk officer. Since she is being positioned as the person responsible for the issue at hand, you could avoid involving her in the remediation process. However, since she is still employed and still the chief risk officer, she still has a role to play, although a smaller one than before this issue emerged. You could choose to include or exclude her, but both options come with risks for you. I believe the complexity of the reporting process requires as much context as possible, and including her is an act of good faith.

			She also mentioned that liquidity data was coming from various BUs, and ownership/accountability was unclear. When issues were raised, there never seemed to be a single person who would take on the task of solving them. Issues remained open for months or years in some cases. Therefore, there were known data issues with the report that continued to persist for long periods of time.

			Report preparer

			You sat down with Sally, who was currently in a position of being the report preparer. She was clearly frustrated and a bit frazzled when you met with her. She was aware it was not “her job” to prepare this report, but it had fallen on her shoulders because no one else had been doing the job. Due to turnover in the business over the years, Sally had a lot of knowledge about how the report came to be. As the “natural historian,” she ended up in this role. Sally explained the following:

			
					She knew there were many issues with the report and, despite her best efforts, had not been able to get anyone to help her remediate problems in data feeding over to her (much of which was captured in spreadsheets)

					She often received files with errors requiring fixes that went unaddressed

					Sally had most of this knowledge in her head and was grateful someone was finally listening to her

			

			You suggested that while it was very appreciated that she had stepped in to support the company in preparing this key report, you were committed to finding the right person to run this process going forward, and she could resume her appropriate role of providing oversight. You asked Sally to document issues that were known to her to help get this process rolling, and she obliged.

			Key themes

			The ELT surfaced a few key observations that you put into your immediate action plan, which were further supported by the CRO:

			
				
					
					
				
				
					
							
							Theme

						
							
							Observation

						
					

				
				
					
							
							Failed to appropriately segregate duties

						
							
							Sally should not be preparing the report and reviewing the report, as this creates a segregation-of-duties problem between frontline and second-line management. This eliminates the oversight of risk management.

						
					

					
							
							Training gap

						
							
							The liquidity process at the bank lacked appropriate understanding, which traced back to a lack of training on the importance of how to handle data and reporting properly, including what the data is going to be used for.

						
					

					
							
							Communication gap

						
							
							If someone identified an issue with the data or the reporting, there was a lack of clarity about who that information should go to or what would be done. Many issues went unreported, and known reporting errors persisted.

						
					

					
							
							Ownership and accountability

						
							
							It was unclear who owned the production of the report (versus who was doing the work as a default). It was also unclear who was ultimately accountable for the report.

						
					

					
							
							Data quality

						
							
							Many known data quality issues came up in discussions with the ELT. It was unknown how material or immaterial the issues were.

						
					

				
			

			Table 17.1 – Key observations from the report

			Quick wins

			Based on the key themes, you immediately implemented the following changes, which you included in your 2-week report going out to the ELT:

			
					Accountability: Identified a report preparer, Asha, in Corporate Finance to consolidate the data from all divisions into a single report. Because of the skillsets in the Finance department, this immediately increased the understanding and importance of effective controls over key data elements.

					Segregation of duties: Separated the roles of report preparation and report oversight to allow for an appropriate second line of defense over the liquidity risk reporting capability. This effectively allowed Sally to review and provide oversight of the report, which was her appropriate job.

					Training: Appointed the report preparer to own accountability of training everyone involved in preparing the report, including data stewards, data governance, risk management, report owner, and the CRO, to be educated on what the report was, how it was used, and the importance of following appropriate controls in preparing the report. This training focused on each person’s role and why it was critical, as well as what to do when problems were identified.

					Documentation: Report preparer, Asha, documented, in partnership with the technical data stewards, how data flows from source to report, which increased visibility into the complexities of the data used in the report and the process to prepare the report.

					Ownership: Appointed the chief risk officer, Sally, as the report owner, clarifying accountability.

					Data quality: Gathered a list of known data and reporting issues. Created a process for Asha to continuously obtain and prioritize known issues.

			

			You took a three-page summary presentation deck to the ELT outlining the scenario you found and the immediate steps taken to address the findings:
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			Figure 17.2 – Summary materials for ELT

			Messaging long-term solutions to the executive team

			After meeting with the ELT at the end of week 2 at the company, you were given full support to move forward with the next phase of the program: long-term sustainability. You put together a plan of attack for the long-range solution and reverted back to the ELT 2 weeks after the initial readout with the following plan:

			
					Establish data and reporting governance: This specific case became critical as the regulators identified concerns with this specific report. However, there is a lack of governance over all key reports reviewed by the ELT, which should be assessed, evaluated, and governed appropriately.

					Create policies: There is a need for formal policy requirements for how key reports are identified, the various roles needed to drive effective governance, the requirements for each role, and the location where key information is to be stored.

					Establish appropriate tooling: The company lacks appropriate data tooling to enable effective data governance. A data catalog, as well as a data quality tool, are needed as a bare minimum.

					Build a data quality framework: The company needs to appoint a data quality leader who will define a data quality framework for the enterprise. This individual will set and define requirements for data quality, aid in the selection and operation of tooling, and support the measurement and reporting of transparent data quality across the enterprise, up through the ELT.

					Automate reporting processes: The process of constructing the liquidity report highlights the manual nature of how critical reports are produced across The Bank of the Midwest. Where possible, automation of the reporting process will add speed to the process and reduce the risk of manual errors. This process will need to be designed and implemented on a continuous basis.

					Centralized data platform: The degree of manual intervention and use of spreadsheets to move data throughout the enterprise creates an environment with a high degree of manual time spent, as well as increased risk of error. There are hundreds of spreadsheets shared simply to produce the liquidity report, and when extrapolated across all key reports, this number increases sharply. Long term, there needs to be a centralized data platform implemented to provide a single source for data used to produce key reports and run the business.

			

			You presented three options for how to move the long-term plan forward, including a variance in speed, staffing, and cost. The ELT ultimately approved a budget of approximately $8m to support the fastest and most sustainable plan you put forward. This plan included the strategic hiring of key personnel outlined in your plan, as well as the immediate hiring of contractors to get things moving quickly. The CFO and COO agreed to co-sponsor this work at the ELT level and will co-chair the Enterprise Data Committee to oversee this work going forward. Next, you presented these plans to the regulators.

			Messaging to the regulators

			After meeting with the ELT and securing funding, you met with The Bank of the Midwest’s primary regulator. In the first meeting, you explained your role and the immediate ask to address issues with the liquidity report and to drive overall data management for the company. You used the same materials from the ELT meetings (2 weeks into your role and the following meeting). The regulator specifically mentioned that he appreciated the transparency and consistency in sharing what was presented by management with him and his team.

			Overall, the regulator liked the approach and the plan you had constructed in partnership with the CFO and COO. The only feedback he had was based on his confidence in The Bank of the Midwest and the duration of time between the identification of the problem and when you were brought in. Because of this, he requested that you add consultants to your plan to move the plan to execution a bit quicker and to validate your approach with a third party.

			Your manager, the chief operating officer, was present at the meeting and supported the regulator’s request to bring in additional consultants to provide an outside opinion of your plan. This additional funding was also approved.

			How to design for iterative delivery with impact

			Next, you had to deliver on your plan. You set up a regular, monthly cadence with the Enterprise Data Committee to provide ongoing oversight of the program’s success, to ensure transparency and ongoing sponsorship of the work. You divided the work into three buckets:

			
					Immediate oversight of the liquidity report transformation

					Long-range transformation for all in-scope data and reporting

					Long-range implementation of data management and analytics strategy

			

			As you progressed through the design of this plan, each of the three buckets received time at the Enterprise Data Committee for an update. You presented a mix of short-term updates and long-range updates. For example, one area you focused on consistently was data quality.

			In the first meeting, you presented the state of data quality: no framework, no leader, and no tools for measuring data quality existed. You leveraged the consultants to gather the state of data quality for the liquidity report to further quantify the issue:

			
					70% of issues identified are related to gaps in basic data quality

					75 people are manually deployed to reconcile data for each report

					15 contract resources are used to manually clean data

					8% of records are duplicated across spreadsheets

			

			Short term, you presented how contractor resources funded by the program were able to reduce the number of these issues immediately. Longer term, you showed iterative improvement through automation and implementation of a central database and were able to measure the impact based on this initial baseline of data quality.

			You followed a very similar approach for each area of your long-range plan, demonstrating not just the “win” at the end of the milestones, but specifically leveraging the information in Chapter 5 to quantify the impact of the results at each milestone, focusing not just on what was delivered but why that was impactful to the business. You might have considered the following:

			
					Percent improvement in data quality (for example, 40%)

					Increase in speed of production of the report

					Reduction in manual processes

			

			Your team developed a “trustworthy” indicator for reports as a part of the program. This indicator articulated the confidence level in the report. If the report was fully documented, had lineage, and the quality was measured and within the threshold defined by the report owner as acceptable, the report was marked as “Certified.” This provided a level of confidence to the ELT that the report had been blessed by the chief data and analytics office and could be relied upon.

			Further, the regulators were presented with the same materials as the Enterprise Data Committee, 2 weeks following each meeting. The regulators then had the opportunity to comment and provide feedback or ask questions. They became confident over time in the approach and eventually reduced the frequency of meetings.

			Results

			You were able to make these changes quickly due to the visibility of the problem at the ELT level and the regulatory push to make changes swiftly. You received great feedback for immediately taking action and implementing quick influence in the organization. Not only did this have an immediate impact on the company, but also established yourself as a key business leader. Here’s an overview of what you achieved:

			
					At 3 months: You were able to demonstrate the end-to-end flow for how the report was created, had clear ownership and accountability for all key roles, and had a draft policy published for comment and review. You had begun vendor assessments for required tooling and were narrowing down the selection. You built a data quality framework, leveraged consulting resources, and began to implement manual quality checks with contractors.

					At 6 months: You were able to show fully approved policies, a framework for scoping in key reports, clear ownership and accountability across all key reports, tooling implementation plans in place, remediation of immediate issues, and that the regulators had reduced their level of concern over The Bank of the Midwest.

					At 12 months: Your team was fully functional. Implementation of the first releases of key platforms and tools was in production, and on-ramping was in progress. You had reduced the number of data quality issues by over 50% and automated 20% of all manual processes. The liquidity report had become the gold standard for your organization, and your team was able to move to other reports for further enhancements.

			

			Never waste a crisis. When you have the attention of a leadership team, as in this case study, you have the opportunity to show (not just tell) what can be done better, in a more trustworthy way, to manage data well. This is a great example of how to drive immediate value but also demonstrates what could be better with long-term investment.

			Conclusion

			As you reviewed the approach in this use case, in concert with the previous 16 chapters, I hope it is abundantly clear that there is no single approach for data governance. Every company and every situation is unique. What works at one company won’t work for a similar company in the same industry. This is why I offered alternative options in this chapter and examples throughout the book to showcase what has and has not worked previously for me. Ultimately, any data professional will have successes and failures in their career. One of the hardest lessons to learn (for me) is that what was recommended this year may have been recommended in the past but now is effective because the company is facing new challenges or priorities. Thus, sometimes, just changing circumstances will allow for the same suggestion to work in your environment now, whereas it was rejected previously.

			The context matters. Your willingness to spend time to build trust in the capabilities outlined in this chapter will make all the difference in the success of your overall data governance program. The best advice I can offer, beyond what is technical based on the capabilities in Part 2 or specific examples provided throughout the book, is to listen.

			Your stakeholders are speaking with you about data because they believe, at some level, that you can help them. The best and most effective way to build solutions that matter, that truly make a difference, is to listen to your stakeholders and co-develop solutions that work for them. Conversely, the worst thing you could do is to come into an organization and apply a uniform set of suggestions that are not in any way unique. Start by listening. Then build, together.

			The best way to make a difference is to do what was outlined in this case study. Listen, start to deliver small yet quick wins, message effectively to gain support, and deliver iteratively for impact. Finally, be sure to measure and report on your progress, transparently and often. By laying a foundation for open communication and continuous delivery, you will build trust in data.

			I’m cheering you on!
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Purpose: The following scorecard is designed to report on the progress in implementing the core requirements of the
Enterprise Data Policy. Twelve Data Domains have been identified and established to manage the data for the company.
The following scorecard is for monitoring the adoption by domain.
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Key Updates:

- Data Domain Executives: Since our last update, two additional data domain executives (HR and Marketing) have been
confirmed. Both HR and Marketing have appointed Data Stewards for their domains. Community Banking, Wholesale
Banking, and Wealth Management are pending appointment. ETA: 2 weeks.

- Data Stewards: HR and Marketing both submitted their Data Steward appointments shortly following their Domain Executive
appointments. Further, the three domains with outstanding Domain Executive appointments have yet to identify Data
Stewards. ETA: 1 month.

- Systems of Record (SOR) Identification: No update since the last report.

- SOR Owner Identification: No update since the last report.

- SOR Critical Data Element Identification: No update since the last report.

- SOR Data Quality Rules Written and Executed: No update since the last report.

- SOR Business Glossary Established: No update since the last report.

- SOR Data Dictionary Established: No update since the last report.

- SOR Reference Data Adoption: This track is not due for 12 months. As SORs are identified and reference data needs are
identified, formal plans will be created.

Status: Green—On Track | Yellow—At Risk | Red—Past Due
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